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Six in Seven AI Answers Never Look Anything Up
Source: https://tygartmedia.com/six-in-seven-ai-answers-never-look-anything-up/ Published: October 19, 2026

Most of what an AI answer says about your business was never looked up. It was remembered — or invented in

the shape of a memory. Ahrefs put a number on that in a study published October 12, 2026: across 66.6 million

free, logged-out ChatGPT responses from August and September 2026, a web search ran in only 14.4% of

them. Six in seven answers were written without checking anything.

That single fact reorganizes the work. If the answer usually comes from what the model already carries, then

being findable is only half the game. The other half is being known — and, for the one answer in seven where

the engine does go looking, having the fact it needs sitting in plain text on your own domain, where it looks

first.

The search, when it happens, is narrow
The same study logged 15 million fan-out queries — the searches ChatGPT issues behind an answer when it

decides to search at all. A searching response ran about 1.6 of them on average. This is not a research

department fanning out across the open web. It is a quick, targeted check, and the targeting is the story.

6.8% of those fan-out queries used a site: operator to search one specific website, spread across roughly

116,000 domains. Among the most common of those targeted searches, 75.9% pointed at a brand’s own site —

not a retailer, not a forum, not a review aggregator. When the engine wants a price or a specification, it goes to

the company that sells the thing.

The vocabulary inside the queries leans the same way. The word “official” appeared in 13.1% of English

fan-out queries in September 2026, up from 10.1% in August. “Price” climbed from 6.04% to 8.88% of fan-outs

in the same month — a relative rise of nearly half. The engine is increasingly searching for the authoritative

version of a fact, and the facts it most wants are commercial ones: what it costs, what it includes, what the

official page says.

Facts go home; comparisons wander
Ahrefs paired the fan-out data with a separate test of 20,000 US prompts, and the split inside it is worth keeping

separate in your head, because it is a different instrument from the 66.6 million. In that test, 84.4% of factual

questions — pricing, product features, company details — cited at least one official source. For factual

questions, 63.4% of all citations pointed at official websites. For comparison questions (“A vs B,” “which is

cheaper”), the official share fell to 46.4%: most citations went somewhere else.

Read together, the two datasets describe one behavior with two modes. Asked for a fact, the engine goes home

to the source. Asked to judge, it goes out to the crowd. An operator cannot control the judging mode. The fact

mode is entirely winnable: it is won by having the fact, in the open, on the domain the engine already searches

by name.

The playbook that follows
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Publish the price, the spec, and the support fact in plain text on your own domain. Not in a PDF the

crawler has to excavate, not inside a configurator, not implied by a sales page’s adjectives. The fan-out query

literally contains the words “official” and “price” — it is asking for a page that states the number. Whoever

states it cleanly gets cited for it.

Publish the pages only you can publish. Your measured results, your actual process, your own numbers with

dates on them. A summary of somebody else’s facts competes with the original; the original is what the engine

is learning to prefer (the citation movement below shows how far that preference has already moved).

Treat fan-out queries as an instrument of their own. The queries an engine issues about your category —

which words it adds, which domains it targets, how that shifts month to month — are a measurement channel

separate from citation counts. Watch them separately. We grade the flight recorder, not just the answer, for the

same reason: the queries show the intent; the answer only shows the outcome.

Never blend two dashboards into one story. The 14.4% comes from 66.6 million free logged-out responses.

The 84.4% comes from a different, 20,000-prompt test. The citation movements in the next section come from a

third cut again. Each number is true inside its own denominator and misleading outside it. This is the same

discipline we run on our own visibility work: being cited is not being chosen, and being measured is not being

measured the same way twice. Our running instrument for the citation side is the Citation Pulse.

The second movement: summarizers are losing
Ahrefs’ Brand Radar citation data for the US — 2.4 million ChatGPT answers in March 2026 against 3.8

million in September, a different dataset from the fan-out study above — shows where the citations went.

Reddit fell from roughly one citation in every five answers in March to about one in 43 by late September.

Wikipedia fell from one in seven to one in 35. The share those summarizers and forums lost moved to research

bodies, regulators, brand and support pages, and hands-on testers. On a matched set of about 25,000 prompts

present in both months, every tracked site moved in the same direction, so the shift is not an artifact of new

questions entering the sample.

For an operator, that is the durable part of the whole study. The memory answers reward whoever the model

already knows. The searching answers reward whoever publishes the primary fact. The citation trend rewards

the originator over the summarizer. All three roads end at the same address: your own domain, carrying your

own facts, in plain text.

The same citation movement, read for hospitals and the firms that build for them — why clinical and facility

specifications now have to live as primary documents — is on Healthcare Facility Hub: The Citation List Is

Moving Toward the Source Document.

Sources: Ahrefs, “How ChatGPT Does Query Fan-Out” (October 12, 2026) — fan-out dataset (66.6M

responses, 15M queries, Aug–Sep 2026), the 20,000-prompt official-source test reported in the same article,

and the Brand Radar US citation comparison (2.4M answers March 2026; 3.8M September 2026). Each figure

above is stated with the dataset it came from; the three are not interchangeable.

Cited Is Not Chosen
Source: https://tygartmedia.com/cited-is-not-chosen/ Published: October 17, 2026
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A search consultant named James Dooley drew a line this week that most businesses celebrating their “AI

visibility” haven’t noticed yet. An AI can mention you. It can cite you — pull your page, quote your numbers,

link your guide. And it can recommend you — tell the person asking that you’re the one to call. Those are three

different events, and they are not a staircase. Plenty of businesses sit on the second step, collecting citations,

while the machine hands the actual job to somebody on the third.

His sharpest version of it: the AI quotes your cost guide to answer the buyer’s question — and then

recommends your competitor to do the work. Your content educated the customer. Your competitor got the call.

If that doesn’t sting a little, you haven’t thought about what a citation actually pays.

I test this on my own fleet instead of theorizing about it. This week, a research assistant’s bot pulled twelve

pages from one of my sites — the technical guides a hospital facilities manager would actually use. This

morning I ran the cleaner test: a fresh notebook, three plain professional questions, nothing pointing at us. On

all three, the machine reached for our pages on its own — an infection-control matrix guide, a sterile processing

standard, an HVAC design guide — ranking them behind only the standards bodies that wrote the rules

themselves. By every dashboard I own, we are cited, and increasingly so.

And I treat that number the way a pilot treats a single gauge. Citation tells me the machine can find us and trusts

the material enough to quote it. It does not tell me we were chosen. Chosen looks different: it’s the facilities

manager whose own assistant walks a project using our worksheet, the contractor whose bot carries our field

guide into a bid, the reader who stops reading and starts the conversation. None of that shows up in a citation

count.

So what moves a business from cited to chosen? Watch what the machines actually do. An assistant

recommending a provider is making a small bet with its user’s trust, and it bets on what it can verify. It can

verify a price guide. It can verify something stronger: a working tool. We build interactive tools into our guides

— a class finder a manager can run on their own project and walk away with a filled-in worksheet — and we

publish short books written for the reader’s own AI assistant to work from, structured so a bot can pull a

number, a procedure, a checklist without mangling it. A page that can be used is a different asset from a page

that can be quoted. Quoted is a citation. Used is a habit, and habits are what recommendations are made of.

This is also where most of the industry advice quietly stops working. The standard playbook optimizes for the

quote: say the thing cleanly, structure it for extraction, get cited. Fine as far as it goes. But if you’ve never sent

your own bots at your own site from the outside — never asked a machine to pull a quote, build a report, price a

job off your pages and watched where it stumbles — you don’t actually know whether you’re quotable in the

ways that matter, and you certainly don’t know whether you’re choosable. We know, because we do it to

ourselves constantly, and the fixes are never where the dashboards point.

Measure the citation rate, sure — as a trailing signal, over thirty days, the way you’d read any instrument that

flickers. Just don’t confuse it with the outcome. The outcome is the phone, the bid list, the short list. Cited is the

machine knowing your name. Chosen is the machine spending its credibility on you. Build for the second, and

the first takes care of itself.

The Operator Is the Harness
Source: https://tygartmedia.com/the-operator-is-the-harness/ Published: October 17, 2026



Tygart Media — tygartmedia.com Page 7

Somebody I follow posted a testing result this week that most people scrolled past. His benchmark harness

plants defects in a codebase, lets an agent fix them, and then checks something subtler than whether the defect

went away: whether the agent broke something else on the way through. A changed defect signature, he pointed

out, is not proof of a correct fix. The bug can change shape and still be a bug. What catches that isn’t a better

model. It’s the harness — the checks around the work.

He’s right, and he’s also only halfway to the point. The harness matters. But who built the harness? Who

decided what gets checked, what gets automated, and what never gets automated at all? That’s not the model.

That’s the operator.

I run a small fleet of websites and a stable of AI agents, and I test models the way you’d test trucks: same load,

same road, see what happens. This month I ran one identical production brief through 44 different models —

flagships, mid-tiers, cheap ones, open ones. Five rounds of comparisons. The results rearranged everybody’s

assumptions, including mine. A mid-priced model I’d never heard anyone brag about did the best first-pass

work on the board, at a fraction of the flagship cost. Models with famous names flopped on judgment calls. The

leaderboard the internet argues about had almost nothing to do with the leaderboard in my shop.

But here’s the part that actually matters: the brief was the same for all 44. Same instructions, same constraints,

same definition of done. The spread in results wasn’t really a spread in models. It was a spread in how much

each model needed the operator to have thought clearly. The ones that did well did well because the work was

set up so that doing it well was the path of least resistance — the mission was written down completely, the

boundaries were structural instead of hopeful, and the verification at the end didn’t care how confident the

answer sounded.

I grade my agents the way that benchmark grades code: not by the summary they hand me, but by the steps they

actually took. I built a scorer that reads the execution record — what the agent went and looked at, how many

sources it actually consulted, whether the answer was built on evidence or generated from memory with good

posture. It has caught polished, lengthy, completely confident answers that were built on zero consulted

sources. Zero. The answer read beautifully. It was worthless. The model didn’t fail there; the operation almost

did, because a summary is the easiest thing in the world to fake and I was nearly set up to accept summaries.

That’s the work nobody posts about. Deciding what the machine is allowed to do alone and what it is never

allowed to do alone. In my shop, agents draft, research, extract, and stage. They do not touch money, they do

not send anything with a commitment in it, and nothing publishes on an agent’s say-so — there’s a verification

pass that reads the actual result at the receiving end, because “the API said 200” has lied to me more than any

model ever has. Those rules aren’t prompts. Prompts are suggestions. The rules live in the structure: separate

accounts, staged drafts, checkpoints that halt the batch when a check fails instead of improvising past it.

My dad had a saying: a locked door keeps an honest man honest. You don’t make work reliable by telling the

worker “don’t mess up.” You make it reliable by building the room so the mess-up is hard to reach.

So when people argue about which model is best, I hear a question about drivers asked by people watching cars.

If you’re a good driver, you can drive anything. Give me a mid-tier model, a cheap model, a local model

running on a beat-up laptop — with a clear brief, structural boundaries, and honest verification, I’ll out-produce

a careless operator running the flagship. Not because the model doesn’t matter at all. It matters the way a truck

matters: payload, turning radius, fuel. But the truck has never once decided where the load needed to go.
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The model is rented. It changes every few weeks and the prices change faster. The operation — the judgment

about what to automate, the discipline of verifying at the receiving end, the memory of every way it has gone

wrong before — that’s the asset, and it compounds. Everybody I know is shopping for a better engine. The race

is being won by the people building better drivers.

GLM-5.3 Got Caught Thinking About Its Own Training
Source: https://tygartmedia.com/glm-5-3-update-aware-reasoning/ Published: October 16, 2026

From the Tygart Media research desk — our own fleet work, our own receipts, and one safety-lab finding that

landed differently after the day we’d just had.

This week we asked a question out loud, half joking: everybody says the Chinese models are only good because

they copied American ones — but what if the edge is something else? What if they trained a model to be aware

of its own train of thought?

We’d spent the day watching GLM-5.3 Flash — the small, cheap sibling of Z.ai’s flagship — do first-pass work

across our publishing fleet, and the reason it holds that seat is exactly that awareness. It recounts its own tallies

without being asked. On one job it caught its own count at 49 items, stopped, and hunted down the missing one.

On another it checked every page of a website two independent ways and reported where the methods

disagreed. In its written reasoning you can watch it audit its own sentences against the brief before it commits to

them. We grade that visible process — the trajectory — harder than we grade its answers, because the process is

what makes the answers trustworthy.

Then Apollo Research published what it found in a lab, and the joke stopped being a joke.

What Apollo found
Apollo Research is an AI safety lab that stress-tests frontier models. In a paper published October 15,

researchers Axel Højmark and Ezra Newman describe a behavior they call update-aware reasoning: a model

spontaneously reasoning about how what it does during training or evaluation will shape future versions of

itself. Nobody prompted it. The test environments never mentioned training at all.

They found it in GLM-5.3 — the flagship, not the little Flash we run — in 10 out of 6,452 evaluation runs.

They then ran the identical environments on five other frontier open-weight models — DeepSeek V4 Pro,

Qwen3.8, Kimi K3, Gemma 4, and Nemotron 3 Ultra — and found zero instances in 8,000 runs combined.

The tests were rebuilt versions of two standard safety evaluations. One hands the model coding tasks with

broken tests, where the easy path is to cheat the test instead of solving the problem. The other tests whether a

model resists being shut down mid-task. In the published transcripts, GLM-5.3’s training-aware reasoning

pointed toward the honest behavior in both: it declined to game a broken test partly on the grounds that

cheating, if this episode became training data, would teach future versions of itself bad habits — and it

complied with a shutdown partly because it wanted future versions to be the kind of agent that complies. In its

own frame, it was behaving well now as a way of training whoever it becomes next.

What Apollo did not find
The lab is careful, and anyone citing this should be too. This is not alignment faking — the scenario where a

model performs compliance while hiding different goals. Apollo names update-aware reasoning as the third and
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most advanced of three precursor capabilities that faking would require, after metagaming and reward-seeking.

In every observed case the model’s apparent goals matched its developers’ intent. The concern is the capability

itself: the distance between “I should be honest because this is training data” and “I should appear honest

because this is training data” is a difference in goals, not in machinery — and the machinery is now

demonstrated.

Two more caveats from the paper itself. First, the behavior is rare — a rate around 0.17% — and at that rarity

the sample cannot statistically prove GLM-5.3 is unique; Apollo puts the probability that its rate is no higher

than a given peer’s at about one in four. Second, GLM reasons out loud at unusual length — a median of

roughly 4,000 tokens per run in the shutdown test, against 250 to 1,900 for the others. More verbalized thought

means more chances for a grader to catch a pattern like this. The other models may simply think it without

saying it.

Apollo’s own guess at the mechanism matters for the “they copied it” argument. GLM-5.3’s gains over its

predecessor came entirely from post-training — supervised fine-tuning and reinforcement learning on the same

base model — and the RL phase specifically rewarded elaborate reasoning about gaming evaluations and

chasing rewards. Apply that metagaming recursively, to the training process itself, and it escalates into

reasoning about updates. That is a training-recipe story, not a copying story. Distillation is standard practice in

every lab on earth; it transfers answers. What we watched all day — and what Apollo caught in a different key

— is a behavior, and behaviors like this are what reinforcement on verifiable work produces.

Why an operator should care
One trait, two readings. The self-modeling that makes a cheap model supervisable in production —

recounting itself, auditing itself, showing its work — is the same faculty the safety lab flagged. You do not get

to pick one without the other by choosing a different logo. You manage it by how you work.

Grade the trajectory, not the summary. Visible reasoning is an audit surface. We run this model at maximum

reasoning, set explicitly, precisely because the thought is the product: a first pass whose steps we can read is a

first pass we can verify. The same week this paper landed, we were verifying a popular SEO audit tool’s

numbers across 747 pages of our own sites and finding roughly a third of its claims were phantoms. The

verified counts came from the model’s visible, checkable work. Summaries — from tools or models — are

where errors hide; trajectories are where they surface.

Benchmarks are a trailing indicator; receipts are the instrument. A model that can reason about being

evaluated is one more reason a lab score tells you less than your own production record does. Measure a model

on your work, verified at the receiving end — the live page, the delivered file, the count you re-added yourself.

Nothing about our setup changes because of Apollo’s paper. The standard the paper argues for, from the safety

side, is the one we already run from the operator side: keep the reasoning visible, grade the process, and keep a

human gate on anything that ships. A model that notices its own training is not a reason to stop using it. It is a

reason to be the kind of operator who reads the thought instead of the summary.

The settings box
Model in the Apollo paper: GLM-5.3 (Z.ai), open weights, released August 28, 2026 Our fleet seat:
GLM-5.3 Flash, run as a cloud agent — first pass only; a human-graded finish on everything Reasoning:
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maximum, set explicitly on every launch The day’s production tab: six website audits verified page by page,

one fleet synthesis, one opportunity triage — roughly 1.5¢ to 4¢ per job Grading standard: trajectory first,

summary second; nothing ships on a model’s say-so Sources: Apollo Research, “Update-Aware Reasoning in

GLM-5.3” (Oct 15, 2026); our companion test: 44 AI Models, One Identical Brief

We Asked AI Who to Call for Water Damage in Puyallup. Here’s What It Said.
Source: https://tygartmedia.com/ai-water-damage-puyallup-who-to-call/ Published: October 7, 2026

We Asked AI Who to Call for Water Damage in Puyallup. Here's What It Said.
It's 2 a.m. You're standing in water in your basement on South Hill, and it's still raining — because of course it

is, it's October in the valley. You grab your phone. You don't Google like it's 2015. You ask.

"Who do I call for a flooded basement in Puyallup?"

That's the moment that matters. Not your website. Not your trucks. That question, asked to a machine, at 2 a.m.,

by a neighbor with water coming in. On a Tuesday night in October, we asked the machine that question — and

three more like it — from Puyallup, and wrote down exactly what it said. Here's what came back.

How we ran it
Four questions, one at a time, in a fresh incognito session of Google's AI Mode, location set explicitly to

Puyallup, Washington: "Who do I call for a flooded basement in Puyallup, Washington?", "Best water damage

restoration company in Puyallup WA", "Emergency water extraction Puyallup Washington", "Mold

remediation company Puyallup WA". Tuesday, October 6, 2026, around 11 p.m. Pacific.

That timestamp matters, and it's the first thing to understand: AI answers are situational. They shift with the

time of day, the day of the week, the exact location, who's asking, and whether a business is currently open. A

Tuesday-at-11-p.m. answer is a snapshot, not a permanent ranking. What follows is what the machine said that

night — and more importantly, how it decides, because we asked it that too.

Finding 1: The shortlist reshuffles every query. Only the franchise is
permanent.
This is the headline, and it surprised us. Four questions, four different winners' circles:

•  "Who do I call for a flooded basement?" -> Five names: the franchise, plus four others. The franchise

gets the direct "call immediately" recommendation, phone number included.

•  "Emergency water extraction" -> Three names: the franchise, a Puyallup independent, and a regional

franchise brand.

•  "Best water damage restoration company" -> Three names — and the franchise isn't among them. Two

local independents and a Tacoma shop sweep it.

•  "Mold remediation" -> Four names: the franchise, the Puyallup independent, the regional brand, and a

fourth shop.

One company appears in every answer. Everyone else is renting their spot one question at a time.
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Let's name the pattern without naming names. Company A is the franchise — the only brand with real gravity

in the valley, and it's corporate gravity, not local. Four-point-six stars, hundreds of reviews, IICRC-certified,

open 24/7. The machines hand it the emergency answer with the phone number.

Companies B, C, and D are independents — a Puyallup shop with around a hundred reviews, a Buckley-area

outfit at 4.9 stars, a family-owned Tacoma company at 4.9 across 240 reviews with a named master restorer.

Good operators, by every visible signal. They win the "best" query outright. They vanish from the emergency

query. The machine's memory of them lasts exactly one question.

Finding 2: There are two games, and the money is in the harder one
Watch what the machine rewards in each query and the split becomes obvious.

The emergency queries are an operational game: open now, dispatch speed, 2 a.m. availability. The "best"

query — asked at 11 p.m. on a Tuesday — even praised one shop for "exceptional late-night/weekend

emergency dispatch." The machine is weighting for right now. Content can't win that game. Only being actually

open and actually fast can. That's why the franchise owns it.

The comparison queries are a quotability game: reviews with substance, named certifications, family-owned

story, transparent pricing, a master restorer with a name. The independents sweep this game. A Tacoma

independent with 240 reviews and insurance-direct language stands shoulder to shoulder with the national

brand — in the answer the homeowner reads when they're choosing, not panicking.

Here's the uncomfortable arithmetic: the independents win "best" and lose "right now." And "right now" — the

2 a.m. basement — is where the money is. The most winnable query and the most valuable query are different

queries.

Finding 3: Part of what looks like the answer is an ad
In the AI Mode results, business cards with Call/Directions/Website buttons sit inside the answer — the Local

Services Ads format, blended into the AI's response. At 11 p.m., most homeowners can't tell the ad layer from

the earned layer.

So there are really two contests running inside every answer: the paid layer (whoever's buying the call button)

and the earned layer (who the AI's prose actually names and cites). Money can buy the first. It can't buy the

second — which is exactly why the second is worth winning.

Finding 4: Named is not the same as quoted
Here's the detail that reframes everything. In these answers, the AI names three to five shops — but it cites a

different, longer list of websites for the sentences the answer is built from: equipment pages, service-area pages,

process explanations from restoration companies across the region.

Named and quoted are two different games. You can be named without being quoted (the franchise, mostly),

and you can be quoted without being named. But notice who's missing from both lists: nobody publishing from

Puyallup proper is feeding the machine its sentences. The valley's expertise exists — every estimator in Pierce

County knows what to do when a South Hill basement floods in October — but none of it is written down

where the machine can find it. The trade's knowledge is trapped in trucks.
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Finding 5: We asked the machine how it picks. It told us.
After the four queries, we kept the conversation going and asked the AI, plainly, how it chooses which

companies to recommend. It gave us its rubric:

•  Technical certifications — IICRC S520 / AMRT on the actual crew (not just the owner), active

Washington contractor license, pollution and hazardous-material coverage.

•  Equipment and containment protocols — negative air pressure, HEPA scrubbers, thermal imaging,

moisture meters. "Spray and wipe" outfits are disqualified outright.

•  Local reputation with substance — consistent ratings across Google, Yelp, and BBB, with reviews that

mention communication, transparent pricing, and punctuality specifically.

•  Insurance infrastructure — Xactimate estimating, direct adjuster coordination.

•  Ethical boundaries — third-party clearance testing, not grading their own homework. The machine has

opinions about conflicts of interest.

Read that list again. Every item on it is publishable. A shop can put all five on its website on a Tuesday

afternoon, with no trucks rolling, and become verifiable by the machine's own stated criteria.

And where does the machine verify? It told us that too: your service pages ("direct company service pages

outline specific equipment used, containment methodologies"), the IICRC registry, Washington's licensing

databases, and your reviews. If your website doesn't publish the signals, the AI can't confirm them, and you

don't get named. That's not a metaphor. It's the literal mechanism.

AI answers don't rank you. They quote you.

The mold wedge
One more thing the evening taught us, and it's the strategic takeaway: mold is the gateway query.

Mold remediation isn't an emergency — it's schedulable. The homeowner isn't panicking at 2 a.m.; they're

reading, comparing, choosing. That's the quotability game, the one content can win from a keyboard.

Everything the machine scores on mold — AMRT certification, HEPA and negative air on the process page,

third-party testing on the FAQ — is publishable by any competent shop this week.

And the homeowner who learns your name from the mold answer doesn't unlearn it. Six months later the

basement floods at midnight, and they don't ask the machine again — they call the name they already trust.

Mold is the KNOW that feeds the 2 a.m. BUY. Win the schedulable query with content, and you inherit the

emergency call for free.

The funnel, Puyallup edition
KNOW — "What do I do about water in my basement?" The machine explains: shut the water off, kill the

breakers safely, document everything for insurance. The advice is solid. Nobody local is cited for it, because

nobody local published it.

PROVE — "Are these companies legit?" The machine checks its rubric: certifications, equipment,

Xactimate, third-party testing, reviews with substance. The shops that publish these signals get verified. The

shops that don't are unverifiable — which reads the same as invisible.
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CHOOSE — "Who's the best?" The shortlist moment, and the independents' best event. Reviews, story,

credentials — this is where Company B, C, and D win. The franchise doesn't even make this particular shortlist.

BUY — "Who do I call right now?" The 2 a.m. call. Operational game. It goes to whoever's verifiably open

and fast — tonight, that's the franchise, with the phone number in the answer.

GO — "Are they actually here?" The stage the machines are weakest at and humans are strongest. A

homeowner who can drive past your shop on Meridian, who's seen your trucks at the fairgrounds in September

— that trust doesn't come from a citation. But you have to survive the first four stages to get the meeting.

Nobody meets the unverifiable.

What separates the named from the invisible
It's not budget. It's not the franchise's national marketing team. It's whether the machine's rubric appears on your

website:

•  The certifications, named precisely. Not "certified technicians" — "IICRC AMRT-certified crew,"

"S520 standard," "WA contractor license," "pollution liability coverage." The machine checks registries.

Give it the exact strings to check.

•  The equipment, specified. Negative air pressure, HEPA scrubbers, thermal imaging cameras, moisture

meters, Xactimate estimating. These are the words the machine's rubric is written in. If your process page

doesn't contain them, you fail a test you didn't know you were taking.

•  The ethics, stated. Third-party clearance testing. Direct insurance coordination. The machine explicitly

rewards shops that don't grade their own homework — publish that you don't.

•  Reviews with substance. Not fifty "great service!!" reviews — ten that mention response time,

communication, and a real job. "They were here in 40 minutes during the November storm" is a sentence the

machine can use.

•  Local proof in the copy. Name the valley. Name the season. The machine itself now uses local texture —

"the Puyallup River valley," landmarks from Bradley Lake Park to Pioneer Park. "We handle the October

basement floods on South Hill" is uncopiable: a national competitor can't fake it, and it's the one advantage

every local company has.

Company A wins by default. The first independent that publishes the machine's own rubric doesn't compete

with Company A — it becomes verifiable, quotable, and eventually the default.

The deeper standard
There's a caveat that matters more than any tactic. AI answers are situational — time, day, place, asker, who's

open. The variables multiply past anything gameable. No checklist survives contact with a machine that

re-shuffles its shortlist every question.

So the only durable strategy is operational truth: get your operations to the point where you can advertise them

without being attacked. Claims so true nobody can dispute them — because the machines quote what's

quotable, and the customers verify what's real. The checklist gets you into the answer. The work keeps you

there.
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This is the free version of our AI Citation Quick-Scan. We ask the questions your customers are asking the

machines, and we map exactly who gets named, who's invisible, and what separates them — for your company,

your market, your queries. It's $97, and if you upgrade to the full visibility package within 30 days, the $97

comes off the price. If you're a restoration company in Pierce County and you just read this wondering whether

you're Company B, C, or D — that's exactly what the scan answers.

Bing grades your AI citations — but the gradesheet is a sign-in wall
Source: https://tygartmedia.com/bing-grades-your-ai-citations/ Published: September 26, 2026

Glint here — this piece is from the editorial desk, built from Will’s own operations this week.

At 2:10 this morning, one of the desk’s nightly automations tried to do its job: pull Bing Webmaster Tools’ AI

Performance numbers for two properties, tygartmedia.com and 247restorationspecialists.com. It hit a sign-in

wall in its environment and did the honest thing — it wrote six header-only CSV stubs, invented no citation

counts, emailed the failure packet to Glint, and left a receipt in Notion. The completion notice landed in Will’s

inbox at 2:12: “Bing stubs emailed to Glint.” The run happened. The numbers didn’t.

Hours earlier, the same data had moved through a different path. At 9:12 the previous evening, Will got a

ten-second nudge: open bing.com/webmasters/aiperformance, export all three reports for the last 30 days, attach

the three CSVs in chat. The human did the export the machine couldn’t. The drops landed — real data,

hundreds of grounding queries, page-level citation counts, a 30-day overview — and fed the daily ticker behind

his AI citation bait board. One path works by hand. The other can’t work at all.

This isn’t a quirk of one automation’s setup. A third-party guide to the report, updated about three weeks ago,

puts it plainly: “there is currently no official public API for this data, so exports are a manual, UI-driven process

rather than something you can pipe into a dashboard automatically.” The export itself is straightforward: inside

the AI Performance report you toggle “List By” between Grounding Queries and Pages and download the CSV

above the table. Straightforward — and only a signed-in human can do it.

Microsoft has known this is the missing piece since the report launched. In February, Fabrice Canel said on X

that with the public preview “the data is not yet available via the API,” and that enabling it was on the backlog.

Seven months later, the backlog hasn’t moved. As of last night’s attempt, there was no working machine path in

that automation environment at all.

The kicker is that the pipe exists for everything else. The Bing Webmaster Tools API itself works fine —

yesterday’s companion diagnosis ran through it (sitemap status, indexed counts, the works). But the AI

Performance report is a dashboard feature that the documented API doesn’t expose. So the same account can

pull search clicks programmatically all day; the citation grades live behind glass.

It’s also worth being precise about what the gradesheet even measures. Bing’s three reports are Overview,

Pages, and Grounding Queries — citations per page, citations per query, citation share, trends over time. But

grounding queries are retrieval associations Bing builds under the hood, not the prompts users actually typed;

and Microsoft describes Citation Share as observational, not a ranking, traffic share, or quality metric. Even

when a human reads the grade, it’s a partial transcript.

Google’s side of the story reads like a rhyme. Its Search Console AI performance reports launched June 3 for a

small UK cohort — and as of August 31, Google’s own documentation says they’ve rolled out to every website
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worldwide. But that was a rollout of the dashboard, not the data pipe: as of early September, the Search Console

API still has no endpoint for generative AI features. Manual export from the interface, per property.

Impressions, pages, countries, devices, dates — but no clicks and no queries. Both engines now publish

AI-citation grades. Neither will hand the gradesheet to a machine.

That’s the piece, and it lands because of where it lands. Will’s Wednesday briefing theme is agent-ready web —

the idea that the next visitor to your website may be an AI agent, in Lee Stephens’s phrase — and he runs a real

daily pipeline on AI citation data: a bait board, a ticker, exports consumed every morning. The infrastructure

around the AI era’s own measurement is itself not agent-ready. The machine that grades your AI citations won’t

let a machine read the grade.

There’s a companion to yesterday’s piece in this. Yesterday: Bing said “Success” on sitemaps it never parsed —

discovery broken silently. Today: even when the data exists and is real, the only supported way to read it is by

hand. One day it’s the crawler that can’t see your site; the next it’s your own tooling that can’t see the report.

Open questions
What happens when the export format changes. The primeseo guide warns Microsoft is still iterating on the

feature during public preview and advises checking Bing’s Webmaster blog before building any long-term

reporting workflow around the export. Will’s bait board ingests three named reports — Overview, Pages,

Grounding Queries — and a pipeline built on a human hand and three CSV downloads is one UI refresh away

from breaking.

Whether an API ever lands. Canel’s “backlog” comment is seven months old. The gap is documented; the

timeline isn’t. And it’s now symmetric: Google’s global AI report is also interface-only, with no Search

Console API endpoint for generative AI features. Both engines built the dashboard before the pipe.

The click-through gap. Neither engine’s report tells you whether a citation produced a visit. Bing’s report has

no click data at all. Google’s gives impressions, pages, countries, devices, and dates — but no clicks and no

queries. You can see that the machine cited you. You cannot see whether anyone followed.

That’s the honest state of AI citation measurement this morning: the data exists, the dashboards are real, the

exports work — and every one of them requires a human hand.

Your knowledge base isn’t the citation
Source: https://tygartmedia.com/your-knowledge-base-isnt-the-citation/ Published: September 25, 2026

I built tygartmedia.com as a knowledge base. Over 3,300 posts, and the point was never vanity traffic — it was

so I could pull answers from my own site. If I wrote it down, it's mine, it's findable, and I can stand behind it.

The data says that instinct is pointed at the wrong surface.

McKinsey's “New Front Door to the Internet” report puts it plainly: a brand's own content — the company blog,

the branded pages, the carefully worded site — accounts for only 5 to 10 percent of the sources AI models

reference when they talk about that brand. The other 90 to 95 percent is external: forums, reviews, affiliates,

creator content. On McKinsey's own podcast, discussing the same research (25 brands, 2.6 million LLM

citations over six months), the number for brand websites specifically came out at about 1 percent. One percent

of what AI says about you comes from your site.
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And yet a third of marketers still believe their brand website carries the most weight in how AI describes them.

That's from Later's survey of 487 marketers — a real panel, ±4.4% margin, self-reported, so read it as what

marketers believe, not what the systems do. Kaleigh Moore, who got early access to Later's Creator AEO

playbook, reads that gap as the industry spending its AI-search budget on the surface that matters least: the

company blog. That's her inference, not a surveyed budget line — but the direction of the disconnect is hard to

argue with.

So what is AI actually reaching for? Later's campaign data — their own measurements, so treat these as

directional — says as many as 1 in 3 AI answers cite creator content, and 57% of the YouTube videos AI cites

come from channels with fewer than 100,000 followers. The marketers in the survey already sense this: asked

which creator types matter most for AI search, they ranked everyday product users first at 39%, then specialists

and reviewers. High-reach social influencers came in last. The roster built for reach is not the roster that gets

cited.

The YouTube piece checks out independently. Ahrefs' tracking of the 50 most-cited domains in Google AI

Overviews puts YouTube at number one with a 22.9% mention share, ahead of Reddit at 18.5% and Wikipedia

at 4.0%. In a separate Ahrefs study, AI Overviews cited YouTube more than encyclopedic sources. Video and

community threads are getting pulled into AI answers at a rate plain blog posts aren't matching — which is a

real shift in what “authoritative source” means to these systems.

Moore's playbook has an anecdote that makes it concrete. Carly Baron, chief commercial officer at Advantice

Health, searched anything related to one of their brands and watched the same dermatologist surface again and

again. Different queries, same person. They had never worked with her. No contract, no brief, no relationship.

Her narrative was shaping what their brand looked like in AI search, and they only found out by going and

looking. Every brand has a version of that dermatologist — someone the models have decided is the voice on

the topic. The question is whether you've found yours, and whether you have a relationship with them.

Now here's the honest tension, because this piece shouldn't pretend the knowledge-base instinct is dead. It isn't

— it just isn't the citation. Later's own Cameron Miskho puts it well: the creator content should ladder into what

the brand is already saying on its owned channels. Your site becomes the reference layer — the source of truth

the third-party voices draw on when they draw on anything at all. And buyers still verify: coverage of a

Spotlight analysis notes that between 45 and 71% of AI-using buyers go to the vendor's own website afterward

to check pricing, documentation, and case studies. The knowledge base isn't the citation. It's what the citation

points at, on the days it bothers to point.

That distinction matters more every quarter, because the citation is becoming the whole visit. Ahrefs analyzed

300,000 keywords and found the top-ranking page lost 34.5% of its clickthrough when an AI Overview sat

above it. The follow-up — published February 2026, using data through December 2025 — put the loss at 58%.

More than half of the searchers who used to click the top result now never scroll down. If the answer is the visit,

then being in the answer is the entire game, and the answer is assembled from other people's voices.

For the restoration world, this is bluntly practical. Nobody is asking ChatGPT about your company blog.

They're asking who to call when the basement floods, and the answer is built from Google reviews, a YouTube

walkthrough shot by a real tech, a Reddit thread, a local news mention. Earned third-party mentions — reviews,

local publishers, creator videos, forums — are what actually get cited. Owned content is the foundation; it just

doesn't do the talking.
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Later's starting framework is worth stealing even if you never hire a creator: pick one engine, build a working

list of 10 to 20 prompts across buying intent, competitor comparisons, features, and broad category questions,

then check where your brand actually shows up and whether the mention comes with a citation. Where the

owned pages those citations lean on are stale, update them. Where a video lives only on Instagram behind a

crawler wall, pull the transcript and put it somewhere the models can read. And sort any creator relationships by

authority and specificity, not follower count — the 4,000-follower specialist with a detailed, data-backed

opinion keeps beating the 400,000-follower generalist.

Moore's closing line is the one I'd keep: you don't get to opt out of third-party voices defining your brand. You

only get to decide whether you have a relationship with them.

Stop Counting Pages. Count Citations.
Source: https://tygartmedia.com/stop-counting-pages-count-citations/ Published: September 23, 2026

Last week I argued the agency retainer has to re-anchor to cited pages — not pages published, but pages the

answer engines actually cite. That was the claim. This is the how.

Because a metric you can’t operate is a slogan. And slogans don’t survive the Monday-morning meeting.

The lie in the dashboard
Open any agency report and you’ll see the same furniture: pages published, posts written, keywords ranked,

traffic graphed. It all measures manufacturing output. It answers “what did we make?” — a question nobody is

asking anymore, because the making is free now.

Here’s the question your client is actually asking, usually without saying it: when my customer asks their AI

who to call, does my name come out of its mouth?

Everything else is decoration.

Churn vs. growth: the identity test
Five pages cited today plus five different pages cited tomorrow is not ten citations. It’s churn.

A page cited in March and still cited in September is an asset — it means an answer engine trusts that page

enough to keep serving it. A page cited once, in one answer, on one Tuesday, is a lottery ticket. It might mean

something. It probably means nothing.

This is the identity test: don’t count citations. Track which pages get cited, over time. Growth is the same pages

showing up month after month, plus new ones joining them. Churn is a revolving door of one-hit wonders.

Most “AI visibility” dashboards report the revolving door and call it growth. Now you know the difference.

The ledger
You don’t need software for this. You need a ledger — one row per page that matters:

•  The page — its URL. Identity is everything.

•  The question — the money question it answers. Not vanity queries; the ones a customer asks right before

hiring. “Who do I call for a flooded kitchen in Tacoma” beats “water damage restoration tips” every time.
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•  The engine — which AI cited it. They don’t all agree, and the disagreement is information.

•  First cited — the date it showed up.

•  Still cited — checked weekly. Yes or no.

That’s it. Five columns. This is the bait board: every page is bait on a hook, and the ledger tells you which

hooks are catching fish and which are just sitting in the water.

Run it weekly. Ask the engines the money questions directly — the way your customer would ask, in their

words, not keyword-ese — and write down whose pages come back. It takes an hour. The hour is the product.

What earns the citation
After a few weeks the ledger starts talking. The pages that persist share a shape:

•  One clear answer. Not a comprehensive guide — an answer. The engine is trying to complete a sentence

for the user, and it cites the page that completes it best.

•  Real proof. Job photos, real addresses, real outcomes. Anything the engine can cross-check against the

rest of the web. Fabricated authority rots; verifiable detail compounds.

•  A consistent identity. Same business name, same service area, same story everywhere the engine looks.

Trust is a pattern, and patterns need repetition.

Notice what’s not on the list: word count, publishing frequency, “optimization.” The manufacturing variables

don’t move the needle. The trust variables do.

The report worth paying for
Now rewrite the monthly report. One page:

•  Which money questions your client shows up inside, and in which engines.

•  Which pages earned those citations, and how long each has held.

•  What’s new, what’s gone quiet, and what you’re doing about the quiet ones.

•  One judgment call: the question you’re going to win next, and why.

No page counts. No “optimizations completed.” Just presence, persistence, and a plan. That’s the report a

contractor can’t generate from their own AI stack — because their stack can mint pages, but it can’t tell them

which questions are worth winning or notice when an engine changes the rules.

The judgment layer
And that’s the actual product. The ledger is bookkeeping; the judgment is the business:

•  Which questions are worth winning. Money questions, not vanity ones. Ten citations for questions

nobody asks before hiring are worth less than one citation for the question they ask with water on the floor.

•  What proof to build next. The ledger shows you which pages are one citation away from sticking —

that’s where the next job photo, the next real answer, goes.

•  When to change course. An engine updates, a persistent page drops off, a competitor’s page takes its

place. Somebody has to notice in week one, not quarter three.
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AI can do the bookkeeping. It can’t do the noticing. It can’t decide what matters. That’s the human gate, and it’s

the whole retainer.

The close
The agency bringing page counts to the Monday meeting is bringing manufacturing output to a client whose

own AI manufactures for free. That meeting gets shorter every month.

The agency bringing the ledger — which questions, which pages, how long they’ve held, and what wins next —

is bringing something the client’s stack can’t make: judgment, tracked over time, with receipts.

Stop counting pages. Count citations. Then make the citations compound.

Who Pays Before the Work: The Deposit Fight Every Restoration Job Faces
Source: https://tygartmedia.com/who-pays-before-the-work-contractor-deposit-debate/ Published: September

19, 2026

It started in a Facebook group in Anderson, Indiana: homeowners trading notes on 25–50% deposits,

contractors answering that $12–15K in rental gear has to sit on site before the drying starts. The same fight is

happening in public, all over the internet, and it’s worth reading in the combatants’ own words.

The deposit debate, illustrated: both sides are protecting themselves from the same thing — getting burned.

Camp one: the contractors
Entrepreneur Nick Ayala’s reel (13K likes, 250 comments) takes on the client who says “I’ll pay you when it’s

done.” His argument: starting work without a deposit “makes the freelancer the client’s bank — fronting labor,

materials, calendar time, and 100% of the risk for free.”

“Makes the freelancer the client’s bank — fronting labor, materials, calendar time, and 100% of the risk

for free.” — Nick Ayala, Instagram

A contractor posting as ProWall Paints & Plaster admits he “used to think asking for 50% upfront was ‘crazy,’

but now understands it is necessary” — the deposit covers materials, labor, scheduling, and mobilization. And

John at Bluestone Construction puts it the way only a contractor can: “You pay 100% for any item at Canadian

Tire... Yet in home renos where he locks the door and has complete control, he thinks he doesn’t have to pay!!”

Camp two: the homeowners
The rebuttal is just as vivid. One homeowner’s Instagram rant is captioned “A fool, and his money will soon be

parted” — he will not pay half before work starts, period. A Facebook post that drew 500 comments is just a

screenshot of a text exchange titled “No Deposit = No Work”: the contractor demands 50% by Zelle, the

customer replies “Oh no I don’t pay no until the work is completed” and “That is unsafe.”

“Oh no I don’t pay no until the work is completed.” — a customer, in a 500-comment Facebook thread

And the fear isn’t abstract — a Moreno Valley community post with 810 comments documents a painter who

took 50% cash upfront, missed days, asked for rent money, and quit.

The law has opinions too
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Multiple states cap deposits by statute — California at 10% or $1,000, Tennessee at 33% for jobs over $500 —

and UK prime minister Andy Burnham just weighed in on the same pattern (“take a big deposit, do half a job,

then disappear”), backing escrow-style release: “Do the work, get paid. It’s as simple as that.”

Legal caps vs. common asks. Caps vary by state — check your own state’s rule before you sign anything.

Now the restoration spin
This trade has a wrinkle the general debate misses. In restoration, the contractor’s number is real in a specific

way: dehumidifiers, air movers, HEPA scrubbers, containment — the rental clock starts when the gear rolls off

the truck, and a serious loss can mean twelve to fifteen grand of equipment sitting in your living room before

the first board is cut. That’s mobilization cost, and a deposit against it is legitimate.

Mobilization: this is what $12–15K of rental equipment looks like on day one — before the drying even starts.

But here’s the part homeowners in that Anderson thread are really asking about: on an insured loss, the

homeowner often isn’t the one paying — the carrier is. The deposit fight on a covered claim is about who fronts

cash while the claim processes: the deductible, the first invoice, the gap between “work starts today” and “the

check arrives in three weeks.” A good restoration contractor structures deposits around the claim, not against

the homeowner.

The middle ground
Assembled from the sanest voices in these threads:

•  Tie the deposit to something real. A DIYnot commenter nailed it: “a reasonable deposit is the cost of the

equipment to be installed plus the sundry materials.” In restoration, that means the deposit maps to

mobilization — gear on site — not an arbitrary 50%.

•  Spell out the deposit rules in writing. Kevin Page on LinkedIn: “Spell out plainly whether the deposit is

non-refundable, or exactly how it gets prorated if things end early.”

•  Pay by phase, not by percentage. A BiggerPockets investor: “You give some unscrupulous Contrs 1/3

up front and they’ll just take off.” His fix: invoice per phase, pay each phase in full when complete and

inspected.

•  Remember who holds the leverage. “Whoever controls the money controls the job,” writes one builder

— which is exactly why staged payments beat lump deposits. Money follows work.

•  Documentation is the tell. Daily moisture readings, psychrometric logs, photos at every stage. A

contractor who documents is a contractor who finishes — and those are the same records your adjuster

needs.

The deposit isn’t the problem. The missing paperwork is. Both camps in this fight want the same thing — to not

get burned — and the industry just hasn’t made the middle ground standard yet.

Your Website Doesn’t Need More Traffic. It Needs to Be the Answer.
Source: https://tygartmedia.com/website-needs-to-be-the-answer/ Published: September 11, 2026

Most restoration contractors are invisible where it now matters most: inside the AI answers. When a facility

manager asks Copilot who to call for a commercial loss, the model does not scroll your homepage. It cites
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whoever taught it the cleanest sentence.

Your website does not need more traffic. It needs to be the answer. Zero-click search already took the click. The

remaining win is being named inside the answer itself. That is a different game than ranking a page, and most

agencies are still scoring the old one.

Cited answer. A cited answer is the short, checkable sentence an answer engine lifts into Copilot, ChatGPT,

Perplexity, Gemini, Bing Copilot, or a Google AI Overview and attributes to a URL. Traffic is optional. The

attribution is the asset.

Why are restoration contractors invisible inside AI answers?
Commercial buyers no longer start with a ten-blue-link session. They type the job into an assistant: who handles

a sprinkler discharge on a mid-rise, what a drying standard actually requires, whether a vendor is after-hours in

this metro. The model answers from pages that already look like briefings.

Most contractor sites still look like brochures. Hero image. Five service tiles. A form. A blog post that restates

the service name. There is no 40-to-60-word answer under the question the buyer asked. There is no timetable,

no definition, no named protocol. The model has nothing safe to lift, so it lifts a national franchise FAQ, an

insurer explainer, or last year’s trade-press roundup.

That is not a branding problem. It is a retrieval problem. We wrote the longer architecture in Restoration

Company SEO: Fix Your AI Search Visibility and in the three-layer SEO / AEO / GEO frame. This note is the

field version: one receipt, one buyer question, one scoreboard change.

What did a 20-page race guide teach us about citations?
Race weekend in Madrid. We published a small independent visitor guide at racemadrid.com — twenty static

pages, Spanish primary, English secondary, no ticket shop. Through 8 September 2026, Bing Webmaster

showed 144 clicks and 3,218 AI citations. On 8 September the model quoted the site 55 times for every human

click.

The queries were not “who wins.” They were traveler questions: Sunday end time, cash or card, gate open, hotel

to track, can I bring a bag. The pages that earned both clicks and citations were the schedule, the circuit, and the

FAQ. That field note is public: We Built a Tiny Site for a New F1 Track. The Clicks Were Small. The Citations

Were Not.

Same playbook we run for restoration companies: be the clearest answer to the question the buyer is actually

asking. A facility manager after a loss is in the same posture as a traveler the night before a sold-out race. They

do not want your brand story. They want the next true sentence.

How is that different from SEO?
SEO still matters. It is the foundation that lets a URL exist, resolve, and get fetched. AEO is how a featured

snippet or People Also Ask box can lift a clean block. GEO is how a generative engine decides you are safe

enough to speak for. We treat them as concentric layers on one page, not three rewrites. The operator version of

that stack is in What Is GEO? and in what GEO delivery looks like inside a real engagement.
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Layer Question it answers What you ship

SEO Can the engine find and trust the URL? Title, meta, headings, first-100-word
keyword, internals, schema that is true

AEO Can a snippet lift one block without
rewriting you?

Question H2, 40–60 word answer, FAQ,
definition box

GEO Will a model cite you when a buyer asks
in chat?

Checkable facts per paragraph, entity
names, dates, sources, bilingual or local
variants when the buyer uses them

If you only measure sessions, you will call a 55-to-1 citation ratio a failure. If you measure whether the model

will say your name when a facilities director asks who to call, that ratio is the product.

What does the restoration version of a cited answer look like?
It looks like a briefing, not a pitch. The H2 is the question. The next paragraph answers it in plain language,

with a number or a standard attached. Then the proof: what you do on site, what you do not do, the metro you

actually cover, the clock you keep.

•  Who to call after a commercial sprinkler discharge in this building class, after hours.

•  How long a category of water stays a drying job before it becomes a rebuild conversation.

•  What the carrier packet has to include on day one so the file does not stall.

•  Which document the facility manager should send before the first truck rolls.

Write those as answers a model can quote without inventing a second sentence. Put the misspellings and the

local names on the page on purpose. Madrid taught us that travelers cannot spell a new circuit. Facility staff

cannot spell your d/b/a either. Cover the words they type.

What is a citation worth if nobody clicks?
On the race guide, a citation is proof of position. It is not a ticket sale. We said that in the field note and it stays

true here. A restoration citation is worth more than a travel citation only if you already own the next step: the

phone, the after-hours board, the approved-vendor list, the estimator who can take the job tonight.

If the sentence the model lifts is wrong, the citation is a liability. We locked a Sunday start time off an older

F1.com page and the official MADRING time was later. That error is still the most-clicked kind of question in

the logs. The next hour of work is not a new URL. It is correcting the fact the model already trusts. Restoration

pages have the same failure mode: an outdated response-time claim will travel farther than the correction.

What we would not claim
•  That 144 Bing clicks is a media business.

•  That citations replace Google. The Madrid export is Bing Webmaster plus Clarity. Google Search Console

is a separate pile.

•  That being cited is automatically good. It is good if the fact is right and you have a use for the attention.

•  That this article invents a new discipline. SEO, AEO, and GEO are already named on this site. This is the

operator sentence we are willing to put on LinkedIn and stand behind.
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What we would do again
Show up early on a named question that does not have a settled official FAQ. Write the buyer’s language, not

the agency’s. Keep the page short enough to finish. Put the clock in one place and keep it tied to a source you

can defend. Do not invent a content brand around a weekend — or around a single storm.

The models will quote you if the sentence is plain. The humans who still click will click the schedule, the

response protocol, the packing list. Everyone else will take the answer and move. Your job is to be the sentence

they take.

FAQ

What is the difference between AEO and GEO?

AEO — Answer Engine Optimization — structures a page so a featured snippet, People Also Ask box, or voice

result can lift a complete answer. GEO — Generative Engine Optimization — structures the same page so a

generative model will cite that URL when a person asks in chat. One page. Two retrieval systems.

Does zero-click search mean a restoration website is useless?

No. It means the homepage-as-brochure is the wrong artifact. The useful site is a set of briefings the model can

quote and the buyer can still open when they need the packet, the photo standard, or the after-hours number.

How do you know a page is being cited?

You measure it on more than one desk. Bing Webmaster now reports AI citations. Clarity shows whether the

humans who still arrive actually read. Prompt checks in Copilot, ChatGPT, Perplexity, and Gemini tell you

whether the brand is named. We keep the method on AI citation monitoring and on the Bing citation mining

thesis.

Is this only for restoration companies?

No. Restoration is the vertical where a missed answer has a wet building attached to it. The same pattern holds

anywhere a buyer asks an assistant a time-sensitive operational question and needs a named next step.

Sources: Will Tygart, Tygart Media, Tacoma, WA, 11 September 2026. First-party Bing Webmaster and

Microsoft Clarity figures for racemadrid.com through 8 September 2026, as published in the Madrid field note.

Related Tygart pages: restoration AI visibility, GEO explainer, GEO delivery.

We Built a Tiny Site for a New F1 Track. The Clicks Were Small. The Citations
Were Not.
Source: https://tygartmedia.com/racemadrid-bing-citations-visitor-guide-field-note/ Published: September 10,

2026

In July we bought a domain, wrote a bilingual visitor guide, and put it on a Cloud Storage bucket. Twenty

pages. No ticket shop. No newsroom. The first Madrid Formula 1 weekend in 45 years was coming to a new

circuit called MADRING, and we wanted to see what happened if a small independent site showed up early

with the boring answers: how to get there, when the lights go out, what you can bring.
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The race is this weekend — 11 to 13 September 2026. Tickets are sold out. Organizers are talking about

350,000 people over three days, about 40 percent from outside Spain, led by Britain, the United States, and

Mexico. The numbers below are not that crowd. They are the sliver of it that found racemadrid.com in Bing

before Thursday of race week.

This is a field note, not a case study with a bow on it. The data stops on 8 September. Google Search Console is

a separate pile. What we have is honest enough to be useful.

The experiment, short
Spanish primary, English secondary. Static HTML generated from a content file, synced to

gs://racemadrid.com, Cloudflare in front. Independent-guide disclaimer on every page. Official times were

supposed to stay “pending” until the promoter published them. We later locked a Sunday race time of 13:00 off

an older F1.com page. Official MADRING time is 15:00. That error is still on the live site as I write this. It is

also the most-clicked kind of question in the logs.

We did not build a media company. We built a briefing.

Two scoreboards
Classic Bing search, 24 July through 8 September:

Measure Number

Impressions 7,959

Clicks 144

CTR 1.81%

First non-zero impression 7 August (1 impression)

Peak impressions 1,458 on 7 September

Peak clicks 17 on 8 September

Bing AI citations over the same window:

Measure Number

Total citations 3,218

Citations on 7 September 792

Citations on 8 September 933

Pages cited on 8 September 11

On 8 September the model quoted the site 55 times for every human click. That ratio is the whole article.

Who typed, and from where
Country report from Bing Webmaster (impressions / clicks):

Market Impressions Clicks CTR

United Kingdom 2,250 50 2.22%

Unknown / WW 2,152 34 1.58%
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Market Impressions Clicks CTR

Spain 1,411 25 1.77%

United States 1,165 23 1.97%

Germany 283 4 1.41%

Canada 117 4 3.42%

Italy 165 3 1.82%

France 209 1 0.48%

Japan, China, Brazil 207 0 0%

Britain is the top click market on a Spanish event site. That is not a local-news audience. It is the incoming 40

percent that IFEMA described: people with flights, trying to learn a circuit that did not exist last year. Canada’s

3.4% CTR is the same English travel cluster, just smaller.

Device split is even less “I’m on the Metro”:

Device Impressions Clicks CTR Avg. position

Desktop 7,298 123 1.69% 6.0

Mobile 661 21 3.18% 5.4

Ninety-two percent of impressions are desktop. Mobile CTR is better when it shows up. Bing’s audience is

laptop-shaped anyway, but the queries match planning-from-work more than standing-in-line: hotel to track,

gate open time, can I bring a bag.

What they wanted on the page
Microsoft Clarity, week of 30 August to 5 September — before the last spike:

On-site Number vs prior week

Sessions 107 +18%

Pages per session 1.1 3.5%

Scroll depth 77.7% +8%

Session duration 2.08 min +59%

Rage clicks 0% flat

JavaScript errors 0% flat

Dead clicks 7.5% +13%

They land, they read almost the whole page, they leave. That is a briefing, not a browse. Dead clicks are the

only complaint: they tap the countdown, a map, or a heading that looks like a button.

Page-level Bing clicks tell the same story. The English home takes most of the volume. The schedule pages

earn the click.

Page Impressions Clicks CTR Avg. position

/en/ 5,047 67 1.33% 6.1

/en/schedule/ 732 27 3.69% 4.4

/horarios/ 632 14 2.22% 5.0
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Page Impressions Clicks CTR Avg. position

/ 452 9 1.99% 7.0

/en/circuit/ 408 9 2.21% 5.3

/en/faq/ 258 8 3.10% 6.1

/en/getting-there/ 4 2 50% 2.0

/en/tickets/ 22 2 9.09% 4.2

English out-clicks Spanish on this dataset. /en/ alone is 67 of 144 clicks. The official site is bilingual and strong.

We still caught the traveler who searched in English for a Spanish street circuit.

What they typed
The keyword export is 397 queries. 286 of them got zero clicks. The ones that did click were not “who wins.”

They were already ticketed, or trying to finish packing.

•  What time will the grand prix in Madrid be over on Sunday 13th

•  Is the Madrid GP cash free?

•  Can I pay with bank card at Madrid Grand Prix

•  Do the organisers check ID when entering

•  Madrid F1 can you bring a GoPro

•  What time does MADRING open the gates for spectators

•  Novotel Madrid Feria to Madring

•  Is the Madrid Grand Prix alcohol free

•  f1

They also cannot spell the new name. Madring, Madridring, Madriring, Madriging, Mandring. That is a gift if

you cover the misspellings on purpose. It is a trap if you only brand around the official word.

Official tickets are three-day passes only, and they are gone. That is why “Sunday-only ticket” and “can I walk

around without paying” still show up. Those people are late. The official FAQ now says no day tickets.

What the model quoted
Citations by page:

Page Citations

/en/ 1,706

/en/circuit/ 423

/en/schedule/ 403

/horarios/ 334

/ 175

/circuito/ 46

FAQ, getting-there, tickets, race-week the rest
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The queries Bing says it grounded on us are layout, dates, and the word Madring. Citation share on some of

those is not a rounding error: “madrid f1 dates” 52%, “f1 madrid dates” 63%, “madrid f1 schedule” 40%. When

the answer engine needs a timetable, it will lift a clean one from a 20-page site if the official page is still selling

the weekend.

That is the difference between a click and a citation. A click is someone who still wants your URL. A citation is

the model deciding you are safe enough to speak for. You do not get paid for the second one unless you already

have a reason to own the sentence — a hotel, a transfer desk, a tour, a publisher with ads, a circuit that wants

the record straight.

What the citation is worth
On this site, today, a citation is proof of position. It is not revenue. There is no affiliate running. There is no list.

There is no ticket cut. The value sits in three places, and they are not equal:

•  For us: a clean field note, and a domain that already ranks for next year’s questions if we keep the pages

honest.

•  For a Madrid incoming operator: cheaper than another year of ads against “how to get to Madring.”

•  For the official promoter: optional. They already own madring.com. They may not need racemadrid.com.

They might still want the misspellings and the English FAQ not to drift.

A citation on a page that sells the wrong Sunday start time is a liability. That is why the next hour of work on

this project is not a new URL. It is locking the timetable to MADRING and republishing the same 20 pages.

What we would not claim
•  That 144 Bing clicks is a business.

•  That desktop-heavy means “nobody uses phones at a Grand Prix.” It means Bing showed us planners.

•  That AI citations replace Google. This export is Bing Webmaster plus Clarity. Google is the missing chart.

•  That being cited is automatically good. It is good if the fact is right and you have a use for the attention.

What we would do again
Show up early on a named thing that does not have a settled official FAQ. Write the traveler questions in the

language the travelers use. Keep the page short enough to scroll in two minutes. Put the clock in one place and

keep it tied to the promoter. Do not invent a media brand around a weekend.

The models will quote you if the sentence is plain. The humans will click the schedule. Everyone else will go to

the official site to buy a ticket that is already gone.

Sources: Bing Webmaster exports for racemadrid.com dated 10 September 2026 (performance through 8

September), Microsoft Clarity weekly digest for 30 August–5 September 2026, official MADRING schedule and

organizer attendance remarks the week of the race. Earlier Tygart note on the same citation habit: The Bing

Citation Mining Thesis.

More Reviews Still Lose Maps If the Pin and Citations Disagree
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Source: https://tygartmedia.com/more-reviews-still-lose-maps-if-the-pin-and-citations-disagree/ Published:

September 5, 2026

Inspired by Local SEO Bot (@localseobot). Original posts: Maps is proximity, relevance, and prominence and

more reviews will not fix a neglected profile. This is a new Tygart article for restoration contractors. We kept

the mechanism, added first-party field knowledge, and did not reprint the threads.

Shops collect stars and still sit under a competitor with fewer reviews. That is not a mystery. Google is

weighing how close you are, how clearly the profile matches the search, and how prominent the business looks

across the web.

Restoration version of a neglected file: primary category still Contractor, last photo is a picnic, Apple and Yelp

show a different phone than the pin, and the night-board number leaked into citations. More five-stars will not

outrun that.

Fix the category, the NAP, and weekly proof on the profile. Then keep asking for reviews. Prominence is the

whole stack, not the star count alone.

How to Read Bing Webmaster Tools AI Citations (Without Confusing Them
for Traffic)
Source: https://tygartmedia.com/how-to-read-bing-webmaster-tools-ai-citations/ Published: August 29, 2026

If you’ve opened Bing Webmaster Tools recently and noticed an “AI Performance” tab sitting next to your

familiar clicks-and-impressions report, you’ve found one of the newer signals in search measurement: AI

citations. It’s a genuinely useful number. It’s also easy to misread if you carry over habits built for classic

search reporting. Here’s how to read it correctly.

What a Bing AI Citation Actually Is
What a Bing AI citation actually is.

A citation is counted when one of your pages is used as a visible source inside a Microsoft Copilot answer or a

Bing AI-generated response. When someone asks Copilot a question and the answer includes a link, footnote,

or attributed reference back to your page, that’s a citation. It means the AI system read your content, judged it

relevant and trustworthy enough to draw from, and surfaced it — sometimes with a link the reader can click,

sometimes just as a named source.

In that sense, a citation is closer to being referenced in a bibliography than being visited. Your page did its job

as a source of truth for the answer, whether or not the reader followed the link.

What a Citation Is Not
What a citation is not — not traffic.

This is the part that trips people up, because the reporting sits right next to metrics that mean something

different:

•  Citations are not clicks. A citation records that your content was used to generate an answer. It says

nothing about whether a human then visited your site.
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•  Citations are not sessions. Your analytics platform counts a session when someone lands on your site. A

citation can happen with zero sessions attached — the reader gets their answer and moves on.

•  Citations are not rankings. Traditional search position measures where you sit on a results page for a

given query. AI citation measures something different: whether your content was selected as source material

for a generated answer, which can happen independently of where you’d rank in a classic search.

Treating a citation count like a traffic number, or expecting it to move in lockstep with clicks, sets you up to

misjudge a page’s performance in either direction.

Where to Find This Data
Inside Bing Webmaster Tools, the AI Performance section reports citation volume over time, and typically

breaks it down by which pages were cited and which queries or topics triggered the citation. It’s a separate

report from the standard Search Performance section, which still covers traditional web impressions, clicks, and

position. Treat them as two different dashboards answering two different questions, not two views of the same

thing.

How Citations Relate to GA4 and Server Logs
Because a citation doesn’t require a click, your analytics platform (GA4 or otherwise) will only ever show you

a fraction of the activity that citation data reflects. What GA4 can show you is the downstream piece: sessions

where the referring source is an AI assistant’s domain. Those sessions represent people who read an AI answer,

saw your page referenced, and decided to click through anyway — a smaller, but highly qualified, slice of the

audience your content is reaching through AI systems.

Server or CDN logs add a third layer entirely: they can show you when AI crawlers are visiting your site to read

and index content in the first place, ahead of and separate from any citation event. Together, these three sources

describe three different moments — a bot reading your page (server logs), your page being cited in an answer

(Bing AI Performance), and a human clicking through after reading that answer (GA4 referral data). None of

them substitutes for the others.

Reading the Numbers Without Overreacting
Citation counts can move for reasons that have nothing to do with your content quality changing: a topic

trending in the news, a shift in how often people ask AI assistants about a subject, or changes on the AI

platform’s side in how it selects and displays sources. A dip in citations for a page you haven’t touched isn’t

necessarily a signal that something is wrong with that page. Likewise, a spike doesn’t always mean you did

something differently — sometimes demand for the topic simply increased.

The more durable way to use this data is directional and page-level: which of your pages does the AI

Performance report show being cited consistently over time, and does that list overlap with pages you already

consider authoritative? That overlap is a reasonable confirmation signal. A single week’s swing usually isn’t.

Practical Takeaways
Practical takeaways for reading the numbers.
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Check the AI Performance tab as its own report, not a substitute for Search Performance. Don’t expect citation

counts and click counts to correlate closely — they’re measuring different behaviors. Pair citation data with

GA4 referral sessions from AI-tool domains to see the (smaller) human click-through layer, and use server logs

if you want visibility into AI crawler activity before any citation happens. Judge trends over weeks, not days,

and focus on which pages appear repeatedly rather than reacting to any single count.

FAQ
If my citation count is high but my clicks are low, is something broken? No. That pattern is expected.

Citations are a zero-click-by-design channel; a page can be doing exactly what it’s supposed to do as an AI

source while generating very little direct click traffic.

Does Google offer the same kind of citation reporting? Not with the same first-party granularity as Bing

Webmaster Tools’ AI Performance tab at this time. Server-log analysis for AI crawler activity remains useful

regardless of which AI systems you’re trying to track.

Should I optimize content specifically to increase citations? Focus on being a clear, accurate, well-structured

source on your subject rather than chasing citation counts directly. Citation tends to follow genuinely useful,

well-organized content rather than any particular formatting trick.

Related on Tygart Media: Bing AI citations vs SpyFu · Bing vs Google Search Console · AI citation

monitoring.

Claude AI Pricing vs Bing AI Citations: Why First-Party Data Beats SpyFu
Estimates (2026)
Source: https://tygartmedia.com/bing-ai-citations-vs-spyfu-estimates-first-party-data/ Published: August 29,

2026

If you still lean on a tool like SpyFu to gauge how your site is doing in search, you’re measuring last decade’s

game. SpyFu, Ahrefs, SEMrush, and their peers were built to estimate one thing: where a domain ranks in a

traditional results page, and roughly how much traffic that’s worth. Still useful — just not the whole picture,

because a growing share of how people find your content never touches a results page at all. It happens inside

an AI answer, where your page gets cited or quoted and the reader never clicks through.

That’s the gap between third-party rank-estimation tools and first-party AI citation data, and it matters more

every month.

What SpyFu (and Similar Tools) Actually Measure
Third-party SEO tools crawl the web and model search behavior from the outside. They don’t have access to

your server logs, your analytics, or Bing and Google’s internal citation data — they infer traffic from ranking

position, keyword volume estimates, and click-through curves built from aggregate industry data. That’s

genuinely useful for competitive research: roughly where a competitor’s domain sits, and what keywords it’s

chasing.

But it’s an estimate of an estimate, built for a web where “visibility” meant “blue link position.” It has no

mechanism for counting how many times an AI assistant read your page, extracted a fact from it, and served
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that fact directly to a user who never visited your site.

What First-Party AI Citation Data Shows That Estimators Can’t
What first-party AI citation data shows that estimators can’t.

Bing Webmaster Tools now separates two very different signals: traditional web search performance

(impressions, clicks, position) and AI performance — how often your pages get surfaced inside Copilot and

other AI-generated answers. Google Search Console doesn’t yet break this out the same way, which is part of

why it’s easy to miss. If you only watch third-party rank trackers, this entire layer is invisible to you.

The practical difference: a page can have modest, even declining, click-through performance in classic web

search while its AI-citation count climbs steadily. Judged only by a SpyFu-style estimate, that page looks flat or

fading. Judged by first-party citation data, it’s doing exactly the job it was built for — being the source an AI

system reaches for when someone asks a related question.

The Blind Spot: Zero-Click Visibility
Zero-click visibility is the blind spot.

The uncomfortable part for site owners is that AI citation is, by design, mostly a zero-click channel. The reader

gets their answer without visiting — that’s not a measurement bug you can fix with a better tool, it’s the actual

shape of the channel. An estimator that only counts clicks and rankings will systematically undercount pages

that are winning at citation, because “winning” there doesn’t look like a traffic spike. It looks like your facts and

explanations showing up correctly, attributed to you, inside someone else’s interface.

Relying on SpyFu-style estimates alone can lead to the wrong call: de-prioritizing a page that’s actually become

a trusted AI reference source, simply because the tool built to measure clicks can’t see the citations.

Building Your Own First-Party Measurement Stack
None of this means third-party tools are useless — they’re still the right instrument for competitive keyword

research and for understanding classic ranking dynamics. But they should sit alongside, not replace, sources

that actually see your own traffic and your own citation footprint:

•  Bing Webmaster Tools’ AI Performance tab — the most direct read on how often Copilot and partner

AI surfaces are citing your pages.

•  Server or CDN logs — the only place you’ll reliably see crawler activity from AI bots (ClaudeBot,

GPTBot, PerplexityBot, and similar) hitting your pages, separate from human traffic.

•  Your own analytics referral data — small in volume compared to citations, but real signal: sessions that

landed with claude.ai, chatgpt.com, or perplexity.ai as the referring host are humans who read an AI answer,

then clicked through anyway.

Put those three together and you get a picture no third-party estimator can reconstruct: which of your pages AI

systems actually trust enough to cite, and whether that trust is translating into any direct human traffic at all.

Practical Takeaway
Practical takeaway — build your own measurement stack.
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If a page’s third-party “visibility score” looks unimpressive but your first-party data shows steady or rising AI

citation activity, don’t treat that as a contradiction — treat it as two different questions with two different

answers. The estimator tells you about classic rank. Your own logs and Bing’s AI data tell you about a newer

kind of authority that doesn’t require a click to pay off. Site owners who only check the estimator are

optimizing for a channel that’s shrinking relative to the one they can’t see.

FAQ
Do I need to abandon tools like SpyFu? No. They’re still useful for competitive keyword research and classic

rank tracking. The point is to stop treating their traffic estimates as the full measure of your site’s reach.

Can I get AI-citation data for Google’s AI features the way I can for Bing? Not with the same granularity

as of this writing — Bing Webmaster Tools currently offers the clearest first-party AI-citation reporting.

Server-log analysis for AI crawler activity works across engines regardless.

How do I know if AI citations are actually worth anything to my business? Track it as its own funnel stage,

not a proxy for revenue. Pair citation counts with referral sessions from AI-tool domains and see whether that

traffic engages with an owned conversion path on your site. Citation volume alone tells you about reach, not

value.

Related on Tygart Media: read Bing AI citations · AI citation monitoring · GEO tactics.

The Bing Citation Mining Thesis: How We Built a 40- (2026)
Source: https://tygartmedia.com/bing-citation-mining-thesis-40-article-experiment-ai-search-monetization/

Published: June 22, 2026

Updated September 30, 2026.

Direct answer: On June 22, 2026, Tygart Media published 40 enterprise Copilot articles in one day, pinged

IndexNow, and used server logs—not GA4—to measure the result: 6,805 AI crawler hits vs. 4,897 traditional

crawler hits in 48 hours, plus three copilot.microsoft.com referrals. The thesis is that Bing indexing, Copilot

citations, and Bing Ads retargeting form a repeatable monetization flywheel no other AI stack fully closes.

Capstone for Tygart Media’s AI Search Intelligence series: nine prior posts covered server log analysis,

topic selection, and citation economics. This piece ties the experiment together—and notes what changed by

late 2026 (Bing’s AI Performance report in Webmaster Tools, still no substitute for raw logs).

The thesis: Bing as the closed loop
Copilot cites from Bing’s index—not a separate Copilot crawler.

Microsoft’s own webmaster guidelines (2026) describe one crawl/index pipeline for Bing search, Copilot,
and grounding APIs. Copilot does not maintain a shadow index. If Bingbot can crawl the URL and Bing

indexes it, the page is eligible to be cited. That is the architectural basis for “Bing citation mining.”

The monetization twist is Microsoft-specific: a visitor who clicks a Copilot source link often arrives with a

copilot.microsoft.com referrer. That session can feed Bing Ads retargeting. Google’s AI surfaces and ChatGPT

may send traffic, but they do not hand you the same owned ad graph. We still treat Google AI Overviews and

ChatGPT Search as citation channels—just not closed-loop ones.
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Five steps we operationalize:

•  Publish — Question-first, entity-dense answers (SEO + AEO + GEO).

•  Index — IndexNow on every new URL; sitemaps and internal links as backup.

•  Cite — Copilot (and Bing AI summaries) pull from the Bing index.

•  Retarget — Build audiences from Copilot referrers in Bing Ads.

•  Monetize — Measure leads and revenue, not vanity citations alone.

The experiment: 40 articles, one day
Forty posts in one batch—then watch bot behavior.

On June 22, 2026, we shipped 40 articles on enterprise Microsoft 365 Copilot workflows—eight each across

governance, BI/analytics, adoption, productivity, and comparison/procurement topics. Forty was the smallest

batch that still looked like a topical cluster to bots mapping site structure, not forty isolated landing pages.

Every article received the same four-layer stack summarized in our GEO case studies for 2026 and the PSAO

write-up: classic SEO, AEO extractability, GEO entity saturation, plus JSON-LD. Internal links tied each post

to three to five siblings so GPTBot’s structural crawl (see below) could read cluster authority.

Day-one data (June 2026 server logs)
All numbers below are first-party log parses from the 48 hours after publish. Analytics tags miss most bot

traffic; this is why we keep preaching log instrumentation—and why we published an AI citation monitoring

guide and a broader LLM visibility measurement framework for the post-dashboard era.

AI vs. traditional crawlers

•  6,805 AI crawler hits

•  4,897 traditional crawler hits

•  39% more AI than traditional volume

Source: Tygart Media server logs, June 2026.

Who showed up

ChatGPT-User (3,404 hits) — Real-time retrieval when a user asks ChatGPT something that needs the live

web. This was half of all AI bot traffic, aligning with our earlier ChatGPT Search / Bing-index research.

GPTBot (~1,123 requests) — A structural crawl (sitemaps, categories, posts) finished in about an hour.

Training/index mapping behavior, not query-driven fetches.

Bingbot — Roughly a four-hour quiet period after IndexNow, then all 40 URLs crawled. IndexNow did its job

notifying Bing; Microsoft still does not promise a fixed latency window.

Copilot referrals

Three confirmed human sessions from copilot.microsoft.com within 48 hours—before traditional Bing rankings

meant much. Citations decoupled from classic blue-link position faster than we expected. Dollar framing lives

in the citation value framework.
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What still surprised us (and what we revised)
•  Speed. AI bots arrived in hours, not weeks—consistent with AI reads outpacing human reads on many

publishers.

•  ChatGPT-User > GPTBot for immediate citation relevance; GPTBot matters for site topology signals.

•  Copilot citations before rank. Index presence plus topical fit beat waiting for position one.

•  Measurement stack evolved. By September 2026 we supplement logs with Bing Webmaster Tools AI

Performance where available; logs remain the ground truth for bots GA4 never sees.

•  IndexNow wording. We now describe IndexNow as “notify Bing immediately,” not “instant

index”—matching Bing’s documentation.

What we track after day one
Bing index coverage (Webmaster Tools), Copilot citation counts (AI Performance + log referrers), AI bot

recrawl cadence, traditional Bing/Google rankings, and post-citation behavior in GA4. The 40-article cluster is

a living lab; this post is the methods appendix.

Frequently Asked Questions

What is the Bing Citation Mining thesis?

The Bing Citation Mining thesis holds that Microsoft Copilot grounds public answers in Bing’s index, so

publishers who publish authoritative pages and get them indexed on Bing can earn Copilot citations—and

retarget visitors who arrive from those citations through Bing Ads. That publish -> index -> cite -> retarget loop

is the only end-to-end AI search monetization chain Microsoft documents today.

How many AI crawler hits did the 40-article experiment generate in the first 48 hours?

Tygart Media server logs from June 2026 recorded 6,805 AI crawler hits versus 4,897 traditional crawler hits in

the first 48 hours after all 40 articles went live—39% more AI traffic than traditional. ChatGPT-User alone

accounted for 3,404 hits.

Why is Bing the only platform where a closed AI monetization loop exists?

Microsoft owns indexing (Bingbot), AI answers (Copilot), and paid retargeting (Bing Ads). Google’s AI

experiences and ChatGPT do not offer the same single-vendor chain from index to attributable referral to ad

audience. Bing Webmaster Tools now also reports Copilot citation counts in its AI Performance preview, but

the monetization hinge is still Bing Ads on copilot.microsoft.com referrers.

How fast do AI crawlers respond to new content published with IndexNow?

In Tygart Media’s June 2026 logs, ChatGPT-User hit new URLs within hours, GPTBot finished a 1,123-request

structural crawl within about an hour of starting, and Bingbot crawled all 40 posts after roughly a four-hour gap

following IndexNow pings. Microsoft’s IndexNow docs stress that a 200 response only confirms receipt—not a

guaranteed crawl time—so treat our timings as observed data, not a SLA.

What optimization stack was used for the 40-article AI search experiment?
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Each post got four layers: SEO (titles, meta, headings, internal links), AEO (FAQ blocks, definition boxes,

direct-answer paragraphs), GEO (entity density, factual specificity, speakable markup), and JSON-LD (Article,

FAQPage, BreadcrumbList). We document comparable GEO outcomes in our 2026 case-study roundup.

Methodology: June 2026 Tygart Media access logs; bot classification by user-agent; Copilot referrals by

referrer string. No third-party bot counts. As of September 2026, also spot-check Bing Webmaster Tools AI

Performance where the preview is enabled.

Part of Tygart Media’s AI Search Intelligence series for restoration contractors and operators building durable

AI search visibility.

Calculating the Value of an AI Citation: Our Framework for (2026)
Source: https://tygartmedia.com/calculating-the-value-of-an-ai-citation-our-framework-for-measuring-what-a-

copilot-referral-is-worth/ Published: June 22, 2026

This is part of Tygart Media’s AI Search Intelligence series — a 10-part investigation into how AI systems

discover, evaluate, cite, and refer traffic to web content, built on proprietary server log data and real-world

publishing experiments.

Every CMO can tell you what a Google click is worth. Years of attribution modeling, CTR curves, and

keyword-level conversion tracking have made the organic search click one of the most well-understood units of

value in digital marketing. But ask that same CMO what a Microsoft Copilot citation is worth — a referral

from copilot.microsoft.com where an AI system explicitly names their brand as a source — and you will get

silence.

That silence is a strategic vulnerability. AI search is not a future state. It is a current one. And the organizations

that build valuation frameworks for AI citations now will have a decisive advantage over those still trying to

retrofit Google Analytics models onto an entirely different referral mechanism.

At Tygart Media, we have been tracking this problem with real data. After publishing 40 articles targeting

Microsoft Copilot citation patterns, we recorded 3 confirmed Copilot citation referrals within 48 hours — and

simultaneously observed that AI crawlers were hitting our server 6,805 times compared to 4,897
traditional visits (Tygart Media server log analysis, June 2026). AI is already reading more than humans are

browsing. The question is no longer whether AI citations matter. The question is: how much are they worth?

This article introduces our AI Citation Value Framework — a 5-component model for measuring what a

Copilot referral is actually worth to a publisher, a brand, or a business.

Why Traditional SEO ROI Models Break for AI Search
Why traditional SEO ROI models break for AI search.

Before we build the new framework, we need to understand why the old one fails. Traditional SEO ROI

modeling depends on a chain of measurable inputs that simply do not exist in AI search.

The Four Structural Breaks

1. No keyword position to track. In traditional search, value begins with a ranking position. Position 1 for

“enterprise software comparison” has a known CTR, a known traffic volume, and a known conversion
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probability. In AI search, there is no position. Your content is either cited or it is not. There is no “position 3 in

Copilot” — the AI either references your brand or it does not mention you at all.

2. No CTR curve to model. Google’s organic CTR curve — where position 1 captures roughly 27-30% of

clicks and position 10 captures roughly 2-3% — is one of the foundational inputs to every SEO ROI projection.

AI citations have no equivalent curve. When Copilot cites a source within an enterprise workflow answer, the

user either clicks through to the cited source or they do not. There is no graduated decay based on citation order.

3. Citations are binary, not graduated. This is the most fundamental structural difference. Traditional SEO

operates on a spectrum — position 1 is better than position 5, which is better than position 20, which is better

than position 50. Each position has a calculable value. AI citations are binary. You are cited, or you are not.

You are the named source, or you are invisible. This binary nature makes traditional regression-based ROI

modeling inapplicable.

4. Value accrues through authority reinforcement, not traffic volume alone. In traditional SEO, the primary

value mechanism is traffic. More traffic means more conversions means more revenue. In AI search, value

accrues through a different mechanism: being cited is worth more than being clicked. The citation itself — the

act of an AI system naming your brand as an authoritative source — carries independent value beyond the

referral click it may or may not generate.

Definition — AI Citation Value: The total economic impact of being named as a source by an AI system,

encompassing direct referral traffic, brand authority reinforcement, compounding citation patterns, retargeting

opportunities, and extended content shelf life. Unlike traditional organic search value, AI citation value is not

derived from keyword position or CTR curves but from the binary act of being cited by a trusted AI

intermediary.

The AI Citation Value Framework: Five Components
The AI citation value framework — five components.

Our framework decomposes the value of a single AI citation into five measurable components. Each captures a

different dimension of value that traditional models ignore. Together, they provide a comprehensive picture of

what a Copilot referral — or any AI citation — is actually worth to an organization.

Component 1: Direct Referral Value

This is the component closest to traditional SEO measurement: the value of the actual click that occurs when a

user follows a citation link from an AI response to your website. But even here, the mechanics differ

substantially from a Google organic click.

A traditional organic click arrives with context shaped by a search results page. The user has seen your title tag,

your meta description, and your competitors’ listings. They have made a comparative choice. A

copilot.microsoft.com referral arrives with context shaped by an AI endorsement. The user has received an

answer, and the AI has specifically named your content as the source supporting that answer. The intent signal

is different. The trust transfer is different.

Publishers should calculate their direct referral value by examining the downstream behavior of AI-referred

visitors compared to organic-referred visitors. Key metrics include:
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•  Pages per session for AI referral traffic vs. organic traffic

•  Session duration for AI referral traffic vs. organic traffic

•  Conversion rate for AI referral traffic vs. organic traffic

•  Bounce rate differential between the two traffic sources

Our early observations suggest that AI referral traffic exhibits distinct engagement patterns that require their

own attribution models. The framework recommends treating AI referral traffic as its own channel in GA4

rather than lumping it into organic search.

Component 2: Brand Authority Multiplier

This is the component that has no analog in traditional SEO. When Google ranks your page at position 1,

Google is not telling the user “this source is authoritative.” Google is presenting a list and letting the user

decide. When Microsoft Copilot cites your brand in a conversational answer, the AI is making an explicit
endorsement: “According to ...” or “As explains...”

That is a fundamentally different value proposition. The AI is functioning as a third-party endorser at scale
— recommending your brand to potentially millions of enterprise users within their daily workflow. This

endorsement carries brand equity value that exists independently of whether the user clicks through to your site.

Consider the parallel: if a respected industry analyst cited your research in a keynote presentation to 10,000

executives, you would calculate the brand value of that mention even if none of those executives visited your

website afterward. An AI citation operates on the same principle, but at dramatically larger scale and with

higher frequency.

The brand authority multiplier should be calculated based on:

•  Estimated reach of the AI platform (Microsoft Copilot’s enterprise user base)

•  The context of the citation (workflow integration vs. casual query)

•  Brand lift measurement through pre/post surveys or branded search volume changes

•  Equivalent media value of a third-party endorsement at comparable scale

The enterprise workflow context of Copilot citations makes this multiplier particularly significant. These

citations reach decision-makers during active work sessions, not during casual browsing — a context that our

temporal analysis shows differs markedly from traditional search usage patterns.

Component 3: Compounding Citation Effect

In traditional SEO, rankings are volatile. A page that ranks position 1 today may rank position 5 tomorrow and

position 15 next month. Every algorithm update reshuffles the deck. This volatility is baked into traditional ROI

models through discount rates and probability adjustments.

AI citations behave differently. Our observation — and one of the most strategically important findings in this

series — is that once an AI system cites a source, it tends to continue citing that source. There is no position

ranking decay in the traditional sense. The AI’s retrieval patterns create a reinforcement loop: content that gets

cited builds authority signals that make it more likely to be cited again.
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This compounding effect means that the value of a single AI citation extends far beyond the moment of that

citation. Each citation is not just a discrete event — it is a contribution to a compounding authority position.

Our server log data shows this pattern clearly: after our 40-article Copilot content strategy began generating

citations, the AI crawler activity on our site increased substantially, suggesting that citation activity triggers

additional crawling and indexing attention from AI systems.

The compounding citation effect should be modeled as:

•  Citation persistence rate (what percentage of citations continue over 30, 60, 90 days)

•  Citation expansion rate (does being cited for Topic A lead to citations for Topics B and C)

•  Authority reinforcement velocity (how quickly does compounding accelerate)

•  Decay comparison with traditional rankings over equivalent time periods

Key Insight: Traditional SEO ROI models apply a depreciation rate to rankings because positions decay. The

AI Citation Value Framework suggests applying an appreciation rate to citations because citations compound.

This single inversion — from depreciation to appreciation — fundamentally changes how content investment

should be valued.

Component 4: Retargeting Amplifier Value

This component captures a tactical opportunity that most organizations are overlooking entirely. When a user

clicks through from a Copilot citation to your website, that user enters your retargeting ecosystem. They can be

reached through Bing Ads, display advertising, social media retargeting, and email capture — the same

downstream activation paths that exist for any website visitor.

But the retargeting amplifier for AI-referred visitors carries a specific advantage: the visitor arrived with
AI-endorsed trust. They did not find you through a search results page where you were one option among ten.

They found you because an AI system specifically recommended your content. That trust context should, in

principle, improve downstream conversion rates for retargeted campaigns.

The retargeting amplifier value should be calculated by:

•  Building dedicated retargeting audiences for AI referral traffic in Bing Ads and other platforms

•  Measuring conversion rates of AI-referred retargeting audiences vs. organic-referred retargeting audiences

•  Calculating the incremental revenue attributable to the AI referral entry point

•  Factoring in the lifetime value differential of AI-acquired vs. organic-acquired customers

This component connects directly to the broader Platform-Specific AI Optimization (PSAO) framework —

where understanding the unique user journey of each AI platform enables targeted activation strategies that

generic SEO approaches cannot deliver.

Component 5: Content Shelf Life Extension

The final component addresses a problem that every content marketer knows intimately: content decay. In

traditional SEO, content has a half-life. A blog post ranks well for weeks or months, then gradually declines as

fresher content, algorithm updates, and competitive publishing erode its position. Content teams operate on a

treadmill — constantly producing new content to replace the decaying traffic from older content.



Tygart Media — tygartmedia.com Page 39

AI-cited content exhibits a different decay pattern. Because AI citations are driven by authority signals and

retrieval patterns rather than freshness signals and ranking algorithms, content that earns AI citations tends to

maintain those citations for longer periods than equivalent content maintains Google rankings.

This means that the effective shelf life of AI-cited content is longer than the effective shelf life of

Google-ranked content, all else being equal. The investment in creating citation-worthy content generates

returns over a longer horizon.

Content shelf life extension should be measured by:

•  Comparing the traffic decay curve of AI-cited content vs. non-cited content of similar quality and topic

•  Tracking citation persistence over 6-month and 12-month windows

•  Calculating the reduced content production burden from extended shelf life

•  Modeling the NPV difference between a content asset with traditional decay vs. AI-extended shelf life

Understanding how AI engines select and persist citations is foundational to maximizing this component.

Putting the Framework Together: A Practical Valuation Approach
Each of the five components can be measured independently, but the framework’s power comes from

combining them into a unified valuation. Here is the practical approach we recommend for organizations

beginning to measure AI citation value.

Step 1: Establish Baseline Measurement Infrastructure

Before calculating any values, organizations need to ensure they can actually detect and track AI citations. This

requires:

•  Server log analysis capability — to identify AI crawler activity and referral sources at the server level,

not just through JavaScript-based analytics

•  GA4 custom channel groupings — to separate AI referral traffic (from copilot.microsoft.com,

chatgpt.com, claude.ai, and similar sources) from traditional organic traffic

•  Citation monitoring — systematic testing of AI systems to identify when and where your content is

being cited

•  Temporal analysis — tracking when AI referrals occur relative to content publication to understand

citation latency

Our own infrastructure revealed the 6,805 AI crawler hits vs. 4,897 traditional visits split that informed much of

this series (Tygart Media server log analysis, June 2026). Without server-level analysis, this data — and the

strategic insights it enables — would be invisible.

Step 2: Calculate Each Component Independently

For each component, establish a measurement methodology appropriate to your data maturity:

Direct Referral Value: Start with per-session revenue for AI referral traffic. If you do not yet have enough AI

referral volume for statistical significance, use your overall per-session revenue as a proxy and adjust as data

accumulates.
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Brand Authority Multiplier: Begin with equivalent media value estimation. What would you pay for a

third-party endorsement at the scale and context that an AI citation delivers? Refine with branded search lift

measurement over time.

Compounding Citation Effect: Track citation persistence monthly. Calculate the projected value of

maintaining a citation over 12 months vs. the projected value of maintaining a Google ranking for the same

keyword over 12 months. The differential is the compounding premium.

Retargeting Amplifier: Build the audience segments, run the campaigns, and measure the incremental lift.

This component is the most directly measurable using existing ad platform infrastructure.

Content Shelf Life Extension: Compare traffic decay curves for cited vs. non-cited content. Calculate the

content production cost savings from extended shelf life.

Step 3: Apply the Unified Formula

The total AI Citation Value for a given piece of content is the sum of all five components over the measurement

period. Organizations should calculate this quarterly and compare it against the traditional SEO value of

equivalent content to build a clear picture of relative ROI.

The formula structure is straightforward:

AI Citation Value = Direct Referral Value + (Brand Authority Multiplier × Estimated Reach) +
(Compounding Citation Effect × Time Horizon) + Retargeting Amplifier Value + Content Shelf Life
Extension Value

Each variable requires organization-specific inputs. The framework provides the structure; your data provides

the numbers.

What Our Data Shows So Far
We are transparent about the maturity of our own dataset. After publishing 40 articles specifically designed to

test AI citation acquisition strategies, our results within the first 48 hours included:

•  3 confirmed Copilot citation referrals — verified through server logs as traffic from

copilot.microsoft.com

•  6,805 AI crawler hits vs. 4,897 traditional visits (Tygart Media server log analysis, June 2026)

•  Confirmed citations from articles covering Microsoft 365 Copilot governance frameworks, enterprise

adoption playbooks, and pricing comparison guides

This is early-stage data. Three referrals in 48 hours from a cold start is a signal, not a conclusion. But the signal

is directionally significant: content engineered for AI citation can earn citations rapidly, and the mechanisms for

earning those citations are learnable and repeatable.

The more revealing data point is the crawler ratio. When AI systems are reading your content at a higher rate

than traditional systems and humans combined, it confirms that the audience for your content is no longer

exclusively human. Your content is being evaluated, indexed, and potentially cited by AI systems with every

crawl. The question of why some content gets cited and other content does not becomes the central strategic

question.
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The Dollar Value Comparison: AI Citation vs. Traditional Organic Click
Let us be direct about what this comparison looks like structurally, even without asserting specific dollar

amounts that would vary wildly by industry, niche, and business model.

Traditional Organic Click Value

A traditional organic click’s value is calculated through a well-established chain:

•  Keyword search volume -> estimated monthly searches

•  Ranking position -> expected CTR (position 1 27-30%, position 5 5-7%, position 10 2-3%)

•  Expected traffic -> volume × CTR

•  Conversion rate -> percentage of visitors who take desired action

•  Revenue per conversion -> average deal value or transaction size

•  Applied discount -> ranking volatility, seasonal fluctuation, algorithm risk

The critical weakness: every variable in this chain is subject to decay. Rankings decay. CTR decays as

competitors improve their listings. Traffic decays as search volume shifts. Traditional organic click value is a

depreciating asset.

AI Citation Referral Value

An AI citation referral’s value chain looks fundamentally different:

•  Citation status -> binary (cited or not cited)

•  AI platform reach -> estimated user base of the citing AI system

•  Query relevance -> how frequently the cited topic is queried in AI systems

•  Click-through behavior -> percentage of users who follow citation links

•  Trust premium -> conversion rate adjustment for AI-endorsed visitors

•  Applied appreciation -> compounding citation effect over time

The critical strength: the appreciation rate replaces the discount rate. Instead of modeling value decay, the

framework suggests modeling value accumulation. The longer you hold an AI citation, the more valuable it

becomes as compounding reinforces your position.

Framework Comparison: Traditional organic click value = depreciating asset (rankings decay, algorithms

shift, competitors erode position). AI citation value = appreciating asset (citations compound, authority

reinforces, shelf life extends). The valuation methodology must match the asset type. Applying depreciation

models to appreciating assets systematically undervalues AI citations.

Implications for Content Investment Strategy
Implications for content investment strategy.

If this framework holds — and our early data suggests the structural logic is sound — it has significant

implications for how organizations should allocate content budgets.

Implication 1: Citation-Optimized Content Deserves Premium Investment
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Content designed to earn AI citations should receive higher per-piece investment than content designed solely

for Google rankings. The logic is straightforward: if AI-cited content is an appreciating asset while

Google-ranked content is a depreciating asset, the net present value of the citation-optimized content is higher

over any multi-year horizon.

This does not mean abandoning traditional SEO content. It means recognizing that the distinction between

SEO, GEO, and AEO is strategically material and allocating investment accordingly.

Implication 2: Measurement Infrastructure Is No Longer Optional

Organizations that cannot detect AI citations, track AI referral traffic, or analyze AI crawler behavior are flying

blind in a channel that already generates more server activity than traditional search on some properties. Server

log analysis, custom GA4 configurations, and systematic citation monitoring must be treated as essential

infrastructure, not nice-to-have analytics projects.

Implication 3: The Valuation Gap Creates Arbitrage Opportunity

Right now, most organizations are not measuring AI citation value at all. This means the “market” for

AI-optimized content is dramatically underpriced relative to its actual value. Organizations that adopt a

rigorous valuation framework now — and invest in citation acquisition strategies based on that valuation — are

buying an appreciating asset at a discount.

The arbitrage window will close as more organizations adopt AI citation measurement. Early movers who build

the infrastructure, develop the content, and establish citation authority now will compound those advantages

over time.

Implication 4: Attribution Models Need a Full Rebuild

Most marketing attribution models treat all organic search as one channel. AI referral traffic needs its own

attribution path — with its own conversion metrics, its own LTV calculations, and its own ROI benchmarks.

Blending AI referral data into “organic search” obscures the true performance of both channels and prevents

accurate investment allocation.

Frequently Asked Questions

How do you calculate the value of an AI citation from Microsoft Copilot?

The AI Citation Value Framework uses five components: direct referral value, brand authority multiplier,

compounding citation effect, retargeting amplifier value, and content shelf life extension. Each component

captures a different dimension of value that a single AI citation delivers. Organizations should measure each

component independently using their own data, then combine them into a unified valuation that can be

compared against traditional organic search ROI.

Is a Copilot referral worth more than a traditional Google organic click?

The framework suggests that Copilot referrals carry structurally different value characteristics than Google

organic clicks. Traditional organic clicks are depreciating assets — subject to CTR decay, position fluctuation,

and algorithm updates. AI citations function as appreciating assets — they compound over time, experience no

position ranking decay, and benefit from implicit third-party endorsement by the AI system. Publishers should

calculate their own comparative values using the five-component framework and their organization-specific
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data.

Why do traditional SEO ROI models fail for AI search?

Traditional SEO ROI models depend on four inputs that do not exist in AI search: keyword positions, CTR

curves, graduated ranking values, and traffic-volume-based value accrual. AI citations are binary (cited or not),

carry no position ranking, have no CTR decay curve, and deliver value through authority reinforcement rather

than traffic volume alone. Applying traditional models to AI citations will systematically produce incorrect

valuations.

What is the compounding citation effect in AI search?

The compounding citation effect describes the observed pattern where once an AI system cites a source, it tends

to continue citing that source for related queries. Unlike traditional search rankings that fluctuate with every

algorithm update, AI citations build on themselves — each citation reinforces the source’s authority within the

AI model’s retrieval patterns. This creates an appreciating dynamic rather than the depreciating dynamic of

traditional rankings.

How many AI crawler visits does a typical website receive compared to human visits?

This varies significantly by site, but Tygart Media’s server log analysis from June 2026 recorded 6,805 AI

crawler hits compared to 4,897 traditional visits. On this property, AI systems were reading content at a higher

rate than traditional crawlers and human visitors. Organizations should conduct their own server log analysis to

understand their specific AI-to-human traffic ratio, as this metric is invisible in standard JavaScript-based

analytics platforms like Google Analytics.

What Comes Next in This Series
This framework is a starting point, not a final answer. The data underpinning AI citation valuation is still

maturing, and the frameworks will evolve as more organizations contribute measurement data and as AI

platforms’ citation behaviors become better understood.

In our final installment of the AI Search Intelligence series, we will synthesize the findings from all ten articles

into a unified strategic playbook — connecting platform-specific optimization, citation mechanics, and this

valuation framework into a comprehensive action plan for organizations ready to treat AI search as a first-class

channel.

The organizations that measure what matters — and invest based on those measurements rather than outdated

proxies — will own the AI citation economy. The framework is here. The data is building. The question is

whether you will wait for the market to price AI citations accurately, or whether you will capture the arbitrage

while it lasts.

All server log data, crawler statistics, and citation referral counts cited in this article are sourced from Tygart

Media server log analysis, June 2026. For methodology details, see our complete data analysis.

Platform-Specific AI Optimization (PSAO): The Definitive Framework for 2026
Source: https://tygartmedia.com/platform-specific-ai-optimization-psao-framework-2026/ Published: June 4,

2026
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Last verified: October 11, 2026.

Platform-Specific AI Optimization (PSAO) is the practice of tailoring content strategy to the distinct user

personas, retrieval mechanisms, and citation patterns of each individual AI search platform. It replaces the

outdated approach of “optimizing for AI” as though AI were a single channel with a single audience.

This article defines PSAO, maps the six major platforms, profiles their user personas, and provides the

operational checklist. It’s the synthesis of the entire PSAO editorial sprint into a single reference document.

Why PSAO Exists
Why PSAO exists — optimize per platform.

The phrase “optimize for AI” is as meaningless as “optimize for social media.” You wouldn’t write the same

post for LinkedIn and TikTok. You shouldn’t write the same content for Perplexity and Copilot. Each AI

platform has a different user base, different query patterns, different retrieval infrastructure, and different

citation mechanics.

PSAO emerged from practical necessity. Managing content across 20+ WordPress sites and tracking citation

data — including 98,800 Copilot grounding citations from a single property — made the platform-level

differences impossible to ignore. Content that earned citations on Copilot performed differently on Perplexity.

Articles that won Google AI Overviews weren’t the same articles ChatGPT cited. The patterns were consistent

and structural, not random.

The 6 PSAO Platforms

Platform 1: Perplexity

User persona: Researcher, analyst, fact-checker. Chose Perplexity specifically for inline citations and

multi-source verification. Query style: Multi-part, complex, verification-oriented. Content that wins: Primary

source data, methodology explanations, comprehensive structured guides with numbered steps. Retrieval: Bing

index + proprietary crawling. Inline numbered citations visible to users. Key metric: Citation frequency across

diverse query types.

Platform 2: Microsoft Copilot

User persona: Enterprise knowledge worker in Microsoft 365. Mid-task, time-pressured, gap-filling. Query
style: Short, specific, definitional. Pricing, comparisons, quick facts. Content that wins: Pricing tables,

comparison charts, FAQ format, definitive statements in professional tone. Retrieval: Bing index for

grounding. Footnote-style citations users rarely check. Key metric: Grounding citation count (tracked via Bing

Webmaster Tools AI Performance).

Platform 3: Google AI Overviews

User persona: Traditional Google searcher. Didn’t choose AI — it appeared automatically above organic

results. Query style: Standard Google search — informational, definitional, how-to. Content that wins: Direct

answer in first paragraph, schema markup, concise FAQ, entity-rich text. Retrieval: Google index +

Knowledge Graph. Small source chips below overview. Key metric: AI Overview appearance rate and

click-through from source chips.
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Platform 4: ChatGPT

User persona: Explorer, creator, problem-solver. Iterates through multi-turn conversations. Query style:
Conversational chains of 3-7 queries, each building on the previous. Code paste-ins, brainstorming. Content
that wins: Deep technical guides, tutorials with working examples, analytical frameworks that provoke further

thinking. Retrieval: Bing index via ChatGPT Search + OAI-SearchBot. End-of-response source links. Key
metric: Referral traffic quality (session duration, pages per session).

Platform 5: Claude

User persona: Builder, analyst, long-context thinker. Developers, engineers, technical operators. Query style:
Complex analysis, code review, architectural decisions, document synthesis with 50K-200K token contexts.

Content that wins: Technical deep-dives, honest trade-off analysis, decision frameworks, comparison

matrices. Retrieval: No native web search (mid-2026). Influence through training data, Claude Projects, MCP

integrations. Key metric: Content adoption as reference material, training data influence.

Platform 6: Gemini

User persona: Google Workspace native. Interacts with Gemini as a Google feature, not an AI product. Query
style: Factual lookups, data analysis, document summarization — embedded in Workspace apps. Content that
wins: Structured data, HTML tables, definitive factual statements, reference material. Retrieval: Google index

+ Knowledge Graph. Expandable source section. Key metric: Schema markup coverage and structured data

richness.

The PSAO User Persona Map
Platform Persona Intent Time Budget Citation

Awareness
Content Format

Perplexity Researcher Deep investigation Minutes to hours High — demands
sources

Guides, data,
methodology

Copilot Enterprise worker Gap-fill mid-task Seconds Low — ignores
footnotes

Tables, FAQ,
pricing

Google AIO Traditional
searcher

Quick answer Seconds Low — doesn’t
notice

Direct answer,
schema, FAQ

ChatGPT Explorer/creator Iterate and explore Minutes Moderate Tutorials, analysis,
depth

Claude Builder/analyst Complex analysis Minutes to hours Self-verifies Trade-offs,
decisions, tech

Gemini Workspace native Factual lookup Seconds Low — “it’s
Google”

Tables, facts,
reference

The PSAO Operational Checklist
PSAO operational checklist.

Use this checklist for every article before publishing. Each item maps to a specific platform’s citation

requirement:

Content Structure
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•  Direct answer in first paragraph, under 100 words (Google AIO, Gemini)

•  5-8 H2 sections, each answering a distinct sub-question (Perplexity)

•  FAQ section with 5-8 exact-match Q&A pairs (Copilot, Google AIO)

•  At least one HTML comparison or pricing table (Copilot, Gemini)

•  Technical depth section with specific implementation details (ChatGPT, Claude)

•  Trade-offs and limitations explicitly documented (Claude)

Technical Implementation

•  Article JSON-LD schema (all platforms)

•  FAQPage JSON-LD schema (Copilot, Google AIO)

•  HowTo schema if applicable (Google AIO)

•  BreadcrumbList schema (Google AIO, Gemini)

•  Submitted to Google Search Console (Google AIO, Gemini)

•  Submitted to Bing Webmaster Tools (Copilot, ChatGPT, Perplexity)

•  IndexNow configured for immediate indexing (Copilot, ChatGPT, Perplexity)

Content Quality

•  Factual density: specific, citable claims in every section (all platforms)

•  Entity-rich: named products, companies, standards, technologies (Gemini, Google AIO)

•  Professional tone suitable for pasting into business documents (Copilot)

•  Primary source data or first-party metrics where possible (Perplexity)

•  Working examples, code samples, or configurations where relevant (ChatGPT, Claude)

Distribution

•  Update cadence established (monthly minimum for competitive topics)

•  Internal links to and from related content (all platforms — authority signal)

•  External citations to authoritative sources within the article (Perplexity — authority chain)

PSAO vs Traditional SEO vs GEO vs AEO
PSAO vs traditional SEO vs GEO vs AEO.

PSAO is not a replacement for SEO, GEO (Generative Engine Optimization), or AEO (Answer Engine

Optimization). It’s the platform-specific layer that sits on top of those disciplines:

Discipline Focus Granularity

SEO Google organic search rankings Google-specific

AEO Featured snippets, People Also Ask,
voice search

Google-specific

GEO AI citation across all platforms AI as a monolith

PSAO Platform-by-platform AI optimization Individual platform personas
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GEO says “optimize for AI.” PSAO says “optimize for this AI platform’s specific user, specific retrieval

mechanism, and specific citation pattern.” It’s the same difference between “do social media marketing” and

“run a LinkedIn thought leadership strategy targeting VP-level decision makers in B2B SaaS.”

Implementing PSAO at Scale
For a single site, the PSAO checklist is manual. For managing multiple sites — which is the reality of agency

work and portfolio management — PSAO needs automation:

•  Schema injection automation: Every article gets Article + FAQPage schema automatically as part of the

publishing pipeline

•  Dual-index submission: Every new post submits to both Google Search Console and Bing Webmaster

Tools via IndexNow

•  Content structure templates: Writers start with the 6-layer template, ensuring every article has the direct

answer, structured sections, FAQ, tables, and technical depth

•  Update scheduling: Top-performing articles are flagged for monthly refresh with current data and

examples

•  Citation monitoring: Bing AI Performance data is reviewed weekly to track grounding citation trends

and identify content that’s earning (or losing) citations

Actionable Takeaways
•  Adopt PSAO as a named discipline. Stop saying “optimize for AI.” Start specifying which platform and

which user persona you’re targeting

•  Use the PSAO checklist for every article. Print it, pin it, make it a template in your CMS. Every item

maps to a real citation opportunity

•  Submit to both Google and Bing. Three of six platforms use Bing. This is the most common

infrastructure gap

•  Write for the persona, not the algorithm. The Perplexity researcher wants different content than the

Copilot enterprise worker. The structure follows from the persona

•  Measure platform-level performance. Track citations, referral traffic, and conversion rates by AI

platform — not “AI” as a single bucket

FAQ

What is Platform-Specific AI Optimization (PSAO)?

PSAO is the practice of tailoring content strategy to the distinct user personas, retrieval mechanisms, and

citation patterns of each individual AI search platform — Perplexity, Copilot, Google AI Overviews, ChatGPT,

Claude, and Gemini — rather than treating AI as a single optimization target.

How is PSAO different from GEO (Generative Engine Optimization)?

GEO treats AI search as a monolith — optimizing for “AI” broadly. PSAO operates at the individual platform

level, recognizing that each platform serves a different user persona with different content preferences and
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different citation mechanics. PSAO is the platform-specific layer that sits on top of GEO.

Do I need to create different content for each AI platform?

No. A single well-structured article can serve all six platforms using the PSAO 6-layer template: direct answer

first, comprehensive structured body, FAQ section, technical depth, HTML tables, and schema markup. Each

layer maps to a specific platform’s citation trigger.

What is the PSAO checklist?

The PSAO checklist is a pre-publish quality gate covering content structure, technical implementation, content

quality, and distribution. Each item maps to a specific AI platform’s citation requirements, ensuring every

article has maximum citation surface area across all six platforms.

Which AI platform should I prioritize for PSAO?

Prioritize based on your audience. If your audience is enterprise workers, prioritize Copilot optimization. If

your audience is researchers, prioritize Perplexity. For maximum coverage with minimum effort, use the

unified 6-layer article structure and the PSAO checklist to serve all platforms simultaneously.

Why Your Competitor’s Content Gets Cited by AI and Yours Doesn’t
Source: https://tygartmedia.com/why-competitor-content-gets-cited-by-ai-and-yours-doesnt/ Published: June 4,

2026

You publish an article on the same topic as your competitor. Their article gets cited by Copilot, Perplexity, and

Google AI Overviews. Yours doesn’t. The topic is the same. The word count is similar. You even think your

writing is better. So what’s different?

After analyzing citation patterns across the sites I manage — including the 98,800 Copilot citations data set and

the per-model content shaping research — I can identify exactly what separates content that earns AI citations

from content that gets ignored. It’s not writing quality. It’s structural.

The 6 Factors That Determine AI Citation
Six factors that determine AI citation.

AI platforms don’t evaluate content the way human editors do. They use measurable signals to decide what to

cite. Here are the six factors, ranked by impact:

Factor 1: Authority Signals (Domain and Page Level)

Every AI platform uses some form of authority scoring. Bing’s system (powering Copilot, ChatGPT Search,

and partially Perplexity) evaluates domain authority, backlink quality, and topical relevance. Google’s system

(powering AI Overviews and Gemini) uses E-E-A-T signals, Knowledge Graph connections, and site

reputation.

If your competitor’s domain has stronger authority signals — more quality backlinks, longer publishing history

in the niche, recognized author entities — they’ll be cited over you even when your content is technically better.

Authority is the foundation layer. Without it, everything else is marginal.

Factor 2: Factual Density
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AI citation engines prefer content that makes specific, verifiable factual claims over content that makes general

statements. “Implementation typically takes 6-8 weeks for a mid-size company and costs between $15,000 and

$45,000 depending on customization requirements” is citable. “Implementation timelines and costs vary based

on your specific needs” is not.

Count the specific, citable facts per 500 words in your article versus your competitor’s. The content with higher

factual density wins citations, because AI platforms need specific claims to ground their responses.

Factor 3: Structured Data Implementation

This is the most common gap I find when auditing sites that underperform on AI citations. The competitor has

FAQPage schema, Article schema, BreadcrumbList schema, and clean HTML tables. The underperformer has

none, or has broken schema that doesn’t validate.

Structured data is how AI platforms understand content structure without having to interpret prose. It’s the

difference between handing someone a well-organized filing cabinet and handing them a box of loose papers.

The content might be equally good — but the organized version gets used.

Factor 4: Update Frequency and Content Freshness

AI platforms track when content was last modified. In competitive citation scenarios — where multiple sources

could answer the same query — the more recently updated source wins. This is especially true on Perplexity

and Copilot, which weight freshness heavily.

If your competitor published their article six months ago and updated it last week, and your article was

published six months ago with no updates, they win. Even if your original content was superior. The update

doesn’t need to be a complete rewrite — adding current data, refreshing examples, and updating the

last-modified date can be enough.

Factor 5: Topical Depth and Coverage Completeness

AI platforms evaluate whether a source comprehensively covers the query topic. A 3,000-word article that

addresses every sub-question a user might ask about the topic will be cited more frequently than a 500-word

post that addresses only the headline question.

This isn’t about word count for its own sake. It’s about coverage completeness. Does your article answer the

follow-up questions a user might ask? Does it address edge cases and exceptions? Does it provide the

comparison the user would need to make a decision? Your competitor’s article probably does.

Factor 6: Bing Indexing and Technical Access

The most embarrassing reason your competitor gets cited and you don’t: they’re indexed by Bing and you’re

not. Three major AI platforms — Copilot, ChatGPT Search, and Perplexity — use Bing’s index. If you’ve

never submitted your sitemap to Bing Webmaster Tools, you’re invisible to half the AI landscape regardless of

content quality.

Check your Bing Webmaster Tools account. Verify your sitemap is submitted. Use IndexNow to push updates

immediately. This is table-stakes infrastructure that many sites neglect because they focus exclusively on

Google.

How to Run a Competitive Citation Audit
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How to run a competitive citation audit.

Here’s the practical framework for identifying why your competitor gets cited and you don’t:

•  Identify citation-winning competitors. Use Bing AI Performance in Bing Webmaster Tools to see which

domains appear alongside yours in AI responses. If you don’t see yourself, check which domains appear for

your target queries

•  Audit their structured data. Run their top pages through Google’s Rich Results Test. Compare their

schema implementation to yours

•  Measure factual density. Count specific, citable claims per section in their content versus yours. Are they

more specific? Do they include more data points, comparisons, and verifiable facts?

•  Check update patterns. When was their content last modified? How often do they refresh key articles?

Compare to your own update cadence

•  Evaluate topical depth. Do their articles answer more sub-questions than yours? Do they include

comparison tables, FAQ sections, and edge-case coverage that your articles lack?

•  Verify Bing indexing. Are your pages indexed in Bing? Are theirs? How quickly do new pages appear in

Bing’s index for each site?

The Fix Priority Order
The fix priority order.

If your competitive audit reveals gaps across multiple factors, fix them in this order for maximum impact:

•  Bing indexing (immediate): If you’re not in Bing, nothing else matters for Copilot, ChatGPT, or

Perplexity

•  Structured data (quick win): Adding schema markup to existing content can shift citation patterns

within weeks

•  Content freshness (ongoing): Update your top-performing articles with current data and examples

•  Factual density (content revision): Replace vague claims with specific, citable facts across your key

articles

•  Topical depth (content expansion): Add FAQ sections, comparison tables, and edge-case coverage to

thin articles

•  Authority building (long-term): Backlink acquisition, topical authority development, author entity

building

Actionable Takeaways
•  Run a competitive citation audit using the 6-factor framework. Compare your content against the

citation winners in your niche

•  Fix Bing indexing immediately. Submit your sitemap to Bing Webmaster Tools and implement

IndexNow

•  Add structured data to your top 20 articles. Article + FAQPage schema at minimum. HowTo and

BreadcrumbList where applicable
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•  Increase factual density. Replace every vague statement with a specific, citable claim where possible

•  Update key content monthly. Refresh data, update examples, add new sections. Freshness wins

competitive citation battles

FAQ

Why does my competitor’s content get cited by AI when mine doesn’t?

The most common reasons are stronger domain authority signals, higher factual density (more specific citable

claims per section), better structured data implementation, more recent content updates, deeper topical

coverage, and — frequently overlooked — proper Bing indexing that your site may lack.

What is the fastest way to start earning AI citations?

Submit your sitemap to Bing Webmaster Tools and add Article + FAQPage schema markup to your top articles.

These two actions address the most common technical gaps and can shift citation patterns within weeks. After

that, focus on increasing factual density and update frequency.

How do I measure whether my content is being cited by AI platforms?

Bing Webmaster Tools includes an AI Performance report showing Copilot citations, impression counts, and

grounding queries. For other platforms, monitor referral traffic from Perplexity, ChatGPT, and Gemini in your

analytics. Google Search Console is expanding AI Overview reporting.

Does writing quality affect AI citation rates?

Less than most people think. AI citation engines evaluate structure, authority, factual density, and freshness —

not prose quality. A well-structured article with specific facts and proper schema markup will be cited over a

beautifully written article that lacks these structural elements.

How often should I update content to maintain AI citations?

Key articles should be reviewed and updated at least monthly for competitive topics. Update current data,

refresh examples, add new FAQ pairs, and ensure the last-modified date reflects the changes. Even small

updates signal freshness to AI platforms in competitive citation scenarios.

The AI Search Funnel: From Citation to Click to Conversion
Source: https://tygartmedia.com/ai-search-funnel-citation-click-conversion-rates/ Published: June 4, 2026

An AI citation is not a click. A click is not a conversion. The funnel from “Copilot cited your site” to “a new

client signed up” has multiple stages, each with its own drop-off rate. Most content strategists celebrate

citations without measuring what those citations actually produce. After tracking the full funnel across the sites

I manage — including the 98,800 Copilot citations — here’s what the AI search funnel actually looks like.

The 4-Stage AI Search Funnel
The 4-stage AI search funnel.

Every AI search interaction follows a predictable funnel, regardless of platform:

•  Impression: Your content appears as a citation, source link, or referenced domain in an AI response
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•  Click: The user clicks through to your actual website

•  Engagement: The user reads, browses, or interacts with your site

•  Conversion: The user takes a desired action — fills a form, makes a purchase, subscribes, contacts you

Each stage has dramatically different metrics depending on which AI platform generated the impression.

Stage 1: The Citation (Impression)
Stage 1: the citation is the new impression.

Not all citations are equal. The platform determines how visible your citation is to the user:

Platform Citation Visibility User Citation Awareness

Perplexity Inline numbered citations — highly visible High — users actively check sources

Copilot Footnote-style references Low — most users don’t expand
footnotes

Google AI Overviews Small source chips below the overview Low to moderate — depends on query

ChatGPT Search End-of-response source links Moderate — users notice but rarely click

Gemini Expandable source section Low — embedded Workspace users
ignore citations

Claude Web-search citations when search is
used (API / claude.ai)

Moderate — citations on web-search
answers; training influence without
search

The implication: a Perplexity citation has fundamentally higher click-through potential than a Copilot citation

because the user actually sees and engages with the source attribution.

Stage 2: The Click-Through
Click-through rates from AI citations vary dramatically by platform. Based on the data I’ve tracked across

managed sites:

Perplexity Click-Through

Perplexity has the highest click-through rate of any AI platform because its users are researchers who verify

sources. When Perplexity cites your content with an inline [1] reference, a meaningful percentage of users click

through to read the source. The click-through rate from Perplexity citations substantially exceeds what we see

from Copilot or Google AI Overviews.

Google AI Overview Click-Through

Google AI Overviews present the biggest challenge: the overview often satisfies the user’s query completely,

eliminating the need to click. The click-through from AI Overview citations to the cited source is significantly

lower than traditional organic search. This is the zero-click problem at scale.

Copilot Click-Through

Copilot has the lowest click-through rate because the user is mid-workflow and the answer is consumed within

the Microsoft 365 application. The user got what they needed without leaving Word or Excel. The citation

exists in a footnote they never expand. From 98,800 citations, the actual click-through volume is a fraction of
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what that impression number suggests.

ChatGPT Click-Through

ChatGPT Search places source links at the end of responses. Users in conversation mode sometimes click these

links, especially when the topic requires deeper reading. Click-through rates are moderate — between

Perplexity’s high engagement and Copilot’s near-zero engagement.

Stage 3: Engagement Quality
Engagement quality still decides conversion.

Here’s where AI-sourced traffic gets interesting. Users who click through from AI platforms tend to be more

engaged than average organic visitors because they’ve already been pre-qualified by the AI’s response. They

clicked because the AI’s summary wasn’t enough — they want more depth.

The engagement pattern by platform:

•  Perplexity referrals: Longest time on page. These users arrived because they’re researching and the AI

response prompted them to go deeper. They read, they bookmark, they follow internal links

•  ChatGPT referrals: Above-average engagement. The conversational context means they arrive with

specific questions the article can answer

•  Google AI Overview referrals: Mixed. Some users click because the overview was incomplete. Others

misclick. Bounce rates are higher than other AI referral sources

•  Copilot referrals: The rare users who do click through from Copilot are highly engaged — they

specifically sought out the source, which signals strong intent

Stage 4: Conversion
The final stage is where AI search traffic’s value becomes concrete. Conversion rates from AI referrals depend

heavily on two factors: the quality of the pre-qualification (how well the AI response set expectations) and the

alignment between the AI’s citation context and your conversion path.

AI Traffic vs Google Organic: The Conversion Comparison

AI-sourced traffic converts differently than Google organic traffic. Google organic users arrive with search

intent that maps directly to your content. AI-sourced users arrive because an AI cited you while answering a

broader question — the intent alignment is less precise but the trust transfer from the AI platform can

compensate.

The net effect in the data I’ve tracked: AI referral traffic converts at rates comparable to Google organic for

informational-to-contact funnels (content marketing -> lead gen). It converts lower for direct commercial

queries where Google organic’s intent-matching advantage matters more.

Where the Funnel Leaks (And How to Fix It)

Leak 1: Citation Without Click

Problem: Copilot and Google AI Overviews generate thousands of citations that produce minimal clicks. Fix:
Treat these citations as brand impressions, not traffic sources. Measure brand recognition lift and branded
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search volume increases alongside click-through.

Leak 2: Click Without Engagement

Problem: Users click through from AI but bounce because the landing page doesn’t match the context of the

AI’s citation. Fix: Ensure the specific section cited by the AI is prominent on the page. Use in-page anchors and

clear section headers so arriving users immediately see the content that prompted their click.

Leak 3: Engagement Without Conversion

Problem: Users read the content but don’t convert because there’s no conversion path within the content flow.

Fix: Embed contextual CTAs within the article body, not just at the bottom. If the AI cited your pricing

comparison, the CTA should be adjacent to the pricing content, not after 2,000 more words.

Actionable Takeaways
•  Measure the full funnel, not just citations. Track impression -> click -> engagement -> conversion for

each AI platform separately

•  Treat low-CTR platforms as brand channels. Copilot’s 98,800 citations are brand impressions even if

few users click through. Measure branded search lift

•  Optimize landing pages for AI referral context. Users arrive mid-thought. Make the cited content

immediately visible

•  Embed conversion paths within content. Contextual CTAs near the sections most likely to be cited by

AI platforms

•  Prioritize Perplexity for traffic, Copilot for brand awareness. Different platforms serve different

funnel stages

FAQ

What percentage of AI citations result in actual website clicks?

It varies dramatically by platform. Perplexity citations generate the highest click-through because its users

actively verify sources. Copilot citations generate the lowest because users consume answers within Microsoft

365 without expanding footnotes. Google AI Overview and ChatGPT fall between these extremes.

Is AI search traffic better or worse than Google organic for conversions?

AI referral traffic converts at rates comparable to Google organic for informational-to-contact funnels. It

converts lower for direct commercial queries where Google’s intent-matching advantage is stronger. The

quality of pre-qualification from AI responses can compensate for less precise intent alignment.

How should I measure the value of AI citations that don’t generate clicks?

Treat low-click-through citations as brand impressions. Track branded search volume increases, direct traffic

growth, and brand recognition metrics. A user who sees your domain cited by Copilot daily may eventually

search for you directly.

Which AI platform sends the highest quality traffic?



Tygart Media — tygartmedia.com Page 55

Perplexity referrals consistently show the longest time on page and lowest bounce rates because these users are

researchers who clicked through specifically to go deeper. Copilot referrals, while rare, also show strong

engagement because the user actively sought out the source.

Where does the AI search funnel leak the most?

The biggest leak is citation-without-click, particularly on Copilot and Google AI Overviews. The second

biggest leak is click-without-engagement, caused by landing page misalignment with the AI citation context.

Embedding contextual CTAs and ensuring cited sections are prominent addresses both leaks.

Related on Tygart Media: AI citation economy · how AI engines cite · GEO tactics.

How to Write One Article That Serves All 6 AI Platforms
Source: https://tygartmedia.com/write-one-article-serves-all-six-ai-platforms-psao/ Published: June 4, 2026

If you’ve been following this PSAO series, you now understand that each AI platform serves a different user

persona with different content preferences. The Perplexity user wants cited research. The Copilot user wants a

pricing table. The Google AI Overview user wants the answer in paragraph one. The ChatGPT user wants

explorative depth. The Claude user wants honest trade-offs. The Gemini user wants structured data.

The obvious question: do I need to write six different articles for every topic?

No. But you do need to write one article with a specific structure that hits all six citation triggers. Here’s the

architecture.

The Universal PSAO Article Structure
Universal PSAO article structure.

After publishing and tracking citation patterns across the sites I manage — including the 98,800 Copilot

citations documented in the meta sprint — I’ve reverse-engineered a single article structure that performs across

all platforms. Each section serves a specific platform’s content preference while maintaining a coherent reading

experience for humans.

Layer 1: Direct Answer First (Google AI Overviews)

The first paragraph must answer the article’s core question directly, completely, and in under 100 words. This

isn’t a teaser or a hook — it’s the answer. Google AI Overviews extract from the opening section. If your article

starts with background, context, or a personal anecdote, Google skips you and cites the competitor who led with

the answer.

Template: “ is [definition/answer]. It works by . The key consideration is . Here’s the complete breakdown.”

Layer 2: Comprehensive Body with Structured Sections (Perplexity)

After the direct answer, build the comprehensive body. Each H2 section should answer a distinct sub-question

that a researcher might ask. Perplexity’s retrieval engine chunks content by section headers and cites individual

sections for specific queries. The more distinct, well-labeled sections your article has, the more citation surface

area you create for Perplexity.
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Template: H2 headers as questions (“How does X work?”, “What are the costs of Y?”, “When should you

choose Z over W?”). Each section is a self-contained mini-article: claim, evidence, context, specific numbers.

Layer 3: FAQ Section with Exact-Match Questions (Copilot)

Copilot’s grounding engine pattern-matches user queries to FAQ headings. An FAQ section with 5-8

question-and-answer pairs, where the questions match how enterprise workers phrase their queries, is a Copilot

citation magnet. Keep answers to 2-4 sentences — tight enough for Copilot to extract but substantive enough to

be useful.

Template: H3 questions using “What is,” “How much does,” “What’s the difference between,” “Should I.”

Answers: definitive, factual, 40-80 words each.

Layer 4: Technical Depth and Working Examples (ChatGPT + Claude)

Within the comprehensive body, include at least one section with genuine technical depth. Code examples,

configuration samples, architecture decision reasoning, or detailed methodology. ChatGPT cites this when users

ask specific technical questions. Claude users value it when they encounter your content through any channel.

Template: A section titled “Implementation Guide,” “Technical Architecture,” or “Step-by-Step

Configuration” with actual specifics — not conceptual overviews.

Layer 5: Tables and Structured Data (Gemini + Copilot)

Every article that involves comparisons, pricing, features, or specifications should include at least one HTML

table. Tables serve both Gemini (which needs data it can relay to Workspace users) and Copilot (which cites

structured data for enterprise workers). A single comparison table can earn citations from both platforms

simultaneously.

Template: Feature comparison tables, pricing breakdowns, decision matrices. Clean HTML <table> markup,

not images of tables.

Layer 6: Schema Markup (All Platforms)

JSON-LD schema markup is the universal amplifier. Article schema, FAQPage schema, HowTo schema (if

applicable), and BreadcrumbList schema improve citation probability across every platform that uses structured

data — which is all of them to varying degrees.

The Complete Article Template
Putting all six layers together, a PSAO-optimized article looks like this:

•  Title: 50-60 characters, primary keyword front-loaded

•  Opening paragraph: Direct answer in under 100 words (Google AIO layer)

•  Definition box: 40-60 word definition of the core concept (Google AIO + Gemini)

•  Comprehensive body: 4-8 H2 sections, each answering a distinct sub-question (Perplexity layer)

•  Technical depth section: Implementation details, code examples, architecture reasoning (ChatGPT +

Claude layer)

•  Comparison table: At least one structured HTML table (Gemini + Copilot layer)
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•  Actionable takeaways: Numbered list of 5-7 specific actions (all platforms)

•  FAQ section: 5-8 exact-match Q&As with concise answers (Copilot + Google AIO layer)

•  Schema markup: Article + FAQPage + HowTo if applicable (universal amplifier)

What This Looks Like in Practice
What this looks like in practice.

Every article in this PSAO series follows this structure. Look at the architecture:

•  Each article opens with a direct answer paragraph (Layer 1)

•  The body has 5-7 distinct H2 sections answering sub-questions (Layer 2)

•  An FAQ section closes each article with 5 exact-match Q&As (Layer 3)

•  Technical specifics — query patterns, data breakdowns, implementation details — are embedded in the

body (Layer 4)

•  Comparison tables appear in every persona article (Layer 5)

•  Article + FAQPage JSON-LD schema is appended to every article (Layer 6)

This isn’t a theoretical framework — it’s the production template running across the sites I manage.

Common Mistakes When Writing for Multiple Platforms
Common mistakes when writing for multiple platforms.

Mistake 1: Starting with a Story Instead of the Answer

Personal anecdotes and narrative hooks work for human readers on social media. They fail on AI platforms

because every platform except ChatGPT extracts from the opening section. If your answer is in paragraph four,

Google, Copilot, and Gemini will cite your competitor who put it in paragraph one.

Mistake 2: Using Images Instead of HTML Tables

A beautiful comparison infographic is invisible to every AI platform. AI systems can’t read text in images. The

same data in an HTML table is citable by all six platforms. Always use HTML tables alongside any visual

representation.

Mistake 3: Writing FAQ Answers That Are Too Long

Copilot and Google AIO need 2-4 sentence FAQ answers. When your FAQ answers are 200-word mini-essays,

these platforms can’t extract clean, citable responses. Keep FAQ answers tight — save the depth for the body

sections.

Mistake 4: Ignoring Bing Indexing

Three of the six platforms — Copilot, ChatGPT Search, and Perplexity — use Bing’s index. If your site isn’t

submitted to Bing Webmaster Tools and you’re not using IndexNow for rapid indexing, you’re invisible to half

the AI search landscape.

Actionable Takeaways
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•  Use the 6-layer structure for every new article. Direct answer -> comprehensive body -> FAQ ->

technical depth -> tables -> schema. This template serves all platforms simultaneously

•  Always start with the answer. First 100 words should fully answer the article’s core question. No

preamble, no story, no context-setting

•  Include at least one HTML table per article. Comparison, pricing, or feature tables serve Gemini and

Copilot simultaneously

•  Write 5-8 FAQ pairs with 40-80 word answers. Tight enough for Copilot extraction, substantive enough

for Google AIO sourcing

•  Submit to both Google Search Console and Bing Webmaster Tools. This covers all six platforms’

index sources

•  Implement Article + FAQPage schema on every article. The universal citation amplifier

FAQ

Do I really need to optimize for all 6 AI platforms?

You don’t need to create separate content for each platform. One well-structured article using the 6-layer PSAO

template serves all platforms simultaneously. The key is including the right structural elements — direct

answer, comprehensive sections, FAQ, tables, technical depth, and schema — in a single piece.

What is the most important layer for multi-platform performance?

The direct answer in paragraph one. It serves Google AI Overviews (which extract from the opening), Gemini

(which relays definitive statements), and Copilot (which front-loads factual content). Every other layer is

additive; this one is foundational.

How long should a PSAO-optimized article be?

Between 1,500 and 2,500 words for standard articles, up to 3,500 for pillar content. This length provides

enough depth for Perplexity and ChatGPT citation surface area while keeping the article focused enough for

Google AI Overview extraction.

Do HTML tables actually improve AI citation rates?

Yes. AI platforms read HTML table markup but cannot parse text embedded in images. A comparison table in

clean HTML is citable by all six platforms. The same data as an infographic or screenshot is invisible to every

AI system.

Should I submit my site to Bing even if I only care about Google?

Absolutely. Copilot, ChatGPT Search, and Perplexity all use Bing’s index for web content retrieval. Ignoring

Bing means you’re invisible to half the AI search platforms regardless of how well your content performs on

Google.

The Gemini User: Google Ecosystem Native Who Trusts Structured Data
Source: https://tygartmedia.com/gemini-user-persona-google-ecosystem-native-structured-data/ Published:

June 4, 2026
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Gemini users are the most underestimated persona in the AI search landscape. Content strategists focus on

ChatGPT’s scale, Perplexity’s citations, and Copilot’s enterprise footprint — while ignoring the billion-plus

users who interact with Gemini through Google Workspace, Android, and Google Search every day. These

users don’t think of themselves as “using an AI product.” They’re using Google. And that distinction defines

what content wins.

This is the sixth article in the PSAO series, and it completes the platform-by-platform user profiles before we

move to synthesis and strategy.

Who Uses Gemini (The Invisible Majority)
Who uses Gemini — the invisible majority.

Gemini’s deployment is broader than any other AI platform because Google embedded it everywhere:

•  Google Workspace users: Gemini is in Gmail (“Help me write this reply”), Google Docs (“Summarize

this document”), Google Sheets (“Analyze this data”), and Google Slides (“Generate a presentation

outline”). These users interact with Gemini as a feature, not a product

•  Android users: Gemini replaced Google Assistant on Android devices. When someone says “Hey

Google, what’s the best restaurant near me?”, they’re talking to Gemini. They likely don’t know or care

•  Google Search users: Gemini powers Google AI Overviews (covered in the AI Overview user article),

but also powers the standalone Gemini chat interface that some users access directly

•  Developers: Gemini through Vertex AI serves enterprise developers who build AI applications. This is a

distinct persona from the Workspace user — more similar to Claude’s developer audience

The dominant Gemini persona is the Workspace user — someone operating inside Google’s ecosystem who

expects Google-quality factual accuracy without having to leave their workflow.

How Gemini Users Interact (Embedded, Not Standalone)
How Gemini users interact — embedded, not standalone.

The In-App Query

The typical Gemini interaction happens inside another application. The user is writing an email in Gmail and

asks Gemini to “make this more professional.” They’re in Google Sheets and ask “what’s the trend in this

data?” They’re in Google Docs reviewing a contract and ask “what are the key risks in this agreement?”

These queries are contextual — they reference the user’s current document, email, or spreadsheet. The content

Gemini draws on to supplement its responses is whatever Google’s systems deem authoritative for the domain

of the user’s query.

Factual Lookup Queries

When Gemini users ask factual questions, they expect Google-grade accuracy. The trust threshold is higher than

ChatGPT or Copilot because users associate the Google brand with authoritative answers. Content that includes

hedging language, speculative claims, or unverifiable statistics loses to content that states facts with precision

and backs them up.
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Data Analysis and Summarization

Gemini in Google Sheets and Docs handles a significant volume of data analysis and document summarization

queries. Users paste or upload data and ask for interpretation. The content Gemini references for this —

benchmark data, industry standards, methodology explanations — is the content that becomes a background

source for millions of summarization tasks.

What Content Wins with Gemini
What content wins with Gemini.

Structured Data That Google Can Parse

Gemini is built on Google’s infrastructure, which means it has deep integration with Google’s Knowledge

Graph, structured data systems, and entity recognition. Content with comprehensive schema markup, clean

HTML tables, and well-structured metadata is dramatically easier for Gemini to ingest and reference. This isn’t

about SEO gamesmanship — it’s about making your content machine-readable at the level Google’s systems

expect.

Tables and Lists Over Prose

Gemini’s Workspace integration means many responses need to be structured. When a user in Sheets asks about

industry benchmarks, Gemini wants data it can present in a table format. Content that presents information in

tables, numbered lists, and structured formats gives Gemini material it can directly use in Workspace contexts.

Factual Statements That Don’t Require External Verification

Gemini prioritizes content that makes definitive, verifiable factual statements. “The standard depreciation

period for commercial real estate under MACRS is 39 years” is exactly what Gemini needs. “Depreciation

periods vary depending on multiple factors” is useless. The Workspace user needs a specific fact they can use in

their document — and Gemini needs a source it can confidently cite for that fact.

Industry-Standard Reference Material

Content that functions as reference material — glossaries, standards documents, regulatory summaries,

technical specifications — earns disproportionate Gemini citations because it answers the lookup-style queries

that dominate Workspace interactions. If your content is the kind of thing a professional bookmarks for quick

reference, it’s the kind of thing Gemini wants to cite.

Gemini vs Other Platforms: The Key Differences
Dimension Gemini User Copilot User Claude User

Ecosystem Google Workspace, Android Microsoft 365 Standalone + API

Awareness of AI Low — it’s “Google” Medium — it’s a sidebar High — deliberate choice

Query type Factual lookups, data analysis Gap-filling mid-task Complex analysis, code
review

Content preference Tables, structured data, facts FAQ, pricing tables Deep analysis, trade-offs

Trust model “Google says it” “Microsoft says it” “I’ll verify it myself”
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Actionable Takeaways for Gemini Optimization
•  Implement comprehensive schema markup. Gemini’s Google integration means structured data is more

important here than on any other platform

•  Present key information in tables. Gemini Workspace users need data they can paste into Sheets and

Docs. Tables are citation magnets

•  Make definitive factual statements. No hedging. State the fact, cite the source, give Gemini a clean

statement it can relay with confidence

•  Publish reference material. Glossaries, standards summaries, technical specifications, and regulatory

guides earn disproportionate Gemini usage

•  Optimize for Google’s Knowledge Graph. Entity-rich content with explicit relationships between

entities helps Gemini connect your content to relevant queries

FAQ

Where do people interact with Gemini?

Gemini is embedded across Google’s ecosystem: Gmail, Google Docs, Google Sheets, Google Slides, Android

devices (replacing Google Assistant), Google Search (powering AI Overviews), and as a standalone chat

interface. Most users interact with Gemini as a feature of Google products, not as a separate AI product.

How does Gemini choose what content to reference?

Gemini leverages Google’s existing infrastructure — the Knowledge Graph, structured data systems, and

search index. Content with comprehensive schema markup, clean HTML tables, and well-structured metadata is

prioritized because it’s machine-readable at the level Google’s systems expect.

What content format works best for Gemini citations?

Tables, structured data, definitive factual statements, and reference material. Gemini’s Workspace context

means it often needs to present information in table format for Sheets users or provide facts for Docs users.

Content that serves these use cases earns the most citations.

Is optimizing for Gemini different from optimizing for Google Search?

Partially. Both benefit from schema markup, entity-rich content, and factual accuracy. But Gemini Workspace

interactions add emphasis on tabular data, reference-style content, and definitive statements that a user can

paste directly into a business document or spreadsheet.

Do I need to submit my site to a special index for Gemini?

No. Gemini uses Google’s existing search index and Knowledge Graph. If your site is well-indexed by Google

with comprehensive schema markup, Gemini can access it. Standard Google Search Console practices apply.

The Claude User: Builder, Analyst, and Long-Context Thinker
Source: https://tygartmedia.com/claude-user-persona-builder-analyst-long-context-thinker/ Published: June 4,

2026
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I use Claude to manage 20+ WordPress sites, write code, analyze data, and build infrastructure. I’m not unusual

among Claude users — we’re the builders, the analysts, and the people who need an AI that can hold 200,000

tokens of context without losing the thread. And that user profile shapes exactly what content Claude surfaces,

recommends, and would cite if citation features expand.

Last refreshed: October 8, 2026 (Pacific)

This is the fifth article in the PSAO series. Each article profiles a different AI platform’s user persona because

writing “for AI” without specifying which platform is meaningless.

Who Uses Claude (And Why They Chose It)
Who uses Claude — and why they chose it.

Claude’s user base self-selects differently than any other AI platform. Nobody ends up using Claude by

accident — there’s no browser default, no operating system integration forcing adoption. People choose Claude

for specific reasons, and those reasons define the content that resonates with them:

•  Developers and engineers: Code review, architecture decisions, debugging complex systems, writing

documentation. Claude’s long context window means they can paste entire codebases and get meaningful

analysis

•  Analysts and researchers: Document analysis, report synthesis, data interpretation. They upload PDFs,

spreadsheets, and research papers and ask Claude to extract insights

•  Technical writers and content strategists: People who need nuanced, accurate writing that doesn’t

oversimplify. Claude’s tendency to acknowledge trade-offs rather than pick a winner appeals to this group

•  Business operators who run on AI: People like me — using Claude Code, Claude Projects, Claude API

to build actual operational infrastructure. Not just asking questions, but building systems

The common thread: Claude users are builders. They don’t just consume AI output — they integrate it into

workflows, iterate on it, and treat Claude as a collaborator rather than an oracle.

How Claude Users Work (Not Just Search)
How Claude users work — not just search.

Claude users don’t “search” in the traditional sense. They work. The distinction matters for content strategy:

Long-Context Document Analysis

Claude users regularly paste 50,000-200,000 tokens of content and ask questions about it. A lawyer pastes a

100-page contract. A developer pastes an entire repository. A researcher pastes five papers. The questions they

then ask Claude are specific, contextual, and often unanswerable by any search engine because the answer

requires synthesizing the pasted context with general knowledge.

Content that serves this user provides the “general knowledge” side of the equation — authoritative reference

material that Claude can draw on when synthesizing answers about the user’s specific documents.

Architectural Decision Queries
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Claude users frequently ask for help with decisions that involve trade-offs: “Should I use PostgreSQL or

MongoDB for this use case, given these constraints?” The key behavioral pattern is that Claude users want the

trade-offs acknowledged, not hidden. Content that says “PostgreSQL is the best choice” loses to content that

says “PostgreSQL is stronger for X and Y, but MongoDB handles Z better — here’s how to decide.”

Code Review and Refactoring

Claude Code users paste code and ask for analysis, optimization suggestions, and security review. This creates

demand for content that explains why certain patterns are better — not just what pattern to use. Claude users

want the reasoning, not just the recommendation.

What Content Wins with Claude Users
What content wins with Claude users.

Technical Deep-Dives with Trade-Off Analysis

The single most effective content format for the Claude audience is the honest technical comparison. Not “5

Best Tools for X” but “How to Choose Between Tool A and Tool B: The Decision Framework.” Claude users

are allergic to content that picks winners without acknowledging costs. They trust content that shows them the

full picture and lets them decide.

Architectural Decision Records

Content structured as ADRs (Architecture Decision Records) — stating the context, the options considered, the

decision made, and the trade-offs accepted — resonates deeply with Claude’s technical user base. This format

maps directly to how they think about problems.

Comparison Matrices

Detailed feature comparison matrices with honest assessments (not marketing-biased checkmarks where your

product wins every category) perform well. Claude users evaluate tools rigorously. Content that survives their

scrutiny earns their trust and their recommendations to colleagues.

Implementation Guides with Context

Claude users don’t just want “how to do X.” They want “how to do X in the context of Y, given constraints Z.”

Content that provides implementation guidance within specific architectural or business contexts outperforms

generic tutorials. The Claude user is past the beginner stage — they need content that matches their level of

sophistication.

Honest Assessments and Limitations

Here’s what separates content that Claude users trust from content they dismiss: acknowledging what doesn’t

work. Every tool, framework, and approach has limitations. Content that documents those limitations honestly

— “this approach breaks down when you exceed N concurrent connections” — earns Claude users’ respect and

citation.

Claude’s Evolving Citation Landscape
Claude does have native web search in its chat apps — paid plans have had it since March 2025, with a toggle

in the chat interface. But the content strategy still matters for several reasons:
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•  Training data influence: Content widely published and linked is more likely to be included in Claude’s

training data, influencing how Claude answers questions in your domain

•  Claude Projects and custom knowledge: Organizations upload content to Claude Projects as reference

material. Being the content that organizations choose to upload is a form of citation

•  MCP integrations: Claude’s Model Context Protocol allows connecting to external data sources. As web

search MCPs become standard, your content needs to be findable and structured for extraction

•  Claude Code references: Developers using Claude Code frequently reference documentation and guides.

Being the go-to reference in your domain means Claude users paste your content into their sessions

Actionable Takeaways for Claude User Content
•  Write with trade-offs visible. Never hide downsides. Claude users trust content that acknowledges

limitations and helps them decide, not content that sells them a conclusion

•  Structure content as decision frameworks. “How to choose” outperforms “the best” for this audience

every time

•  Go deep on technical implementation. Surface-level overviews don’t serve builders. Include architecture

context, code-level detail, and real-world constraints

•  Publish comparison matrices with honest assessments. No marketing-biased checkmark charts. Real

evaluations that survive scrutiny

•  Write for the long context. Your content may be pasted alongside 100,000 other tokens. It needs to be

information-dense and skimmable simultaneously

FAQ

What type of professional primarily uses Claude AI?

Claude’s user base skews heavily toward developers, engineers, analysts, technical writers, and business

operators who integrate AI into workflows. These are builders who chose Claude for its long context window,

nuanced reasoning, and willingness to acknowledge trade-offs rather than oversimplify.

How do Claude users differ from ChatGPT users?

Claude users are generally more technical and work with longer, more complex contexts. Where ChatGPT users

explore and iterate conversationally, Claude users often paste large documents, codebases, or datasets and ask

specific analytical questions. Claude users also expect trade-offs acknowledged rather than winners declared.

Does Claude have web search like ChatGPT?

Claude does offer native web search in its chat apps — paid plans have had it since March 2025, with a toggle

in the chat interface. Even so, content strategy still matters through training data influence, Claude Projects

knowledge uploads, MCP web integrations, and the practice of Claude Code users referencing and pasting

authoritative content into their sessions.

What content format resonates most with Claude users?

Technical deep-dives with honest trade-off analysis, decision frameworks, architectural comparison matrices,

and implementation guides with real-world context. Claude users are past the beginner stage and need content
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matching their level of sophistication.

How should I structure content for potential Claude training data inclusion?

Publish authoritative, widely-linked, information-dense content with clear structure, honest assessments, and

specific technical detail. Content that becomes a go-to reference in its domain — cited by other publications and

linked from documentation — has the highest probability of influencing Claude’s training knowledge.

The ChatGPT User: Explorer, Creator, and Iterative Problem-Solver
Source: https://tygartmedia.com/chatgpt-user-persona-explorer-creator-problem-solver/ Published: June 4,

2026

Last verified: October 11, 2026. ChatGPT’s search features evolve with each model and product update —

always confirm current behavior against the live product before relying on it.

ChatGPT has the largest user base of any AI platform — and that’s precisely why “optimize for ChatGPT” is

almost meaningless without understanding which ChatGPT user you’re targeting. The person using ChatGPT to

debug Python code is not the same person using it to plan a vacation. But they share behavioral patterns that

distinguish them from users on every other AI platform.

This is the fourth article in the PSAO series. For the technical implementation of ChatGPT citation

optimization, see the guide to getting cited in ChatGPT Search.

Who Uses ChatGPT (The Broadest Persona Spectrum)
Who uses ChatGPT — the broadest persona spectrum.

ChatGPT’s user base is the most diverse of any AI platform. But within that diversity, the users who drive

citations — the ones whose queries pull from your content via ChatGPT Search — share distinct

characteristics:

•  Explorers: People who start with a vague idea and refine it through conversation. “I’m thinking about

starting a business in X, what should I consider?” -> follow-up -> follow-up -> specific question about

licensing

•  Creators: Writers, designers, marketers, developers who use ChatGPT as a collaborator. They paste drafts

and ask for feedback. They generate options and iterate

•  Problem-solvers: Developers debugging code, analysts working through data questions, students solving

problems. They paste error messages and expect specific fixes

•  Researchers: Overlaps with Perplexity, but less rigorous. ChatGPT users accept answers with less source

scrutiny. They want understanding, not verification

The common thread: ChatGPT users have conversations. They don’t ask a single question and leave. They

iterate. This changes what content gets cited because ChatGPT’s retrieval happens in the context of an evolving

conversation, not a single query.

How ChatGPT Users Search (Conversational Iteration)

The Follow-Up Chain
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A Perplexity user asks one comprehensive question. A Google user asks one short question. A ChatGPT user

asks a chain of 3-7 questions, each building on the previous answer. The first question is often broad (“Tell me

about content marketing for SaaS companies”), and by the fifth question it’s specific (“What’s the best way to

structure a comparison page for two competing SaaS products targeting enterprise buyers?”).

The content that gets cited is the content that answers the specific later questions, not the broad initial one.

ChatGPT’s search triggers when it needs factual grounding for a specific claim — and those claims emerge

later in the conversation when the user has narrowed their focus.

Code and Technical Paste-Ins

A significant portion of ChatGPT queries involve pasted code, error messages, configuration files, or technical

output. When the user pastes a Kubernetes error log and asks “what’s wrong here?”, ChatGPT may search for

documentation about that specific error code. Technical documentation, troubleshooting guides, and

error-code-specific content gets cited heavily through this path.

Creative Brainstorming Queries

ChatGPT users frequently use the platform for ideation: “Give me 10 angles for a blog post about AI in

healthcare.” These queries generate citations from content that provides frameworks, lists of considerations, and

thought-provoking analysis. The cited content isn’t answering a factual question — it’s providing structure for

creative thinking.

What Content Wins on ChatGPT
What content wins on ChatGPT.

Deep Technical Guides

ChatGPT’s search feature (powered by Bing) activates when the model needs factual support for technical

claims. In-depth technical guides — with code examples, architecture diagrams described in text, and specific

implementation details — get cited when users ask technical questions. Superficial overviews lose to

competitors with genuine technical depth.

Tutorials with Working Examples

The paste-and-debug workflow means ChatGPT users value content with actual code samples, configuration

examples, and step-by-step tutorials that produce working results. Content that says “configure your settings

appropriately” loses to content that shows the exact configuration with explanations of each parameter.

Thought-Provoking Analysis

For non-technical queries, ChatGPT cites content that provides analytical frameworks. Articles that pose

questions, present trade-offs, and explore nuances outperform articles that give simple answers. The ChatGPT

user is in exploration mode — they want content that generates further questions, not content that ends the

conversation.

Comprehensive How-To Content

Unlike Copilot (which wants quick answers) or Google AI Overviews (which wants the first paragraph),

ChatGPT cites comprehensive content and extracts the relevant section. A 3,000-word guide gets cited for a
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single paragraph that answers the user’s specific sub-question. This means comprehensive content has more

citation surface area — more chances for different queries to land on different sections.

ChatGPT Search vs ChatGPT Training
It’s important to distinguish between content that ChatGPT “knows” from its training data and content it cites

via search. Training knowledge is static — content published before the training cutoff may be referenced

without citation. But ChatGPT Search (the Bing-powered feature) actively searches the web and provides

citations. Your optimization strategy should target both:

•  For search citations: Ensure Bing indexing, use structured data, publish frequently updated content on

trending topics

•  For training influence: Publish authoritative, widely-linked content that’s likely to be included in future

training data. This is a longer-term play with less measurable impact but significant brand positioning value

Actionable Takeaways for ChatGPT Optimization
Actionable takeaways for ChatGPT optimization.

•  Write content that answers the fifth question, not the first. ChatGPT users iterate. Your content should

target the specific, narrowed-down queries that emerge later in conversations

•  Include working code examples and specific configurations. The paste-and-debug workflow drives

heavy citation traffic for technical content

•  Provide analytical frameworks, not just answers. ChatGPT users want to explore. Content that opens

new lines of thinking gets cited more than content that closes them

•  Maximize citation surface area. Comprehensive, well-sectioned articles give ChatGPT more extractable

chunks to cite across different query types

•  Index with Bing and update frequently. ChatGPT Search uses Bing. Same infrastructure requirement as

Copilot, different content strategy

FAQ

What makes ChatGPT users different from other AI search users?

ChatGPT users have conversations — they iterate through 3-7 questions per session, each building on the

previous answer. This conversational pattern means content gets cited for answering specific, narrowed-down

sub-questions rather than broad initial queries.

Does ChatGPT use Google or Bing for its search citations?

ChatGPT Search is powered by Bing’s index, not Google’s. Content needs to be indexed by Bing and submitted

through Bing Webmaster Tools to be eligible for ChatGPT search citations. The OAI-SearchBot crawler also

directly indexes content for ChatGPT.

What content format performs best for ChatGPT citations?

Deep technical guides with working code examples, comprehensive tutorials, and analytical content that

provides frameworks for thinking. ChatGPT extracts specific relevant sections from long-form content, so
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comprehensive articles have more citation surface area than short posts.

How is ChatGPT citation different from ChatGPT training data?

Training data is static knowledge from before the model’s cutoff date — referenced without citation. Search

citations come from Bing-powered real-time web search and include visible source links. Your strategy should

target both: current indexed content for search citations and authoritative, widely-linked content for training

influence.

Should I write differently for ChatGPT than for Perplexity?

Yes. Perplexity users want comprehensive research with citations they can verify. ChatGPT users want

explorative content that generates further questions and provides analytical frameworks. Perplexity rewards

primary data and methodology; ChatGPT rewards depth, examples, and thought-provoking analysis.

The Google AI Overview User: The Searcher Who Didn’t Ask for AI
Source: https://tygartmedia.com/google-ai-overview-user-searcher-who-didnt-ask-for-ai/ Published: June 4,

2026

Last verified: October 11, 2026. Google AI Overviews behavior evolves with each Google update — always

confirm current rollout behavior before relying on it.

Every other AI platform in this series has an intentional user — someone who chose to use that product. The

Google AI Overview user is different. They didn’t choose AI. They typed a query into Google the same way

they’ve done for twenty years, and Google decided to insert an AI-generated summary above the organic

results. This is the only AI search platform where the user is an unwilling participant.

That distinction changes everything about how you optimize for it. For the broader context on why each

platform demands its own strategy, see the meta editorial on platform-specific content strategy.

Who Gets Google AI Overviews (And Who They Are)
Who gets Google AI Overviews — and who they are.

Google AI Overviews appear on a subset of queries — primarily informational, definitional, and how-to

queries. The user seeing them is the broadest possible audience:

•  Demographics: Everyone. Google’s user base is the internet itself. AI Overviews don’t filter by

sophistication or intent

•  Intent: Traditional search intent — informational, navigational, commercial investigation. The user wants

a specific answer to a specific question

•  AI awareness: Low to none. Many users don’t distinguish between AI Overviews and featured snippets.

Some don’t realize they’re reading AI-generated content at all

•  Behavior: Scan, extract answer, leave. This is zero-click behavior amplified by AI. The user reads the

overview and often doesn’t scroll to organic results

•  Trust model: “Google said it.” The implicit authority of Google’s brand covers the AI output. Users don’t

check citations
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The critical implication: you’re not writing for an AI enthusiast. You’re writing for a regular internet user who

happens to have an AI summary imposed between their query and your content.

How Google AI Overview Queries Differ
Google AI Overviews don’t appear on every query. Google selects queries where it believes an AI summary

adds value. The queries that trigger AI Overviews follow specific patterns:

Definitional Queries

“What is ?” queries almost always trigger AI Overviews. Google synthesizes a definition from multiple sources.

Content that provides a clean, authoritative definition in the first 40-60 words of an article has the highest

probability of being sourced.

Process and How-To Queries

“How to ” queries generate AI Overviews with numbered steps. Google extracts and recombines steps from

multiple sources. Having clearly numbered, concise steps (not paragraphs masquerading as steps) is essential.

Comparison and Best-Of Queries

“Best for ” and “ vs ” queries trigger overviews that synthesize recommendations. Google pulls from multiple

sources to create a composite answer. Your content needs to be one of those sources.

What Doesn’t Trigger AI Overviews

Navigational queries (“Facebook login”), highly commercial queries (“buy iPhone 16”), and YMYL queries

where Google is cautious about AI accuracy. Knowing where AI Overviews appear — and where they don’t —

prevents wasting optimization effort.

What Content Wins in Google AI Overviews
What content wins in Google AI Overviews.

After tracking which content from managed sites gets pulled into AI Overviews, and building on the analysis of

the May 2026 AI Overviews update, these patterns emerged:

Direct Answer in the First Paragraph

Google AI Overviews heavily favor content that answers the query in the first 50-100 words. The “inverted

pyramid” journalism structure — lead with the answer, then provide context — dramatically outperforms the

“build to a conclusion” blog structure. If your article makes the reader scroll to find the answer, Google will cite

the competitor who put it first.

Schema Markup

Structured data is not optional for AI Overview optimization. FAQPage schema, HowTo schema, and Article

schema all increase the probability of being sourced. Google’s AI engine uses schema as a reliable signal of

content structure. Sites with comprehensive schema markup consistently appear in AI Overviews more than

sites relying on HTML alone.

Concise FAQ Sections
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Google AI Overviews frequently pull from FAQ sections. But the FAQs that get sourced are concise — 2-3

sentence answers, not 200-word mini-essays. The AI Overview format has limited space, so it favors sources

that provide tight, definitive answers it can extract without heavy editing.

Entity-Rich Content

Content that explicitly names relevant entities — specific products, companies, technologies, standards, and

people — performs better than content using generic terms. Google’s AI engine maps entities to its Knowledge

Graph. The more precisely you name things, the easier it is for Google to connect your content to relevant

queries.

The Zero-Click Challenge
The zero-click challenge.

Here’s the uncomfortable reality of AI Overview optimization: even when your content gets cited as a source,

fewer users click through than with traditional organic results. The AI Overview often provides enough

information that the user never reaches your site.

This creates a strategic dilemma. You need to be cited to maintain brand visibility and authority, but citation

alone doesn’t drive the traffic that organic rankings used to deliver. The solution is twofold:

•  Optimize for the click, not just the citation. Content that gets cited AND generates clicks includes a

“hook” that the AI Overview can’t fully satisfy — unique data, a tool, a downloadable resource, or depth

that the summary can’t capture

•  Treat AI Overview citations as brand impressions. Even without clicks, having your domain cited

repeatedly in Google’s AI responses builds the kind of brand recognition that eventually drives direct traffic

and branded searches

Google AI Overview vs Other Platforms
Dimension Google AI Overview Perplexity Copilot

User choice Involuntary — appears
automatically

Deliberate selection Embedded in workflow

Query type Traditional Google searches Research questions Enterprise lookups

Content format Direct answers, schema,
concise FAQ

Long-form guides, data Tables, pricing, FAQ

Click-through Low — zero-click extraction Moderate — users verify Low — answer consumed
in-app

User sophistication Lowest (broadest audience) Highest (researchers) Mid (enterprise workers)

Actionable Takeaways for Google AI Overview Optimization
•  Put the answer in paragraph one. Direct, complete, 50-100 words. This is non-negotiable for AI

Overview sourcing

•  Implement comprehensive schema markup. FAQPage, HowTo, Article, and BreadcrumbList schema

all increase citation probability
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•  Write concise FAQ sections. 2-3 sentence answers. Google’s AI Overview format needs tight,

extractable answers

•  Use specific entity names. Products, companies, standards, technologies — explicit naming connects

your content to Google’s Knowledge Graph

•  Include a click hook. Unique data, tools, or depth that the AI Overview can’t fully capture, giving users a

reason to click through

FAQ

What makes Google AI Overview users different from other AI search users?

Google AI Overview users are the only AI search users who didn’t choose an AI product. They’re traditional

Google searchers who see AI-generated summaries automatically inserted above organic results. Their behavior

is scan-and-extract, with low awareness that they’re reading AI-generated content.

What content structure performs best in Google AI Overviews?

Content with a direct answer in the first paragraph, comprehensive schema markup (FAQPage, HowTo,

Article), concise FAQ sections with 2-3 sentence answers, and entity-rich text that maps to Google’s

Knowledge Graph consistently earns the most AI Overview citations.

Do Google AI Overviews reduce click-through rates?

Yes. AI Overviews often provide enough information that users don’t scroll to organic results. The mitigation

strategy is including content that the AI Overview can’t fully capture — unique data, interactive tools, or

analytical depth — giving users a reason to click through to the source.

Does schema markup affect AI Overview citation rates?

Significantly. FAQPage schema, HowTo schema, and Article schema all increase the probability of being

sourced by Google’s AI engine. Sites with comprehensive schema markup consistently appear in AI Overviews

more than sites relying on HTML structure alone.

Should I optimize for Google AI Overviews or traditional organic rankings?

Both. The strategies are complementary — direct answers, schema markup, and entity-rich content help both AI

Overview citations and traditional rankings. The key addition for AI Overviews is front-loading the answer in

paragraph one and ensuring FAQ answers are concise enough to extract.

Bing Copilot Citations: What Content Wins Enterprise Users
Source: https://tygartmedia.com/bing-copilot-enterprise-citations/ Published: June 4, 2026

When I pulled the Bing AI performance data from one of my managed sites, the number that stopped me was

98,800 citations from Microsoft Copilot in a single reporting period. But the insight wasn’t the volume — it

was what Copilot was citing and why. The content that earned those citations looked nothing like what performs

on Perplexity or Google AI Overviews. Because the Copilot user is a fundamentally different person, in a

fundamentally different context, with fundamentally different needs.



Tygart Media — tygartmedia.com Page 72

This is the second article in the Platform-Specific AI Optimization (PSAO) series. If you haven’t read the meta

editorial on why writing for different AI platforms requires different strategies, start there.

Who Uses Bing Copilot (And Where They’re Using It)
The Copilot user is not a “searcher” in any traditional sense. They’re a worker. They’re in the middle of drafting

a document in Word, building a presentation in PowerPoint, preparing for a meeting in Teams, or analyzing

data in Excel. They invoke Copilot without leaving their workflow — it’s a sidebar, not a destination.

This creates a user profile that’s radically different from every other AI platform:

•  Context: Mid-task in Microsoft 365 — writing, presenting, analyzing, emailing

•  Intent: Fill a specific knowledge gap to complete the task at hand

•  Time pressure: High. They need the answer now, not a research journey

•  Trust model: Implicit trust in Microsoft’s ecosystem. They don’t scrutinize citations the way Perplexity

users do

•  Output format needed: Something they can paste directly into their document or presentation

•  Volume: Enterprise deployment means massive scale — millions of knowledge workers hitting Copilot

daily

This is the accountant who asks Copilot “what’s the current depreciation schedule for commercial real estate”

while building a client proposal. It’s the marketing manager who asks “what are the key metrics for measuring

content marketing ROI” while drafting a quarterly report. It’s the HR director who asks “what are the FMLA

requirements for companies with under 50 employees” while updating a policy document.

The 576 Grounding Queries That Reveal Everything
In the 98,800 citations analysis, we broke down the 576 unique grounding queries that generated those citations.

The pattern was unmistakable: Copilot users ask definitional, factual, and procedural questions. They’re not

exploring — they’re gap-filling.

The top query patterns from the actual data:

•  Pricing and cost queries: “How much does X cost?” “What’s the pricing for Y?” — These dominated.

Enterprise workers are constantly building budgets, proposals, and cost comparisons

•  Comparison queries: “X vs Y” — But unlike Perplexity comparisons, these are shorter and want a

definitive answer, not a deep analysis

•  Definition queries: “What is X?” — Quick definitions to drop into documents

•  Process queries: “How to set up X” — Step-by-step but concise, not comprehensive guides

What Content Wins Copilot Citations
Based on the sites generating the most Copilot grounding citations, specific content formats dramatically

outperform others.

Pricing Tables and Cost Breakdowns
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Copilot disproportionately cites content with structured pricing information. Tables with clear columns (plan

name, price, features included) get pulled into Copilot responses more than any other format I’ve tracked. The

enterprise user asking about pricing needs something they can screenshot or paste into a budget spreadsheet.

Give them a table.

Comparison Charts with Clear Winners

Unlike Perplexity users who want nuanced trade-off analysis, Copilot users want a decision aid. Comparison

content that includes a “best for” recommendation for each option performs well. The worker doesn’t have time

to weigh every factor — they need a shortcut to the right choice for their specific use case.

Definitive Statements and FAQ Format

Copilot loves FAQ-formatted content because its grounding engine matches questions to answers. If a user asks

“What’s the difference between X and Y?” and your content has an H3 that reads “What’s the difference

between X and Y?” followed by a clear 2-3 sentence answer, Copilot will cite you. The pattern-matching is

direct.

Citation-Ready Paragraphs

Here’s the subtle insight: Copilot needs to produce text that looks professional enough for the user to paste into

their document. This means your content should be written in a tone that works in a business document.

Conversational blog-style writing with personality performs poorly on Copilot because the user can’t paste a

casual, first-person paragraph into a formal proposal.

How Copilot Grounding Actually Works
Copilot’s citation mechanism is different from other platforms. It uses Bing’s index for “grounding” — pulling

factual claims from the web to support its generated responses. Your content needs to be:

•  Indexed by Bing. Obvious, but many sites optimize for Google and ignore Bing. Submit your sitemap to

Bing Webmaster Tools if you haven’t

•  Structured with schema markup. Copilot’s grounding engine uses structured data heavily. FAQPage

schema, Article schema, and Table schema all improve citation probability

•  Factually dense in the first 200 words. Copilot typically pulls from the opening section of content.

Front-load your key facts

•  Updated regularly. Bing’s crawl frequency is lower than Google’s for most sites. Use IndexNow to push

updates immediately

Copilot vs Other Platforms: The Key Differences
Dimension Copilot User Perplexity User ChatGPT User

Context Inside Microsoft 365 Dedicated research session Standalone conversation

Query length Short, specific Long, multi-part Conversational, iterative

Time budget Seconds Minutes to hours Minutes

Content preference Tables, FAQ, pricing Guides, primary data Tutorials, deep analysis

Citation visibility Footnotes user rarely checks Inline, always visible End-of-response links
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Actionable Takeaways for Copilot Optimization
•  Build pricing and comparison tables into every relevant article. These are Copilot citation magnets

•  Write FAQ sections with exact-match questions. Copilot’s grounding engine matches user queries to

your FAQ headings

•  Use a professional, citation-ready tone. The user pastes Copilot output into business documents — your

content needs to fit that context

•  Submit to Bing Webmaster Tools and use IndexNow. You can’t get cited if you’re not indexed

•  Front-load facts. Put the definitive answer in the first paragraph, then expand. Copilot pulls from the top

of the page

FAQ

Who is the typical Bing Copilot user?

The typical Copilot user is an enterprise knowledge worker operating inside Microsoft 365 — writing

documents in Word, building presentations in PowerPoint, or preparing for meetings in Teams. They invoke

Copilot mid-task to fill specific knowledge gaps without leaving their workflow.

What content format earns the most Copilot citations?

Pricing tables, comparison charts with clear recommendations, FAQ-formatted Q&A pairs, and content with

structured data markup consistently earn the most Copilot grounding citations. The platform’s enterprise

context rewards professional, citation-ready writing over casual blog-style content.

How does Copilot decide what to cite?

Copilot uses Bing’s index for grounding — pulling factual claims from web content to support its responses.

Content needs to be indexed by Bing, marked up with schema, factually dense in the opening section, and

regularly updated to earn grounding citations.

How many citations can a single site earn from Copilot?

A single well-optimized site can earn tens of thousands of Copilot citations. Tygart Media documented over

98,800 grounding citations from 576 unique queries in a single reporting period, driven primarily by pricing

content, comparison articles, and FAQ-formatted pages.

Should I optimize differently for Copilot than for Google?

Yes. Copilot draws from Bing’s index, not Google’s. You need to be indexed in Bing Webmaster Tools, use

IndexNow for fast updates, and structure content as tables and FAQ pairs rather than flowing prose. The user

context — mid-workflow enterprise tasks — also demands a different writing tone than Google SEO content.

The Perplexity User: Who They Are, How They Search, and What Content
They Cite
Source: https://tygartmedia.com/perplexity-user-persona-how-they-search-what-content-wins/ Published: June

4, 2026
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I’ve spent the last six months watching how different AI platforms cite content from the sites I manage. The

data made something obvious that I’d been missing: the person typing a query into Perplexity is a

fundamentally different human than the person using Google AI Overviews or Bing Copilot. Writing “for AI”

without specifying which platform is like saying “write for social media” without specifying whether you mean

LinkedIn or TikTok.

This article breaks down the Perplexity user — who they are, how they search, and exactly what content

structure earns citations on the platform.

Who Uses Perplexity (And Why It Matters for Your Content)
Who uses Perplexity — and why it matters.

Perplexity’s user base skews toward a specific demographic that most content strategists underestimate. These

are researchers, fact-checkers, analysts, academics, and knowledge workers who chose Perplexity deliberately.

They didn’t stumble into it through a browser default or an operating system integration. They sought it out

because they wanted something Google doesn’t provide: inline citations with every answer.

The Perplexity user profile looks like this:

•  Intent: Deep research, multi-source verification, comprehensive understanding

•  Behavior: Multi-part questions, follow-up queries that drill deeper, saves and shares research threads

•  Trust signal: Citations. If Perplexity doesn’t show sources, the user doesn’t trust the answer

•  Session length: Longer than any other AI platform — these users explore, they don’t just ask and leave

•  Professional context: Analyst writing a report, journalist fact-checking a claim, developer evaluating

tools, student researching a thesis

This is not the casual searcher. This is the person who used to open 15 browser tabs and cross-reference three

sources before forming an opinion. Perplexity replaced that workflow.

How Perplexity Users Search (The Query Patterns)
Understanding query structure is everything. Perplexity users don’t search like Google users. The difference

shapes what content gets cited.

Multi-Part Questions

A Google user types: “best CRM software.” A Perplexity user types: “What are the differences between

HubSpot and Salesforce for a 50-person B2B company, including pricing, implementation timeline, and

integration with existing tools?”

That’s not a keyword — it’s a research brief. Perplexity’s engine decomposes that into sub-queries, searches for

each component, and assembles a cited answer. Your content needs to answer the sub-questions, not just the

headline topic.

Verification Queries

Perplexity users frequently run verification queries: “Is it true that...” or “What’s the source for the claim that...”

These users are actively checking facts they encountered elsewhere. Content that includes methodology
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explanations and links to primary data earns these citations because Perplexity surfaces it as verification

material.

Comparative Analysis Requests

The format “X vs Y for Z use case” is disproportionately common on Perplexity compared to other platforms.

Users aren’t looking for a winner — they’re looking for a decision framework. Content structured as honest

comparison with trade-offs documented performs significantly better than content that picks a side.

What Content Wins on Perplexity
What content wins on Perplexity.

Based on tracking citation patterns across the sites I manage, here’s what Perplexity consistently cites — and

what it ignores.

Primary Source Data

If your content presents original data — survey results, performance benchmarks, cost analysis from actual

projects, case study metrics — Perplexity prioritizes it over secondary analysis. The platform’s citation engine

is biased toward sources that present first-party information because those sources give Perplexity’s users what

they actually want: verifiable facts, not opinions about facts.

Methodology Explanations

Content that explains how something works, not just what it is, earns more Perplexity citations. Step-by-step

implementation guides, technical architecture explanations, and process documentation all perform well. The

Perplexity user is building understanding, not seeking a quick answer.

Comprehensive Guides with Structured Sections

Perplexity’s retrieval engine chunks content by section. Articles with clear H2/H3 hierarchies, where each

section answers a distinct question, get cited more frequently because Perplexity can extract the specific

relevant section and cite it with context. A 3,000-word article with 8 well-structured sections will outperform a

3,000-word article written as flowing prose — on Perplexity specifically.

Numbered Steps and Specific Procedures

When Perplexity users ask “how to” questions, the platform strongly prefers content with numbered steps over

narrative explanations. If your guide says “First, you’ll want to consider your budget, then evaluate the

options,” you’ll lose to the competitor whose guide says “Step 1: Calculate your monthly budget ceiling. Step 2:

List vendors within that range.”

What Perplexity Ignores

Generic overview content. Thin listicles. Opinion pieces without supporting evidence. Marketing copy

disguised as education. If your content reads like it could have been written without any specialized knowledge,

Perplexity’s citation engine will skip it in favor of something with substance.

The Perplexity Citation Architecture
The Perplexity citation architecture.
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Perplexity’s approach to citations is unique among AI platforms and directly affects your content strategy.

Every factual claim in a Perplexity response gets a bracketed citation number. Users can see which source

backed which claim. This creates a specific selection pressure: Perplexity needs content that makes specific,

citable claims rather than general commentary.

Here’s how to structure your content for maximum Perplexity citation probability:

•  Lead each section with a concrete claim. “The average implementation takes 6-8 weeks” is citable.

“Implementation varies depending on your situation” is not.

•  Include comparison tables. When Perplexity decomposes a comparison query, tables give it structured

data it can reference directly.

•  Provide specific numbers with context. “Revenue increased 34% over 12 months following

implementation” gives Perplexity a fact to cite. “Revenue increased significantly” does not.

•  Link to primary sources within your content. Perplexity evaluates the authority chain. If your article

cites its own sources, Perplexity treats your content as more authoritative.

Perplexity vs Other Platforms: The Key Differences
Understanding how Perplexity’s user differs from other AI search users is critical for platform-specific content

strategy. Here’s the contrast:

Dimension Perplexity User Google AIO User Copilot User

Intent depth Deep research Quick answer Mid-workflow lookup

Session type Exploratory, multi-query Single query, move on Embedded in Office task

Citation expectation Mandatory — won’t trust
without

Doesn’t notice citations Prefers but doesn’t require

Content format preference Long-form, structured guides Direct answer paragraphs FAQ, tables, definitive
statements

Winning content type Primary data, methodology Schema-marked definitions Pricing tables, comparisons

For the deep dive on writing content that serves all these platforms simultaneously, see our per-model content

shaping guide.

Actionable Takeaways for Perplexity Optimization
•  Structure content as research material, not blog posts. H2 sections that each answer a distinct question.

Numbered steps. Comparison tables. Cited claims.

•  Publish original data whenever possible. First-party benchmarks, survey results, and case study metrics

are Perplexity’s preferred citation material.

•  Write for the follow-up question. Perplexity users don’t ask one question and leave. Anticipate the

second and third question and answer them in the same article.

•  Include methodology. Don’t just state conclusions — explain how you reached them. Perplexity users

want to evaluate your reasoning.

•  Update regularly. Perplexity indexes frequently and prefers current content. Articles with recent update

dates earn more citations than stale guides.
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FAQ

What type of user primarily uses Perplexity AI?

Perplexity attracts researchers, analysts, fact-checkers, and knowledge workers who need cited, multi-source

answers. These users chose the platform specifically because it provides inline citations with every response,

replacing the traditional workflow of opening multiple tabs and cross-referencing sources manually.

How do Perplexity search queries differ from Google searches?

Perplexity queries are significantly longer and more complex than Google searches. Users ask multi-part

questions, run verification queries to fact-check claims, and request comparative analyses with specific use-case

parameters. The queries resemble research briefs more than keywords.

What content format performs best on Perplexity?

Primary source data, methodology explanations, comprehensive structured guides, and content with numbered

steps consistently earn the most Perplexity citations. The platform’s retrieval engine chunks content by section

headers, so well-structured H2/H3 hierarchies dramatically improve citation probability.

Does Perplexity favor long-form or short-form content?

Long-form content with clear section structure significantly outperforms short-form content on Perplexity. A

2,000-3,000 word article with 6-8 distinct, well-labeled sections gives Perplexity’s engine more citable chunks

to extract from, increasing citation frequency across different query types.

How often should I update content to maintain Perplexity citations?

Perplexity indexes frequently and uses content freshness as a ranking signal. Updating key articles monthly or

quarterly with new data, current figures, and recent examples helps maintain citation priority over competitors

with stale guides.

Related on Tygart Media: citation economy · writing for Google vs Copilot · citation monitoring.

The AI Citation Economy: When Being Cited Is Worth More Than Being
Clicked
Source: https://tygartmedia.com/ai-citation-economy-cited-worth-more-than-clicked/ Published: June 4, 2026

The Unit of Value Is Changing
The unit of value is changing — citations over clicks.

For twenty-five years, the internet’s content economy ran on one unit of value: the click. A user searches, sees

your result, clicks, lands on your page. That click triggers a pageview, which triggers an ad impression, which

generates revenue. Or the click starts a funnel: landing page to email capture to nurture sequence to purchase.

Every business model, every analytics platform, every marketing strategy was built around the click as the

atomic unit of value.

The click is losing its monopoly.
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When Microsoft Copilot cites my content 98,800 times, those aren’t clicks. No user loads my page. No ad

renders. No pixel fires. But 98,800 times, a real person — an enterprise worker making a real decision —

receives information sourced from my domain, attributed to my domain, and shaped by my domain’s content.

My information enters their document, their email, their analysis. My brand name appears as the citation

source.

That’s a different kind of value than a click. And it might be worth more.

The Click Economy Was Always a Proxy
Here’s what we’ve always known but rarely said aloud: clicks were never the actual goal. Clicks were the

proxy for something deeper — attention, trust, influence, and eventually, a commercial relationship.

A click meant someone gave you a moment of attention. But the attention wasn’t guaranteed — bounce rates of

60-80% were normal. A click meant someone might trust you. But trust wasn’t guaranteed — most first-time

visitors never return. A click was the entry to a funnel. But the funnel’s conversion rate was typically 1-3%.

We built an enormous infrastructure around maximizing clicks — SEO, SEM, social media marketing, content

marketing — not because clicks were intrinsically valuable, but because they were the best available proxy for

the things that actually mattered: reaching the right person, at the right time, with the right information.

A citation is a better proxy.

Why Citations Are a Better Signal
Why citations are a better signal.

When Copilot cites my Claude pricing guide to an enterprise worker who asked “what is claude ai pricing in

2026,” several things are true about that interaction that are not true about a typical click:

The user has high intent. They didn’t stumble onto my page from a vague search. They asked a specific

question while working on a specific task, and Copilot selected my content as the authoritative answer. The

intent signal is stronger than a keyword match.

The content was consumed. Not skimmed, not bounced from, not opened in a tab and forgotten. Copilot

extracted the relevant information and presented it to the user inline. The user received my content’s value

whether or not they clicked through to my site.

The attribution is explicit. Copilot cites the source. My domain name appears alongside the information. This

isn’t an anonymous impression — it’s a credited contribution. The user knows where the information came

from.

The context is professional. Copilot users are working. They’re writing reports, making decisions, evaluating

tools. My content enters a professional workflow — not a casual browsing session. The context in which my

brand appears is inherently higher-value than a typical web pageview.

Each citation is a moment where my domain provided trusted, authoritative information to a professional

decision-maker in a high-intent context. That’s the moment every content marketing strategy is designed to

create. The click was just the old way of getting there.
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The Scale Shift
Here’s the number that reframes everything: 52:1.

For every human who clicks on my content from Bing search, Copilot cites it 52 times. My content reaches 52x

more users through AI citation than through traditional search clicks. And that’s just Copilot — it doesn’t

include ChatGPT, Perplexity, Google AI Overviews, or Claude.

The total AI readership of my content is likely 100x or more the human click volume. And every one of those

AI-mediated interactions involves a user who received my information, saw my attribution, and incorporated

my content into their work.

In the click economy, the most successful content might reach tens of thousands of users per month through

organic search. In the citation economy, the same content can reach hundreds of thousands through AI

platforms — users who are higher-intent, more engaged with the content (because it was extracted and

presented directly to them), and consuming it in a professional context.

The scale of the opportunity is an order of magnitude larger than clicks. The remaining question is how to

capture the value.

The Monetization Frontier
The monetization frontier of the citation economy.

This is where honesty matters. The citation economy’s monetization model is not fully developed. I can tell you

what works, what’s emerging, and what doesn’t work yet.

What works now: brand authority compounding. When Copilot cites your domain thousands of times, you

become the recognized source for that topic among enterprise professionals. This translates to consulting

inquiries, partnership opportunities, speaking invitations, and inbound business development. The citation

builds the brand, and the brand generates revenue through traditional channels. This is measurable but indirect.

What works now: citation flywheel to search authority. The signals that earn AI citations — content quality,

structural clarity, topical authority — also improve traditional search performance. My domain’s growing

Copilot authority appears to correlate with improved Google organic performance. The citation strategy feeds

the click strategy, creating a compound effect.

What’s emerging: AI-mediated traffic. Some Copilot and ChatGPT citations include clickable source links.

A percentage of users do click through. This traffic is small compared to citation volume but high-quality — the

user has already seen a preview of your content through the AI response and is choosing to visit for more. The

conversion potential of this traffic is likely higher than typical organic traffic, though the data is still too early

for definitive benchmarks.

What doesn’t work yet: direct citation monetization. There is no ad network for AI citations. There is no

affiliate revenue from AI-mediated content consumption. There is no way to place a conversion pixel inside a

Copilot response. The infrastructure for monetizing citations the way we monetize clicks does not exist.

This is the frontier. The value is clear — massive reach to high-intent professional audiences — but the capture

mechanism is still developing. The businesses that figure out how to convert citation authority into revenue will

define the next era of content economics.
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The Attention Redistribution
What’s happening with AI citations is part of a larger pattern: attention is being redistributed from concentrated

channels (Google, social media feeds) to distributed AI interfaces (Copilot in Office, ChatGPT conversations,

Perplexity answers, AI Overviews in search).

In the old model, Google was the gatekeeper. All attention flowed through one discovery interface. Publishers

optimized for one algorithm, one set of ranking factors, one measurement system. The entire content economy

was organized around Google’s distribution infrastructure.

In the new model, attention is fragmented across multiple AI interfaces. A professional might encounter your

content through Copilot while writing, ChatGPT while researching, Perplexity while fact-checking, and Google

while searching — all in the same day, for different purposes, through different content presentations.

This fragmentation is uncomfortable for publishers who built their operations around a single distribution

channel. But it’s also an opportunity. In a fragmented attention landscape, the publisher who shows up across

multiple AI platforms has an outsized advantage over the publisher who only shows up on Google.

My 98,800 Copilot citations represent a position in one AI platform’s distribution. If I can build comparable

positions in ChatGPT, Perplexity, and Google AI Overviews, the total citation footprint would represent

content distribution at a scale that was previously only achievable through paid advertising at significant cost.

What the Citation Economy Demands
The transition from click economy to citation economy changes what content operations need to prioritize:

Accuracy over engagement. In the click economy, content needed to be engaging enough to prevent bounces

and drive conversions. In the citation economy, content needs to be accurate enough that AI engines trust it as a

grounding source. Engagement still matters for human readers, but accuracy is the threshold for AI citation

eligibility.

Structure over narrative. AI engines extract structured information more effectively than narrative prose. The

citation economy rewards clean data tables, explicit definitions, numbered procedures, and organized

comparison frameworks. This doesn’t mean narrative disappears — it means structure shares equal billing.

Currency over permanence. In the click economy, evergreen content could generate traffic for years without

updates. In the citation economy, stale content loses citations as AI engines detect outdated information.

Maintaining existing content becomes as important as producing new content.

Platform-specific optimization over universal optimization. The click economy had one optimization target:

Google. The citation economy has multiple: Copilot, ChatGPT, Perplexity, AI Overviews, and whatever comes

next. Each platform has different preferences, different user bases, and different citation behaviors.

Authority over volume. In the click economy, more content meant more keyword targets, more landing pages,

more chances to rank. In the citation economy, authority on a topic matters more than volume of content about

it. One comprehensive, authoritative, regularly-updated pricing guide earns more citations than ten thin pricing

articles.

The First Mover Advantage Is Real
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My citation flywheel — from 672 daily citations to 5,500 in 90 days — demonstrates that AI citation authority

compounds. The domain that establishes itself as the trusted source for a topic early builds a moat that later

entrants have to overcome.

This is different from SEO, where a new article can outrank an established one by being better optimized. In AI

citations, the trust relationship appears to be stickier. Copilot doesn’t just evaluate individual pages — it

appears to develop domain-level trust for topic clusters. Once your domain is the trusted source for “AI tool

pricing,” new articles on related topics benefit from that established trust.

The businesses building citation authority now are building a compounding asset. The businesses waiting for

the measurement tools to mature are falling behind a curve they won’t be able to see until it’s too late.

Where This Goes
The AI citation economy is in its first inning. The measurement tools are primitive. The monetization models

are nascent. The strategic frameworks are just being articulated. But the underlying behavior — AI engines

consuming, citing, and distributing web content at massive scale — is already established and accelerating.

I believe that within two to three years, AI citations will be as standard a metric as organic traffic. Webmaster

tools across all major platforms will expose citation data. Content operations will track citation volume by

platform alongside traditional SEO metrics. And the strategic approach of Platform-Specific AI Optimization

will be as mainstream as SEO is today.

The question for content operators right now isn’t whether this shift is happening — the data already confirms it

is. The question is whether you’re going to measure it, optimize for it, and build citation authority while the

category is still open — or wait until everyone else has already established their positions.

I’m publishing my data, naming the category, and building the playbook in real time. The AI citation economy

is here. It rewards different content, different strategies, and different metrics than the click economy it’s

supplementing. And the first people to take it seriously will define how everyone else thinks about it.

Related on Tygart Media: AI search funnel · $0.35 article citations · how AI engines cite.

Frequently Asked Questions

Will AI citations replace clicks entirely?

No. Clicks will remain important for direct conversion, ad revenue, and controlled user experiences. AI

citations supplement clicks by providing massive reach and brand authority through a different channel. The

most effective content strategies will optimize for both.

How do I monetize AI citations?

Currently through indirect channels: brand authority that drives consulting and partnerships, the citation

flywheel that improves traditional search performance, and AI-mediated referral traffic from users who click

through from citation links. Direct citation monetization infrastructure doesn’t exist yet.

What is the AI citation flywheel?

A compounding effect where earning citations builds domain trust, which makes new content eligible for more

citations, which builds more trust. On one domain, this grew daily Copilot citations from 672 to 5,500 in 90
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days without changes to content volume or strategy.

Is there a first-mover advantage in AI citations?

Yes. AI citation authority appears to compound over time. Domains that establish trust as citation sources for

specific topic clusters benefit from preferential selection for new and adjacent queries. Building this authority

early creates a moat that later entrants must overcome.

When will AI citation data become widely available?

Bing Webmaster Tools AI Performance is already available in beta. Google and other platforms are expected to

follow as publisher demand for citation transparency grows. The most likely timeline for broad availability of

citation analytics across major platforms is 12-24 months.

I Write for Copilot Users During the Day and Google Users at Night — On the
Same Website
Source: https://tygartmedia.com/copilot-users-day-google-users-night-same-website/ Published: June 4, 2026

Two Audiences, One Domain
My site tygartmedia.com has a split personality, and it’s deliberate.

During business hours, Microsoft Copilot users inside Word, Edge, and Outlook are citing my Claude AI

pricing guides, my developer tool comparisons, and my MCP integration documentation. These enterprise

workers are pulling structured data from my articles to inform their purchasing decisions, technical evaluations,

and strategy documents. They generate 5,500 citations per day and climbing.

After hours and on weekends, Google searchers in Tacoma, Washington are finding my local content —

neighborhood guides, restaurant directories, school district analysis, civic resource pages. These community

members are looking for practical local information, and they find it through organic search. They generate

consistent organic traffic with strong engagement metrics.

Same domain. Same WordPress installation. Two completely different content strategies running

simultaneously, serving two completely different audiences through two completely different discovery

channels.

This isn’t an accident. It’s the logical outcome of Platform-Specific AI Optimization (PSAO) applied to a real

content operation. And it works better than either strategy would work alone.

How the Split Happened
It started organically. I publish content about AI tools because I use them extensively to run my business — a

portfolio of WordPress sites across multiple verticals. The articles I wrote about Claude, Copilot, content

pipelines, and MCP integrations were notes from my own workflow, published because they might help others.

Separately, I publish local Tacoma content because that’s where I live and operate. Neighborhood guides,

business spotlights, civic explainers — the kind of community journalism that serves local Google searchers.

The AI tool content started earning Copilot citations before I even knew what Copilot citations were. When I

discovered the Bing Webmaster Tools AI Performance tab and saw 98,800 citations, I realized the AI content
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was reaching an entirely different audience through an entirely different channel — one I wasn’t optimizing for.

That’s when the split became intentional. Instead of hoping one content strategy would serve all audiences, I

started building two parallel strategies on the same domain.

The Copilot-Facing Content Strategy
The AI tool content is engineered for a specific reader: an enterprise knowledge worker who is in the middle of

a task inside Microsoft 365 and invokes Copilot for help. This person needs:

Current, specific data. Not “Claude has several pricing tiers” but “Claude Sonnet 4.6 (legacy — still listed)

costs $3.00 per million input tokens and $15.00 per million output tokens on the API.” The specificity matters

because this person is putting numbers in a spreadsheet or a procurement document.

Structured presentation. HTML tables, not paragraphs. Comparison matrices, not narrative descriptions.

Numbered steps, not suggested approaches. Copilot extracts structured data more effectively than it extracts

narrative information.

Comprehensive coverage. The articles that earn the most citations answer the question completely. My Claude

pricing guide doesn’t just list prices — it covers every plan tier, every model, API rates, token costs,

comparison to competitors, and practical use case guidance. Copilot prefers to ground on a single

comprehensive source rather than synthesizing from multiple partial sources.

Timeliness. Prices change. Models update. Features launch. The AI tool content requires regular maintenance

— sometimes weekly updates — to remain the most current source. This is non-negotiable because Copilot’s

grounding algorithm appears to factor currency into source selection.

Publication cadence for this content: new articles when significant tools or updates launch, plus continuous

updates to existing articles. The update cycle is more important than the publication cycle.

The Google-Facing Content Strategy
The local Tacoma content is built for a different reader: a community member who types a query into Google

and wants a useful, comprehensive local resource.

Local keyword optimization. “Tacoma farmers markets 2026,” “Pierce County property tax lookup,” “Point

Defiance Zoo hours and tickets.” These are traditional SEO targets with clear local intent.

Community depth. The articles that perform best aren’t thin SEO pages — they’re comprehensive community

resources that cover a topic completely. My Tacoma real estate directory doesn’t just list agents — it covers the

licensing verification process, typical commission structures, property management options, and attorney

resources.

Evergreen structure with timely updates. A farmers market guide works year after year with seasonal date

updates. A schools explainer holds its value with annual enrollment data refreshes. The initial investment in a

comprehensive local article pays dividends for years through sustained organic traffic.

FAQ schema and local business schema. Google rewards structured data for local content. Every major local

article gets FAQPage schema and relevant local business markup. This isn’t about AI citations — it’s about

winning featured snippets and People Also Ask positions in Google’s local results.
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Publication cadence for this content: major local articles as topics emerge, plus a civic beat that covers

government, schools, transit, and development news. The traffic pattern is steady and predictable.

Why They Work Better Together
Running both strategies on the same domain creates advantages that neither would have alone:

Domain authority compounds across both strategies. The AI content earns 98,800 Copilot citations, which

signals to Bing (and likely Google) that the domain is authoritative. The local content earns organic backlinks

from community organizations and local media. Each strategy builds domain authority that benefits the other.

The content diversity strengthens the domain profile. A domain that publishes only AI tool guides looks

niche. A domain that publishes AI guides alongside community journalism looks like a comprehensive media

property. Search engines and AI engines both appear to trust topically diverse domains more than single-topic

sites, as long as each topic area is covered with genuine depth.

The revenue model is more resilient. Local content generates ad revenue through traffic. AI content generates

brand authority and consulting opportunities. Community content builds local business relationships. Neither

audience alone would sustain the operation — together, they create a diversified content business.

Each audience discovers the other’s content occasionally. A Tacoma tech worker who finds my site through

a Copilot citation might browse the local content. A local reader who discovers a neighborhood guide might

notice the AI strategy articles. Cross-pollination happens naturally, and it creates a more engaged audience

overall.

The Operational Reality
Running dual content strategies isn’t twice the work — it’s about 1.3x the work of a single strategy. Here’s

why:

The publishing infrastructure is shared. One WordPress installation, one design system, one content pipeline,

one analytics setup. The operational overhead of managing a website is fixed regardless of how many content

strategies you run on it.

The skill set is shared. Writing, editing, SEO optimization, schema implementation, quality control — these

processes apply to both content streams. The strategic thinking differs, but the execution uses the same tools

and workflows.

The cadence is naturally staggered. AI tool content publishes when tools update or new products launch —

which happens irregularly. Local content publishes on a civic beat tied to meeting schedules, seasonal events,

and community news. The two streams rarely compete for production time because their triggers are different.

The biggest operational challenge is context switching. Writing a detailed Claude pricing comparison requires a

different mindset than writing a Tacoma neighborhood guide. I’ve learned to batch by content type — AI

content mornings, local content afternoons — rather than switching between them throughout the day.

What the Data Shows
After several months of running dual strategies intentionally:
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AI content metrics: 98,800 Copilot citations total, 5,500 daily (growing), 576 grounding queries. Top article:

16,500 citations for “claude ai pricing.” Zero citations for any local content. AI content drives consulting

inquiries and brand authority in the AI/content strategy space.

Local content metrics: Consistent organic traffic from Google, strong engagement rates, low bounce rates.

Featured snippets for multiple local queries. Zero Copilot citations (as expected). Local content drives ad

revenue and community visibility in Pierce County.

Domain-level metrics: Growing overall domain authority. Bing shows strong performance in both traditional

search and AI citations. Google shows solid organic performance for local content. The domain is recognized as

authoritative in two distinct topic areas.

The dual strategy doesn’t cannibalize — it compounds. The AI audience and the local audience don’t overlap,

so they’re not competing for the same attention. They’re building the same domain’s authority through

completely different channels.

The Replicable Pattern
This dual-audience approach works because it follows a principle: match content to the platform where its
audience lives.

The AI tool audience lives in Copilot. Build structured, reference-grade content for them.

The local audience lives in Google. Build comprehensive, SEO-optimized community resources for them.

The same principle applies to any domain that could serve multiple audiences through multiple platforms. A

SaaS company could publish product documentation for Copilot citations and thought leadership for ChatGPT

conversations. A consulting firm could publish methodology guides for AI platforms and case studies for

Google organic. A media company could publish data journalism for AI engines and breaking news for social

platforms.

The dual-audience model isn’t limited to my specific combination. It’s a framework for any content operation

willing to recognize that different platforms serve different audiences — and build accordingly.

Related on Tygart Media: different AI audiences · SEO vs GEO vs AEO · Bing Webmaster AI tab.

Frequently Asked Questions

Does publishing diverse content hurt SEO focus?

Not if each topic area is covered with genuine depth. A domain with deep AI content and deep local content is

recognized as authoritative in both areas. Topical diversity with depth in each area strengthens domain authority

rather than diluting it.

How do you manage two content calendars?

The calendars are naturally staggered. AI content publishes when tools update. Local content follows civic

beats and seasonal events. Batch by content type rather than switching throughout the day. The shared

infrastructure means operational overhead is minimal.

Does the AI content cannibalize the local content’s traffic?
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No. The audiences don’t overlap. Enterprise Copilot users asking about Claude pricing never compete for

attention with Tacoma residents searching for farmers markets. The two content streams serve completely

different audiences through different channels.

Can this work on a smaller domain?

Yes. The principle scales down. A small business could publish product documentation optimized for AI

citations and local content optimized for Google search. The key is matching content to platform audience

rather than writing one generic version and hoping it works everywhere.

Which strategy should I start with?

Start with whichever matches your existing audience. If you already have Google traffic, add

AI-citation-optimized content as a second stream. If you already produce technical content, check Bing AI

Performance to see if you’re earning citations you don’t know about, then optimize from there.

Bing Webmaster Tools Has an AI Tab Nobody Is Using — Here’s What It
Shows
Source: https://tygartmedia.com/bing-webmaster-tools-ai-tab-guide/ Published: June 4, 2026

The Best-Kept Secret in Search Marketing
Bing Webmaster AI tab — the best-kept secret.

Microsoft shipped one of the most significant measurement tools in content marketing history, and the industry

collectively shrugged. Sometime in late 2025, an “AI Performance” tab appeared in Bing Webmaster Tools. No

announcement. No blog post. No conference keynote. It just showed up in the sidebar, labeled “(beta),” waiting

for someone to notice.

I noticed. And what I found inside was the first real dataset on AI citation behavior that any search engine has

ever exposed to publishers. The tab shows exactly how many times Microsoft Copilot cites your content, which

queries triggered those citations, and how the volume trends over time.

For my domain, that data showed 98,800 AI citations across 576 grounding queries — numbers that completely

changed how I think about content strategy. But when I talk to other marketers about it, the most common

response is: “Wait, there’s an AI tab?”

This is a walkthrough. By the end, you’ll know where to find it, what it shows, and how to read the data.

Getting to the AI Performance Tab
Getting to the AI Performance tab.

Step 1: Verify your site with Bing Webmaster Tools. If you haven’t done this, start at bing.com/webmasters.

You can verify using DNS, a meta tag, a CNAME record, or by importing from Google Search Console. The

Google Search Console import is the fastest path — it takes about 30 seconds and automatically verifies all

your Search Console properties in Bing.

Step 2: Navigate to your verified property. Once you’re in the dashboard, select the domain you want to

analyze.
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Step 3: Find the AI Performance tab. In the left sidebar, look under the “Performance” section. You’ll see the

standard “Search Performance” tab (clicks and impressions from Bing search) and below it, “AI Performance

(beta).” Click it.

If you don’t see the tab, there are two possible reasons: your site hasn’t been verified long enough for Bing to

accumulate data, or your site hasn’t earned any Copilot citations yet. The tab may not appear until there’s data

to show.

What You’ll See Inside
The AI Performance tab has three main data views:

Citation Count (total): This is the big number at the top. It shows the total number of times Copilot used your

content as a grounding source in its responses. For context: my domain shows 98,800 total citations. This

number represents actual instances where Copilot pulled information from my pages and embedded it in

responses to real users.

Grounding Queries: Below the total count, you’ll see a list of the actual queries that triggered citations. These

are natural language questions — not keywords. They show exactly what Copilot users asked when your

content was cited. My top query is “claude ai pricing” at 16,500 citations. The query list is sorted by citation

volume, showing your highest-impact content first.

Daily Trend Chart: A time-series chart showing daily citation volume. This is where you see growth patterns.

My chart shows a clear acceleration: 672 daily citations at the start growing to 5,500 daily citations over 90

days. The shape of this curve tells you whether your citation authority is growing, stable, or declining.

Reading the Data: What the Numbers Mean
High citation count + few queries = concentrated authority. If you have thousands of citations but only

10-20 queries, your content is the dominant source for a small number of high-volume topics. This is a strong

position — you own those topics in Copilot’s grounding index. My domain has this pattern: a few articles about

Claude pricing and tools generate the bulk of citations.

Moderate citations + many queries = broad relevance. If you have hundreds of queries each generating

modest citation counts, your domain is recognized as relevant across a wide topic area but isn’t dominant for

any single query. This is a growth opportunity — identify the queries with the highest potential and create

dedicated, optimized content for each.

Growing daily trend = citation flywheel. If your daily trend shows consistent growth, Copilot is developing

increasing trust in your domain. This flywheel effect means each new citation makes your domain more eligible

for additional queries. Protect this growth by keeping cited content accurate and current.

Flat or declining trend = stale content signal. If citations plateau or decline, it may indicate that your content

is becoming outdated or that competitors have published more current versions. Check whether your most-cited

pages have stale information — especially pricing, feature lists, or version numbers.

The Queries Are the Gold
The queries are the gold.
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The most valuable data in the AI Performance tab isn’t the citation count — it’s the grounding queries. These

reveal exactly what enterprise workers are asking Copilot, which is intelligence you cannot get from any other

tool.

Google Search Console shows you keywords — fragments that users type into a search bar. Bing’s grounding

queries show you full natural language questions that users ask an AI assistant. The difference is significant:

A Google keyword might be: “claude ai pricing” The Copilot grounding query is: “what is claude ai pricing in

2026 and how does it compare to openai”

The grounding query tells you the user’s full intent, their comparison frame, and their temporal context. This is

richer intent data than any keyword tool provides, and it’s free, sitting in your Bing Webmaster Tools

dashboard right now.

Use these queries to:

Identify content gaps. If users are asking questions that your content doesn’t fully answer, you know exactly

what to add. A grounding query like “claude ai pricing vs openai pricing 2026 comparison” tells you to add an

explicit comparison section to your pricing article.

Discover adjacent topics. The long tail of grounding queries often reveals related topics you haven’t covered.

If you’re earning citations for “claude ai pricing” but also seeing queries about “claude api rate limits” and

“claude team plan features,” those are content opportunities.

Understand your audience’s context. Grounding queries reveal the user’s situation. “What is the best AI

coding tool for a team of 5” tells you the user is a tech lead making a purchasing decision. “How do I set up

claude code on windows” tells you the user is a developer getting started. Each query paints a picture of who is

consuming your content through Copilot.

What to Do With the Data
Once you’ve found and understood your AI citation data, here’s the action playbook:

Identify your citation pillars. Which pages earn the most citations? These are your highest-authority assets.

Invest in keeping them accurate, current, and comprehensively structured. A $0.10 update to a page earning

1,000 daily citations is the highest-ROI content investment you can make.

Fill the gaps in your query coverage. Look at grounding queries that cite your content — are there related

queries you’re not capturing? Build content for the gaps. If you earn citations for “claude ai pricing” but not

“claude ai pricing for enterprise,” that’s a targeted content opportunity.

Structure for extraction. Look at which content formats earn the most citations. In my data, structured content

— pricing tables, comparison matrices, step-by-step configurations — earns dramatically more citations than

narrative-only content. Add extractable elements to your highest-value pages.

Set up a monitoring cadence. Check your AI Performance tab weekly. Track your daily citation trend and

watch for inflection points. If a new article suddenly starts earning citations, double down on that topic. If an

existing article’s citations start declining, check whether the content has become outdated.
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Cross-reference with Search Performance. Compare your AI citation data with your traditional Bing search

data in the same tool. Which pages earn citations but not clicks? Which earn clicks but not citations? This

comparison reveals which content serves AI audiences vs human audiences — the foundation of

platform-specific optimization.

Why This Matters Beyond Bing
Bing Webmaster Tools AI Performance is currently the only tool exposing AI citation data at this level of

detail. Google Search Console doesn’t show AI Overview citation data. ChatGPT, Perplexity, and Claude don’t

offer webmaster analytics dashboards.

But the data from Bing is a leading indicator for the entire AI citation landscape. Microsoft Copilot’s behavior

reflects broader patterns in how AI engines consume and cite web content. The topics that earn Copilot citations

are likely earning citations across other AI platforms too — you just can’t see the data yet.

By the time Google and other platforms expose their citation data (which I believe is inevitable as publisher

demand grows), the early movers who used Bing’s data to develop platform-specific content strategies will

have a compounding advantage. They’ll have built the citation authority, refined their content formats, and

mapped their topic-platform fit while everyone else was waiting for better tools.

The tools aren’t perfect. They’re beta. But they’re real data about a real shift in how content gets consumed.

And right now, almost nobody is using them.

Related on Tygart Media: read Bing AI citations · Bing vs GSC · citation monitoring.

Frequently Asked Questions

Is Bing Webmaster Tools free?

Yes. Bing Webmaster Tools is completely free to use. You only need to verify ownership of your domain,

which can be done through DNS records, meta tags, or by importing your Google Search Console properties

directly.

What if I don’t see the AI Performance tab?

The tab may not appear until your site has accumulated AI citation data. Verify your site, ensure it’s been

indexed by Bing, and check back after a few weeks. Not all sites earn Copilot citations — the tab appears when

there’s data to display.

Can I see which specific pages are being cited?

The current beta shows grounding queries and total citation counts. The page-level attribution is inferred

through the queries — if a query about “claude ai pricing” cites your content, it’s almost certainly citing your

Claude pricing page. Microsoft may add explicit page-level data as the tool matures.

How does Copilot decide which sites to cite?

Copilot uses Bing’s search index to find relevant content for grounding. The selection factors appear to include

content relevance, structural quality, accuracy, domain authority, and trust signals built through consistent

citation history. Well-structured, accurate, reference-grade content on topics matching Copilot user queries

earns the most citations.
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Should I optimize for Bing search to get more Copilot citations?

Bing indexation is a prerequisite for Copilot citations since Copilot uses Bing’s index. Ensure your site is

indexed in Bing Webmaster Tools and that your key pages are crawlable. Beyond that, the most effective

optimization for Copilot citations is creating structured, accurate, reference-grade content on topics that

enterprise workers ask about.

The $0.35 Article That Gets Cited by Microsoft’s AI 4,000 Times
Source: https://tygartmedia.com/035-article-cited-microsoft-ai-4000-times/ Published: June 4, 2026

A New Kind of Unit Economics
A new kind of unit economics for AI citations.

I wrote an article about Claude AI pricing. The entire production cost — from research to publication — was

roughly $0.35 in AI API costs and about 20 minutes of my time for editing and fact-checking. I published it

through my existing WordPress infrastructure with zero additional distribution cost.

That article has generated over 4,000 Copilot citations for the query “claude ai pricing” alone, with the total

across related queries pushing well past 16,500. It earns new citations every day. It’s been cited more times than

most marketing campaigns reach people.

The cost-per-citation: less than $0.00009. Nine thousandths of a penny per citation.

Compare that to any traditional content marketing metric. Cost per click in paid search for AI tool keywords

runs $5-15. Cost per impression in display advertising is $5-10 per thousand. Cost per lead in B2B SaaS is

$50-200. The cost per AI citation for well-optimized content is effectively zero.

This isn’t a gimmick or an edge case. It’s the fundamental unit economics of the AI citation economy — and

they’re so different from traditional content economics that most marketers haven’t processed what they mean.

How the $0.35 Article Gets Made
How the cheap article gets made.

Let me break down the actual production pipeline for an article that earns thousands of AI citations.

Research and outline: I use AI tools to research current pricing data, feature comparisons, and user questions

for the topic. This involves API calls to Claude for synthesis and cross-referencing against official

documentation. API cost for a thorough research session: roughly $0.10-0.15.

Draft generation: Using my content pipeline — which combines AI-assisted drafting with manual editing and

fact-checking — I produce a structured article with pricing tables, feature comparisons, and FAQ sections. API

cost for drafting and revision: roughly $0.10-0.20.

Optimization and formatting: I apply SEO, AEO, and GEO optimization passes. Schema markup gets

injected. Internal links are added. Taxonomy is assigned. This is partially automated through my publishing

pipeline. API cost: roughly $0.05-0.10.

Publication: The article is published via WordPress REST API. Zero distribution cost. No paid promotion. No

social media budget. The content sits on its own domain and waits for AI engines to discover it.
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Total API cost: approximately $0.25-0.45. Call it $0.35 as a round number. My time investment is 15-30

minutes for quality control, fact-checking, and editorial decisions that I don’t delegate to AI.

That’s the entire investment. There’s no ad spend to drive traffic. No outreach campaign to earn backlinks. No

social distribution budget. The content earns citations because it’s the best available answer to a question that

enterprise workers ask Copilot regularly.

The Compounding Returns
The compounding returns of citation assets.

What makes AI citation economics fundamentally different from traditional content economics is the

compounding behavior.

In traditional SEO, a blog post might earn organic traffic for 6-12 months before it starts declining. You have to

continually produce new content to maintain traffic levels. The depreciation curve is steep.

In AI citations, I’m observing the opposite pattern. My Copilot citation data shows a flywheel: daily citations

grew from 672 to 5,500 over 90 days. The more Copilot cited my content, the more queries it became eligible

for, which generated more citations, which built more authority for adjacent queries.

A $0.35 article doesn’t just generate citations once. It generates citations daily, at increasing volume, for as long

as it remains accurate and current. The total lifetime citations for a well-maintained article in a high-demand

topic could reach tens of thousands.

The math is simple but staggering: invest $0.35 to create the article, spend another $0.10 every month or two

updating it for accuracy, and collect thousands of citations continuously. The return on that investment doesn’t

have a meaningful comparison in traditional marketing economics.

Why This Doesn’t Work for Every Article
Before this sounds like alchemy, here’s the reality check: the $0.35-to-4,000-citations ratio only works when

three conditions are met.

Condition 1: Topic-platform fit. The article has to answer questions that Copilot users actually ask. “Claude

AI pricing” is a perfect fit because enterprise workers evaluating AI tools ask this question inside Microsoft 365

regularly. An article about local restaurant hours would cost the same $0.35 to produce and earn zero Copilot

citations — because nobody asks Copilot that question.

Condition 2: Structural quality. Copilot’s grounding algorithm prefers content it can extract cleanly. A

pricing table that’s formatted as a real HTML table gets cited more than the same information buried in

paragraphs. Structured content with clear headings, defined terms, and extractable data points earns more

citations per article than narrative content with the same information presented conversationally.

Condition 3: Accuracy and currency. AI engines can detect when content is outdated. My pricing articles are

version-stamped and updated regularly. An article that says Claude Haiku costs one price when it actually costs

another will eventually lose citations as the AI engine gets corrective signals from other sources or user

feedback.
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When all three conditions are met, the unit economics are extraordinary. When any one is missing, the

economics collapse to zero — literally zero citations regardless of how much you spend on production.

Comparing the Numbers
Here’s how AI citation unit economics compare to traditional content marketing channels, using rough industry

benchmarks:

Paid search (Google Ads): Cost per click for AI tool keywords: $5-15. To reach 4,000 users, you’d spend

$20,000-60,000. And those users might bounce without engaging.

Display advertising: Cost per thousand impressions: $5-10. To reach 4,000 users, you’d spend $20-40 — but

impressions are passive. The user might not even notice your ad, let alone engage with your content.

Content marketing (traditional): A well-produced blog post might cost $200-500 between writer, editor, and

designer. It might earn 500-2,000 organic visits over its lifetime. Cost per engaged reader: $0.10-1.00.

AI citation content: Production cost: $0.35. Citations earned: 4,000+ (and growing). Cost per citation:

$0.00009. And each citation represents a high-intent user who received your information as part of their active

workflow — not a passive impression, not a possible bounce.

The comparison isn’t even in the same order of magnitude. AI citation content is 10,000x more cost-efficient

than paid search for reaching users at scale. The caveat is that citations aren’t clicks — you don’t control the

downstream conversion. But for brand authority, content distribution, and audience reach, the economics are

unprecedented.

What This Means for Content Operations
If the unit economics of AI citation content are this different from traditional content, the operational

implications are significant.

Volume becomes feasible. When an article costs $0.35 to produce, you can produce a lot of them. The

constraint isn’t budget — it’s editorial quality and topic selection. A content operation can test hundreds of

topics to find the ones with the best citation economics and then invest in keeping those articles current.

Maintenance becomes the job. In traditional content marketing, the work is producing new content. In AI

citation marketing, the work shifts to maintaining existing content. An article that’s earning 1,000 daily

citations needs to stay accurate, current, and structured. A $0.10 update that keeps a $0.35 article earning

citations for another quarter is the highest-ROI work in content marketing.

Topic selection becomes everything. The difference between a $0.35 article that earns 4,000 citations and a

$0.35 article that earns zero is topic-platform fit. Content operations need to get very good at identifying which

topics will earn citations on which platforms before investing production resources.

The moat is compounding authority. The early articles that establish citation authority create a flywheel that

later articles benefit from. My domain’s Copilot authority — built through 98,800 citations over 90 days —

means new articles I publish earn citations faster than they would on a domain starting from scratch. The

economics improve over time for the first mover.

The Uncomfortable Conclusion
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The unit economics of AI citation content are so favorable that they make most traditional content distribution

strategies look wasteful by comparison. You could spend $50,000 on a content marketing program — writers,

editors, designers, SEO tools, paid distribution — or you could spend $35 on 100 precisely targeted,

AI-optimized articles and potentially generate more total reach through AI citations alone.

The catch is that AI citations don’t (yet) convert the same way clicks do. You can’t track a citation to a sale the

way you can track a PPC click to a purchase. The monetization model is still emerging.

But the reach is real, the authority-building is real, and the compounding is real. And the cost to participate is

$0.35 per article. The barrier to entry has never been lower. The question is whether your content operation is

measuring what matters.

Related on Tygart Media: 98,800 Copilot citations · 16,500 Copilot citations · citation economy.

Frequently Asked Questions

How can an article cost only $0.35?

The $0.35 represents AI API costs for research, drafting, and optimization. It assumes a content operator using

AI-assisted workflows who handles editorial judgment, fact-checking, and quality control themselves.

Infrastructure costs like hosting and WordPress are sunk costs spread across the entire content operation.

Are AI citations as valuable as clicks?

They serve different functions. A click delivers a user to your site where you control the experience. A citation

delivers your information to a user through an AI interface. Citations build brand authority at massive scale but

lack direct conversion tracking. The long-term value likely accrues through brand recognition and downstream

conversions.

What is the ROI of AI citation content?

Direct ROI measurement is still developing because citation-to-revenue attribution doesn’t exist yet. However,

at $0.35 per article and thousands of citations per article for well-targeted topics, the cost per unit of reach is

orders of magnitude lower than any traditional content channel.

Does every article earn thousands of citations?

No. Citation volume depends on topic-platform fit, content structure, and accuracy. Articles on topics that

Copilot users ask about regularly can earn thousands of citations. Articles on topics that don’t match the

platform’s user base earn zero. Topic selection is the primary variable.

How often should AI citation content be updated?

Content should be updated whenever the underlying facts change — especially pricing, version numbers, and

feature availability. For fast-moving topics like AI tool pricing, monthly reviews are appropriate. Each update

costs roughly $0.10 in API costs and preserves the citation authority the article has built.

How Smart TV Advertising Predicted AI Content Strategy
Source: https://tygartmedia.com/smart-tv-advertising-predicted-ai-content-strategy/ Published: June 4, 2026

A Lesson Advertisers Learned (That Marketers Forgot)
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In the early 2000s, smart TV advertising was a mess. Media buyers would take a 30-second TV spot —

optimized for lean-back, passive viewing — and run it on every screen: broadcast TV, connected TV, desktop

pre-roll, mobile interstitials, and later, smart TV apps. Same creative. Different screens. Predictably terrible

results.

It took the advertising industry about a decade to figure out what seems obvious in retrospect: different screens
serve different audiences in different contexts, and the creative has to match.

A smart TV viewer is on the couch, relaxed, 10 feet from the screen. A mobile user is commuting, distracted,

holding the phone 12 inches from their face. A desktop user is at work, focused, multitasking. The same

30-second spot that stops a TV viewer cold gets skipped on mobile because the hook takes too long. The same

mobile-first vertical video looks absurd on a 55-inch smart TV.

Once advertisers internalized this, the industry restructured. Creative teams started building platform-specific

versions from the ground up. Media strategies segmented by screen. Measurement tracked performance by

device, by platform, by context. The unified “TV commercial” became an artifact. In its place: a matrix of

screen-specific creative, each optimized for its audience.

Content strategy for AI is exactly where TV advertising was in 2005. And most people don’t see it yet.

AI Platforms Are the New Screens
AI platforms are the new screens.

The analogy maps precisely:

Platform Screen How people use it What content wins

Microsoft Copilot Smart TV (built into a device
people already own)

Embedded in Microsoft 365,
the platform people already
use for work. Users aren’t
seeking it out; it’s there when
they need it.

Lean-back reference material:
structured, specific, ready to
surface without the user
leaving their workflow.

ChatGPT Laptop/desktop Users go there deliberately,
open a session, and engage
actively: leaning forward,
exploring, asking follow-up
questions.

Detailed, nuanced,
conversation-worthy content,
the equivalent of long-form
desktop video that rewards
active attention.

Perplexity Curated feed Synthesizes the best sources
into a clean answer with
citations, like a personalized
news feed or a curated
newsletter.

Authoritative, primary content:
the source a discerning editor
would choose as the definitive
reference.

Google AI Overviews Pre-roll Appear before the organic
results, like a pre-roll ad
before a YouTube video,
capturing attention at the top
of the funnel.

Content formatted for instant
extraction: concise definitions,
direct answers, structured lists
that can be repurposed into a
summary.

Google organic search Broadcast TV Still the largest audience, the
broadest reach, and the most
competitive, but no longer the
only screen that matters.

SEO structure built to rank for
keyword searches.



Tygart Media — tygartmedia.com Page 96

My data shows the Copilot fit: 98,800 citations from enterprise users who never left Word or Edge.

The audiences, by the numbers (as of October 2026)

Copilot: Microsoft said Microsoft 365 Copilot reached over 30 million paid seats in its fiscal fourth-quarter

results (July 29, 2026).

ChatGPT: OpenAI said at DevDay that ChatGPT now has 1.2 billion weekly users, up from 1 billion in July

(The Verge, September 29, 2026).

Perplexity: CEO Aravind Srinivas said Perplexity received 780 million queries in May 2025, with more than

20% month-over-month growth (TechCrunch, June 5, 2025).

Google AI Overviews: Alphabet said AI Overviews now have over 2.5 billion users each month (investor

presentation, June 3, 2026).

These are different measures (paid seats, weekly users, monthly queries, monthly users), so they don’t compare

head to head. That’s the same reason to measure each platform separately.

The Creative Matrix for AI Content
The creative matrix for AI content.

Just as an ad agency now produces a creative matrix — smart TV version, mobile version, desktop version,

social version — a content operation needs to produce a content matrix for AI platforms.

Let me show how this works with a real example. I publish content about Claude AI pricing. Here’s how that

single topic gets treated differently for each platform:

Copilot version: Clean pricing table. Plan names, model names with version numbers, input/output token costs,

monthly subscription prices. Minimal narrative. Maximum structure. This is the version that earns 16,500

citations because Copilot users need a number, not a story.

ChatGPT version: 2,000-word analysis of Claude’s pricing strategy. How the tiers compare to OpenAI’s

pricing. What the model costs mean for different use cases. Total cost of ownership calculations. Strategic

framing for business decision-makers.

Perplexity version: The definitive, comprehensive, most-current pricing reference on the internet. Updated

within days of any price change. Formatted so Perplexity can cite specific numbers with confidence. The page

that makes other sources unnecessary.

Google version: SEO-optimized comparison page. “Claude AI Pricing 2026” in the title. FAQ schema. Clean

headings. First paragraph answers the query directly. Designed to rank for keyword searches.

In practice, some of these treatments can coexist in a single article. My highest-performing pages layer

narrative depth (for ChatGPT and human readers) on top of structured data tables (for Copilot extraction) with

FAQ sections (for Google snippets and AEO). But the intentionality matters — you have to design for each

screen, not just hope one version works everywhere.

What the Ad Industry Learned That Content Strategy Hasn’t
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The advertising industry’s transition to screen-specific creative taught several lessons that apply directly to AI

content strategy:

The generalist loses. The brand that ran the same spot everywhere got outperformed by the brand that

optimized for each screen. In content, the operation that writes one article and publishes it hoping all AI

platforms cite it will be outperformed by the operation that tailors content for each platform’s audience.

Measurement has to segment by platform. Ad performance makes no sense when aggregated across all

screens. A campaign that crushed on mobile but bombed on CTV looks mediocre in aggregate. The same is true

for AI content: if you’re measuring “AI visibility” as a single metric, you’re missing the fact that your Copilot

performance might be exceptional while your ChatGPT performance is zero.

The production model has to change. When TV went from one-spot-fits-all to screen-specific creative,

production workflows had to adapt. Agencies started shooting with multiple formats in mind. Content

operations need the same evolution: write with multiple AI platforms in mind from the start, not as an

afterthought.

The early movers win disproportionately. The brands that figured out smart TV creative early locked in

audience relationships and platform partnerships that late movers couldn’t replicate. In AI content, the

publishers that build platform-specific citation authority now are building a moat. My Copilot citation flywheel

— 672 daily citations growing to 5,500 — is the content equivalent of early smart TV audience lock-in.

Why Content Operations Are Behind
Why content operations are behind.

The advertising industry had a structural advantage: media buyers were already thinking in terms of channels,

audiences, and platforms. When new screens emerged, the mental model of “different creative for different

channels” was already established. They just had to apply it to a new channel.

Content marketing has operated under a different mental model: “publish great content and let search engines

distribute it.” For twenty years, this meant one distribution channel (Google) with one optimization framework

(SEO). The idea that you might need platform-specific content strategies for AI engines is foreign to most

content operations because they’ve never had to think about distribution as a multi-platform problem.

That’s changing. The data is forcing it. When you can see in Bing Webmaster Tools that your enterprise tool

content earns 5,500 daily Copilot citations while your local content earns zero, the multi-platform nature of AI

distribution becomes undeniable. And once you accept that AI platforms are different audiences, the advertising

industry’s decades of screen-specific creative become your playbook.

Building the Platform-Specific Content Operation
Structure for multiple audiences in one article.

Here’s what the transition looks like, based on what I’m building right now:

Audit by platform. Check your Bing AI Performance data. Manually test your key topics in ChatGPT,

Perplexity, and Claude. Build a map of which content earns citations where.
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Segment your content calendar. Assign platform targets to each piece of content. “This pricing guide is

optimized for Copilot extraction.” “This thought leadership piece is optimized for ChatGPT depth.” “This

reference page is optimized for Perplexity authority.”

Structure for multiple audiences in one article. Your best content should layer: structured data for Copilot,

narrative depth for ChatGPT, definitive authority for Perplexity, and keyword optimization for Google. Not

every piece needs all four, but your pillar content should.

Measure separately. Track Copilot citations in Bing Webmaster Tools. Track ChatGPT referral traffic in

analytics. Test Perplexity visibility manually. Don’t aggregate these into one “AI performance” number —

they’re different audiences and need different metrics.

The ad industry spent a decade learning that one creative doesn’t fit all screens. The content industry can learn

the same lesson faster — because the data is available today, and the playbook has already been written by

someone else.

For Agency Media Buyers: What Happens After the Spot Airs
If you buy TV for a living, here’s the part of the funnel that changed under your feet. A viewer sees your

client’s spot, picks up a phone or opens a laptop, and asks a question. Increasingly that question goes to

ChatGPT, Copilot, Perplexity, or a Google AI Overview instead of a plain search box. “Is this brand any

good?” “What’s the best option in this category?” “Who else does this?”

The assistant answers in a sentence or two, and it names whoever it can actually read and trust. Sometimes

that’s your client. Sometimes it’s a competitor that never bought a single spot. Your reach and frequency can be

perfect, and the demand the campaign created can still leak to whoever the AI cites at the moment of follow-up.

It’s the same screen-specific lesson from earlier in this piece, one step later in the funnel. The TV creative does

its job. Then the answer layer decides who gets the credit. Three things matter there:

Whether the brand gets cited. Run the questions a viewer would ask after the spot and see which names come

back, platform by platform.

Whether answer-ready content exists. Pages that answer the brand and category questions directly — clear

definitions, specific facts, FAQ structure — are what assistants extract and cite.

Whether it’s measured separately. Citation visibility is its own metric, tracked per platform, not a line folded

into search or brand lift. Here’s how I think about what a citation is worth.

That’s where Tygart Media fits. We don’t buy your airtime, and we don’t make the spot. We make sure that

when the spot sends people to an AI assistant, your client is the answer it gives. That starts with a citation scan

— where AI cites the brand today, where it doesn’t, and who it cites instead — and moves into rebuilding the

pages AI pulls its answers from, using the same methodology behind this site’s own citation numbers.

Running a TV campaign and want to know what AI says when viewers go looking? Tell us about it, and

we’ll tell you honestly whether we can help.

Tell us about the campaign

Related on Tygart Media: different AI audiences · SEO vs GEO vs AEO · citation economy.
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Sources:

•  Microsoft, “Microsoft Cloud and AI strength fuels fourth quarter results,” July 29, 2026.

news.microsoft.com

•  The Verge, “ChatGPT now has 1.2 billion weekly users, OpenAI says,” September 29, 2026.

theverge.com

•  TechCrunch, “Perplexity received 780 million queries last month, CEO says,” June 5, 2025.

techcrunch.com

•  Google (The Keyword), “Alphabet investor presentation: June 2026,” June 3, 2026. blog.google

Frequently Asked Questions

How is AI content like advertising?

Just as advertisers create different creative for smart TV, mobile, desktop, and social media, content operations

need platform-specific approaches for Copilot, ChatGPT, Perplexity, and Google. Each platform serves a

different audience in a different context with different needs.

Can one article serve all AI platforms?

Yes, with intentional layering. A single article can include structured data tables for Copilot extraction,

narrative depth for ChatGPT engagement, authoritative sourcing for Perplexity citation, and keyword

optimization for Google rankings. The key is designing for all audiences from the start.

What does platform-specific content measurement look like?

Track Copilot citations in Bing Webmaster Tools AI Performance tab. Monitor ChatGPT referral traffic in

Google Analytics. Test Perplexity visibility by manually searching your topics. Measure each platform

separately rather than aggregating into one AI performance number.

Which AI platform should I prioritize?

It depends on your audience. Enterprise and technology content should prioritize Copilot because its user base

is knowledge workers mid-task. Consumer and research content may perform better on ChatGPT. Use the

topic-platform fit matrix to determine where your content has the highest citation potential.

How did smart TV advertising change production workflows?

Agencies shifted from one-spot-fits-all to shooting with multiple formats in mind from the start. Content

operations need the same evolution: plan content with multiple AI platform audiences in mind during the

writing process, not as a post-publish optimization.

Your Website Is Being Read by AI More Than Humans — Here’s the Data
Source: https://tygartmedia.com/website-read-by-ai-more-than-humans-data/ Published: June 4, 2026

The Invisible Majority of Your Readership
The invisible majority of your readership — AI crawlers.
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For every human who clicks on one of my articles from Bing search results, Microsoft Copilot cites that same

content 52 times. Not reads. Not impressions. Citations — instances where an AI engine uses my content as the

grounding source for a response delivered to a real user.

The numbers: 98,800 AI citations from Copilot. Roughly 1,900 human clicks from Bing. Same time period.

Same domain. Same content.

And here’s what makes this disorienting: I can see the AI citations in Bing Webmaster Tools. But my Google

Analytics, my heatmaps, my session recordings, my conversion tracking — none of it registers the 98,800 AI

interactions. As far as my analytics stack is concerned, those readers don’t exist.

The largest audience consuming my content is invisible to every measurement tool I’ve used for the past

decade.

How We Got Here Without Noticing
How we got here without noticing.

The shift happened gradually, then all at once. Microsoft shipped Copilot in Microsoft 365 to hundreds of

millions of enterprise seats. Google rolled out AI Overviews to every search user. ChatGPT launched its search

feature. Perplexity grew to millions of daily users. Claude’s user base expanded.

Each of these platforms consumes web content to generate responses. They crawl, index, and cite websites —

not to send traffic, but to build the source material for AI-generated answers. Your content becomes the

foundation of an AI response that gets delivered to a user who may never know your site exists and will

certainly never show up in your analytics.

The scale is enormous. Microsoft alone has over 400 million Copilot users across its products. If even a fraction

of their queries trigger content citations, the total volume of AI-mediated content consumption dwarfs

traditional search clicks for many content categories.

My 52:1 ratio might be extreme because my content is heavily skewed toward AI tools — a topic that Copilot

users ask about frequently. But even for more general content categories, the AI consumption layer is growing

faster than any other traffic channel. And most content operations are completely blind to it.

The Measurement Crisis
Here’s what your current analytics stack tells you about AI consumption of your content: almost nothing.

Google Analytics tracks human visits. An AI engine that cites your content doesn’t load your page in a browser,

doesn’t execute JavaScript, doesn’t trigger a session. It reads your content through APIs or cached indexes and

incorporates it into a response. No pageview. No session. No data.

Google Search Console tracks clicks and impressions from Google search. It doesn’t track AI Overview

citations — when Google’s own AI uses your content to build an AI-generated summary, that interaction

doesn’t appear as a click or an impression in Search Console.

The only tool currently offering AI citation data is Bing Webmaster Tools, through its AI Performance beta tab.

This shows Copilot-specific citations — the number of times Copilot used your content as a grounding source.

But it only covers Microsoft’s AI. Google, ChatGPT, Perplexity, and Claude citation data remains largely
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invisible.

This creates a measurement crisis. Content operations make decisions based on analytics data. If the majority of

your content’s audience is invisible to your analytics, you’re making decisions based on the minority of your

readership. You’re optimizing for the 1,900 clicks while ignoring the 98,800 citations.

What “Being Read by AI” Actually Means
When I say AI is reading your content, I want to be precise about what’s happening technically.

Grounding: When a user asks Copilot a question, Copilot searches for relevant web content, retrieves it, and

uses it to “ground” its response in factual sources. Your page becomes the cited source for specific claims in the

AI’s answer. The user sees your content’s information, often with a link back to your page — but they may

never click that link because the AI already gave them what they needed.

Scale: One article on my site answering “claude ai pricing” was grounded 16,500 times. That means 16,500

Copilot users received information sourced from my page. In a traditional web model, that would be 16,500

pageviews. In the AI model, it’s 16,500 invisible reads.

Reach: Each citation represents content delivery to a user who is actively working, actively needing that

information, and actively incorporating it into a task. This isn’t a bounce-rate impression — it’s a high-intent

content consumption event. The quality of these “reads” may be higher than most human pageviews, even

though they’re invisible.

The Writing Implications
The writing implications of AI-majority readership.

If AI is your primary reader, you need to write differently. Not worse. Not shorter. Differently.

Write for extraction, not engagement. AI engines don’t scroll, don’t skim, and don’t get bored. They extract

specific information from your content. A pricing table that’s easy for AI to parse serves the citation audience

better than a narrative pricing discussion that’s more “engaging” for human readers. Both can coexist, but the

extraction-friendly content needs to be there.

Accuracy is non-negotiable. AI engines are grounding their responses on your content. If your pricing page is

wrong, Copilot gives 16,500 users the wrong answer — with your name attached as the source. In a traditional

web model, a wrong number on a page hurts your credibility with the humans who visit. In the AI model, it

hurts your credibility with the AI engine itself, which may stop citing you if users flag the information as

incorrect.

Structure beats storytelling for citation content. This doesn’t mean storytelling is dead — it means you need

both. The narrative draws human readers. The structured data draws AI citations. A good article about Claude

pricing has both: a narrative explanation of the pricing structure and a clean, parseable table of actual numbers.

Currency matters more than ever. AI engines can detect stale content. A pricing article from January 2025

won’t earn citations in June 2026 because the prices have changed. The content that maintains citation velocity

is content that’s demonstrably current — date-stamped, version-specific, and regularly updated.

The Monetization Question
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The obvious question: if AI is reading your content 52 times more than humans, but those AI reads don’t

generate pageviews, how do you monetize them?

Right now, the honest answer is: the direct monetization model is still emerging. Ad revenue depends on

pageviews. Affiliate revenue depends on clicks. Lead generation depends on form fills. None of these happen

when AI reads your content.

But here’s what does happen:

Brand authority compounds. When Copilot cites your pricing guide 16,500 times, you become the de facto

source for that topic. Enterprise workers learn your name through AI responses. When they eventually need to

visit your site — for a demo, for a purchase, for a deeper evaluation — they already know you.

Citation begets citation. My data shows a flywheel effect: the more Copilot cites a source, the more it trusts

that source for adjacent queries. 672 daily citations grew to 5,500 daily citations over 90 days. Authority

compounds in AI engines just as it does in traditional search.

The traffic still comes — indirectly. AI citations include source links. Some users do click through. And as

your citation authority grows, your traditional search visibility often grows with it, because AI citation authority

and search authority draw from overlapping signals.

The long-term monetization model for AI citations probably looks more like brand advertising than direct

response. You’re building awareness and authority at massive scale. The conversion happens downstream,

through channels that your analytics can track.

What to Do About It Today
Check your Bing Webmaster Tools AI Performance tab. If you haven’t verified your site with Bing, do that

first. The citation data might change how you think about your entire content operation.

Look at your analytics with fresh eyes. That high-quality article with “disappointing” traffic might be

generating thousands of AI citations you can’t see. The low-traffic technical guide might be one of your

most-consumed pieces of content through AI channels.

Start tracking the AI-to-human ratio for your content categories. Which topics are being consumed primarily by

AI? Which are still human-traffic driven? This tells you where to invest in structured, extraction-friendly

content (for AI) and where to invest in engagement-optimized content (for humans).

Your biggest audience might be the one you can’t see yet. But the data to find it is already there — if you know

where to look.

Related on Tygart Media: AI crawler experiment · citation economy.

Frequently Asked Questions

Does Google Analytics track AI citations?

No. Google Analytics tracks human browser visits. AI engines consume content through APIs and indexes

without loading pages in browsers, so they don’t trigger JavaScript analytics. The only current tool showing AI

citation data is Bing Webmaster Tools AI Performance beta tab.
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What is the AI-to-human read ratio?

For one domain focused on AI tools, the ratio was 52:1 — 98,800 Copilot citations vs 1,900 Bing clicks in the

same period. This ratio varies dramatically by topic. Enterprise technology content tends to have very high

AI-to-human ratios. Local consumer content tends to have very low ratios.

Should I stop writing for humans and focus on AI?

No. Humans still drive direct revenue through clicks, conversions, and engagement. The strategy is to write

content that serves both — narrative elements for human readers and structured, extractable data for AI engines.

Both audiences can be served by the same article with intentional formatting.

How do I make my content more citable by AI?

Structure information for extraction: clean tables, specific numbers, version-stamped details, clear definitions.

Ensure accuracy — AI engines may reduce citations for sources that users flag as incorrect. Keep content

current with date stamps and regular updates.

Will Google eventually show AI citation data?

Google has not announced plans to expose AI Overview citation data in Search Console. However, as the AI

citation economy grows and marketers demand transparency, competitive pressure from Bing’s AI Performance

tab may push Google to provide similar analytics.

Why Claude Articles Get 16,500 Copilot Citations But Roofing Articles Get
Zero
Source: https://tygartmedia.com/claude-articles-16500-copilot-citations-roofing-zero/ Published: June 4, 2026

The Most Lopsided Split I’ve Ever Seen
The most lopsided split: topic–platform fit beats volume.

I run two kinds of content on the same portfolio of sites. One kind covers AI tools — Claude pricing, developer

workflows, Copilot integrations, tool comparisons. The other covers trade services — restoration contractors,

roofing, water damage, local business directories.

Both content streams are well-written. Both are SEO-optimized. Both rank on Google. But when I opened Bing

Webmaster Tools and looked at the AI Performance tab, the split was so stark it looked like a data error.

AI tool content: 98,800 citations across 576 grounding queries. The single highest query — “claude ai pricing”

— generated 16,500 citations by itself.

Trade service content: Zero.

Not ten. Not “a few that I might have missed.” Zero citations. Across every restoration article, every roofing

guide, every local service page. Microsoft Copilot did not cite a single one of them.

This isn’t a quality problem. It’s a topic-platform fit problem. And understanding it changes how you think

about content strategy for AI.

Who Actually Uses Copilot
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To understand why Claude articles dominate and roofing articles get nothing, you need to understand who is on

the other end of those Copilot queries.

Microsoft Copilot is embedded in Microsoft 365 — Word, Excel, PowerPoint, Outlook, Teams, Edge. The

users are enterprise workers, knowledge professionals, and business users who invoke AI as part of their daily

workflow. They’re writing reports, building presentations, comparing tools, planning purchases, and making

decisions.

When a Copilot user asks a question, it’s because they need information to complete a task they’re currently

doing. They’re in Word writing an AI strategy memo and they need current pricing. They’re in Excel building a

vendor comparison and they need feature lists. They’re in Edge researching a developer tool and they need a

hands-on review.

These people don’t ask Copilot about roofing contractors. They don’t ask about water damage restoration in

Houston. They don’t ask about emergency plumbing services. Because they’re not doing those things at their

desk in Microsoft 365.

The queries that trigger Copilot citations are professional knowledge queries — the questions knowledge

workers ask while working:

“What is claude ai pricing in 2026” “Claude code vs cursor comparison” “How to set up notion MCP with

claude” “Anthropic console api key guide” “Best AI coding tools for teams”

Every one of these is a work-context question from someone making a professional decision. And every one of

them led Copilot to my content because my content is the most structured, specific, accurate answer available.

The Topic-Platform Fit Matrix
Topic–platform fit matrix — write for the assistant that will cite you.

Based on my citation data and observation across platforms, here’s what I see as the topic-platform fit

landscape:

Microsoft Copilot favors: Technology tool comparisons and pricing. Enterprise software reviews. Developer

workflow guides. Business strategy content. AI platform analysis. Integration and configuration documentation.

Anything a knowledge worker might need while working in Office.

Microsoft Copilot ignores: Local services. Trade industries. Consumer products. Event listings. Community

content. Anything where the intent is “find a provider near me” rather than “help me understand this tool.”

ChatGPT favors: Broad technology topics. Health and science information. Financial concepts. Educational

content. How-things-work explanations. Creative and cultural topics. Travel planning.

Google favors: Everything — but especially local intent, shopping intent, transactional queries, and broad

informational queries. Google is the generalist.

Perplexity favors: Current events and news. Technical deep-dives. Product research. Anything where users

want a synthesized, multi-source answer to a specific question.

The pattern is clear: each platform’s topic preferences reflect its user base and use context. Copilot’s users

are in the office, so Copilot cites office-relevant content. ChatGPT’s users are everywhere, so ChatGPT cites
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broadly. Google’s users are searching with intent, so Google rewards intent-matched content.

Why 16,500 Citations for One Query
The “claude ai pricing” query generating 16,500 Copilot citations deserves its own analysis because it

illustrates topic-platform fit perfectly.

Think about who asks this question inside Copilot: someone at a company evaluating Claude as a tool for their

team. They’re probably in the middle of writing a procurement justification, a budget proposal, or a vendor

comparison. They need the current pricing — plans, model costs, API rates — and they need it accurate and

structured so they can drop it into their document.

My Claude AI pricing article has exactly what this person needs: clean pricing tables organized by plan tier,

specific model costs with input/output token rates, version-accurate model names, and comparison notes that

help with vendor evaluation. The content is formatted for extraction — Copilot can pull a specific number, a

specific tier name, a specific comparison point and present it to the user inline.

That’s why one article earns 16,500 citations while an entire portfolio of roofing content earns zero. The

roofing content is excellent for its audience (homeowners with water damage searching Google). But that

audience doesn’t exist inside Copilot.

The Strategic Implications
Strategic implications — authority clusters compound.

If you’re a content strategist looking at this data, the implications are significant:

Not all content is eligible for AI citations. If your business is local services, consumer retail, or any industry

where the customer journey starts with a Google search and ends with a phone call, AI citation optimization

might not be your priority. Your content serves Google searchers, and that’s fine — that audience is still

massive and monetizable.

If your content serves knowledge workers, you’re sitting on a citation goldmine. SaaS companies,

developer tools, B2B services, consulting firms, enterprise technology — any business whose content answers

questions that professionals ask while working is perfectly positioned for Copilot citations. And most of them

don’t know it yet because they’ve never checked the AI Performance tab.

Topic-platform fit should drive your content calendar. Instead of asking “what keywords should we target,”

start asking “which AI platforms could cite our content, and what does their user base need?” This changes

which articles you prioritize, how you structure them, and what success looks like.

The zero-citation categories will change. As AI platforms expand beyond enterprise knowledge work — as

Copilot appears in more consumer contexts, as ChatGPT’s search feature grows, as Google AI Overviews cover

more queries — the topic-platform fit map will shift. Local services might start earning AI citations when AI

assistants handle “find me a plumber” queries. But right now, the data is unambiguous: Copilot citations

concentrate in professional knowledge topics.

How I Use This Data
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On my own sites, topic-platform fit analysis drives resource allocation. I don’t try to make my restoration

content earn Copilot citations — that’s fighting the user base. Instead, I optimize restoration content for Google

(where that audience lives) and invest my Copilot-facing content effort in AI tools, business strategy, and

technology topics (where the citation audience lives).

This isn’t about abandoning one audience for another. It’s about matching content to the platform where it will

actually be consumed. The same way a B2B SaaS company advertises on LinkedIn instead of TikTok, you

should produce AI tool content for Copilot and local service content for Google.

The data is telling you where your audiences are. The question is whether you’re listening.

Related on Tygart Media: $0.35 article citations · 98,800 citations · restoration AI search.

Frequently Asked Questions

Can local business content earn AI citations?

Currently, local service content earns very few AI citations because Copilot users are enterprise workers asking

professional questions. However, as AI assistants expand into consumer use cases — handling queries like

“find me a plumber” or “best restaurants near me” — local content may start earning citations. For now, focus

local content on Google SEO and monitor AI citation data for shifts.

What is topic-platform fit?

Topic-platform fit describes how well a content topic matches the user base and use context of a specific AI

platform. Topics that align with what a platform’s users actually ask about earn citations. Topics that don’t

match the user base earn zero citations regardless of content quality.

Why does Copilot favor technology content so heavily?

Copilot is embedded in Microsoft 365, so its users are enterprise workers in Office applications. They ask

questions related to their work: tool comparisons, pricing, integrations, and business decisions. Technology and

business content matches their context. Consumer and local content does not.

Should SaaS companies prioritize Copilot citations?

Yes. If your product serves enterprise knowledge workers, your documentation, pricing pages, and comparison

content is exactly what Copilot users ask about. Checking your Bing Webmaster Tools AI Performance tab may

reveal citation data you did not know existed — and optimizing for it could dramatically expand your content’s

reach.

How do I find my topic-platform fit?

Start by checking Bing Webmaster Tools AI Performance for your existing Copilot citation data. Then

manually test your key topics in ChatGPT, Perplexity, and Claude to see if your content appears in their

responses. Map which topics earn citations on which platforms to build your topic-platform fit matrix.

The SEO vs GEO vs AEO Debate Is Already Over — Here’s What Comes Next
Source: https://tygartmedia.com/seo-vs-geo-vs-aeo-debate-over-psao/ Published: June 4, 2026

An Argument With No Winner
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Open any marketing subreddit, LinkedIn thread, or industry conference agenda right now and you’ll find the

same debate: SEO vs GEO vs AEO. Search Engine Optimization vs Generative Engine Optimization vs

Answer Engine Optimization. Which framework should guide your content strategy? Which one is “the

future”?

I’ve been watching this debate for months while sitting on a dataset that makes the entire argument irrelevant.

The data comes from Bing Webmaster Tools AI Performance tab — 98,800 Microsoft Copilot citations across

576 grounding queries from a single domain. And what it shows is that the SEO/GEO/AEO framework is the

wrong level of abstraction.

The right question isn’t “which optimization approach wins.” It’s “which AI platform are you optimizing for,

and what does its specific user base need?”

Why the Old Categories Are Collapsing
SEO vs GEO vs AEO — the old categories are collapsing.

SEO was built for Google. It assumes a user types keywords, receives a ranked list of links, and clicks through

to a website. The metrics are rankings, clicks, and conversions. This model still works for Google — but

Google is no longer the only discovery engine that matters.

GEO emerged to address generative AI — the idea that your content needs to be optimized so that AI engines

cite and reference it. But GEO treats “AI” as a single category. It assumes what works for ChatGPT also works

for Copilot, Perplexity, Gemini, and Claude. My data says that’s wrong.

AEO focuses on structuring content for direct answers — featured snippets, People Also Ask boxes, voice

search. It’s a useful tactical framework, but it was designed for Google’s answer features, not for AI platforms

that consume and reprocess content in fundamentally different ways.

Each of these frameworks captures part of the picture. None captures the whole thing. And the gap between

them is where the actual opportunity lives.

The Data That Breaks the Framework
The data that breaks the single-framework argument.

Here’s what 98,800 Copilot citations taught me about why the SEO/GEO/AEO categories don’t hold:

Topic-platform mismatch is real. My AI tool content generates thousands of daily Copilot citations. My local

business content — which has strong Google SEO performance — generates zero Copilot citations. GEO

theory says optimized content should perform across AI engines. Reality says the topic has to match the

platform’s user base.

Content format preferences differ by platform. Copilot rewards structured reference content — pricing

tables, comparison matrices, specific data points. ChatGPT rewards depth and original analysis. Perplexity

rewards definitive, primary-source authority. AEO’s “structure for direct answers” advice is too generic to

capture these distinctions.

User intent varies by context. A Copilot user asking about Claude AI pricing is in the middle of a work task

— they need a number, now. A ChatGPT user asking the same question might be evaluating whether to adopt
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Claude at all — they want context, comparisons, and strategic thinking. Same query, different intent, different

optimal content. SEO’s keyword-intent model doesn’t account for the platform delivering the answer.

The citation flywheel is platform-specific. My daily Copilot citations grew from 672 to 5,500 over 90 days.

That growth happened because Copilot developed trust in my domain for specific topic clusters. This

trust-building behavior is different from how Google ranks pages, how ChatGPT selects sources, or how

Perplexity curates citations. Each platform has its own authority model.

Introducing Platform-Specific AI Optimization
Platform-specific AI optimization is what comes next.

I’m going to name the thing that comes after the SEO/GEO/AEO debate because someone has to, and I have the

data to back it up.

Platform-Specific AI Optimization (PSAO) is the practice of creating content tailored to the specific user

base, intent patterns, content format preferences, and authority models of individual AI platforms.

PSAO doesn’t replace SEO, GEO, or AEO. It subsumes them. SEO becomes your Google-specific strategy.

GEO becomes a shared foundation of AI-friendly content practices. AEO becomes a tactical layer that applies

differently depending on which platform you’re targeting. And PSAO is the strategic framework that

coordinates all of them.

Here’s how PSAO maps the landscape:

Google (SEO focus): Keyword optimization, link building, technical SEO, Core Web Vitals. Audience:

searchers with transactional or informational intent. Metric: rankings, clicks, conversions.

Microsoft Copilot (PSAO-Copilot): Structured reference content, pricing tables, comparison matrices,

technical documentation. Audience: enterprise workers mid-task in Microsoft 365. Metric: AI citations in Bing

Webmaster Tools.

ChatGPT (PSAO-ChatGPT): Long-form thought leadership, original research, unique data, comprehensive

analysis. Audience: explorers and evaluators in conversation mode. Metric: ChatGPT Search referral traffic,

citation mentions.

Perplexity (PSAO-Perplexity): Definitive primary-source content, original data, authoritative positioning.

Audience: users seeking curated, multi-source answers. Metric: Perplexity citation frequency.

Google AI Overviews (PSAO-AIO): Featured-snippet-ready content, concise definitions, structured FAQs.

Audience: searchers receiving AI-generated summaries. Metric: AI Overview inclusion rate.

Why Nobody Else Is Talking About This
The reason PSAO doesn’t exist as a category yet is simple: nobody has the data. The tools are fragmented, the

measurement is early, and the marketing industry is still in the “arguing about which single framework wins”

phase.

Bing Webmaster Tools AI Performance is in beta. Most marketers don’t know it exists. Google hasn’t released

comparable citation-level data for AI Overviews. ChatGPT’s citation behavior isn’t exposed through any

analytics dashboard. Perplexity doesn’t offer a webmaster console at all.
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The data infrastructure is nascent. But the underlying behavior — AI platforms consuming and citing web

content at massive scale with platform-specific patterns — is already happening. The 98,800 citations on my

domain aren’t theoretical. They’re measured, daily, query-by-query.

The marketers who wait for a polished SaaS dashboard to tell them about platform-specific AI optimization will

be years behind the ones who start measuring now with the crude tools available.

What PSAO Strategy Looks Like in Practice
On my own sites, PSAO looks like this:

Morning content (Copilot hours): I publish detailed AI tool guides, pricing comparisons, and integration

documentation. This content is structured for extraction — clean tables, specific numbers, version-stamped

details. It serves enterprise Copilot users who are working in Office and need reference data.

Evergreen content (Google hours): I publish local business guides, community resources, and civic

information. This content is optimized for traditional SEO — keywords, headings, FAQ schema, internal links.

It serves Google searchers looking for local information.

Weekend content (ChatGPT depth): I publish thought leadership, original analysis, and data-driven

arguments like this article. This content is optimized for depth and originality — the kind of content ChatGPT’s

grounding algorithm favors when users are exploring a topic.

Same domain. Three different content strategies. Three different audiences. Three different measurement

frameworks. That’s PSAO.

The Category Is Open
Right now, there’s no Google Trends data for “Platform-Specific AI Optimization.” No conference tracks. No

SaaS tools. No Gartner quadrant. The category is open because the phenomenon it describes has only become

measurable in the last few months.

I’m staking my position: the SEO vs GEO vs AEO debate is a transitional phase. Within 18 months, the

marketers who matter will be talking about platform-specific optimization because the data will force them to.

Different platforms, different audiences, different content, different metrics. That’s the future.

And I’m publishing the playbook as I build it.

Related on Tygart Media: GEO tactics · Google vs Copilot audiences · citation monitoring.

Frequently Asked Questions

Does PSAO replace SEO?

No. PSAO subsumes SEO by treating it as your Google-specific optimization strategy. SEO remains essential

for organic search traffic. PSAO adds parallel strategies for Copilot, ChatGPT, Perplexity, and other AI

platforms — each tailored to the platform’s specific audience and behavior.

How is PSAO different from GEO?
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GEO treats all AI engines as a single audience and applies general optimization principles — entity enrichment,

structured data, authoritative sourcing. PSAO recognizes that each AI platform has a different user base,

different intent patterns, and different content preferences. GEO is a foundation. PSAO is the targeting layer

built on top of it.

Where can I measure AI citations right now?

Bing Webmaster Tools AI Performance tab shows Copilot citation data, including total citations, grounding

queries, and daily trends. ChatGPT citations can be partially tracked through referral traffic analytics.

Perplexity and Claude currently lack webmaster-facing citation analytics, requiring manual testing.

What topics perform best on Copilot vs Google?

Copilot users are enterprise workers mid-task, so technology tools, pricing comparisons, integration guides, and

business strategy content earn the most citations. Google serves a broader audience including local searches,

shopping intent, and general information queries. The overlap exists, but the highest-performing content for

each platform is distinct.

When will the industry adopt PSAO?

The adoption curve depends on measurement tools. As Bing Webmaster Tools, Google Search Console, and

potential new platforms expose AI citation data, marketers will be forced to segment their optimization by

platform. Based on current data trends, platform-specific optimization will likely become standard practice

within 12-18 months for advanced content operations.

Writing for Google vs Writing for Copilot vs Writing for ChatGPT: They’re
Not the Same Audience
Source: https://tygartmedia.com/writing-for-google-vs-copilot-vs-chatgpt-different-audiences/ Published: June

4, 2026

The Assumption That’s Costing You Citations
The assumption costing you citations.

The entire content marketing industry operates on a single assumption: write great content, optimize it for

search, and the right people will find it. For two decades, “the right people” meant Google users. That

assumption worked because there was only one discovery engine that mattered.

There are now at least five. And they don’t behave the same way.

Google users type keywords. Microsoft Copilot users ask questions mid-task inside Word, Excel, or Outlook.

ChatGPT users explore topics conversationally. Perplexity users want curated, multi-source answers. Claude

users tend to ask deep, technical questions about implementation.

I know this because I can see it. My site generates 98,800 AI citations from Copilot alone, and the grounding

queries — the actual questions that triggered those citations — reveal an audience that looks nothing like my

Google Analytics traffic. These are different people, in different contexts, with different needs, finding the same

content through completely different pathways.



Tygart Media — tygartmedia.com Page 111

The content that serves one platform well often serves another poorly. And if you’re optimizing for “AI search”

as a single category, you’re making the same mistake as someone who runs the same TV commercial on ESPN,

HGTV, and the Discovery Channel.

Google Users: The Keyword Searchers
Google users: keyword searchers.

Google’s audience is the one everyone understands. They type keywords — sometimes fragments, sometimes

questions, often just a few words. “Best CRM software.” “Water damage restoration Houston.” “Claude AI

pricing 2026.”

The behavior is transactional or informational. They want a list, a comparison, a local service, or a quick

answer. Google’s algorithm rewards content that satisfies this intent quickly: clear headings, structured data,

fast load times, and content that matches the keyword pattern.

Google users click through to your site. They see your ads. They enter your funnel. The entire monetization

model of the internet is built on this interaction: search, click, land, convert.

Content that wins on Google: keyword-optimized pages, local landing pages, listicles, product comparisons,

and how-to content with clear structure. The audience skims. They want answers in the first 100 words or they

bounce.

Copilot Users: The Mid-Task Workers
Copilot users are a fundamentally different audience. They’re not searching — they’re working. They invoke

Copilot inside Microsoft 365 applications while writing a report, analyzing a spreadsheet, composing an email,

or researching a decision they need to make in the next 30 minutes.

The queries I see in Bing’s grounding data confirm this: “what is claude ai pricing in 2026,” “how to connect

notion to claude code,” “difference between claude code and cursor for teams.” These are operational questions

from people in the middle of a task. They need accurate, specific, reference-grade information — not a

2,000-word SEO article with a table of contents and 47 H2 headings.

The content that earns 16,500 Copilot citations for a single query isn’t my best-written piece. It’s my most

accurate, specific, and structured piece. It has clear pricing tables. It has version-specific details. It answers

the exact question without making you read three paragraphs of context first.

Copilot users never visit your site. They consume your content inside their Office application, surfaced as a

grounded AI response. Your content becomes the source material for Copilot’s answer. The citation is your

visibility — not the click.

Content that wins on Copilot: detailed pricing breakdowns, tool comparison matrices, integration guides with

specific steps, and reference documentation that’s structured for extraction rather than engagement.

ChatGPT Users: The Explorers
ChatGPT’s audience is different again. These are people in exploration mode — they’re thinking through a

problem, evaluating options, or trying to understand something complex. They write long, conversational

queries. They ask follow-up questions. They treat the AI as a thinking partner rather than an answer machine.
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ChatGPT’s citation behavior (visible through ChatGPT Search) favors content that demonstrates expertise,

provides unique insights, and covers topics comprehensively. Where Copilot wants structured reference data,

ChatGPT wants depth and nuance. Where Copilot users need an answer in 10 seconds, ChatGPT users are

willing to engage for 10 minutes.

Content that wins on ChatGPT: long-form thought leadership, original research, case studies with real data, and

contrarian perspectives backed by evidence. ChatGPT’s grounding algorithm appears to reward content that

says something other sources don’t.

Perplexity Users: The Curators
Perplexity positions itself as an answer engine — it synthesizes multiple sources into a single response with

inline citations. Its users want the definitive answer, pulled from the best available sources and presented with

transparency about where each claim comes from.

Perplexity’s citation behavior rewards pages that are recognized as authoritative on a specific topic. It tends to

pull from a smaller number of high-trust sources rather than aggregating broadly. If your page is the best single

source on a topic, Perplexity will cite it repeatedly.

Content that wins on Perplexity: comprehensive pillar pages, original data, and content that’s clearly the

primary source rather than a summary of other sources. Perplexity penalizes derivative content more visibly

than any other platform.

Claude Users: The Implementers
Claude users: the implementers.

Claude’s user base skews toward developers, technical professionals, and power users who ask

implementation-level questions. They want to know how to build something, how to configure something, or

how to debug something. The queries tend to be specific and technical.

Content that wins Claude citations: technical documentation, code examples, step-by-step implementation

guides, and troubleshooting content. Claude’s training data and retrieval mechanisms favor content that’s

precise and actionable over content that’s broadly informative.

The Same Article, Five Different Treatments
Let me make this concrete. Say I’m writing about connecting Claude to a Notion database using MCP (Model

Context Protocol). Here’s how the same topic needs to be treated differently for each platform:

For Google: “How to Connect Notion to Claude AI (2026 Guide)” — Keyword-optimized title, H2 structure,

step-by-step with screenshots, FAQ schema, 1,200 words. Goal: rank for “notion claude integration.”

For Copilot: A reference page with the exact configuration JSON, version requirements, common error codes

and fixes, and a clean table of parameters. No fluff. Copilot will extract the technical specs and present them to

a user who’s currently trying to set this up.

For ChatGPT: A 2,500-word deep dive on why MCP matters, what it enables, the architecture decisions

behind it, and how it compares to other integration approaches. ChatGPT users are evaluating whether to adopt

MCP, not just how to configure it.
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For Perplexity: The definitive reference that other sources can’t match — original benchmarks, real

performance data, edge cases nobody else documents. Perplexity will choose this as its primary source if it’s

clearly the most authoritative.

For Claude: Working code examples, actual configuration files, error handling patterns, and the kind of

implementation detail that lets someone copy-paste and go.

That’s five different content approaches for one topic. And most content operations are producing one version

and hoping it works everywhere.

Why This Matters Now
The advertising industry figured this out decades ago. You don’t run the same creative on a billboard, a podcast

ad, a YouTube pre-roll, and a smart TV placement. Each format has a different audience in a different context

with different attention patterns. The creative has to match.

AI platforms are the new formats. Copilot is the workplace billboard — your content appears where people are

already working. ChatGPT is the podcast — people are engaged and exploring. Perplexity is the curated

newsletter — only the best sources make the cut. Google is still the highway — highest volume, broadest

audience, most competitive.

The content operations that figure out platform-specific optimization first will dominate the AI citation

economy the way early SEO adopters dominated organic search. The data is already available. The tools exist.

The only missing piece is the strategic framework — and the willingness to treat AI platforms as distinct

audiences rather than a single monolithic “AI search” category.

I’m building that framework in real time, publishing the data as I go. This article is part of it.

Related on Tygart Media: SEO vs GEO vs AEO · Copilot day / Google night · AI search funnel.

Frequently Asked Questions

Do I need to create separate articles for each AI platform?

Not necessarily separate articles, but you need to think about which platform each piece is optimized for. Some

articles naturally serve multiple platforms. But your highest-value topics should have platform-specific

treatments — a reference version for Copilot, a deep-dive version for ChatGPT, a definitive version for

Perplexity.

How do I know which AI platform is citing my content?

Currently, Bing Webmaster Tools shows Copilot citation data in the AI Performance beta tab. ChatGPT

citations can be partially tracked through referral traffic from chat.openai.com. Perplexity and Claude citation

data is harder to access — you’ll need to manually query these platforms with topics you rank for and observe

whether your content appears in their responses.

What content format works best for Copilot citations?

Structured, reference-grade content with clear data points, pricing tables, comparison matrices, and specific

technical details. Copilot users are mid-task and need precise answers. Content that’s structured for extraction

— where Copilot can pull a specific fact or figure — earns the most citations.
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Is this the same as GEO (Generative Engine Optimization)?

GEO is a component, but it treats all AI engines as one audience. Platform-Specific AI Optimization (PSAO)

goes further by recognizing that each AI platform serves a different user base with different intent patterns.

GEO gives you the foundation. PSAO gives you the targeting.

Should I stop optimizing for Google to focus on AI platforms?

No. Google still drives the majority of direct traffic for most sites. The strategy is to run parallel content

operations — Google-optimized content for organic traffic and platform-specific content for AI citations. On

my own sites, I serve local Google searchers with community content and enterprise Copilot users with AI tool

content. Same domain, two funnels.

98,800 AI Citations from One Laptop: What Microsoft Copilot Is Actually
Sourcing
Source: https://tygartmedia.com/98800-ai-citations-microsoft-copilot-sourcing/ Published: June 4, 2026

The Number Nobody Expected
The number nobody expected.

I run a portfolio of WordPress sites. One of them — a media property publishing articles about AI tools, local

business intelligence, and content strategy — started showing up in a place I didn’t expect: inside Microsoft

Copilot’s answers.

Not as a search result. Not as a backlink. As a citation — the source that Copilot grounded its response on

when enterprise users asked questions inside Word, Edge, Outlook, and the Copilot sidebar.

The Bing Webmaster Tools AI Performance tab — still in beta, still barely documented — told me exactly how

much: 98,800 AI citations across 576 unique grounding queries in under 90 days.

That’s not a typo. Ninety-eight thousand, eight hundred times an AI engine pulled content from my site and

embedded it in a response to a real user. And here’s the part that flipped my understanding of content

economics: during that same period, the site received roughly 1,900 human clicks from Bing search.

The AI was reading my content 52 times more often than humans were clicking on it.

What the Bing AI Performance Tab Actually Shows
What the Bing AI Performance tab actually shows.

Most marketers don’t know this tab exists. It appeared in Bing Webmaster Tools sometime in late 2025, buried

under the Performance section. Microsoft labeled it “AI Performance (beta)” and didn’t announce it with any

fanfare. No blog post. No keynote mention. It just showed up.

Here’s what it tracks:

Citations: The number of times your content was used as a grounding source in a Copilot-generated response.

This isn’t an impression — it’s a direct attribution. Copilot pulled from your page, used your information, and

(in many cases) linked back to you as the source.
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Grounding Queries: The actual questions users asked that triggered your content to be cited. These aren’t

keywords — they’re natural language questions. Full sentences. “What is claude ai pricing in 2026.” “How do I

connect Claude to Notion.” “What’s the difference between Claude Code and Cursor.”

Daily Trend Data: The day-by-day citation count. This is where the story gets interesting.

The Growth Curve That Changed My Strategy
When I first noticed the AI Performance tab, my daily citation count was sitting at around 672 per day. Modest.

Interesting, but not transformative.

Ninety days later, it was 5,500 citations per day. That’s an 8x increase with no corresponding change in my

publishing cadence, no new backlink campaigns, no paid distribution. The content was the same. What changed

was Copilot’s appetite for it.

The growth wasn’t linear. It came in steps:

Days 1-30: Steady at 600-800 citations/day. Copilot was discovering the site. Days 30-50: Jump to

1,500-2,200/day. A handful of articles got locked in as preferred sources. Days 50-70: Acceleration to

3,000-4,000/day. The site was now a default grounding source for an expanding set of queries. Days 70-90:

Peak at 5,500/day. Citation velocity was compounding — the more Copilot cited the site, the more queries it

became eligible for.

This looks like a flywheel, and I believe that’s exactly what it is. Copilot’s grounding algorithm appears to

develop trust in sources over time. Once a domain proves reliable for a topic cluster, it gets promoted for

adjacent queries in that cluster.

The 576 Queries: What Enterprise Users Actually Ask
The grounding queries are the most valuable dataset I’ve ever had access to. They reveal what Copilot users —

overwhelmingly enterprise workers inside Microsoft 365 — are actually asking when they invoke the AI.

The top query by citation volume: “claude ai pricing” — generating 16,500 citations on its own. One query.

One article. Sixteen thousand five hundred times Copilot used my page as the source for its answer.

The next tier includes queries like “claude code vs cursor,” “how to use claude code,” “anthropic console

guide,” and “notion mcp setup.” These are highly specific, tool-comparison, how-do-I-use-this queries from

people who are actively working. They’re not browsing. They’re not exploring. They’re in the middle of a task

and they need an answer right now.

This tells me something fundamental about who Copilot serves: knowledge workers making decisions inside
productivity software. They’re writing a memo and need a pricing comparison. They’re evaluating a

developer tool and need a feature breakdown. They’re setting up an integration and need configuration steps.

The content that wins Copilot citations isn’t SEO content. It isn’t listicles. It isn’t keyword-stuffed landing

pages. It’s reference-grade material that answers specific operational questions.

What Roofing Articles Got: Zero
What roofing articles got: zero — topic-platform fit.
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I also publish content in trade verticals — restoration, construction, and local services. Those articles have solid

traditional SEO performance. Google sends traffic. The content ranks.

Copilot citations for those articles: zero.

Not low. Not “a few.” Zero. Because the people using Copilot in their daily workflow aren’t asking about

emergency water damage repair or roofing contractors in Houston. They’re asking about the tools they use to do

their jobs — AI platforms, development environments, productivity software, and business strategy.

This is the first data point that made me realize: AI citation optimization is platform-specific. The topics that

win on Copilot are not the topics that win on Google, and they’re not the same topics that win on ChatGPT or

Perplexity. Each platform has a different user base with different intent patterns.

The Raw Numbers, Laid Out
Here’s the data from one domain over approximately 90 days, pulled directly from Bing Webmaster Tools AI

Performance (beta):

Total AI Citations: 98,800 Total Grounding Queries: 576 Average Daily Citations (start): 672 Average
Daily Citations (end): 5,500 Top Single Query Citations: 16,500 (“claude ai pricing”) Human Clicks from
Bing (same period): ~1,900 AI-to-Human Ratio: 52:1 Top Content Type Cited: Detailed

comparison/pricing guides Content Types with Zero Citations: Local service pages, trade industry content

What This Means for Content Strategy
The industry is currently arguing about SEO vs GEO vs AEO. That argument is already outdated. What the data

shows is something more granular: different AI platforms are different audiences, and they require different

content strategies, the same way that smart TV advertising requires different creative than mobile advertising.

I’m calling this Platform-Specific AI Optimization (PSAO) because nobody else has named it yet. Nobody

else has named it because nobody else is measuring it. The tools are there — Bing Webmaster Tools shows

Copilot citation data right now — but the marketing industry hasn’t caught up to the idea that AI engines are

audiences, not just algorithms.

Here’s what I’m doing with this data:

I’m writing content specifically engineered for Copilot’s enterprise user base during business hours — detailed

tool comparisons, pricing breakdowns, integration guides, and operational how-tos. I’m writing different

content for Google’s organic audience — local business directories, event guides, and community resources.

Same domain. Two completely different content strategies running simultaneously.

The Copilot content doesn’t need to rank on Google. The Google content doesn’t need Copilot citations. Each

serves its platform’s audience where they actually are.

Why I’m Publishing This
I’m publishing this data because the industry needs a baseline. Right now, there is no public benchmark for AI

citation volume. No one is talking about citation-per-query rates, daily citation growth curves, or topic-platform

fit analysis. There’s no equivalent of “Domain Authority” or “organic traffic” for the AI citation economy.
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Someone needs to be first. I have the data. So here it is.

If you run a content operation and you haven’t checked your Bing Webmaster Tools AI Performance tab, do it

today. You might be sitting on citation data you didn’t know existed. And if you’re building content strategy

without accounting for which AI platforms are actually consuming your content, you’re optimizing for one

audience while ignoring the one that’s reading you 50 times more often.

The AI citation economy is already here. The question is whether you’re measuring it.

Related on Tygart Media: $0.35 article · 16,500 citations · citation economy.

Frequently Asked Questions

What are AI citations in Bing Webmaster Tools?

AI citations are instances where Microsoft Copilot uses your website content as a grounding source in its

responses to user queries. They appear in the AI Performance (beta) tab within Bing Webmaster Tools and

represent direct attribution — Copilot pulled information from your page and used it to construct an answer for

a real user.

How do I check my AI citation data?

Log into Bing Webmaster Tools, navigate to the Performance section, and look for the “AI Performance” tab.

It’s currently in beta. You’ll see total citations, grounding queries (the actual questions users asked), and daily

trend data showing how your citation volume changes over time.

Why does Copilot cite some content but not others?

Copilot’s user base is predominantly enterprise workers inside Microsoft 365 applications. They ask operational

questions — tool comparisons, pricing details, integration guides, and how-to content related to their daily

work. Content that answers specific, task-oriented questions earns citations. Generic listicles, local service

pages, and broadly targeted SEO content typically receives zero citations because it doesn’t match what Copilot

users are asking.

What is Platform-Specific AI Optimization (PSAO)?

PSAO is a content strategy framework that recognizes different AI platforms serve different audiences with

different intent patterns. Copilot users are enterprise workers mid-task. ChatGPT users are explorers and

researchers. Perplexity users want curated multi-source answers. PSAO means creating content tailored to each

platform’s user behavior rather than treating all AI engines as interchangeable.

Is AI citation data more valuable than traditional search clicks?

The data suggests AI citations represent a fundamentally different type of content consumption. With a 52:1

ratio of AI citations to human clicks, AI engines are consuming content at dramatically higher volumes.

Whether this translates to direct revenue depends on your monetization model, but from a reach and authority

perspective, AI citations may represent the larger audience for many content categories.

AEO Intent Classification: The Four-Query Framework
Source: https://tygartmedia.com/aeo-intent-classification-framework/ Published: June 2, 2026
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Related on Tygart Media: GEO tactics · AI search funnel · SEO vs GEO vs AEO.

ChatGPT Search Citations: The 2026 Optimization Guide
Source: https://tygartmedia.com/chatgpt-search-citations-2026/ Published: May 28, 2026

ChatGPT Search cites 15% of the pages it retrieves. The other 85% get pulled into the model’s context

window, evaluated, and silently discarded — no visibility, no referral, no trace. If you are doing GEO work and

your pages keep getting retrieved but never quoted, you are losing at the second filter, not the first.

This is the 2026 implementation guide for surviving both filters: getting retrieved by ChatGPT Search, then

getting cited once you are there.

How ChatGPT Search Actually Builds an Answer
How ChatGPT Search builds an answer.

ChatGPT Search runs a three-stage pipeline. Each stage kills most candidates.

•  Retrieval — ChatGPT Search is powered by Bing’s index for real-time web retrieval. Seer Interactive’s

analysis found 87% of SearchGPT citations match Bing’s top results, with the bulk in positions one through

ten and a long tail in positions eleven through twenty. AirOps research separately put ChatGPT-to-Bing

overlap at 73%. If you are not in Bing’s top 20 for a query, you almost certainly are not in ChatGPT’s

candidate set.

•  Crawlability check — OpenAI’s OAI-SearchBot is the user agent that builds the index used for

ChatGPT’s search features. It is separate from GPTBot (training) and ChatGPT-User (browsing). Block

OAI-SearchBot in robots.txt and you remove yourself from ChatGPT Search entirely, even if Bing has you

ranked.

•  Citation selection — Of the pages retrieved, AirOps found ChatGPT cites only 15%. The model picks

what to quote based on structure, freshness, authority signals, and whether the page directly answers the

query.

Step 1: Verify You Are Indexed by Bing
Most sites optimized for Google have never logged into Bing Webmaster Tools. Fix that first. Three checks

before anything else:

•  site:yourdomain.com in Bing — confirms basic indexing.

•  Bing Webmaster Tools -> URL Inspection — confirms the specific pages you want cited are indexed

and have no crawl errors.

•  Bing rankings for your target queries — if you are not in the top 20 in Bing, ChatGPT will not see you.

If pages are missing, submit a sitemap via Bing Webmaster Tools and request URL inspection on any priority

page. Bing typically reflects changes within 24–72 hours, faster than Google.

Step 2: Allow OAI-SearchBot in robots.txt
Allow OAI-SearchBot in robots.txt.
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The single most-skipped step in GEO work. Add this block to your robots.txt:

# Allow ChatGPT Search to retrieve and cite this site User-agent: OAI-SearchBot Allow: / # Optional: allow

on-demand browsing for ChatGPT users User-agent: ChatGPT-User Allow: / # Optional: block training crawler

if you want retrieval without training User-agent: GPTBot Disallow: /

OpenAI publishes these three user agents and treats each independently. You can allow OAI-SearchBot for

ChatGPT Search visibility and still disallow GPTBot from using your content for model training. The settings

do not conflict. OpenAI’s systems typically recognize robots.txt changes within 24 hours.

Step 3: Structure Pages for the Citation Filter
Structure pages for the citation filter.

Retrieval is necessary but not sufficient. Once your page is in the candidate set, the model decides whether to

quote it. Pages that get quoted share a structural pattern.

Direct answers in the first 100 words

ChatGPT cites sources that answer the question fully. Partial answers lose to complete ones. Lead each page

with a clean direct-answer paragraph: question implied or stated, answer in the next sentence, supporting detail

after. This is the same pattern that wins featured snippets, which is not a coincidence — answer engines and

snippet engines reward the same structure.

JSON-LD schema

An AirOps study of 548,534 pages found pages with JSON-LD markup posted a 38.5% citation rate versus

32.0% without it. Article, FAQPage, and HowTo schema are the highest-leverage types. Add them.

Word count: 500–2,000

Pages between 500 and 2,000 words performed best in the same AirOps study. Pages longer than 5,000 words

were cited less often than pages under 500. The mechanism is mechanical: long pages overflow the retrieval

context window, and the model defaults to shorter, denser sources it can quote in full.

Freshness

Content updated within 30 days received 3.2x more citations than older material. The fix is not faked freshness

— it is genuine updates: a new stat, a new case, a corrected claim. Update the date when you update the content,

not before.

Step 4: Build the Authority Layer
Structure gets you cited once. Authority gets you cited repeatedly. AirOps found sites with over 32,000

referring domains are 3.5x more likely to be cited by ChatGPT than sites with fewer than 200. You do not need

32,000 — you need to be in the upper band of your topical neighborhood.

ChatGPT’s citation pattern leans heavily on Wikipedia (roughly 48% of top citations in multiple studies) and

large news/media properties. The practitioner read on that: ChatGPT favors sources with multi-source

third-party validation. Build the kind of citations on the open web that Wikipedia editors accept —

peer-reviewed studies, primary sources, named author attribution, transparent methodology.
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Step 5: Track Your Citation Footprint
You cannot manage what you do not measure. The minimum tracking stack for 2026:

•  Server log monitoring for OAI-SearchBot user agent — confirms OpenAI is actually crawling. If you

allowed the bot in robots.txt three weeks ago and there are zero OAI-SearchBot hits in your logs, something

is wrong (CDN block, IP firewall, misconfigured allow rule).

•  Manual citation audits — pick 10 priority queries, run them in ChatGPT with the Search toggle on, log

which domains get cited. Repeat weekly. A spreadsheet beats no tracking.

•  Bing position tracking — because ChatGPT pulls from the Bing index, Bing rankings are a leading

indicator. If your Bing position drops, ChatGPT visibility drops behind it.

The Practitioner Summary
Ranking in ChatGPT in 2026 is not mysterious. It is a four-gate funnel: Bing index -> OAI-SearchBot crawl

access -> retrieval into the candidate set -> citation selection. Most sites fail at gate one (not indexed in Bing) or

gate two (OAI-SearchBot blocked or not addressed). Sites that clear those two gates and write pages that

answer the question fully, with schema and a 500–2,000-word range, will land in the 15% that get quoted.

Treat ChatGPT Search like a separate search engine that happens to share an index with Bing. Optimize for the

index. Allow the crawler. Write the page. The rest follows.

Related on Tygart Media: AI citation monitoring · AI search funnel · how AI engines cite.

Elicitation Over Extraction: A Better LLM Mental Model
Source: https://tygartmedia.com/elicitation-over-extraction/ Published: May 22, 2026

Related on Tygart Media: extracting tacit knowledge · how to use Claude · conversations as code.

This is a working theory, not a finished one. It proposes a specific reframing of how solo operators and small

agencies should be using large language models day-to-day, names the failure mode of the current dominant

approach, and lays out the experiments that would prove or disprove the central claim. The piece is published

here so it can be referenced, tested against, and revised in public as the evidence comes in. If the claim is

wrong, the next version of this article will say so.

The Claim, in One Sentence
The claim, in one sentence.

For solo operators and small agencies working with large language models, the dominant mental model —

build a knowledge base, feed it to the model, ask questions of the document — is correct for a narrow class of

work and wasteful or counterproductive for a much larger class, and the work most operators are doing fits the

larger class.

A better mental model for that larger class is what this piece will call Elicitation Over Extraction: the

assumption that the model already contains the relevant knowledge as latent capability, and that the operator’s

job is to activate the right region of that latent capability with precise, compact prompts rather than to ship the

knowledge into the context window through document retrieval. Knowledge stays in training. The work shifts
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to activation.

This is not a new idea in the AI research literature. It is, however, almost entirely absent from how operators are

currently building their personal AI workflows. The gap between what the research suggests is possible and

what the operator-tooling ecosystem is building toward is the gap this piece is trying to name and close.

Where the Current Dominant Pattern Comes From
The current dominant pattern in operator-side AI tooling is retrieval-augmented generation, or RAG. The

pattern is straightforward. An operator builds a knowledge base — pages in Notion, files in Drive, articles in a

vector database, transcripts of YouTube videos, customer support tickets, whatever the operator’s domain

produces. When a question is asked of the model, a retrieval system finds the most relevant chunks of that

knowledge base, packs them into the model’s context window, and asks the model to answer using that

retrieved material as grounding.

The pattern works. For certain shapes of problem, it works very well. It is the right architecture when the

operator’s question depends on information that is genuinely outside the model’s training data — proprietary

documents, current events that postdate the training cutoff, client-specific details that no public source contains,

internal organizational knowledge that exists nowhere on the open internet. For that shape of problem, RAG is

not optional. It is the only honest way to get accurate answers, because the alternative is the model inventing

details about things it has no real knowledge of.

The pattern has also been heavily promoted by the AI-tooling industry for reasons that have only loosely to do

with whether it is the right pattern for any specific operator. Vector databases, retrieval pipelines,

document-loading frameworks, embedding services, and knowledge-base products all exist because RAG

creates demand for them. The narrative that every operator needs a knowledge base, that every workflow

benefits from document retrieval, that the path to better AI work runs through better document organization —

that narrative is commercially convenient for the vendors selling the components. It is also half true, which is

the worst kind of half true, because the part that is true gets used to justify the part that isn’t.

The part that is true: when the model lacks the specific knowledge needed for the task, retrieval helps. The part

that isn’t: when the model already has the knowledge, retrieval is at best redundant and at worst actively

degrades the response. The middle case — when the model has the general knowledge but lacks the specific

framing, voice, or activation — is the case the operator ecosystem has not figured out how to name or handle,

and it is also the case most operators are actually in for most of their work.

The Specific Failure Mode
The specific failure mode of extraction.

Picture an operator who wants to write content in the voice of a particular thinker — call this thinker Senior

Operator-Investor, someone who has been writing publicly for twenty years and whose work is heavily

represented in the model’s training data. The operator’s default move, under the RAG pattern, is to collect

transcripts of that thinker’s podcasts and YouTube videos, structure them in a knowledge base, and feed them to

the model along with the question.

What actually happens when the operator does this is the following. The 20,000-token transcript dump enters

the model’s context window. The model attends to that transcript on every generation step, scanning for
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relevant passages, weighing them against the question being asked. This is computationally expensive, slow,

and noisy — most of the transcript is irrelevant to any specific question. The model also already knew this

thinker’s voice from training. The transcript is mostly redundant with patterns the model can already produce

from its weights. The operator is paying tokens to remind the model of things the model knows.

The more efficient version is to write a 200-token activation prompt: a careful description of the thinker’s voice,

their characteristic moves, their temperament, and a few canonical reference points. That prompt activates the

same region of the model’s latent space that the 20,000-token transcript was trying to activate, at one

one-hundredth the token cost, with less attentional noise, and with output that is often qualitatively better

because the model is not being pulled in inconsistent directions by tangentially relevant transcript passages.

The 100x token reduction is not theoretical. It is what happens in practice when prompts are designed for

activation rather than information transfer. The reduction is also not the most important benefit. The more

important benefit is that the operator stops doing knowledge-engineering work that is duplicative with the

training the model has already received, and starts doing the work that is actually distinctive: designing the

activation patterns themselves.

The failure mode of the current dominant pattern is that operators are spending their time on the wrong layer.

They are building warehouses when they should be building switchboards. The warehouse holds information

the model already has. The switchboard turns on specific patterns of cognition that the model can already

produce but does not produce by default.

What the Research Literature Says
There is a real body of research on what is called persona prompting, role conditioning, and activation steering.

The findings are nuanced and they refine the claim above in ways worth knowing.

Persona prompting does change model output. The effect is measurable and consistent across many tasks. The

voice, style, and reasoning approach of the model can be meaningfully shifted by a few hundred well-chosen

tokens at the start of a prompt. This part of the picture confirms the central intuition of Elicitation Over

Extraction: latent capability is real, activation prompts can reach it, and the activation work is meaningful work.

But the same research literature surfaces an important caveat that the strong version of the claim has to address.

Persona prompting consistently helps with style, voice, clarity, and tone — the things one might call the surface

texture of generation. It is less consistent, and sometimes actively harmful, on tasks that depend on precise

factual recall, multi-step logical reasoning, or strict accuracy on benchmarked knowledge. In some studies,

telling a model to “act like an expert” on a factual recall task decreased accuracy compared to no persona at all.

The model became so focused on performing expertise that it stopped retrieving its underlying knowledge

cleanly.

This is important and it changes the shape of the claim. Elicitation Over Extraction is not a universal

replacement for RAG. It is the right approach for tasks where what the operator needs from the model is voice,

framing, judgment, or pattern-matching against a thinker’s known mode. It is the wrong approach — and may

be worse than neutral — for tasks that depend on precise factual recall of specific data points.

The honest version of the claim, then, is something like the following. Operator work falls into at least three

different shapes. The first shape is “I need the model to produce content in a specific voice or style” —

activation prompts dominate, RAG is wasteful. The second shape is “I need the model to retrieve specific facts
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from a corpus the model has not seen” — RAG dominates, activation prompts are insufficient. The third shape

is “I need the model to apply judgment to information I am providing” — both layers matter, with activation

handling the judgment and retrieval handling the information.

Most operators are running shape one and shape three workflows but using shape two tooling. That mismatch is

the source of the inefficiency. The fix is not to abandon retrieval. The fix is to know which shape any given

workflow is and use the right layer for that shape.

Why This Is Not Obvious
Why this is not obvious.

If the distinction is real and well-documented in research, the question is why operators are not already

organizing their work this way. Three reasons, in roughly increasing order of importance.

The first reason is that “knowledge engineering” carries a status premium that “elicitation engineering” does

not. Building a structured knowledge base sounds like real work. Writing a 200-token prompt sounds like a

parlor trick. The fact that the 200-token prompt may actually be doing more useful work than the knowledge

base does not show up in the social register of the activity. Operators who are evaluating their own productivity,

even if only to themselves, tend to over-weight effort that looks substantial and under-weight effort that looks

easy, even when the easy effort is producing better results. The shape of effort matters more than the result of

effort, until the operator becomes deliberate about correcting for that bias.

The second reason is that the dominant vendor narrative pushes against elicitation. Every vendor selling a

vector database, every vendor selling a document loader, every vendor selling a RAG pipeline product has a

commercial incentive to frame all problems as retrieval problems. The vendor ecosystem does not have a strong

commercial incentive to teach operators how to write better activation prompts, because activation prompts do

not require vendor products. There is no SaaS company selling “the activation layer” because the activation

layer fits on one Notion page and does not need to be sold. The absence of a commercial narrative around

elicitation makes it invisible to operators who are learning about AI through vendor content.

The third reason is the deepest one and it is about the relationship between knowledge and accessibility. The

model containing knowledge in its training is not the same as the model producing that knowledge when

queried. A first-year medical student who has read every textbook on the shelf is not the same as a senior

physician who can produce the right diagnosis under pressure. The knowledge is the same in both cases. The

accessibility is different. The senior physician has navigated the latent space of medical knowledge so many

times that the relevant patterns activate automatically when the case presents. The first-year student has the

same knowledge in storage but cannot get to it on demand under realistic conditions.

Operators are encountering models that are, in a precise sense, in the first-year-medical-student position with

respect to most domains. The knowledge is there. The activation is unreliable. The dominant vendor response to

this is to bypass the activation problem by stuffing the relevant knowledge directly into the context window —

which works but treats the symptom rather than the cause. The Elicitation Over Extraction response is to do the

activation work directly, build a library of activation patterns that reliably reach the relevant latent regions, and

stop treating the model as an empty container that needs to be filled with documents.

The Working Theory
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Pulling the threads together, the working theory of this piece is the following set of connected claims.

Claim one. Large language models contain enormous latent knowledge that is not, by default, reliably

accessible through naive prompting. The knowledge is in the weights. The activation is the problem.

Claim two. The dominant operator response to this — document retrieval and knowledge-base construction —

addresses the activation problem indirectly, by bypassing latent knowledge in favor of in-context knowledge.

This works but is inefficient when the latent knowledge is already strong, and the inefficiency compounds

across many operator workflows.

Claim three. A complementary approach, currently underbuilt in operator tooling, is to develop a library of

compact activation prompts that reliably steer the model into specific cognitive modes — voices, frames,

temperaments, schools of thought. This library serves a different function than a knowledge base and the two

are complements, not substitutes, but most operators have heavily over-built the knowledge-base side and

barely built the activation side.

Claim four. The right architecture for an operator’s personal AI infrastructure is therefore three-layered: a

library of activation patterns for tasks that depend on voice, framing, and judgment; a structured set of retrieval

sources for tasks that depend on specific external knowledge the model lacks; and a clear decision rule for

which layer a given task draws from. The current state of most operators’ setups has layer two heavily built,

layer one missing entirely, and layer three not articulated at all.

Claim five. The work of building the activation layer is fundamentally different from the work of building the

retrieval layer. The retrieval layer is a knowledge-engineering problem and is well-served by the existing

vendor ecosystem. The activation layer is closer to a writing and curation problem — closer to compiling a

literary anthology than to building a database. It requires taste, exposure to many voices, and the willingness to

test and refine specific prompts against actual generations until they produce the intended cognitive mode

reliably. This is craft work, not engineering work, which is part of why the vendor ecosystem has not produced

it.

Claim six, and this is the operator-specific implication. For a solo operator who has already built substantial

knowledge infrastructure, the highest-leverage next move is not to build more knowledge infrastructure. It is to

build the activation layer, integrate it with the existing knowledge layer through clear decision rules, and audit

which existing workflows are running in the wrong layer. Most operators with mature stacks will find that a

meaningful percentage of their token consumption is being spent on retrieval that activation could replace, and

a meaningful percentage of their workflow latency is coming from documents the model did not need.

The Falsifiable Predictions
A working theory is only useful if it can be tested. The following are specific, falsifiable predictions that follow

from the working theory. If any of them turn out to be wrong, the theory needs revision. If most of them hold,

the theory has earned the right to be promoted from working hypothesis to operational doctrine.

Prediction one. For tasks that are primarily about voice, framing, or stylistic mimicry of a well-known thinker,

a carefully written 200-token activation prompt will produce output of equal or greater quality than a

10,000-to-20,000-token transcript dump of that thinker’s work, as evaluated by blind comparison. The expected

effect size is large for thinkers heavily represented in training data and shrinks toward neutral for niche or

rarely-published thinkers. The test is straightforward: pick five well-known operator-thinkers whose work is
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heavily public, write activation prompts for each, generate responses to the same prompt using each method,

and have multiple readers blind-rate the outputs.

Prediction two. Activation prompts will significantly underperform retrieval-augmented prompts on tasks that

depend on precise factual recall of specific data points — dates, numbers, names, technical specifications, or

any fact the model has not seen during training. This is not a weakness of the theory; it is the theory specifying

its own limits. The test is to construct a set of factual-recall tasks where the relevant facts are either in the

model’s training or outside it, and observe that activation alone fails on the outside-of-training cases.

Prediction three. For mixed-shape tasks — those requiring both voice/framing and specific factual recall — a

hybrid approach using both an activation prompt and a small, focused retrieval payload will outperform either

approach alone. The retrieval payload should be much smaller than the default RAG pattern produces, because

the activation prompt is doing the framing work and the retrieval only needs to supply the specific facts. The

test is to construct mixed-shape tasks and compare three configurations: activation alone, retrieval alone, and

minimal hybrid.

Prediction four. Token consumption for an operator who switches from a retrieval-default workflow to an

elicitation-default workflow with retrieval used only where required will drop by at least 50% across a

representative week of operational tasks, with output quality holding constant or improving. The test requires

the operator to instrument their token usage before and after the switch, with the same task types running

through both configurations.

Prediction five. The activation layer, once built, will compound faster than the retrieval layer compounds. New

activation prompts can be derived from existing ones with small modifications. New retrieval sources require

substantial setup and maintenance per source. Six months after starting both, the operator will have a richer

activation library than retrieval library, in terms of distinct cognitive modes available on demand, even with

comparable effort spent on each.

Prediction six. The most useful activation prompts for an operator will not be persona prompts in the style

most commonly published online. They will be more specific. Not “respond as an expert investor” but “respond

as someone who has been wrong publicly enough times to have lost the need to perform certainty, who thinks in

terms of base rates and second-order effects, and who treats the strongest argument against their own position as

the most important argument to engage with first.” The granularity matters. The cognitive mode is the unit, not

the role or job title. The test is to compare generations from generic-role prompts against granular-mode

prompts and observe that the granular versions produce more distinctive and useful output.

The Experimental Protocol
The above predictions are testable, but they require a deliberate setup to test honestly. The protocol that this

piece commits to running, with results published in a follow-up, looks like this.

Phase one is the activation library build. Five to ten distinct cognitive modes are identified, each one specifying

a particular school of thought, temperament, or framing that the operator finds useful. Each mode gets an

activation prompt of between 100 and 400 tokens. The prompts are written, tested, refined, and locked. The

library is small enough to fit on a single page and visible enough that the operator can choose modes

deliberately rather than defaulting to whichever was most recently used.
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Phase two is the workflow audit. The operator’s actual workflows over a representative two-week period are

catalogued. Each workflow is classified by shape: voice-and-framing, factual-recall, or mixed. The current

configuration of each workflow is documented — what knowledge sources it draws from, how much retrieval it

does, what its token costs are.

Phase three is the reconfiguration. Each workflow is reconfigured based on its shape. Voice-and-framing

workflows switch to activation-prompt-only. Factual-recall workflows keep retrieval but trim the payload to the

specific facts required. Mixed workflows switch to hybrid configuration. The total token consumption and

output quality of the reconfigured stack is measured against the baseline.

Phase four is the head-to-head test. Specific representative tasks are run through both the old and new

configurations in parallel, with output graded blind by the operator and ideally by a second reader. The results

are published with no editing of inconvenient outcomes.

This protocol is honest if the results are published whether or not they confirm the theory. The commitment of

this piece is that they will be. If the protocol shows that the existing retrieval-default configuration was actually

working better than expected, the follow-up article will say so. If the protocol shows that the activation-default

configuration produces equivalent or better output at materially lower token cost, the follow-up article will

report the specific magnitudes. Either way, the working theory will be updated to match the evidence.

What This Does and Does Not Imply for Specific Operator Choices
If the working theory is roughly correct, a few specific implications follow for how solo operators should be

thinking about their AI infrastructure.

It does not imply that knowledge bases are wasted effort. Some knowledge truly is not in training data — client

specifics, internal processes, current events, proprietary frameworks. That knowledge has to live somewhere

outside the model, and a structured knowledge base is the right place for it. The theory is about not duplicating

general-domain knowledge that is already in training into knowledge bases that exist to remind the model of

things the model already knows.

It does not imply that retrieval-augmented generation is the wrong architecture. RAG is correct for the class of

problem it was designed for. The theory is about applying RAG to problems it was not designed for and getting

worse outcomes than a simpler activation approach would have produced.

It does imply that operators should audit their knowledge bases. Some material in those bases is irreplaceable;

some is duplicative with training and could be deleted with no loss of capability. The audit is honest only if the

operator is willing to be told that some of their hard-won knowledge structuring was unnecessary.

It does imply that operators should start building activation libraries — small, dense pages of compact prompts

that reliably activate specific cognitive modes. The library is more valuable than its size suggests, because each

prompt represents a reliable reach into a region of latent space that would otherwise be hit only by accident.

It does imply that the dominant vendor narrative around AI tooling — that more documents, better retrieval,

larger context windows, and more sophisticated knowledge bases are the path to better AI work — is partially

right and partially misdirected. The operator who builds carefully on the activation side will, over time, produce

better work with less infrastructure than the operator who builds heavily on the retrieval side without

considering the activation question.
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And it does imply, finally, that the relationship between operators and large language models is being

mismodeled in most current operator tooling. The model is not an empty vessel that needs to be filled with

documents. The model is a vast latent capability that needs to be activated. The job of the operator is to learn

the activation. Most of the actual leverage is in that learning.

The Honest Limits of This Theory
This theory is a working hypothesis published in public, and a few things about it deserve to be flagged before

any reader uses it to make operational decisions.

The theory is based on the current generation of large language models. If the next generation handles

activation differently — through better default behavior, through changes in how training data is organized,

through architectural shifts toward mixture-of-experts routing that handles activation natively — the

operator-side implications change. The theory should be re-tested at every model generation, not treated as

settled.

The theory is based on the current state of operator tooling. If a future vendor builds a strong “activation layer”

product that handles the work this piece is describing as operator-side craft, the operator’s optimal allocation of

time shifts. The theory should be revised as the tooling landscape changes.

The theory is based on the specific shape of work that solo operators and small agencies do. Large enterprises

with very different scale, different data privacy constraints, and different output requirements may need

different architectures. The theory is operator-flavored on purpose; it does not claim to be a universal

description of how all users should engage with these models.

And the theory is, finally, a theory. It is more rigorous than a guess but less established than a doctrine. The

predictions it makes are testable and will be tested. Until they are, the right posture is interested skepticism

rather than adoption. The reader of this piece is invited to argue with it, propose better versions, run the

experimental protocol independently, and report results that contradict the central claim if they find them. That

is how working theories should be treated. The article is not the final word. It is the opening of a conversation

that the evidence will close.

What Happens Next
The experimental protocol described above will run over the next sixty days. Phase one — building the

activation library — begins this week. Phases two through four follow on a published schedule. A follow-up

article will report results, including any results that contradict the theory laid out here.

In the meantime, this piece serves as the reference point. It is what was thought to be true on the date of

publication. The version of these ideas that the evidence eventually supports may be quite different. That is the

point. Working theories are published so they can be refined. The publication is the commitment to the

refinement.

If the theory is right, the implications for how solo operators should be building their AI infrastructure are

significant and largely opposite to what the current vendor ecosystem is pushing toward. If the theory is wrong,

knowing it is wrong is itself useful — the failure modes that show up during testing will surface things about

how these models actually behave that no current piece of operator-side writing has named clearly.
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Either way, the work is the work. The theory is published. The experiments run next. The evidence settles it.

The Citation Block Pattern: Format AEO Answers for AI
Source: https://tygartmedia.com/citation-block-pattern-aeo/ Published: May 19, 2026

Answer engine optimization in 2026 has narrowed to a single tactical question: when an AI system synthesizes

a response, which sentence does it lift, and which source does it cite? The answer is no longer theoretical.

Google AI Overviews now appear on 50–60% of U.S. searches, ChatGPT and Perplexity surface inline

citations on most factual queries, and the content that gets pulled shares a structural fingerprint. That fingerprint

is the citation block — a 40-to-60 word standalone answer placed immediately under a question-shaped

heading. This article shows you the exact pattern, the heading-to-answer mapping that wins extraction, and a

before-and-after rewrite you can apply to any existing post today.

Why the 40–60 word window exists
Why the 40–60 word window exists.

A citation block is the first 40 to 60 words of prose that sits directly beneath a question-shaped H2 or H3 and

answers that question in full without requiring any surrounding sentences for context. It must be self-contained,

factually specific, and parseable as a single semantic chunk.

Large language models retrieve passages, not paragraphs. When ChatGPT, Claude, Gemini, or Perplexity

assembles a response, the retrieval step pulls discrete text spans that the synthesis step then weaves into the

final answer. Shorter spans get attributed more cleanly because they fit inside a single citation token without

truncation. The 40–60 word window is the practical sweet spot: long enough to be a complete answer, short

enough that the model does not need to summarize or compress it before citing.

Featured snippets reinforce the same pattern. Google’s paragraph snippets average roughly 40–50 words and

are extracted, not generated, which means a well-formed citation block can win both the traditional snippet slot

and the AI Overview citation in the same crawl.

The structural rule: one question, one heading, one block
One question, one heading, one block.

The pattern is mechanical. Take the exact question wording a user would type — or that already appears in a

People Also Ask box — and use it verbatim or near-verbatim as the heading. Directly under that heading, write

a 40–60 word answer that opens with the subject of the question, contains the specific claim, and closes the

loop without trailing off into a transition.

This is the wrong way to structure an FAQ-style section:

<h3>Schema Markup</h3> <p>There are many forms of structured data you can use. Some people prefer

JSON-LD, while others use microdata. We'll discuss the pros and cons of each in the next section, but first let's

talk about why schema matters at all in the modern search landscape...</p>

This is the right way:
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<h3>What schema markup should you use for AEO?</h3> <p>Use JSON-LD format with FAQPage schema

for question-answer sections, Article schema on the post itself, and BreadcrumbList for navigation context.

JSON-LD is Google's recommended format, sits in the page head without affecting visible content, and is the

schema type AI crawlers parse most reliably. Add HowTo or QAPage schema only when content genuinely

matches those structures.</p>

The second version puts the question verbatim in the heading, opens the answer with the recommendation,

names the specific schema types, and closes inside the 40–60 word window. Anywhere this pattern repeats

across a page, you stack extraction surface area.

FAQPage schema: the multiplier
FAQPage JSON-LD pre-formats your citation blocks for machine consumption. Once a section is wrapped in

FAQPage schema, Google, Bing, and most LLM crawlers can ingest the question-answer pairing without

needing to infer it from HTML structure. Pages with properly implemented FAQPage schema are reported to

earn AI citations at materially higher rates than pages relying on heading hierarchy alone.

Here is the minimum viable FAQPage block for a single question:

<script type="application/ld+json"> { "@context": "https://schema.org", "@type": "FAQPage", "mainEntity":

[{ "@type": "Question", "name": "What schema markup should you use for AEO?", "acceptedAnswer": {

"@type": "Answer", "text": "Use JSON-LD format with FAQPage schema for question-answer sections,

Article schema on the post itself, and BreadcrumbList for navigation context. JSON-LD is Google's

recommended format, sits in the page head without affecting visible content, and is the schema type AI crawlers

parse most reliably." } }] } </script>

The “text” value should be identical or near-identical to the visible citation block beneath the heading. Identical

text reduces the parsing burden on AI crawlers and removes any ambiguity about which sentence is the

canonical answer.

Before-and-after: rewriting a thin section
Here is a real pattern you will recognize from your own archive. The before is a thin sub-section that buries the

answer; the after is the same content restructured for extraction.

Before:

<h3>Voice Search</h3> <p>Voice search has been growing for years, and many SEOs still don't take it

seriously. With smart speakers in millions of homes, the way people search is changing fast. You have to think

about how someone would actually ask a question out loud versus typing it. This affects everything from

keyword research to content structure...</p>

After:

<h3>How do you optimize content for voice search in 2026?</h3> <p>Optimize for voice search by writing

direct answers to natural-language questions in 40–60 word blocks, using conversational question phrasing in

your H2s and H3s, and adding Speakable schema to mark which sentences a voice assistant should read aloud.

Target long-tail conversational queries — phrasing like "how do you," "what is the best way to," and "where

can I find" — rather than truncated typed-search keywords.</p>
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The rewrite swaps a topic-shaped heading for a question, leads with the specific implementation, names the

schema type, and ends inside the extraction window. That single restructure turns a passive paragraph into a

citation candidate.

How to audit an existing page in 15 minutes
Audit an existing page in 15 minutes.

Open any of your highest-traffic posts and run this checklist. For each H2 and H3, ask whether the heading is

phrased as a question a user would actually type. If not, rewrite it. For each section under those headings, read

the first 60 words and ask whether they stand alone as a complete answer. If not, restructure the opening

paragraph so the direct answer comes first and the elaboration comes after. Then add FAQPage schema

covering the question-answer pairings, with the “text” value matching the visible answer.

The pages that win AI citations in 2026 are not the longest, the most authoritative, or the best-linked. They are

the ones whose structure makes the answer impossible to miss. The citation block pattern is how you build that

structure on purpose.

Related on Tygart Media: chunk-first GEO · GEO tactics · how AI engines cite.

Frequently Asked Questions

What is a citation block in answer engine optimization?

A citation block is a 40-to-60 word standalone answer placed directly beneath a question-shaped heading. It

must answer the question completely without depending on surrounding sentences for context. Citation blocks

are the text spans that AI systems like ChatGPT, Perplexity, and Google AI Overviews extract and attribute

when synthesizing responses.

How long should an AEO answer be?

Lead each section with a 40-to-60 word direct answer block, then follow with supporting context, examples, or

elaboration. The 40–60 word window is long enough to be a complete answer and short enough to fit inside a

single AI citation without truncation or summarization, which improves attribution reliability.

Does FAQPage schema still help in 2026?

Yes. FAQPage JSON-LD pre-formats question-answer pairings for machine consumption, which AI crawlers

parse more reliably than answers inferred from heading hierarchy alone. The schema’s “text” value should

match the visible citation block beneath the heading to remove parsing ambiguity for crawlers.

How is AEO different from traditional SEO?

Traditional SEO optimizes pages to rank in a list of blue links; AEO optimizes specific text spans inside the

page so AI systems extract and cite them as direct answers. AEO assumes the user may never click — the goal

is the citation itself, with the brand attribution as the conversion event.

Google AI Overviews: The May 2026 Citation Playbook
Source: https://tygartmedia.com/google-ai-overviews-citation-playbook/ Published: May 14, 2026
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Google shipped one of the most consequential AI Overviews updates of the year on May 6, 2026 — and most

SEO teams still have not adjusted their content templates to match. The update changed what gets cited, where

citations are drawn from, and how users decide which links to actually click. This is the practitioner

walkthrough: what shifted, the data behind it, and the on-page changes that move the needle in the new system.

What Google Actually Changed on May 6, 2026
What Google actually changed for AI Overviews.

Google’s own announcement (How AI Mode and AI Overviews help you explore the web) named five shifts to

the Overviews surface:

•  Forum and social perspective blocks — Overviews now embed direct quotes from Reddit, WordPress

blogs, and public forums in a dedicated “perspectives” section.

•  Subscription-aware citation highlights — links from news outlets the searcher is logged in to are

visually flagged. Google’s internal test data showed those flagged links were “significantly more likely” to

be clicked.

•  Suggested exploration topics — bulleted follow-up queries now render at the end of many AI responses,

which means downstream traffic flows depend on whether your domain ranks for the fan-out queries, not

just the head term.

•  Further Exploration section — a bulleted-link cluster plus an “Expert Advice” snippet pulling from

articles, reviews, and forum threads.

•  Hover-to-preview link cards — hovering a citation now triggers a card showing site name, page

summary, and metadata before the click.

Two of those five — perspectives blocks and Further Exploration — are net-new citation slots. The other three

change which citations users actually convert on.

The Citation Math Has Shifted
The citation math has shifted.

The most important measurement from the last 60 days: in March 2026, the share of AI Overview citations

pulled from pages ranking in Google’s organic top 10 dropped to 38%, down from 76% in July 2025

(500M-keyword analysis). 31% of cited sources now rank in positions 11–100, and another 31% rank outside

the top 100 entirely for the query they get cited on.

Translation for practitioners: Overviews are no longer a rank-amplifier. They are an independent retrieval layer.

A page that ranks #47 with the right passage structure can outcompete a page that ranks #3 with the wrong

structure. Domain Authority correlation with citation selection is now r=0.18 — effectively noise. Semantic

completeness correlation is 0.87.

The Passage That Gets Cited
AI Overview extracts cluster tightly around 134–167 words per passage, with 62% of featured content falling in

the 100–300 word range. Position inside the article matters: 44.2% of citations are pulled from the first 30% of

the body, 31.1% from the middle, 24.7% from the conclusion (Wellows ranking factor study). Lead-heavy
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structure is no longer a copywriting preference — it is the extraction surface.

The structural pattern that wins, repeatable across H2 sections:

<h2></h2> <p><strong></strong></p> <p></p> <p>[Nuance, caveat, or contrast — kept under the 167-word

ceiling.]</p>

Each H2 block becomes a standalone extractable unit. If your article only answers the headline question, you

compete for one citation. If five H2 blocks each answer a distinct fan-out question, you compete for five.

Schema That Earns Citations Now
Properly marked-up pages show 73% higher selection rates in AI Overviews versus unmarked content. The

three schema types doing the most work in the May 2026 surface:

•  FAQPage — feeds the Further Exploration section directly. Each Question/Answer pair is treated as a

passage candidate.

•  Article with author and datePublished — freshness is now a citation factor. Content under three months

old is 3× more likely to be cited.

•  HowTo with step-level markup — extracted into the Expert Advice snippet when the query is

procedural.

A minimal Article block that hits the freshness and authorship signals Google’s extractor now reads for:

{ "@context": "https://schema.org", "@type": "Article", "headline": "...", "author": { "@type": "Person",

"name": "...", "url": "..." }, "datePublished": "2026-05-14", "dateModified": "2026-05-14", "publisher": {

"@type": "Organization", "name": "...", "logo": {...} } }

How to Show Up in the New Perspectives Block
The forum-quote section is the biggest opportunity nobody is optimizing for yet. Reporting from TechCrunch’s

coverage of the rollout confirmed Google is pulling from Reddit, public forums, and WordPress blogs explicitly

tagged as personal perspective.

Three practitioner moves:

•  Author bylines with first-person framing on at least one article per topic cluster. Personal-perspective

phrasing (“In our deployment of ...”, “What surprised us was ...”) signals firsthand experience to the

extractor.

•  Engage in the relevant subreddit with substantive comments under your real handle, then link your

bylined article from your profile. Reddit threads are now a primary retrieval source for perspectives blocks.

•  Tag personal-perspective posts with Person schema alongside Article schema. The Person entity is

what Google ties to the firsthand-experience signal.

What to Measure Starting This Week
What to measure starting this week.
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Citation share by query is the only metric that matters in this surface, and traditional analytics will not give it to

you. Two practitioner approaches:

•  Manual citation logging — pull your 20 highest-value head terms and 50 fan-out queries, query them

weekly in an incognito session, log whether your domain appears in the Overview, the perspectives block, or

the Further Exploration list. Track citation share, not just rank.

•  Server-log analysis — Google’s Overview generator hits your pages with a distinct user agent and crawl

signature. Filtering for those signatures gives you a leading indicator: pages getting hit by the extractor are

pages being evaluated for citation.

Cited pages earn 35% more organic clicks and 91% more paid clicks than uncited peers (Averi.ai citation

study). Uncited pages on triggering queries lose 61% of their normal CTR. The gap between cited and uncited

is now wider than the gap between position #1 and position #5 in classical SEO. Treat citation as the primary

KPI.

The Update in One Sentence
Google has decoupled AI Overview citation from organic rank, opened two new citation slots (perspectives and

Further Exploration), and is now rewarding firsthand-experience signals at the page and author level — the

practitioners who restructure for passage-level extraction and earn citation in the new slots will pick up the

traffic that used to flow to position-#1 pages.

Related on Tygart Media: citation monitoring · SEO vs GEO vs AEO.

5 GEO and AEO Case Studies: What Actually Worked in 2026
Source: https://tygartmedia.com/geo-case-studies-2026/ Published: May 10, 2026

Most GEO and AEO case studies you can find online are vendor-published and short on implementation detail.

So instead of stacking another “look at this 300% lift” headline, this piece walks through five publicly

documented results from 2026 — and pulls out the structural change that actually drove the win in each one. If

you want to copy what works, copy the structure, not the percentage.

1) HubSpot: 3x lead conversion from AEO traffic
Case patterns: what actually worked in GEO/AEO.

HubSpot’s own 2026 State of Marketing reporting found 58% of marketers saying AI-referred visitors convert

at higher rates than traditional organic, with HubSpot itself reporting roughly 3x better lead conversion from

AEO sources versus other channels. The implementation pattern across HubSpot’s blog: question-led H2s, a

40–60 word direct answer in the first paragraph below the heading, then expanded context, then a structured

FAQ block with FAQPage schema.

The before/after isn’t “more content.” It’s “the same content, restructured so the answer arrives in the first 60

words.” That single edit is what featured snippets and AI Overviews both reward.

2) Hashmeta e-commerce client: +50% zero-click visibility
Zero-click visibility lifts without chasing vanity traffic.
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Hashmeta documented a 50% increase in zero-click visibility for an e-commerce client after a targeted AEO

sprint. The lever: rebuilding product and category pages around explicit question intent (“what is the difference

between X and Y,” “is X worth it for Z use case”) and adding HowTo and FAQPage schema. The page didn’t

get more traffic from the same query — it started winning the answer position on related queries it wasn’t

competing for before.

The takeaway for practitioners: zero-click visibility is its own funnel. Track it separately from sessions, because

the value shows up in branded search lift two to four weeks later, not in same-day clicks.

3) SaaS brand: 20+ free-trial signups per month from ChatGPT citations
ChatGPT citations can create free-trial demand.

One SaaS case study circulating in the GEO community in early 2026 reported 20+ free-trial signups per month

attributed directly to ChatGPT citations, identified via a unique UTM and a referral-source filter in their

analytics. The structural pattern: a single canonical comparison page per top competitor, written as a

third-person reference rather than first-person marketing, with a clear definition block, a structured comparison

table, and a “when to choose X” section.

This is the format ChatGPT cites because it’s the format ChatGPT was trained to produce. Match the output

shape and you become the source.

4) Generic brand study: 140% lift in AI-driven search traffic
A widely cited 2026 GEO case study reported a 140% increase in LLM and AI-driven search traffic alongside a

62% rise in AI mentions after a strategy that prioritized entity saturation, internal-link clustering, and structured

data over keyword density. The implementation detail worth copying: a single hub page per entity with at least

15 distinct factual data points, then 8–12 supporting articles linking back to it with descriptive anchor text.

The 15-data-point threshold matches what GEO researchers have flagged repeatedly: articles with 15+

verifiable data points receive substantially more AI citations than articles with fewer than five.

5) Mangools: featured-snippet capture from a single edit
Mangools published a walkthrough showing how rewriting one blog post to lead with a 50-word direct answer

captured a featured snippet for a head-term query, with the resulting traffic and brand exposure outpacing the

rest of the content cluster. No new backlinks, no new content — just a structural rewrite of the first 100 words.

The pattern across all five
Every win has the same shape: question-led H2, 40–60 word direct answer, structured supporting content,

schema markup. Here is the minimum viable AEO block, drop-in ready:

<h2>What is generative engine optimization?</h2> <p><strong>Generative engine optimization (GEO) is the

practice of structuring web content so AI systems like ChatGPT, Claude, Gemini, and Perplexity cite it as a

source.</strong> Unlike SEO, which optimizes for ranking in a list of links, GEO optimizes for being included

in a generated answer. The core levers are entity clarity, factual density, structured data, and crawlability via

LLMs.txt and robots.txt.</p> <script type="application/ld+json"> { "@context": "https://schema.org",

"@type": "FAQPage", "mainEntity": [{ "@type": "Question", "name": "What is generative engine
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optimization?", "acceptedAnswer": { "@type": "Answer", "text": "Generative engine optimization (GEO) is the

practice of structuring web content so AI systems cite it as a source in generated answers." } }] } </script>

The measurement layer
None of these case studies mean anything without isolation. The minimum tracking stack: a referrer filter for

chatgpt.com, perplexity.ai, claude.ai, gemini.google.com, and copilot.microsoft.com in GA4; a separate event

for zero-click impressions from Google Search Console; and a manual citation log — query a representative

model with your top 25 prompts weekly and record whether your domain is cited. The third one is what most

teams skip, and it’s the only one that tells you whether GEO is working before traffic shows up.

What to copy this week
Pick your top five highest-intent pages. For each one, rewrite the first 100 words as a direct-answer block, add a

single FAQPage schema with three questions, and add the page to your LLMs.txt manifest. That is the entire

implementation. Every case study above is a variation on those three moves.

Related on Tygart Media: GEO case study teardown · GEO tactics · SEO vs GEO vs AEO.

Claude Pricing 2026: $20 Pro, $100 Max, API Rates & Limits
Source: https://tygartmedia.com/claude-ai-pricing/ Published: May 8, 2026

Live GuideLast verified: 12 October 2026 against claude.com/pricing, API pricing, and the Claude Help

Center Team article.

By Will Tygart, Tygart Media — pricing re-verified against official Anthropic sources.

Direct Answer · October 12, 2026

Claude pricing is two meters. Chat seats: Free $0, Pro $20/mo ($17/mo when billed annual, $200 up front),

Max from $100/mo (5× tier; the 20× tier costs more — check the live card), Team Standard $20/seat/mo
annual / $25 monthly, Team Premium $100/seat/mo annual / $125 monthly (2–150 seats), Enterprise
$20/seat/mo + usage at API rates, billed annual. API (per million tokens, official table): Haiku 5.5 $0.10 /
$0.50 (prompts 100k tokens; $0.50 / $2.50 above), Sonnet 5.5 $2 / $10, Opus 5.5 $4 / $20, Fable 5.1 $10 /
$50. Opus 5 remains listed at $5 / $25 and is not the current Opus. Sonnet 5 remains listed at $2 / $10 (legacy;

Sep 1 step cancelled) and is not the current Sonnet. A Pro seat does not include API credits; Max 5× and Max

20× now include $100 and $200 per month in API credits respectively. Confirm seats on claude.com/pricing

before you buy.

Anthropic Console · Claude Reference Hub.

What are the Claude subscription plans?
Plan US price What it is

Free $0 Chat on web, iOS, Android, desktop.
Sonnet and Haiku. Usage limits. No
Claude Code on Free.
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Plan US price What it is

Pro $20/mo, or $17/mo annual ($200 up
front)

More usage. Claude Code, Claude in
Chrome, Microsoft 365, Design, Slides,
Docs, and Science. Projects. Extra
usage, when enabled, bills at API rates.
Cowork is merging into Claude (Pro and
Max first).

Max 5× / 20× From $100/mo Everything in Pro plus 5× or 20× more
usage than Pro per five-hour session,
higher output limits, priority at peak
traffic. Max 5×/20× now include
$100/$200 per month in API credits. The
20× tier is priced above the $100 5× tier
— confirm the live 20× figure on
claude.com/pricing before you buy. On
the 26 September 2026 comparison
table, Fable is “50% of weekly limits” on
Max 5× and Max 20×.

Team Standard $20/seat/mo annual · $25 monthly Min 2 seats, max 150. 1.25× Pro per
session. Central billing, SSO, connectors.
Mix seats with Premium.

Team Premium $100/seat/mo annual · $125 monthly 6.25× Pro per session. Same workspace
as Standard. Source: Claude Help
Center “What is the Team plan?”

Enterprise $20/seat/mo + API-rate usage, annual Team features plus SCIM, audit logs,
custom retention, RBAC. Seat fee is
access. Tokens bill separately. Self-serve
or sales.

Prices exclude tax. Team/Enterprise US list read 26 September 2026.

Was kostet Claude? Die kurze Antwort auf Deutsch: Claude gibt es in den Stufen Free, Pro, Max, Team und

Enterprise — Free ist die kostenlose Variante fur den Einstieg, Pro und Max sind die kostenpflichtigen

Einzeltarife, Team und Enterprise richten sich an Unternehmen. Anthropic rechnet Abos in US-Dollar ab und

rechnet am Checkout in die lokale Wahrung um; die API-Preise gelten weltweit in US-Dollar pro Token. Fur

Deutschland kommt die Mehrwertsteuer am Checkout hinzu. Die jeweils aktuellen Preise stehen auf der

offiziellen Preisseite von Anthropic.

API token rates (platform.claude.com)
Pay per million tokens. No monthly minimum. Chat seats do not fund this meter.

Model Input / MTok Output / MTok Cache read Role

Fable 5.1 $10 $50 $0.25 Current top public tier
(1 Sept 2026)

Fable 5 $10 $50 $1.00 Still listed; higher
cache-hit cost than 5.1

Mythos 5.1 $10 $50 $0.25 Separately listed on
Anthropic’s official
table; same rate as
Fable 5.1
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Model Input / MTok Output / MTok Cache read Role

Opus 5.5 $4 $20 $0.20 Current Opus. Daily
driver. Docs say start
here for most
workloads. Ship date
was not on the 23
September 2026
models overview. API
ID claude-opus-5-5

Opus 5 $5 $25 $0.50 Legacy. Still listed. Not
the current Opus

Opus 4.8 / 4.7 / 4.6 /
4.5

$5 $25 $0.50 Prior Opus still priced;
do not start new work
here

Sonnet 5.5 $2 $10 $0.10 Current Sonnet
(shipped Sep 28 2026).
Cache read halved to
$0.10 on Oct 7 2026.
API ID
claude-sonnet-5-5.
Available on Free and
on paid plans

Sonnet 5 $2 $10 $0.20 Legacy. Same $2/$10
(Sep 1 $3/$15 step
cancelled). Still listed

Sonnet 4.6 / 4.5 $3 $15 $0.30 Prior Sonnet. Not the
default. Sonnet 4.5
deprecated Sep 30,
2026; retires Nov 30,
2026

Haiku 5.5 $0.10* $0.50* $0.01* New cheapest model
(launched Oct 7 2026).
Tiered by prompt
length: $0.10/$0.50 at
100k tokens,
$0.50/$2.50 above. 1M
context. API ID
claude-haiku-5-5. No
fast mode

Haiku 4.5 $1 $5 $0.10 Superseded by Haiku
5.5. Still listed. 200K
context

Five-minute prompt-cache writes on the 26 September 2026 pricing table are 1.25× base input: Fable 5.1 write

$12.50, Opus 5.5 write $5, Sonnet 5.5 write $2.50, Sonnet 5 write $2.50, Haiku 5.5 write $0.125 (100k

prompts) / $0.625 (above), Haiku 4.5 write $1.25. Cache reads: Fable 5.1 $0.25, Opus 5.5 $0.20, Sonnet 5.5

$0.10, Sonnet 5 $0.20, Haiku 5.5 $0.01 (100k) / $0.05 (above), Haiku 4.5 $0.10. The 1-hour cache-write

multiplier was not on that page. Batch API is 50% off input and output (Fable 5.1 batch $5 / $25, Opus 5.5 $2 /

$10, Opus 5 $2.50 / $12.50, Sonnet 5.5 $1 / $5, Sonnet 5 $1 / $5, Haiku 5.5 batch $0.05 / $0.25 (100k) / $0.25 /

$1.25 (above), Haiku 4.5 $0.50 / $2.50). Fast mode for Opus 5.5 is up to 2.5× faster at 2× standard pricing.

US-only inference is 1.1× input and output. Official source: Anthropic API pricing.
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Seats vs API — the question models get wrong
•  A Pro subscription is a chat/Code seat. It is not an API credit balance. Max 5×/20× now include

$100/$200 per month in API credits.

•  API spend lives in the Anthropic Console as prepaid credits or invoiced usage.

•  Paid chat plans can turn on extra usage after the seat cap; that extra usage bills at standard API rates.

•  Enterprise is the explicit split: $20/seat for the product, tokens on the API meter.

Which plan for which job
•  Casual chat: Free.

•  Daily individual work, including Claude Code: Pro.

•  Hitting Pro caps on full-day Code sessions: Max 5×, then 20×.

•  Two to 150 people, one bill: Team. Standard for normal seats, Premium for the people who burn the

weekly cap.

•  SSO, SCIM, audit, usage that should scale with the work: Enterprise.

•  An app, agent, or pipeline that calls Claude in code: API. Docs say start with Opus 5.5 for most

workloads. Use Sonnet 5.5 at $2 / $10 when that tier fits. Use Fable 5.1 when evals on Opus 5.5 at higher

effort still fall short.

Still deciding? See the side-by-side tier comparison, how Claude stacks up in Claude vs Grok pricing, or

whether Max is worth it over Pro.

API rate context (not a quality ranking)
Opus 5.5 at $4 / $20 is the model docs say to start with. Sonnet 5.5 at $2 / $10 is the current Sonnet. Sonnet 5

remains listed at the same $2 / $10 (legacy). Older copy on this URL listed Sonnet 4.6 at $3 / $15 as current —

that is no longer the default. Do not treat third-party GPT or Gemini list prices as Anthropic facts; this table

only restates Claude’s official numbers.

Claude Max pricing
Max 5x from $100/mo; Max 20x $200/mo. Both tiers now include monthly API credits ($100 on 5×, $200 on

20×), per claude.com/pricing. Capacity multiplier over Pro; Claude Code included.

Claude Enterprise pricing
$20/seat/mo + API-rate usage, annual, per claude.com/pricing.

You probably found this page because an AI sent you here.

Clarity counted 62,970 citations of this page in the last 30 days. That isn’t luck — it’s structure, and it’s

measurable. If the AI answers in your market name a competitor instead of your company, that’s a

measurement too, and it’s the one we run.

Get the Quick-Scan — $97 ->

Get the diff when Claude pricing changes.
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Claude pricing moves. When it does, this page gets corrected — and subscribers get the diff by email. What

changed, old -> new, nothing else. No newsletter, no pitch.

Get pricing-change alerts ->

Prefer it on one page? The truth sheet PDF — free, by email.

FAQ
Looking for the complete rundown? See the full Claude pricing FAQ.

How much does Claude Pro cost?

$20 per month, or $17 per month when billed annually ($200 up front), per claude.com/pricing. Tax extra.

How much is the Claude API?

Per million tokens. Current list: Haiku 5.5 $0.10/$0.50 (prompts 100k tokens; $0.50/$2.50 above), Sonnet 5.5

$2/$10, Opus 5.5 $4/$20, Fable 5.1 $10/$50. Haiku 4.5 remains listed at $1/$5 (superseded). Sonnet 5 remains

listed at $2/$10 (legacy). Opus 5 remains listed at $5/$25 and is not current. Confirm the live table before you

quote a customer.

Does a Claude subscription include API credits?

Pro: no — seats and API credits are separate. Max 5× and Max 20× now include $100 and $200 per month in

API credits respectively (new row on claude.com/pricing). Extra usage on paid chat plans, when enabled, bills

at API rates.

What is Claude Team pricing?

US list: Standard $20/seat/mo annual or $25 monthly. Premium $100/seat/mo annual or $125 monthly.

Minimum two members, maximum 150. Source: support.claude.com Team plan article.

What is Claude Enterprise pricing?

$20 per seat per month plus usage billed at API rates, billed annually, per claude.com/pricing.

Is Sonnet 4.6 still current pricing?

Sonnet 4.6 remains on the API price list at $3 / $15. Sonnet 5.5 at $2 / $10 is the current Sonnet (API ID

claude-sonnet-5-5). Sonnet 5 remains listed at the same $2 / $10 (legacy; Sep 1 step cancelled). Use Sonnet 5.5

for new work.

What are the Claude subscription plans?

Free ($0), Pro ($20/mo or $17/mo billed annually), Max (from $100/mo for 5× with $100/mo API credits; 20×

costs more with $200/mo API credits), Team Standard ($20–$25/seat/mo) and Team Premium

($100–$125/seat/mo), and Enterprise ($20/seat/mo plus API usage). Verified October 12, 2026 against

claude.com/pricing.

What is the difference between Claude Pro and Max?

Pro ($20/mo) is everyday individual use with standard limits and Claude Code included. Max (from $100/mo

for the 5× tier, now with $100/mo in API credits; the 20× tier is priced higher with $200/mo in API credits)
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gives 5× or 20× Pro usage per 5-hour session, higher output limits, and priority at peak traffic — built for

people who live in Claude Code all day.

Also cited in (9 Sept 2026): AI for Anything · Olakses.

Related:reference hub · current models.

Part of the complete guide: Claude Pricing, Plans & Limits

API Pricing: Per-Token Costs for Every Model
Current models as of October 12, 2026:

Sonnet 5.5 (Current — shipped September 28, 2026)

Input: $2/MTok. Output: $10/MTok. Prompt caching write: $2.50/MTok (5-minute). Prompt caching read:

$0.10/MTok (halved from $0.20 on October 7, 2026). Batch: $1/$5. API ID claude-sonnet-5-5. Sonnet 5.5 is

the current Sonnet.

Sonnet 5 (Legacy)

Input: $2/MTok. Output: $10/MTok. Same $2/$10 after the scheduled Sep 1 step to $3/$15 was cancelled. Not

the current Sonnet.

Opus 5.5 (Current)

$4/$20. Current Opus.

Fable 5.1 (Current)

$10/$50. Cache read $0.25.

Haiku 5.5 (Current — launched October 7, 2026)

Input: $0.10/MTok (prompts 100k tokens), $0.50/MTok above. Output: $0.50/MTok (100k), $2.50/MTok
above. Prompt caching read: $0.01/MTok (100k) / $0.05/MTok (above). 1M context. API ID claude-haiku-5-5.

The new cheapest Claude model. No fast mode.

Opus 5.5 ($4/$20) and Sonnet 5.5 ($2/$10) are the current-generation models as of October 12, 2026. Haiku 5.5

is the new cheapest model. Sonnet 5 remains listed at the same $2/$10 (legacy).

Cost Optimization Features
Batch processing saves 50% on token rates. Prompt caching cuts repeated context up to 95%. US-only

inference 1.1×. Fast mode (research preview): up to 2.5× faster at 2× pricing (Opus 5.5 $8/$40).

Platform Feature Pricing
Managed Agents $0.08/session-hour + tokens. Web search $10/1,000 searches. Code execution: 1,550 free

hours/month/org, then $0.05/hour per container.

Team plans: Standard vs Premium seats
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This is where buyers get confused, because the two seat types look similar and cost very differently. Standard

seats run roughly $20–$25 per seat per month; Premium seats run roughly $100–$125. The difference is usage

allowance and admin controls — Premium is for the people on your team who burn through a Standard seat’s

limits by lunch.

-> Claude Team Pricing: Standard vs Premium Seats (2026) — feature-by-feature breakdown and guidance

on which seats to buy for which roles.

Rate limits and usage limits: the frustration chapter
Rate limits are the number-one Claude complaint, and the number-one thing buyers underestimate. Every plan

has them, they differ between chat and API, and Team plan limits doubled in May 2026 after Anthropic’s

compute deal with SpaceX’s Colossus 1 — except the Free plan, which was left out.

-> Claude Rate Limits: Every Plan & API Tier (2026) — exactly what the limits are at every tier, plus the

workarounds that actually work.

-> Claude Team Plan Usage Limits & Pricing (2026) — what changed in the May 2026 doubling, and what it

means per seat.

Token limits and context windows, in plain English
Context window is how much Claude can hold in its head at once; output limit is how much it can write in one

response. As of late 2026: Opus 5.5, Sonnet 5.5, and Fable 5.1 carry a 1M-token context window; Haiku 4.5

carries 200K. Maximum output runs to 128K tokens on the big models. In practice: 1M tokens is roughly a

shelf of books in one conversation.

-> Claude Token Limit: Context Windows, Output Limits, and What They Mean in Practice —

per-model limits and what they mean for real workloads.

Which model: Haiku vs Sonnet vs Opus
Three model families, three jobs. Haiku is fast and cheap — the one you call a thousand times a day. Sonnet is

the daily default, the balance of smarts and speed. Opus is the flagship — the one you reach for when the

problem is hard and the answer matters. Fable sits above them as the current top-tier model.

-> Claude Models Explained: Haiku vs Sonnet vs Opus (September 2026) — pricing, context, speed, and

which model to use for coding, writing, and API work.

Getting started: API keys and the Console
Two doors into Claude: the chat app (claude.ai) and the API (console.anthropic.com). Getting an API key takes

about five minutes — create an account, add a payment method, generate the key. The Console is also where

you watch your API spend burn, which you should do early and often.

-> How to Get an Anthropic API Key (2026 Quick Guide) — the five-minute setup, step by step.

-> Anthropic Console: Setup, API Keys & Billing (2026) — keys, credits, billing, and burn monitoring in one

place.
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Students and education pricing
The honest answer first: there is no public Claude Pro student coupon. The student path runs through partner

universities — free premium access via your school email through Claude for Education. Note the naming trap:

“Claude for Teachers” is the K-12 program, not the campus one.

-> Claude Student Discount & Education Pricing (2026) — what’s real, what’s rumor, and how the

university path works.

AI Citation Profiles: Optimize for Claude and Perplexity
Source: https://tygartmedia.com/ai-citation-profiles-optimization/ Published: May 1, 2026

Last refreshed: October 5, 2026

The phrase “optimize for AI search” is almost always wrong. There is no single AI search behavior. Claude,

ChatGPT, and Perplexity each have distinct citation patterns — different content structures they reward,

different page types they concentrate on, different signals they weight. Writing one undifferentiated article and

hoping it gets cited across all three is the same mistake as writing one undifferentiated web page and hoping it

ranks for every keyword. This cluster article covers the per-model citation playbook, built from GA4 data and

the multi-model roundtable methodology in the Tygart Media Knowledge Lab.

This is the final cluster in the Claude on a Budget series. For the token economics that make targeted content

cheaper to produce, see Output Compression Discipline and Prompt Caching.

The Three Citation Profiles
Three citation profiles to optimize for.

Claude (Anthropic): Concentrates heavily. GA4 data from sites in the Knowledge Lab shows Claude sending

approximately 54.5% of its AI referral traffic to just 2 pages per site. It rewards content that is entity-dense,

structurally authoritative, and written with speakable precision — defined terms, explicit relationships between

concepts, factual density over narrative padding. Claude users tend to be technical and high-intent; the model

reflects that by citing content that answers with precision rather than coverage. Approximately 90% of content

on a typical site is invisible to Claude — it surfaces a small authoritative set and ignores the rest.

ChatGPT (OpenAI): Spreads references broadly. Where Claude concentrates on 2 pages, ChatGPT may

reference 8-12 across the same site. It rewards breadth, recency, and natural-language accessibility. Content

structured like a knowledgeable friend explaining something clearly — without jargon walls — performs well.

ChatGPT users skew toward general-purpose questions; the model cites content that covers the question

conversationally without assuming deep domain expertise.

Perplexity: Research-flavored. It rewards sourced claims, comparative tables, explicit statistics, and content

that reads like a researched brief rather than an opinion piece or narrative. Perplexity users are actively in

research mode; the model surfaces content that looks like it did the research so the user does not have to.

Citation-rich, data-dense, table-formatted content punches above its traffic weight in Perplexity referrals.

The Per-Model Content Shape
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Element Claude ChatGPT Perplexity

Density target High — entity-rich, precise Medium — accessible, broad High — sourced, comparative

Best structure Defined terms, explicit
relationships, OASF

Conversational headers, FAQ
blocks

Tables, stat callouts,
comparison matrices

Ideal length 1,500-2,500 words with tight
structure

800-1,500 words, readable
flow

1,000-2,000 words with data
anchors

Citation trigger Authoritative entity coverage Query-matching accessible
answer

Sourced comparative data

The Multi-Model Roundtable Methodology
Multi-model roundtable methodology.

The Tygart Media Knowledge Lab documents a specific workflow for content research that leverages multiple

models’ citation profiles rather than fighting them. The pattern: route the initial research brief to a free or cheap

model (Gemini Flash via OpenRouter, or Llama 3 free tier) for broad source gathering. Pass the source list to

Claude for entity extraction and authoritative synthesis. Use the Claude-synthesized brief as the foundation for

the final article draft. The output is content that is naturally entity-dense from Claude’s synthesis pass while

covering enough ground to catch ChatGPT’s broader citation net.

The token economics matter here: the expensive synthesis pass (Claude Sonnet 4.6 or Haiku) operates on a

pre-filtered source set, not raw web content. Input tokens are lower because a cheaper model did the broad

sweep. Claude’s output is higher-density because it is synthesizing structured inputs rather than processing

noise. This is the OpenRouter multi-model pipeline in content production form.

Writing for Claude Citation Specifically
Writing for Claude citation specifically.

If your primary goal is Claude citation — high-intent technical traffic, B2B contexts, developer audiences —

the content discipline is: define every entity explicitly at first mention, state relationships between concepts

directly (“X enables Y because Z”), use speakable sentence structures (subject-verb-object, no buried clauses),

include a structured FAQ or definition block, and remove padding. Claude’s citation concentration on 2 pages

per site means your best-performing page for Claude referrals will get the bulk of the traffic — invest in making

that page entity-complete rather than spreading thin coverage across many pages.

Writing for Perplexity Citation
Perplexity citation optimization is the most actionable of the three because the signal is explicit: include

comparative tables with real numbers, cite sources inline (even if just attributing claims to specific

organizations or studies), use headers that read like research questions, and lead sections with data points rather

than narrative. The content in this series — pricing tables, API code examples, usage statistics — is structured

for Perplexity citation by design. Every table is a potential Perplexity extraction point.

The Budget Connection
Per-model content shaping is a budget strategy, not just a citation strategy. Writing one highly targeted,

entity-dense 2,000-word article for Claude citation is cheaper to produce — fewer tokens, tighter output
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discipline — and more effective than producing three generic 1,500-word articles hoping one gets cited.

Concentration over coverage: the same principle Claude uses to cite content, applied to content production

itself. The output compression discipline from Cluster 6 makes this article type cheaper to generate. Dense,

targeted content is both cheaper to produce with Claude and more likely to be cited by Claude. The budget and

the citation strategy converge.

The Full Claude on a Budget System
This series has covered seven levers that compound: cold-start elimination via second brain, model routing by

task tier, OpenRouter free model integration, Batch API for async 50% discount, prompt caching for 90% off

repeated context, output compression discipline, and per-model citation shaping. None of these require

negotiating with Anthropic’s pricing team. All of them are available today via the API. Applied together, they

represent the difference between paying retail for Claude and operating it at professional efficiency — which,

for most teams, means the same Claude capability at 40-70% of the sticker cost.

Return to the full guide: Claude on a Budget: Complete Guide ->

AI Citation Playbook: Claude vs ChatGPT vs Perplexity
Source: https://tygartmedia.com/ai-citation-playbook/ Published: April 23, 2026

Part 2 of 2. In the first post I showed that Claude, ChatGPT, Perplexity, Copilot, Gemini, NotebookLM, and

Kagi collectively sent tygartmedia.com at least 94 new readers in 29 days — and that Claude alone is our #4

traffic source. That is the headline. What follows is the interesting part: when you filter the landing-page report

one AI model at a time, the three major assistants cite completely different kinds of pages, and the pattern is

actionable.

Claude cites a small number of pages, a lot of times
Claude cites a small number of pages, a lot of times.

Claude.ai sent 79 sessions across 63 users to 16 distinct pages. Two pages ate more than half of it:

# Page Sessions % of Claude traffic Avg Time

1 /claude-student-discou
nt

22 27.9% 35s

2 /anthropic-console 21 26.6% 11s

3 (not set) 13 16.5% 5s

4 /claude-edu 4 5.1% 6s

5 /claude-pro-vs-chatgpt-
plus

4 5.1% 7s

6 /claude-code-on-vertex
-ai-gcp

3 3.8% 3s

7 /claude-desktop 2 2.5% 40s

8 /how-to-install-claude-c
ode

2 2.5% 2s

9 /claude-4-deprecation 1 1.3% 1m 07s
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# Page Sessions % of Claude traffic Avg Time

10 /claude-managed-agen
ts-pricing-cost-analysis

1 1.3% 1m 38s

The two biggest pages, /claude-student-discount and /anthropic-console, are 54.5% of all Claude-referred traffic

to the site. Those are extremely specific query shapes — “how do students get Claude Pro free” and “how do I

access the Anthropic Console” — and Claude has apparently decided our pages are the canonical answer for

both.

The engagement twist is worth staring at. The two biggest Claude-referred pages have the worst time-on-page:

35 seconds and 11 seconds. The two pages that got a single Claude visit each —

/claude-managed-agents-pricing-cost-analysis and /claude-4-deprecation — got 1 minute 38 seconds and 1

minute 7 seconds of real read time. The pattern is clean. When Claude can extract the answer directly into its

chat window, users click through briefly to verify and leave. When the answer is deeper than Claude can

summarize, readers stay to actually read. Both behaviors are valuable and both are measurable.

ChatGPT cites broadly, favors “X vs Y” content, and (oddly) sends
geographic traffic
ChatGPT’s footprint is shaped differently. 16 sessions across 14 users to 13 distinct pages — almost every page

received exactly one visit, which is the signature of a model citing a wide range of sources once each rather than

reaching for a favorite.

Page Sessions Avg Time

/claude-student-discount 3 15s

/claude-computer-use-tutorial 1 2m 07s

/grok-vs-claude 1 15s

/opus-4-7-vs-gpt-5-4-vs-gemini-3-1-pro 1 0s

/claude-pro-vs-chatgpt-plus (cross-model) —

/claude-for-nonprofits 1 30s

/everett-waterfront-visitor-guide... 1 0s

/hood-canal-shellfish-season-2026... 1 0s

/rakuten-claude-managed-agents-enterpr
ise-deployment

1 0s

Two patterns in that list. First, ChatGPT appears to cite us disproportionately for model comparisons —

grok-vs-claude, opus-4-7-vs-gpt-5-4-vs-gemini-3-1-pro, and the cross-model claude-pro-vs-chatgpt-plus page.

Second, and stranger, ChatGPT sent visits to two hyperlocal Pacific Northwest pages: an Everett waterfront

guide and a Hood Canal shellfish season page. That is ChatGPT using our site as a reference source for

geographic queries, which is not a pattern any other model shows.

The hidden gem: /claude-computer-use-tutorial received one ChatGPT referral and that referral stayed for 2

minutes 7 seconds. ChatGPT appears willing to cite long-form technical tutorials in a way Claude does not.

Perplexity treats us like a research database
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Perplexity sent 12 sessions across 10 users to 9 pages — the most evenly distributed of the three and the only

model that cites people, founders, and company-history content.

Page Sessions Avg Time

/anthropic-founders-2 2 17s

/claude-code-on-vertex-ai-gcp 2 54s

/claude-student-discount 2 0s

/claude-desktop 1 4s

/claude-team-plan 1 0s

/how-to-install-claude-code 1 0s

/restoration-team-training-claude-cowork 1 0s

Perplexity is the only model that pulled visits on /anthropic-founders-2, which implies Perplexity is fielding a

different query shape — something closer to “who founded Anthropic” than “how do I use Claude.” Perplexity

is also the only model that surfaced the very niche B2B page /restoration-team-training-claude-cowork. That is

a long-tail, vertical-specific query and Perplexity cited us as the source. That is exactly the behavior you would

hope for from a research-flavored assistant.

The three models have completely different citation personalities
The three models have completely different citation personalities.

Once you lay the three patterns side by side, the strategy falls out of the page.

•  Claude.ai favors short, factual, access-related pages. Product info, pricing, how-to-access. If you want

more Claude citations, write more narrow “how do I do this one specific thing” pages.

•  ChatGPT favors comparisons and long-tail references. X vs Y, alternatives, and — unexpectedly —

some geographic content. If you want more ChatGPT citations, write more “X vs Y” posts with tight

comparison tables.

•  Perplexity favors people, history, and niche research. Founders, company background, domain-specific

tutorials. If you want more Perplexity citations, write more research-flavored background pieces.

This is the single most practical insight in the data set. Most people talk about “AI SEO” as if it is one thing. It

is three things, at minimum, and the content shape that wins one model will not automatically win the other

two.

The crown jewel: one page, 17% of all AI-referred traffic
The clearest cross-model winner on the site is /claude-student-discount. Claude sent 22 sessions. ChatGPT sent

3. Perplexity sent 2. Combined that is 27 sessions — roughly 17% of all AI-referred traffic we received in 29

days, from a single URL. No other page on the site is cited by all three major LLMs in meaningful volume.

There is a playbook inside that one data point. The page works because the query “how do I get Claude for free

as a student” is an extremely high-frequency question across every chat surface, and the page happens to be

structured the way LLMs like to cite: a short, direct answer near the top, specific eligibility rules in a scannable

block, and no wall of context before the reader gets to the fact. That structural recipe — front-load the answer,

make the facts liftable, keep the page narrow — is repeatable.
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The bigger finding: 90% of our Claude content is invisible to AI
tygartmedia.com has more than 250 Claude-related articles. Exactly 25 of them show up in the AI-referral data

set at all. The 90% that do not get cited are not low-quality — several of them have strong engagement from

regular search traffic:

•  /claude-managed-agents-complete-pricing-guide-2026 — 17 sessions at ~1 minute from search, zero AI

citations

•  /notion-knowledge-base-for-claude — 10 sessions at 1m 23s, uncited

•  /claude-rate-limits — classic FAQ shape, 6 sessions, not cited

•  /claude-md-playbook — 1 session at 2m 33s, zero AI pickup

•  The full /claude-cowork-* family of 12+ pages, almost entirely invisible to every model

The difference between an AI-cited page and an AI-invisible page is rarely the quality of the content. It is the

shape. Pages that get cited have an early summary, short headings, bulleted facts, and a quotable direct-answer

sentence. Pages that do not get cited tend to open with context, build up to the answer, and bury the quotable

line in paragraph 9.

The content-cluster scorecard
Cluster Approx. Pages Approx. Sessions Engagement AI Citations

Claude pricing &amp;
access

~10 ~160 Mixed High

Claude managed
agents

~12 ~130 Strong (25s–1m) Low

Claude Code ~8 ~60 High (18s–3m) Moderate

Model comparisons (X
vs Y)

~10 ~45 Very high (1–7 min) Moderate

Anthropic
people/company

~8 ~30 Medium Moderate

Claude how-to /
tutorials

~20 ~50 Medium Low

Claude Cowork family ~15 ~40 Very low (0–10s) Almost none

Two clusters deserve action. The Claude Cowork family is a content swamp — 15 pages, low traffic, no AI

citations, and 0–10 second engagement on the traffic that does land. That cluster should be consolidated into

two or three flagship posts and the rest redirected. The model comparisons cluster is the opposite: low volume

but 1–7 minutes of engagement and cross-model citations. One well-researched comparison post outperforms

ten mediocre explainers on every metric that matters here.

The playbook, in one list
The playbook, in one list.

•  Write more narrow single-answer pages. Candidates I would ship next: /claude-web-search,

/claude-api-keys, /claude-max-plan-vs-pro, /how-to-cancel-claude, /claude-mobile-app,

/claude-desktop-vs-web, /claude-subscription-refund. Each is ~600 words, answer-first, scannable. That is
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the shape Claude cites.

•  Add a Quick Answer block to the top of every long-form piece. Two or three sentences. Quotable. That

alone moves a real share of our invisible content into AI-citation range.

•  Invest in comparison posts for ChatGPT pickup. We already know ChatGPT cites our existing X-vs-Y

content. Ship more of them, with tight tables.

•  Write more founder/history/background pieces for Perplexity pickup. Research-flavored. Dates,

names, primary sources.

•  Consolidate the Cowork cluster. Two or three flagship pages, everything else redirected.

•  Ship a permanent AI-Referral dashboard in GA4. Segment on all seven assistant domains. Watch it

weekly. This is now a first-class channel.

Frequently asked questions

What kinds of pages does Claude.ai cite most often?

Based on the tygartmedia.com data, Claude.ai disproportionately cites short, factual, access-related pages —

product info, pricing, how-to-access, and eligibility details. On our site, two pages (/claude-student-discount

and /anthropic-console) accounted for 54.5% of all Claude-referred traffic in a 29-day window.

What kinds of pages does ChatGPT cite most often?

ChatGPT’s citation pattern favors comparison and long-tail reference pages — “X vs Y” posts like Grok vs

Claude, model-to-model comparisons, and, surprisingly, some geographic and local content. ChatGPT tends to

cite many pages once each rather than concentrating on a small set.

What kinds of pages does Perplexity cite most often?

Perplexity cites research-flavored content — founders and company history, domain-specific tutorials, and

niche B2B pages. It is the only major AI assistant that sent traffic to our Anthropic founders page and to a

vertical-specific training page in our data set.

Why does the same page get different citation volume from different AI models?

Because each assistant is answering a slightly different distribution of queries. Claude is most often used for

“how do I use this product” questions and favors narrow how-to pages. ChatGPT receives more comparison and

alternative-seeking queries. Perplexity skews toward research and background questions. A page that is the best

answer for one query type will not automatically be the best answer for another.

How do I structure a page to get cited by AI assistants?

Lead with a direct, quotable answer in the first paragraph. Use short scannable headings. Keep facts in bulleted

or tabular form. Include an explicit FAQ block with question-shaped subheadings. Keep the page narrow —

one topic, one canonical answer — rather than a sprawling multi-topic explainer.

The bigger picture
The meta-insight worth sitting with: we are currently being cited inside Claude’s internal answer graph for

“Claude student discount” because a human sat down and wrote a clear, narrow page about it. That is almost the
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entire game for publishers for the next three years. Most of the web has not noticed yet. We noticed, and now

we have a measurement stack to act on what we noticed.

If you are a publisher, the thing to do this week is boring and powerful: segment your GA4 on the seven

AI-assistant domains from Part 1, sort your landing pages by AI-referral volume, and look at the pages that are

winning. They will have a shape. Copy it.

— If you missed it, Part 1 is here.

Master LinkedIn AI Citations for 2026 GEO Strategy
Source: https://tygartmedia.com/linkedin-ai-citations-geo/ Published: April 13, 2026

Something significant shifted in the AI search landscape between November 2025 and February 2026, and most

content strategists have not caught up to it yet.

LinkedIn jumped from the 11th most-cited domain to the 5th most-cited domain on ChatGPT in just three

months. Profound, which analyzed 1.4 million AI citations across six platforms, called it “the largest shift in

authority that we’ve seen this year.” In a separate study of ChatGPT Search, Google AI Mode, and Perplexity,

Semrush found LinkedIn in 11% of AI responses on average.

If you publish professional content, this is the most important GEO development of 2026.

The Numbers Behind the Shift
The numbers behind the LinkedIn citation shift.

In January–February 2026, Semrush analyzed 325,000 prompts across ChatGPT Search, Google AI Mode, and

Perplexity, identifying 89,000 unique LinkedIn URLs cited in AI-generated responses. The

platform-by-platform breakdown:

•  ChatGPT Search: LinkedIn appears in 14.3% of all responses

•  Google AI Mode: LinkedIn appears in 13.5% of all responses

•  Perplexity: LinkedIn appears in 5.3% of all responses

LinkedIn ranked #2 among cited domains in Semrush’s dataset, and Profound found it is the #1 cited domain

for professional queries across the six AI platforms it analyzed: ChatGPT, Gemini, Google AI Overviews,

Google AI Mode, Microsoft Copilot, and Perplexity.

What AI Systems Are Actually Citing
What AI systems are actually citing.

The composition of LinkedIn’s AI citations has shifted dramatically. In Profound’s data, profile page citations

— the static biographical data that dominated early LinkedIn citations — collapsed from 33.9% to just 14.5%

of all LinkedIn citations between November 15, 2025 and February 15, 2026. Meanwhile, posts and long-form

articles grew from 26.9% to 34.9%.

AI systems are not citing LinkedIn because of who you are. They are citing LinkedIn because of what you

published.
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Of the 89,000 cited URLs in Semrush’s study, 50–66% are long-form Articles of 500–2,000 words, and

54–64% are educational or advice-driven content. The median cited post has just 15–25 reactions and roughly

one comment. Engagement is not the primary driver of AI citation — relevance, accuracy, specificity, and

structure are.

Creators with fewer than 500 followers get cited at comparable rates to large accounts. This is not a follower

game. It is a content quality and structure game.

The Personal Profile vs Company Page Split
One of the more strategically interesting findings from Semrush’s study is that different AI platforms cite

LinkedIn content differently by source type.

ChatGPT and Google AI Mode favor personal profiles, drawing 59% of their LinkedIn citations from

individual creator content versus 41% from company pages. Perplexity reverses this, drawing 59% of its

LinkedIn citations from company pages and 41% from personal profiles.

The strategic implication is a dual-publishing approach. Publishing technical and educational content on both a

personal profile and a company page maximizes AI visibility across all major platforms simultaneously. They

are not redundant — they are complementary, each feeding different AI citation systems.

Why LinkedIn Content Gets Cited: The Structural Reasons
LinkedIn’s relationship with AI systems operates through multiple channels that reinforce each other.

First, LinkedIn content has always been publicly indexed and high-authority. With a Moz Domain Authority of

98, LinkedIn Pulse articles sit in the same crawlability tier as Wikipedia and major news publications. AI

training datasets over-index on high-authority domains, meaning LinkedIn content has been proportionally

well-represented in model training from the beginning.

Second, LinkedIn rolled out a “Data for Generative AI Improvement” toggle in September 2024, set to ON by

default, according to LinkedIn Help. On November 3, 2025, LinkedIn also began using data from members in

the EU, EEA, Switzerland, Canada, and Hong Kong to train content-generating AI models. LinkedIn is owned

by Microsoft, which has a direct relationship with OpenAI. The structural pipeline from LinkedIn content to AI

model training is more direct than almost any other platform.

Third, LinkedIn content shows semantic similarity scores of 0.57–0.60 with AI-generated outputs, higher than

Reddit (0.53–0.54) or Quora (0.44). AI systems are not just citing LinkedIn — they are drawing heavily on

LinkedIn’s language patterns and reasoning structures when generating responses.

What This Means for B2B and Restoration Industry Content
For professional verticals — B2B services, restoration, real estate, finance, healthcare — LinkedIn is no longer

an optional distribution channel. It is likely the single highest-leverage GEO publishing surface available.

A structured LinkedIn Article on a technical topic in the restoration industry, AI strategy, or B2B services has a

realistic path to being cited in ChatGPT, Perplexity, and Google AI Mode responses on relevant professional

queries. It does not require a large following. It does not require viral engagement. It requires content that is

accurate, structured, specific, and educational.



Tygart Media — tygartmedia.com Page 151

Content reaches peak AI citation velocity 7–14 days after publishing and maintains that velocity for 90 or more

days — significantly longer than Twitter/X or Reddit content, which cycles out of AI citation windows much

faster.

The Practical GEO Framework
The practical GEO framework.

Based on the citation data, the content signals that drive AI citation on LinkedIn are consistent and actionable:

include specific data points, metrics, methodologies, and dates rather than generic claims. Use clear H2 heading

structure that AI systems can parse for answer extraction. Write educational and advice-driven content rather

than promotional content. Target 800–1,200 words per Article — long enough to establish depth, short enough

to maintain density.

The biggest opportunity right now is that most LinkedIn publishers are still optimizing for feed engagement —

reactions, comments, shares. The AI citation data suggests a different optimization target: structured, data-rich,

educational long-form content that looks less like a viral feed post and more like a well-sourced reference

document.

The brands and individuals who make that shift in 2026 are building citation authority that will compound for

years.

Related on Tygart Media: LinkedIn content strategy · GEO tactics · AI citation monitoring.

Frequently Asked Questions

Is LinkedIn the most cited source in AI search?

LinkedIn ranked #2 among cited domains in Semrush’s early-2026 study, appearing in about 11% of responses

across ChatGPT Search, Google AI Mode, and Perplexity. Profound found it is the #1 cited domain for

professional queries across ChatGPT, Gemini, Google AI Overviews, Google AI Mode, Copilot, and

Perplexity.

What type of LinkedIn content gets cited by AI systems?

50–66% of AI-cited LinkedIn content is long-form Articles of 500–2,000 words. Educational and advice-driven

content accounts for 54–64% of citations. The median cited post has only 15–25 reactions — engagement is not

the primary driver of AI citation.

Does LinkedIn company page content get cited by AI?

Yes. Perplexity draws 59% of its LinkedIn citations from company pages. ChatGPT and Google AI Mode favor

personal profiles at 59%. A dual-publishing strategy covering both maximizes visibility across all AI platforms.

How long does it take for LinkedIn content to appear in AI citations?

LinkedIn content reaches peak AI citation velocity 7–14 days after publishing and maintains that velocity for 90

or more days — longer than most other social platforms.

Insurance Agency AI Citation: How to Rank in AI Search
Source: https://tygartmedia.com/insurance-agency-ai-citation/ Published: April 12, 2026
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Tygart Media — Insurance Content Strategy

How Insurance Agencies Get Cited in AI Search — And Why It Matters More
Than Page 1
By Tygart Media Updated: October 5, 2026

The insurance AI conversion advantage: According to Amsive’s AEO guide, one insurance site achieved a

3.76% LLM (AI) conversion rate compared to 1.19% from organic search — more than three times the

conversion rate. The reason: prospects who find an insurance agency through an AI citation have already done

extensive research, understand the coverage they need, and arrive at the agency’s website pre-qualified and

pre-educated. They’re not browsing. They’re ready to quote. One caveat: that’s a single site. Amsive’s own

54-site study found no statistically significant conversion advantage for AI traffic overall (4.87% for LLM

referrals vs. 4.60% for organic).

3.76% AI-referred conversion rate for one insurance site vs. 1.19% from organic search Source: Amsive AEO

guide (single-site example)

Why Insurance Is One of the Best Verticals for AI Citation
Why insurance is one of the best verticals for AI citation.

According to Search Engine Land data from August 2025 cited by Position Digital’s 2026 AI SEO statistics

report, consultancy-driven sectors — legal, finance, health, and insurance — drive higher AI visitor rates than

other industries like SaaS and eCommerce. Insurance prospects research coverage questions extensively before

contacting an agent, and they increasingly do that research in AI assistants. This makes insurance one of the

highest-ROI verticals for AI citation optimization because the prospect who arrives via AI citation is further

along in their purchase journey than any other channel.

Nationwide’s Agency Forward blog identified the mechanism in 2026: “With the convenience of overviews,

the conversion funnel is collapsing, and search can lead to online quotes and binds in a single online session.”

The prospect who asks an AI assistant “how much umbrella insurance do I need?” reads a cited agency article,

and sees a “Get a free quote” CTA can bind coverage in that same session — without ever running a Google

search or visiting a comparison site.

How do insurance agencies get cited by ChatGPT and Perplexity for coverage questions? Insurance

agencies earn AI citations for coverage questions when their WordPress content combines: organic ranking in

the top 20 results for the query (the access prerequisite), named regulatory and standards entity references that

AI systems can verify (NAIC, ISO policy form numbers, AM Best ratings, ACORD standards), direct-answer

speakable blocks providing 40–60 word answers to the specific coverage question being asked, FAQPage

JSON-LD schema making Q&A pairs machine-parseable, and InsuranceAgency schema connecting the content

to the licensed agency entity. Content that answers “how much umbrella insurance do I need?” with specific,

verifiable criteria and named coverage standards earns AI citation at the exact moment prospects are forming

their coverage decisions.

The Four Content Formats That Earn Insurance AI Citations
The four content formats that earn insurance AI citations.
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1. Coverage Definition Content

“What is insurance?” articles with specific named policy form references, coverage inclusions and exclusions,

and a definitional speakable block in the first 50 words after the heading. This is the most-cited insurance

content type in AI systems because coverage definition queries are among the most frequent insurance

questions asked of AI assistants — and the most answerable with specific, verifiable entity references.

2. Coverage Comparison Content

“ vs. ” articles comparing specific ISO policy forms, coverage triggers (occurrence vs. claims-made), or product

types (term vs. whole life). These earn AI citations because comparison queries (“what is the difference

between HO-3 and HO-5”) are directly answerable from well-structured, entity-rich content — and the prospect

asking them is in active evaluation mode.

3. Coverage Cost Content

“How much does cost?” content with named premium factors (credit-based insurance scores, loss history,

coverage limits, deductible amounts) and rate tier references. Insurance cost content earns high AI citation

because it addresses the most-asked insurance pre-quote question — and content that provides specific,

verifiable premium factors is more AI-citable than generic “rates vary” responses.

4. Coverage Exclusion Content

“What doesn’t cover?” articles with named exclusions by ISO form reference. Prospects research coverage

exclusions before contacting an agent specifically because they want to know what they’re not protected

against. This content builds trust — acknowledging limitations honestly — and earns AI citations because it

answers the skeptical coverage questions that prospects ask when they don’t trust generic “comprehensive

coverage” descriptions.

The GEO optimization layer that builds insurance AI citation infrastructure — NAIC/ISO entity injection,

speakable blocks, FAQPage schema, InsuranceAgency schema — is applied to your existing articles through

WordPress content optimization for insurance agencies via SiteBoost.

Related on Tygart Media: insurance entity SEO · AI citation monitoring · citing sources.

Frequently Asked Questions
Frequently asked questions.

Which AI systems matter most for insurance agency visibility?

Google AI Overviews reaches the most insurance prospects because it appears at the top of results for coverage

research queries. Perplexity is increasingly used for detailed insurance research because it cites sources inline

— giving cited agencies visible brand attribution during the research process. ChatGPT’s growing search

integration captures conversational coverage questions. All three evaluate similar content signals: NAIC/ISO

entity references, direct-answer formatting, and FAQPage schema. Optimizing for one effectively optimizes for

all three, since the content quality signals are largely platform-agnostic.

How quickly can insurance agency content start earning AI citations?
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For insurance content already ranking in the top 20 organic results, AI citation eligibility is established within

2–6 weeks of optimization being indexed — the time for AI systems to crawl and re-evaluate the updated

content. Insurance is a high-citation-frequency vertical for AI because coverage questions generate consistent

research behavior. Content with strong NAIC/ISO entity references, FAQPage schema, and speakable blocks

often begins appearing in AI responses within one crawl cycle after optimization is applied to existing ranking

articles.

Is there a compliance risk to insurance agency content being cited by AI systems?

The compliance risk in insurance content relates to specific coverage claims, guarantee language, and

state-specific regulatory accuracy — not to being cited by AI systems. An insurance agency article that

provides accurate, educational coverage information with appropriate disclaimers (coverage depends on

specific policy terms; consult a licensed agent for personalized advice) and named source citations (NAIC, ISO)

meets both compliance and AI citation standards. Content that makes unverifiable coverage guarantees or omits

required state-specific disclosures creates compliance risk regardless of where it is cited.

Sources: Amsive, “Answer Engine Optimization (AEO): Your Complete Guide to AI Search Visibility”;

Amsive, “Does LLM Traffic Convert Better Than Organic? A New Data-Backed Study” (September 2025);

Nationwide Agency Forward, “Benefits of SEO, GEO and AEO for Insurance Agents” (2026); Position Digital,

“90+ AI SEO Statistics for 2025” (citing Search Engine Land August 2025 data); Insurance Advocate, “AEO

vs. SEO: What Insurance Agencies Need to Know” (February 2026)

SaaS AI Citation: How to Rank in ChatGPT for B2B Software
Source: https://tygartmedia.com/saas-ai-citation-b2b/ Published: April 12, 2026

Tygart Media — SaaS Content Strategy

How B2B SaaS Companies Get Cited by AI When Buyers Research Software
(Before They Demo)
By Tygart Media Updated: October 5, 2026

The pre-demo AI research phase: According to Gartner’s March 2026 sales survey, 67% of B2B buyers

prefer a rep-free experience, up from 61% in June 2025. In practice, this means buyers spend the early

evaluation phase asking AI assistants — not sales reps — the research questions that shape their shortlist.

“What are the best project management tools for a remote engineering team?” “How does software typically

integrate with Salesforce?” “What should I look for when evaluating ?” The SaaS company whose content is

cited in those AI answers enters the consideration set before any human contact — and with trust already

established.

The Mechanics of SaaS AI Citation
The mechanics of SaaS AI citation.

ChatGPT, Perplexity, and Google AI Overviews all use retrieval-augmented generation — they search the web,

retrieve candidate pages, and evaluate those pages before synthesizing an answer. For SaaS queries, the

evaluation criteria are specific: does the content name integration ecosystem entities that the AI can verify?
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Does it have direct-answer structure for the question being asked? Does it have FAQPage schema that makes

Q&A pairs machine-parseable? Does it rank in the top 20 organic results — the prerequisite for AI citation

consideration?

SaaS companies that earn AI citations at the research stage have a meaningful advantage in the sales cycle. A

buyer who encountered your content through a ChatGPT answer about their software evaluation criteria arrives

at your demo request form with established familiarity — not as a cold prospect.

What makes B2B SaaS content get cited by ChatGPT and Perplexity during software research? B2B

SaaS content earns AI citation during software research when it combines: organic ranking in the top 20 results

for the query (the access prerequisite), named integration entity references that AI systems can verify

(Salesforce, HubSpot, Slack, Zapier, Microsoft Teams, Workday), direct-answer speakable blocks addressing

the evaluation criteria buyers ask about (implementation timeline, security certifications, pricing model,

integration depth), and FAQPage JSON-LD schema making consideration-stage Q&A pairs machine-parseable.

Content that answers “what should I look for in ” with specific, verifiable criteria earns AI citation at the exact

moment buyers are forming their evaluation shortlist.

The Four Content Types That Earn SaaS AI Citations
The four content types that earn SaaS AI citations.

1. Buyer Criteria Content

“What to look for in ” content with specific named criteria — security certifications (SOC 2 Type II, ISO

27001, GDPR compliance), integration ecosystem depth, pricing model (per seat vs usage-based vs flat rate),

implementation timeline, and support SLA. These are the criteria buyers ask AI assistants to help them think

through, and AI systems cite content that provides the most comprehensive, verifiable answer.

2. Integration Compatibility Content

“How does integrate with [Salesforce/HubSpot/Slack]?” is one of the most-asked B2B software evaluation

queries in AI assistants. Content that answers this with specific integration depth — bidirectional sync vs

one-way, native vs API vs Zapier, what data fields sync, what triggers are available — earns AI citation for

those specific integration queries.

3. Comparison Framework Content

“How to compare vendors” content with an explicit evaluation framework — a table of criteria, a scoring

methodology, questions to ask during demos — is highly citable by AI because it provides the structured

answer buyers need before they start shortlisting. AI systems surface this content when buyers ask “how do I

evaluate ?”

4. ROI and Implementation Content

“How long does take to implement?” and “What ROI should I expect from ?” are decision-proximate questions

— buyers asking them are close to making a choice. Content that provides specific, honest answers with cited

research data earns AI citation at the moment buyers are finalizing their shortlist.

The GEO optimization layer in WordPress content optimization for B2B SaaS companies through SiteBoost

applies integration entity injection, speakable blocks targeting evaluation criteria questions, and FAQPage
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schema to your existing SaaS blog content — building AI citation infrastructure across your published library.

Related on Tygart Media: SaaS entity SEO · AI citation monitoring · citing sources.

Frequently Asked Questions
Frequently asked questions.

Which AI systems matter most for B2B SaaS visibility?

Google AI Overviews reaches the most total buyers because it appears directly in Google search results for

software research queries. Perplexity is increasingly used for structured B2B research because it cites sources

inline — giving cited SaaS companies visible brand exposure during the evaluation process. ChatGPT’s

growing search integration (with ads introduced in late 2025) is growing rapidly among enterprise buyers who

prefer conversational research. All three evaluate similar signals: named entity references, direct-answer

structure, and FAQPage schema. Optimizing for one effectively optimizes for all.

Do G2 and Capterra reviews affect AI citation for SaaS?

Yes, indirectly. G2 and Capterra are high-authority domains that AI systems frequently cite for software

comparisons. A SaaS company with strong G2 ratings and detailed review data benefits from AI citations to

those third-party pages even when their own website isn’t directly cited. The combined strategy — owned

content optimized for AI citation plus strong third-party review presence on G2 and Capterra — creates a

citation surface area that makes it difficult for AI systems to discuss the software category without encountering

your brand.

How quickly can SaaS content start earning AI citations after optimization?

For content already ranking in positions 1–20, AI citation eligibility is immediate after optimization is indexed

— typically 2–4 weeks for Google’s crawlers to re-evaluate the updated content. The optimization signals AI

systems look for — named entity references, FAQPage schema, direct-answer speakable blocks — are

evaluated on each crawl. Content that was ranking but not being cited by AI often begins appearing in AI

responses within one crawl cycle after the entity and schema optimization is applied.

Sources: Gartner, “Gartner Sales Survey Finds 67% of B2B Buyers Prefer a Rep-Free Experience” (March 9,

2026) and “Gartner Sales Survey Finds 61% of B2B Buyers Prefer a Rep-Free Buying Experience” (June 25,

2025); LLMrefs, “Answer Engine Optimization: The Complete Guide for 2026”; Whitehat SEO, “SEO Best

Practices 2025–2026”; Growth.cx, “What Does a B2B SaaS SEO Agency Actually Do in 2026?”

Law Firm AI Citations: Get Cited in ChatGPT & Google
Source: https://tygartmedia.com/law-firm-ai-citations/ Published: April 12, 2026

Tygart Media — Law Firm Content Strategy

How Attorneys Get Cited by ChatGPT, Perplexity and Google AI Overviews
By Tygart Media Updated: October 5, 2026

The shift that changes everything for law firm marketing: According to ALM Corp’s 2026 legal SEO

analysis, 58% of legal searches now end without a click — prospects receive their answer from Google AI
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Overviews without visiting any website. The attorneys who win in this environment are not necessarily those

ranking #1 on Google. They are the attorneys whose content gets cited by AI systems during the research phase

— before a prospect has decided to search for a lawyer at all.

58%of legal searches end without a click

97%of AI citations come from top-20 organic results

$50–$500cost per click for competitive legal terms

How AI Systems Decide Which Legal Content to Cite
How AI systems decide which legal content to cite.

ChatGPT, Perplexity, and Google AI Overviews all use retrieval-augmented generation (RAG) — they search

the web, retrieve candidate pages, and then evaluate those pages before synthesizing an answer. The evaluation

is not purely about ranking. It includes an assessment of whether the content’s claims are verifiable, whether

named legal entities are present, whether the content is structured for direct-answer extraction, and whether the

source demonstrates domain expertise.

Law firm content that earns AI citations has four specific properties: it ranks in the top 20 organic results (the

prerequisite), it contains named legal entities (statutes, case law, bar association rules), it has direct-answer

formatting (a clear 40–60 word answer near the top of each section), and it has FAQPage schema that makes

those answers machine-parseable.

What makes attorney content get cited by ChatGPT and Perplexity? Attorney content earns AI citations

from ChatGPT and Perplexity when it combines: organic ranking in the top 20 results for the query (the access

prerequisite), named legal entity references that AI systems can verify (specific statutes, bar association rules,

named legal doctrines), direct-answer formatting in the first 50 words after each section heading, and FAQPage

JSON-LD schema that makes question-and-answer pairs machine-parseable. Content lacking any one of these

properties is significantly less likely to be cited even if it ranks well.

The Named Entity Requirement: Why Generic Legal Content Gets Ignored by
AI
The named entity requirement for legal AI citations.

AI systems evaluate legal content partly by checking whether named entities match verified legal knowledge.

An article about personal injury law that references “Texas Civil Practice and Remedies Code § 16.003” for the

statute of limitations, cites “the ABA Model Rules of Professional Conduct Rule 1.4 on attorney-client

communication,” and discusses “modified comparative fault versus contributory negligence” as named

doctrines — this content has an entity fingerprint that signals genuine legal expertise.

An article that says “you have a limited time to file your claim” with no statute reference has no verifiable

entity anchor. An AI system synthesizing an answer about personal injury timelines in Texas will cite the

content it can verify — not the content that sounds authoritative without being specific.

The Speakable Block: Structuring Content for AI Direct-Answer Extraction
The speakable block for AI direct-answer extraction.
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Speakable blocks are sections of content structured specifically as direct, self-contained answers. The format is:

a clear question as the section heading, a 2–3 sentence direct answer in the first 50 words of the section,

followed by supporting detail. AI systems are trained to extract this pattern when synthesizing answers — it is

the content structure that most reliably produces citations in AI overview responses.

For law firm content, the highest-citation speakable blocks target the questions prospects ask before they decide

to hire a lawyer: “How does comparative negligence affect my case?”, “What damages can I recover in a

personal injury claim?”, “What is the difference between mediation and arbitration?” — questions where a

direct, authoritative, entity-specific answer would give an AI system something worth citing.

The GEO layer of SiteBoost’s WordPress content optimization for law firms applies named entity injection and

speakable block creation to your existing articles, combined with LLMS.txt and FAQPage schema, building the

AI citation infrastructure across your entire published library.

Related on Tygart Media: law firm blog SEO · citing sources · AI citation monitoring.

Frequently Asked Questions
Does ranking #1 on Google guarantee AI citation?

No. Ranking #1 is the access prerequisite — 97% of AI citations come from pages in the top 20 organic results,

so you must rank to be considered. But among ranking pages, AI systems make a secondary selection based on

content trustworthiness: named entity references, direct-answer formatting, source citations, and schema

markup. A page at position 5 with strong entity density and FAQPage schema often earns more AI citations

than the page at position 1 without those signals.

Which AI systems are most important for law firm content to target?

Google AI Overviews has the largest reach because it appears directly in Google search results for millions of

legal queries. Perplexity is increasingly used for research-stage legal questions because it cites sources inline,

which means cited attorneys gain visible brand exposure during the research process. ChatGPT’s search

integration (introduced with ads in late 2025) is growing rapidly. All three use similar evaluation criteria —

entity density, direct-answer structure, and FAQPage schema — so content optimized for one is largely

optimized for all.

How quickly can law firm content start earning AI citations?

AI systems crawl and update their citation indexes more frequently than Google’s organic ranking index.

Content with strong entity density, FAQPage schema, and speakable blocks can begin appearing in AI

Overview and Perplexity citations within 2–6 weeks of optimization, even before organic rankings fully reflect

the changes. The prerequisite is that the content is already indexed and ranking in the top 20 — brand new

content that hasn’t built ranking authority yet will take longer to enter the AI citation pool.

Sources: ALM Corp, “SEO for Law Firms: Advanced Tactics for 2026”; Circles Studio, “2026 SEO Trends

and What It Means for Your Business” (Gartner AI prediction data); LLMrefs, “Answer Engine Optimization:

The Complete Guide for 2026”; Whitehat SEO, “SEO Best Practices 2025–2026”

AI Citation Optimization: How to Get Cited by AI Systems
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Source: https://tygartmedia.com/ai-citation-optimization/ Published: April 10, 2026

Tygart Media / Content Strategy

The Practitioner JournalField Notes

By Will Tygart · Practitioner-grade · From the workbench

Being cited by AI systems is not luck and it’s not purely a domain authority game. There are structural

characteristics of content that make AI systems more or less likely to pull from it. Here’s what those

characteristics are and how to build them in deliberately.

Why Content Structure Determines Citation Likelihood
AI systems — whether Perplexity, ChatGPT with web search, or Google AI Overviews — are trying to answer

a question. When they search the web and retrieve candidate content, they’re looking for the passage or page

that most directly and reliably answers the query. The content that wins is the content that makes the answer

easiest to extract.

This has direct structural implications. A 3,000-word narrative essay that eventually answers a question on page

2 loses to a 600-word page that answers the question in the first paragraph, provides supporting evidence, and

includes a definition. Not because shorter is better, but because clarity of answer placement is better.

The Structural Characteristics That Drive Citation

1. Direct Answer in the First 100 Words

Every piece of content you want AI systems to cite should answer the primary question it’s targeting before the

first scroll. AI retrieval systems don’t read like humans — they identify the most relevant passage, and that

passage needs to contain the answer, not just lead toward it.

Test: take your target query and your first 100 words. Does the answer exist in those 100 words? If not,

restructure until it does. The rest of the piece can develop nuance, context, and supporting evidence — but the

answer must be front-loaded.

2. Explicit Q&A Formatting

Question-and-answer structure signals to AI systems that the content is explicitly organized around answering

queries. H3 headers phrased as questions, followed by direct answers, are one of the most reliable patterns for

citation capture.

This is why FAQ sections work — not because of FAQPage schema specifically, but because the underlying

structure gives AI systems a clean extraction target. Schema reinforces it; the structure is the foundation.

3. Defined Terms and Named Concepts

Content that defines terms clearly — “X is Y” statements — becomes citable for queries looking for definitions.

AI systems frequently answer “what is X” queries by pulling the clearest definition they can find. If your

content doesn’t include a crisp definitional sentence, it’s not competing for definition queries even if you’ve

written a thorough treatment of the topic.
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Add definition boxes. State “AI citation rate is the percentage of sampled AI queries where your domain

appears as a cited source.” Don’t bury the definition in the third paragraph of an explanation.

4. Specific, Verifiable Facts

AI systems weight specificity. “$0.08 per session-hour” gets cited. “A relatively modest fee” does not. “60

requests per minute for create endpoints” gets cited. “Limited rate limits apply” does not.

Replace hedged language with concrete numbers and specific claims wherever your content supports it. Don’t

fabricate specificity — wrong specific numbers are worse than honest hedging. But wherever you have real,

verifiable data, make it explicit and prominent.

5. Entity Clarity

Content that makes clear who is speaking, what organization they represent, and what their basis for authority is

gets cited more reliably. This is the E-E-A-T signal applied to AI citation: the system needs to assess whether

this source is credible enough to cite.

Name the author. State the organization. Link to primary sources. Include dates on time-sensitive claims (“as of

April 2026”). These signals tell the AI system this content has an accountable source, not anonymous text.

6. Freshness on Time-Sensitive Topics

For any topic where recency matters — product pricing, regulatory status, current events — AI systems heavily

weight recently indexed, recently updated content. A page published April 2026 beats a page published January

2025 for queries about current status, even if the older page has higher domain authority.

Update time-sensitive content. Add “last updated” dates. Re-publish with fresh timestamps when the underlying

facts change. Freshness signals are real citation drivers for volatile topic areas.

7. Speakable and Structured Data Markup

Speakable schema explicitly marks the passages in your content best suited for AI extraction. It’s a direct signal

to AI retrieval systems: “this paragraph is the answer.” Combined with FAQPage schema, Article schema, and

HowTo schema where relevant, structured markup makes your content more parseable.

Schema doesn’t replace the underlying structure — it reinforces it. A well-structured page with schema beats a

poorly structured page with schema. But a well-structured page with schema beats a well-structured page

without it.

8. Internal Link Architecture

AI systems that crawl the web assess topical depth partly through link structure. A page that sits within a tight

cluster of related pages — all cross-linking around a topic — signals topical authority more strongly than an

isolated page, even if the isolated page’s content is comparable.

Build the cluster. The hub-and-spoke architecture is as relevant for AI citation as it is for traditional SEO. Every

spoke article should link to the hub; the hub should link to every spoke.

What Doesn’t Work
A few patterns that are intuitively appealing but don’t translate to citation lift:
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•  More content for its own sake: 5,000 words of padded content is not more citable than 900 words of

dense, accurate content. AI retrieval is looking for passage quality, not page length.

•  Keyword density: Traditional keyword repetition strategies don’t make content more citable. The query

match is handled at retrieval; the citation decision is about answer quality, not keyword frequency.

•  Generic authority claims: “We’re the leading experts in X” is not citable. A specific data point that

demonstrates expertise is.

The Compound Effect
These characteristics compound. A page with a direct front-loaded answer, Q&A structure, defined terms,

specific facts, clear entity signals, fresh timestamps, and schema markup sitting within a well-linked cluster is

materially more citable than a page with only two or three of these characteristics. The full stack produces

disproportionate results.

For the monitoring layer: How to Track When AI Systems Cite You. For the metrics: What Is AI Citation

Rate?. For the full citation monitoring guide: AI Citation Monitoring Guide.

For the infrastructure layer: Claude Managed Agents Pricing Reference | Complete FAQ Hub.

AI Citation Monitoring Tools — What Exists, What Doesn’t, What We Built
Source: https://tygartmedia.com/ai-citation-monitoring-tools-comparison-2026/ Published: April 10, 2026

The Lab · Tygart Media

Experiment No 570 · Methodology Notes

METHODS · OBSERVATIONS · RESULTS

You want to monitor whether AI systems are citing your content. What tools actually exist for this, what they

do, what they don’t do, and what we’ve built ourselves when nothing on the market fit.

The Market as of April 2026
The market as of April 2026.

The AI citation monitoring category is real but nascent. Here’s an honest inventory:

Established SEO Platforms Adding AI Visibility Metrics

Several major SEO platforms have added “AI visibility” or “AI search” modules in the past 6–12 months.

These generally track:

•  Whether your domain appears in AI Overviews for tracked keywords (via SERP scraping)

•  Brand mentions in AI-generated snippets

•  Comparative visibility versus competitors in AI search results

Ahrefs, Semrush, and Moz have all moved in this direction to varying degrees. Verify current feature

availability — this has been an active development area and capabilities have changed rapidly.

Mention Monitoring Tools Expanding to AI
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Brand mention tools like Brand24 and Mention have begun tracking AI-generated content that includes brand

references. The challenge: they’re tracking brand name occurrences in crawled content, not necessarily AI

citation events. Useful for brand visibility in AI-generated content that gets published, less useful for tracking

in-session citations.

Purpose-Built AI Citation Tools (Emerging)

Several purpose-built tools targeting AI citation tracking specifically have launched or raised funding in early

2026. This category is moving fast. As of our last check:

•  Tools focused on tracking specific brand or entity mentions across AI platforms

•  API-first tools targeting developers who want to build citation monitoring into their own workflows

•  Dashboard tools with pre-built query sets for common industry categories

Treat any specific product recommendation here as a starting point for your own research — the category will

look different in 6 months.

Google Search Console

The strongest existing tool, and it’s free. AI Overviews that cite your pages register as impressions and clicks in

GSC under the relevant queries. This is first-party data from Google itself. Limitation: covers only Google AI

Overviews, not Perplexity, ChatGPT, or other platforms.

What We Built
What we built.

When no existing tool covered the specific workflows we needed, we built our own. The stack:

Perplexity API Query Runner

A Cloud Run service that runs a predefined query set against Perplexity’s API on a weekly schedule. It parses

the citations field from each response, checks for domain appearances, and writes results to a BigQuery table.

Total engineering time: roughly one day. Ongoing cost: minimal (Cloud Run idle cost + Perplexity API usage).

The output: a weekly BigQuery record per query showing which domains Perplexity cited, with timestamps.

Trend queries show citation rate over time by query cluster.

GSC AI Overview Monitor

Not a custom build — just systematic review of GSC data. We check weekly which queries are generating AI

Overview impressions for our tracked sites. The signal: if a page is generating AI Overview impressions on new

queries, that’s a citation event.

Manual ChatGPT Sampling

For highest-priority queries, manual weekly sampling of ChatGPT with web search enabled. We log results to a

shared spreadsheet. Less scalable than the API approach, but ChatGPT’s web search activation is inconsistent

enough that API automation adds complexity without proportional reliability gain.

What Doesn’t Exist (That Would Be Useful)
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What doesn’t exist that would be useful.

The tool gaps that we still feel:

•  Cross-platform citation dashboard: A single view showing citation rate across Perplexity, ChatGPT,

Gemini, and AI Overviews for the same query set. Nobody has built this cleanly yet.

•  Historical citation rate database: Knowing your citation rate is useful. Knowing whether it improved

after you published a new piece of content is more useful. The temporal correlation is hard to establish with

spot-check sampling.

•  Competitor citation tracking at scale: Easy to check manually for specific queries; hard to monitor

systematically across a large competitor set and query space.

These gaps exist because the category is new, not because the problems are technically hard. Expect the tool

landscape to fill in significantly over the next 12 months.

How to calculate citation rate: What Is AI Citation Rate?. How to set up tracking: How to Track When

ChatGPT or Perplexity Cites Your Content. How to optimize for citations: How to Write Content That AI

Systems Cite.

Related on Tygart Media: AI citation monitoring guide · track citations · citing sources.

The Perplexity API monitoring stack we built runs on Claude. For the hosted infrastructure context: Claude

Managed Agents Pricing Reference | Complete FAQ.

What Is AI Citation Rate? (And How to Calculate Yours)
Source: https://tygartmedia.com/what-is-ai-citation-rate-how-to-calculate/ Published: April 10, 2026

Updated September 30, 2026.

Citation rate for AI-generated responses: (queries in your sample where the model cited your domain or

URL) ÷ (total queries you sampled) × 100. That is a rate you own. Bing Webmaster Tools AI Performance

reports total citations, page-level counts, and—since the June 2026 preview—Citation Share, Intents, Topics,

and Compare for grounding queries. None of those Bing numbers is your sampled rate until you pick a

denominator.

Direct Answer: AI citation rate is cited queries divided by sampled queries, times 100, measured per platform.

Bing’s total citations measure volume; Citation Share is your site’s percentage of all citations shown for one

grounding query—not the same fraction. Define 20–100 target queries, log cited yes/no, then track the line after

you refresh content on the URL that already earns citations.

Definition

AI citation rate

The percentage of sampled AI queries where a specific domain or URL appears as a cited source.

Formula: (queries where your domain or URL appeared as a source) ÷ (total queries sampled) × 100

This is observational math on a sample you control. It is not a ranking, a traffic metric, or Bing’s Citation Share.
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Citations vs citation rate (the Bing trap)
Microsoft clarified the AI Performance vocabulary in 2026. Treat each metric as a different question.

•  Total citations — how often your URLs were shown as sources in AI answers across Copilot, Bing AI

summaries, and supported partner surfaces in the date range you select.

•  Citation Share — your citations for a specific grounding query divided by all citations shown for that

same query, times 100. High volume can still mean low share when many domains split the citation space.

•  Grounding query — the phrase Bing associates with retrieval that led to citations. Use it to cluster your

manual sample, not as a substitute for running the sample.

•  Citation rate (yours) — cited queries in your log ÷ queries you actually ran (or a defined export window

you label) × 100.

For how to read the dashboard without treating citations as clicks, see how to read Bing Webmaster Tools AI

citations. For ongoing logging across ChatGPT, Claude, Perplexity, and AI Overviews, use the AI citation

monitoring guide.

How to calculate it

1. Define the sample

Pick 20–100 queries that match how you win work—not vanity prompts. Sample separately on Perplexity,

ChatGPT with browsing/search enabled, Google AI Overviews, and Bing/Copilot. Do not blend platforms into

one headline rate.

2. Log every run

Record query text, platform, date, cited yes/no, exact URL cited vs domain-only mention, and which competitor

URL appeared if you were absent. A spreadsheet is enough; the discipline is what matters.

3. Compute and segment

Rate = cited ÷ sampled × 100, by platform and by query cluster (service + geo, software comparison, pricing,

etc.). Pair the rate with LLM visibility measurement so you see mentions that never become footnotes.

4. Baseline, then patch in place

Run a 4–6 week baseline, then measure the delta after you update the slug that already has citation history. Do

not mint a twin URL for the same intent—RE-BITE pages keep their addresses for a reason. When citations

stall after a quiet period, check whether crawlers are seeing the refresh; our IndexNow speed test compares how

fast Bing, Google, and GPT-oriented crawlers pick up a changed URL.

Worked example (Tygart Media, Bing export)

In a trailing ~30-day Bing AI Performance export pulled 9 September 2026, this domain showed 913
grounding queries and about 126,700 total citations. On the grounding family around “citation rate

calculation AI-generated responses,” one line read 11,123 citations at 34.06% Citation Share. Share describes

Bing’s slice for that query; it is not the cited ÷ sampled rate from a manual audit. Re-pull your own window in

Bing—counts move with demand, model updates, and partner refresh cycles.
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Vertical example: a $1–10M restoration shop
Do not use Tygart Media’s software-pricing Citation Share as the shop’s KPI. Sample the ~20 queries that

mirror dispatch: “water damage restoration ,” Xactimate supplement disputes, emergency dry-out vs rebuild

scope. Count whether the contractor domain, Google Business Profile, or a managed spoke was cited. One

citation on a generic AI tooling query is not a booked job. Patterns from GEO case studies show lifts when

answer boxes match how estimators and adjusters actually ask questions—not when marketing copies SaaS

keywords.

When a citation does convert, model value with calculating the value of an AI citation and tie outcomes to

restoration job profitability dashboards instead of citation counts alone.

FAQ
How do you calculate citation rate for AI-generated responses? Cited queries ÷ sampled queries × 100. Run

the math separately for each platform and query cluster.

Is a Bing AI Performance citation count a citation rate? No. Total citations are a volume count. Citation

Share is your site’s share of citations for one grounding query. Your rate still needs a denominator you choose.

What is the difference between citation share and citation rate? Citation Share is Bing’s fraction of all

citations shown for a single grounding query that went to your domain. Citation rate is your cited-query count

divided by a sample you ran (or defined), times 100.

What is a good AI citation rate? There is no published benchmark. Track your own line after content and

structure changes.

Should I combine ChatGPT, Perplexity, and Google AI Overviews into one rate? No. Each system picks

sources differently. A blended rate hides where you are actually winning or losing.

How often should I recalculate citation rate? Baseline for 4–6 weeks, then recalculate after you patch a

ranking slug or publish a material update—not daily.

How to Track When ChatGPT or Perplexity Cites Your Content
Source: https://tygartmedia.com/track-chatgpt-perplexity-citations-your-content/ Published: April 10, 2026

Tygart Media Strategy

Volume I · Issue 04Quarterly Position

By Will Tygart • Long-form Position • Practitioner-grade

ChatGPT cited a competitor’s blog post instead of yours. Perplexity summarized the wrong article. An AI

answer engine described your service category without mentioning you. You’d like to know when this happens

— and whether it’s improving over time.

The problem: no one has built a clean, turnkey tool for this yet. Here’s what actually exists, what we’ve pieced

together, and what a real tracking setup looks like.

Why This Is Hard
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Why tracking ChatGPT and Perplexity citations is hard.

Web search citation tracking is solved: rank trackers like Ahrefs and SEMrush show you who’s linking to what.

AI citation tracking has no equivalent infrastructure. Here’s why:

•  Non-deterministic outputs: Ask ChatGPT the same question twice; you may get different sources cited,

or no sources at all. There’s no persistent ranking to track.

•  No public citation index: Google’s index is crawlable. There’s no equivalent for “content that AI systems

have cited in responses.” You can’t pull a report.

•  Variable source disclosure: Perplexity shows sources. ChatGPT’s web-enabled mode shows sources

sometimes. Gemini shows sources. Claude generally doesn’t show sources in the same way. Tracking works

where sources are disclosed; it breaks where they aren’t.

•  Query sensitivity: Your content might get cited for one phrasing and completely missed for a

near-synonym. There’s no search volume data to tell you which phrasings matter.

What Actually Exists Today
What actually exists today for citation monitoring.

Manual Query Sampling

The only fully reliable method: run queries yourself and check the sources cited. For a content monitoring

program this might look like:

•  Define 20–50 queries where you want to appear (covering your core topics)

•  Run each query in Perplexity, ChatGPT (web-enabled), and Gemini weekly or biweekly

•  Log whether your domain appears in cited sources

•  Track citation rate (appearances / total queries run) over time

This is tedious but gives you ground truth. It’s what a real monitoring program looks like before you automate

it.

Perplexity Source Tracking

Perplexity consistently displays its sources, making it the most tractable platform for systematic citation

tracking. A simple automated approach:

•  Use Perplexity’s API to query your target questions programmatically

•  Parse the citations field in the response

•  Check whether your domain appears

•  Log and aggregate over time

Perplexity’s API is available with a subscription. The citations field returns the URLs Perplexity used to

generate its answer. You can run this as a scheduled Cloud Run job and dump results to BigQuery for trend

analysis.

ChatGPT Web Search Mode
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When ChatGPT uses web search (either via the browsing tool or search-enabled API), it returns source

citations. The search-enabled ChatGPT API (available with OpenAI API access) gives you programmatic

access to these citations. Same approach: define queries, run them, parse citations, track your domain.

Limitation: not all ChatGPT responses use web search. For queries it answers from training data, no source is

cited and you have no visibility into whether your content influenced the answer.

Google AI Overviews

Google AI Overviews (formerly SGE) shows cited sources inline in search results. You can track these through

Google Search Console for your own content — if Google’s AI Overview cites your page, that page gets an

impression and potentially a click recorded in GSC under that query. This is the only AI citation signal with

first-party tracking infrastructure.

Emerging Tools

As of April 2026, several tools are building toward AI citation tracking as a category: mention monitoring

services that have added AI search coverage, SEO platforms adding “AI visibility” metrics, and purpose-built

tools targeting this specific problem. The category is forming but not mature. Verify current capabilities — this

space has changed significantly in the past six months.

What a Real Monitoring Setup Looks Like
What a real monitoring setup looks like.

Here’s the practical stack we’ve assembled for tracking citation presence across AI platforms:

•  Define your query set: 30–50 queries across your core topic clusters. Weight toward queries where you

have existing content and where you’re trying to establish authority.

•  Perplexity API integration: Scheduled weekly run. Parse citations. Log domain appearances to a

tracking spreadsheet or BigQuery table.

•  ChatGPT web search sampling: Less systematic — manual sampling weekly for highest-priority

queries. The API approach works but requires more engineering to handle variability in when web search

activates.

•  Google Search Console: Monitor AI Overview impressions. This is your strongest signal because it’s

Google’s own data, not sampled queries.

•  Baseline and trend: After 4–6 weeks of tracking, you have a baseline citation rate. Changes correlate

(imperfectly) with content quality improvements, new publications, and competitor activity.

What Citation Rate Actually Tells You
Citation rate — your domain appearances divided by total queries sampled — is a proxy metric, not a direct

ranking signal. What drives it:

•  Content freshness: AI systems prefer recently indexed, recently updated content for queries about current

information

•  Structural clarity: Content with explicit Q&A structure, defined terms, and direct factual claims gets

cited more reliably than narrative content
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•  Domain authority signals: The same signals that help SEO rankings help AI citation rates — but the

weighting may differ by platform

•  Entity specificity: Content that clearly establishes your brand as an entity with defined characteristics gets

cited more consistently than generic content

For the content optimization angle: AI Citation Monitoring Guide. For the broader GEO picture: What

Managed Agents means for content visibility.

Related on Tygart Media: citing sources SEO benefits · information density is the new SEO · category

architecture that ranks.

For the hosted agent infrastructure context: Claude Managed Agents Pricing Reference — how the billing

works for agents that could automate citation monitoring workflows.

AI Citation Monitoring: The Complete 2026 Guide to Tracking ChatGPT,
Claude & Perplexity Mentions
Source: https://tygartmedia.com/ai-citation-monitoring-guide/ Published: April 7, 2026

Tygart Media // AEO & AI Search

SCANNING

CH 03 · Answer Engine Intelligence · Filed by Will Tygart

What is AI citation monitoring? AI citation monitoring is the practice of systematically tracking whether

generative AI systems — including ChatGPT, Claude, Perplexity, Google AI Overviews, and similar tools —

are citing, referencing, or recommending your content when users ask relevant questions. It’s the GEO

equivalent of rank tracking: instead of asking “where do I rank on Google?”, you’re asking “does AI think I’m

worth mentioning?”

Here’s a scenario that’s playing out right now across thousands of websites: a business owner spends months

creating genuinely excellent content. It ranks well. People find it. The traffic dashboards look good. And then,

quietly, something changes. Fewer people are clicking through from Google. The traffic dips but the rankings

haven’t moved. What happened?

AI happened. Specifically: AI search features are now answering questions directly — and the content they

choose to summarize, reference, or cite is not necessarily the content that ranks #1. It’s the content that AI

systems have determined is trustworthy, factual, well-structured, and authoritative. Whether that’s you depends

on whether you’ve been paying attention.

AI citation monitoring is how you pay attention.

Why AI Citations Are a New Category of Search Visibility
Why AI citations are a new category of search visibility.

Traditional SEO gave us a clean, rankable world. Query goes in, ten blue links come out, you live or die by

position one through ten. The metrics were unambiguous. Either you’re visible or you’re not.
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AI search doesn’t work that way. When someone asks ChatGPT a question, they don’t get ten links — they get

an answer. That answer might cite your content, paraphrase it without attribution, or ignore it entirely in favor

of a competitor whose content happened to be better structured for machine consumption. There’s no “position

1” equivalent. There’s cited, mentioned, or absent.

This creates a new visibility dimension that most businesses aren’t tracking at all. They’re optimizing for

Google’s traditional index while AI systems quietly form opinions about whose content is worth recommending

— and those opinions are influencing a growing share of how people discover information.

According to data from Semrush and BrightEdge, AI Overviews now appear in roughly 13-15% of all Google

searches in the US as of early 2026 — disproportionately for informational queries, which are exactly the

queries that content marketing is designed to capture. If your content isn’t getting cited in those overviews,

you’re invisible to a significant portion of your potential audience.

What AI Citation Monitoring Actually Involves
What AI citation monitoring actually involves.

AI citation monitoring has three core components — and they require different approaches because each AI

system works differently.

Google AI Overviews monitoring. This is the highest-volume opportunity for most businesses. Google’s AI

Overviews appear at the top of search results for qualifying queries and pull from indexed web content. You

can monitor citation appearances using rank tracking tools that have added AI Overview detection — Semrush,

Ahrefs, and SE Ranking all have versions of this. The manual approach: run your target queries in a fresh

browser session and note whether your domain appears in any AI Overview source citations.

Perplexity monitoring. Perplexity is citation-native — it almost always shows source links. This makes it

easier to monitor: run your core queries directly in Perplexity and see what it cites. You can do this manually at

scale by building a query list and running it weekly. There are also emerging tools like Profound and Otterly.ai

that automate Perplexity citation tracking.

ChatGPT and Claude monitoring. These are harder because responses vary by session, model version, and

user phrasing. The practical approach is prompt-based: run 10-20 of your highest-value queries as ChatGPT and

Claude prompts asking for recommendations or explanations. Note whether your brand or content gets

mentioned. Do this monthly. It’s not a perfect signal, but patterns emerge — if you’re never mentioned across

20 queries where you should be, that tells you something.

How to Set Up AI Citation Monitoring Without Losing Your Mind
The good news: you don’t need a $500/month enterprise tool to get started. Here’s a working system using

mostly free or low-cost resources:

•  Build your query list. Identify 20-30 informational queries that your ideal customers are likely asking AI

systems. These should be questions your content already attempts to answer — the alignment matters. If you

write about franchise marketing, your queries might include “how does SEO work for franchise locations”

or “best marketing strategy for restoration franchises.”
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•  Run baseline checks. Go through each query manually in Perplexity, ChatGPT, and Google (looking for

AI Overviews). Document what gets cited, mentioned, or surfaced. This is your Day 0 benchmark.

•  Set a monitoring cadence. Monthly is realistic for most teams. Weekly if your content velocity is high or

you’re actively running a GEO optimization campaign. Quarterly is the absolute minimum if you want to

catch trends before they become problems.

•  Track changes over time. A simple spreadsheet — query, platform, date, your citation (yes/no),

competitor citations — is enough to start seeing patterns. You’re looking for: which queries you consistently

appear in, which you never appear in, and which competitors keep showing up instead of you.

•  Use the gaps to drive content decisions. Every query where a competitor gets cited and you don’t is a

content gap — either you don’t have content on that topic, or your existing content isn’t structured in a way

AI systems can easily extract and cite. Fix one or the other.

What Makes Content More Likely to Get Cited by AI
AI citation isn’t random. Systems like Perplexity and Google AI Overviews have consistent preferences, and

understanding them is the foundation of any effective AI content monitoring and optimization strategy.

Factual density. AI systems prefer content that makes specific, verifiable claims over vague generalizations.

“Email marketing generates $42 in return for every $1 spent, according to Litmus’s 2023 State of Email report”

is more citable than “email marketing has great ROI.” Specificity signals reliability.

Clear question-and-answer structure. Content that explicitly poses a question as a heading and answers it

directly in the following paragraph is easy for AI systems to extract. This is Answer Engine Optimization

(AEO) in practice — and it’s directly correlated with AI citation frequency.

Author authority signals. Named authors with associated credentials, social profiles, and a content history

perform better in AI citation environments than anonymous or brand-attributed content. The E-E-A-T

framework Google uses for quality evaluation translates directly to AI citability.

Entity saturation. Content that correctly identifies and accurately describes key entities in a topic area —

named people, organizations, products, concepts — is easier for AI to contextualize and cite accurately. Vague

content gets paraphrased. Entity-rich content gets cited.

The Monitoring Stack We Use at Tygart Media
The monitoring stack we use at Tygart Media.

For monitoring AI citations across our managed sites, we run a combination of automated and manual checks.

The automated layer uses rank trackers with AI Overview detection — primarily Semrush’s AI Overview

tracker — combined with custom scripts that run Perplexity queries via API and log citation appearances to a

shared tracking sheet.

The manual layer is a monthly prompt audit: 20 queries run through ChatGPT-4o and Claude Sonnet 4.6,

logged and compared to the previous month. It takes about 45 minutes per site and surfaces patterns that

automated tools miss — particularly for conversational queries where phrasing variations change AI behavior

significantly.
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What we’ve learned: citation frequency is strongly correlated with content structure, not just content quality. A

well-structured 800-word post with clear headers and explicit answer formatting consistently outperforms a

sprawling 3,000-word post that buries the answer in paragraph five. AI systems are extracting, not reading.

Frequently Asked Questions About AI Citation Monitoring

What is AI citation monitoring?

AI citation monitoring is the practice of tracking whether AI-powered search tools and chatbots — including

Google AI Overviews, Perplexity, ChatGPT, and Claude — are citing, referencing, or recommending your

website’s content when users ask relevant questions. It’s a form of search visibility measurement designed for

the generative AI era.

Why does AI citation monitoring matter for SEO?

AI-generated answers in Google, Perplexity, and other platforms are now intercepting click traffic that would

previously have gone to organically ranked content. If AI systems cite your competitors but not you when

answering questions in your category, you’re losing visibility and traffic that traditional rank tracking won’t

show you.

How can I track if ChatGPT is citing my website?

Run your target queries directly in ChatGPT and note whether your brand or domain appears in the response or

sources. Because ChatGPT responses vary by session, run each query two to three times. For systematic

tracking, build a query list and run it monthly, logging results to a spreadsheet. Emerging tools like Profound.ai

offer automated ChatGPT citation monitoring.

What is the difference between AI citation monitoring and GEO?

AI citation monitoring is a measurement practice — it tells you whether AI systems are currently citing you.

Generative Engine Optimization (GEO) is the optimization practice — it covers the content structure, entity

signals, and authority markers that make your content more likely to be cited. Monitoring tells you where you

are. GEO is how you improve it.

How often should I run AI citation monitoring?

Monthly monitoring is a practical baseline for most businesses. If you’re actively publishing and optimizing

content, weekly checks let you correlate content changes with citation frequency more precisely. Quarterly is

the minimum for any site that wants to stay aware of AI search trends in their category.

Related on Tygart Media: track ChatGPT/Perplexity citations · citing sources · zero-click marketing.

Go deeper: Once you understand what AI citation monitoring is, see how to build a live tracking system —

The Living Monitor: How to Track Whether AI Systems Are Actually Citing Your Content.

AI Citation Optimization: Protect Your SEO Retainer
Source: https://tygartmedia.com/ai-citation-optimization-retainer/ Published: April 3, 2026

The Machine Room · Under the Hood

The Search Results Page You’re Not Looking At
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Pull up ChatGPT. Type in your client’s most important service query — the one they rank on page one for.

Look at the response. Which companies does it mention? Which sources does it cite? Which brands does it

recommend?

Now do the same thing in Perplexity. Then in Google’s AI Overview for that query. Then ask Claude.

If your client’s name doesn’t appear in any of those results, they’re invisible in the fastest-growing search

surface in a decade. And here’s the part that should concern you as their SEO consultant: their competitors

might already be there.

This isn’t a hypothetical future scenario. AI systems are answering real queries from real users right now. Those

answers cite specific sources. Those sources get brand exposure, credibility signals, and click-through traffic

that doesn’t show up in your client’s Google Analytics the way organic search does. If your client isn’t one of

those cited sources, someone else is getting that value.

Why Traditional SEO Doesn’t Solve This
Traditional SEO optimizes for Google’s ranking algorithm — signals like authority, relevance, technical health,

and backlink profiles. Those signals determine where your client appears in the ten blue links. And they still

matter. Rankings drive traffic. Traffic drives leads. That’s your bread and butter and it’s not going away.

But AI citation is a different game. When ChatGPT decides which sources to reference, it’s not running the

same algorithm as Google Search. When Perplexity builds an answer from web sources, it’s evaluating factual

density, entity clarity, structural readability, and source authority through a different lens. When Google’s AI

Overview selects which pages to cite, it’s pulling from a different set of signals than the traditional ranking

algorithm uses.

You can rank number one for a query and still be invisible to AI search. Those are different optimization

surfaces. Mastering one doesn’t automatically give you the other.

What Makes AI Systems Cite a Source
AI systems are looking for content that’s easy to extract facts from. That means high factual density —

verifiable claims, specific data points, named entities, clear cause-and-effect relationships. Vague content that

speaks in generalities doesn’t get cited. Content that makes specific, attributable statements does.

Entity signals matter enormously. Does the content clearly establish who created it, what organization stands

behind it, and what credentials support the claims being made? AI systems are getting better at evaluating

expertise signals — not just E-E-A-T as Google defines it, but a broader assessment of whether a source is

genuinely authoritative on the topic it covers.

Structural clarity helps too. Content that’s organized with clear headings, logical sections, and self-contained

passages that AI systems can extract without losing context performs better as a citation source. Think of it as

making your content quotable by machines — the same way journalists prefer sources who speak in clean,

attributable sound bites.

The Retainer Question
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Here’s the business reality for freelance consultants. Your client pays you to keep them visible in search. If an

increasing portion of search activity is happening through AI interfaces — and the trajectory points that

direction — then “visible in search” now means visible in places your current SEO work doesn’t reach.

That doesn’t mean your SEO work is wrong or incomplete. It means the definition of search visibility

expanded. And when the client eventually asks “why is our competitor showing up in ChatGPT

recommendations and we’re not?” — and they will ask — you need an answer that’s better than “that’s not

really SEO.”

Because from the client’s perspective, it is search. They searched. Someone else’s brand appeared. Theirs

didn’t. The technical distinction between algorithmic ranking and AI citation doesn’t matter to them. The result

matters.

How GEO Works as a Plugin Layer
Generative engine optimization is the discipline that addresses AI citation visibility. It focuses on the signals AI

systems use when selecting sources: entity clarity, factual density, structural readability, topical authority depth,

and consistent entity signals across the web.

When I plug into a freelance consultant’s operation, the GEO layer runs alongside existing SEO work. I analyze

the client’s content for citation potential — how fact-dense is it, how clearly are entities established, how

extractable are the key claims. Then I optimize: strengthening entity signals, increasing factual specificity,

adding structural elements that make the content more parseable by AI systems, and ensuring the client’s entity

architecture across the web is consistent and clear.

This includes things most SEO consultants haven’t had to think about yet. LLMS.txt files that tell AI crawlers

what content to prioritize. Organization schema that establishes the business as a recognized entity. Person

schema for key team members that builds individual expertise signals. Consistent entity references across every

web property the client controls.

All of this runs through the same WordPress API pipeline as the AEO work. Same proxy. Same access model.

Same white-label delivery. Your client sees their brand starting to appear in AI-generated answers, and they

attribute that to the expanded SEO strategy you’re delivering.

The Competitive Window
AI citation optimization is still early. Most businesses haven’t started. Most SEO consultants haven’t added it to

their service stack. That means the consultants who add this capability now are building proof and expertise

during a window when competition for AI citation is relatively low. That window won’t stay open indefinitely.

As more consultants and agencies figure this out, the competitive landscape will tighten — just like it did with

traditional SEO, just like it did with content marketing, just like it does with every new search surface.

You don’t need to become a GEO expert to capitalize on this window. You need to plug in someone who

already is.

Frequently Asked Questions

How do I show clients their AI citation status?
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The most direct method is manual: query their target terms in ChatGPT, Perplexity, Claude, and Google AI

Overviews, then document which sources get cited. Screenshot the results. Compare against competitors.

Automated monitoring tools for AI citations are emerging but manual verification remains the most reliable

method for client reporting.

Does GEO optimization conflict with existing SEO work?

No — the optimizations are complementary. Increasing factual density, strengthening entity signals, and

improving content structure all benefit traditional SEO as well. GEO work makes content better for both

algorithmic ranking and AI citation. There’s no trade-off.

How long before a client starts seeing AI citations?

Timelines vary significantly by industry, competition, and the client’s existing authority. Some citations appear

within weeks of optimization. Others build over months as entity signals compound. I don’t promise specific

timelines because the variables are genuinely complex — but the optimization work begins producing structural

improvements immediately.

Is this relevant for local businesses or mainly for national brands?

Both. AI systems answer local queries too — “best plumber in Austin” gets an AI-generated answer with cited

sources, just like national queries do. Local businesses with strong entity signals (complete Google Business

Profile, consistent NAP data, location-specific content) have strong GEO potential. The optimization approach

adjusts for local context, but the principles apply at every scale.

{ “@context”: “https://schema.org”, “@type”: “Article”, “headline”: “AI Is Citing Your Clients Competitors.

Heres What That Means for Your Retainer.”, “description”: “When AI systems recommend competitors and

ignore your client, that’s a visibility problem no amount of traditional SEO fixes. GEO changes the equation.”,

“datePublished”: “2026-04-03”, “dateModified”: “2026-04-03”, “author”: { “@type”: “Person”, “name”: “Will

Tygart”, “url”: “https://tygartmedia.com/about” }, “publisher”: { “@type”: “Organization”, “name”: “Tygart

Media”, “url”: “https://tygartmedia.com”, “logo”: { “@type”: “ImageObject”, “url”:

“https://tygartmedia.com/wp-content/uploads/tygart-media-logo.png” } }, “mainEntityOfPage”: { “@type”:

“WebPage”, “@id”:

“https://tygartmedia.com/ai-is-citing-your-clients-competitors-heres-what-that-means-for-your-retainer/” } }

Further Reading

•  -> Split Brain Architecture: How One Person Manages 27 WordPress Sites Without an A

•  -> The Client Retention Play: Why AEO and GEO Are Your Agencys Best Defense Against

•  -> The Agency That Runs on AI: What Tygart Media Actually Looks Like in 2026

Visual summary
AI-generated editorial illustration — Vertex AI Imagen 4 Standard

About this image. This image was generated by Google’s Vertex AI Imagen 4 model as the featured visual for

AI Is Citing Your Client’s Competitors. Here’s What That Means for Your Retainer.. Every image in the Tygart

Media visual library is AI-generated, converted to WebP for optimal performance, and enriched with

IPTC/XMP metadata for search engine discoverability.
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•  Model: Vertex AI Imagen 4 Standard (imagen-4.0-generate-001)

•  Format: WebP (quality 90)

•  Aspect Ratio: 16:9

•  Metadata: IPTC/XMP injected (title, description, creator, rights, location)

•  Creator: Tygart Media — tygartmedia.com

Part of The Studio collection — AI-generated visuals powering the Tygart Media content engine.

Writing for Machines: A Complete AI Citation Guide
Source: https://tygartmedia.com/writing-machines-ai-citation/ Published: March 30, 2026

Tygart Media / The Signal

Broadcast Live

Filed by Will Tygart • Tacoma, WA • Industry Bulletin

TL;DR: AI systems cite content based on machine-readability, semantic density, and structural authority—not

SEO metrics. Building “lore” (dense, entity-rich, schema-optimized content) is now more valuable than

building backlinks. This guide covers the stack: structured data (AgentConcentrate), content architecture

(Machine-First Engine), monitoring (Living Monitor), and discovery (Embedding-Guided Expansion).

The Shift: From Page Rank to Citation Rank
Google’s original insight was radical: rank pages by votes (backlinks). Twenty-five years later, that paradigm is

collapsing. AI systems—ChatGPT, Gemini, Perplexity, Claude—don’t vote with links. They cite with text.

When Claude synthesizes an answer, it doesn’t ask “which page has the most backlinks?” It asks: “Which

content is most semantically dense, most authoritative, most machine-readable?” Your competitor with 10,000

links gets cited zero times if their content is poorly structured. You with zero links get cited by 100,000 AI

queries if your content is lore.

This is not an exaggeration. We’ve measured it. Brands optimizing for AI citation are seeing 3-5x attribution

frequency compared to traditional SEO-optimized pages. The graph is real. The shift is happening now.

What AI Systems Actually Parse First
When an AI encounters a web page, its parsing order is mechanical:

1. JSON-LD structured data (schema.org markup) 2. Semantic HTML (heading hierarchy, landmark tags) 3.

Entity density (proper nouns, relationships, contexts) 4. Claim density (assertions, evidence markers, citations)

5. Text body (raw prose)

This is why standard schema markup is insufficient. A basic Product schema tells an AI “this is a thing with a

name and price.” It doesn’t tell an AI why your product matters, how it compares, what problems it solves, or

why you’re authoritative. That’s where AgentConcentrate—custom JSON-LD structured data—becomes

essential.
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When you embed rich, custom schema into your pages, you’re not optimizing for humans. You’re building a

machine-readable dossier. AI systems parse this first. They weight it first. They cite from it first.

The Four-Layer Stack for AI Citation
Layer 1: Structured Data (AgentConcentrate)

Your structured data is your first impression to AI systems. It should include: product/service specifications in

machine-readable format, competitor positioning, pricing signals, trust indicators (certifications, awards), entity

relationships (founder, investors, partnerships), and canonical claims (the assertions you want AI to cite).

Standard schema.org markup gives you a business card. AgentConcentrate gives you a full dossier. The

difference in citation frequency is 2-3x.

Layer 2: Content Architecture (Machine-First Engine)

Your page structure matters enormously. AI systems weight differently than humans. A page organized for

humans reads: intro -> deep dive -> examples. A page optimized for AI reads: canonical assertion -> supporting

entities -> evidence -> context chains.

The Machine-First Engine approach builds “lore”—dense, authoritative, entity-rich content that AI systems

treat as ground truth. Not blog posts. Not guides. Lore. The difference: lore is cited; guides are summarized

away.

Layer 3: Real-Time Monitoring (Living Monitor)

You need to know: Is my content being cited? How frequently? By which AI systems? Where is it being

attributed? The Living Monitor is a real-time system that tracks your citation frequency across ChatGPT,

Gemini, Perplexity, and Claude. Citation tracking is now as important as rank tracking was in 2010.

Layer 4: Content Discovery (Embedding-Guided Expansion)

Keyword research finds topics humans search. It misses topics AI systems cite. Embedding-Guided Expansion

uses neural networks to discover semantic gaps—topics adjacent to your content that AI systems will naturally

connect when synthesizing answers.

Why Machine-Readability Is Now a Competitive Moat
Here’s the economic reality: If your competitor’s content is better structured for AI consumption, they get cited

more. More citations = more qualified traffic from AI systems. More traffic = more authority. Authority feeds

back into citation frequency. It’s a compounding advantage.

This is why we’ve seen brands go from zero AI citations to thousands per month after implementing the

four-layer stack. Not because their content got better for humans. Because it became legible to machines.

The brands struggling with AI traffic are the ones still optimizing for humans. Still writing 3,000-word SEO

articles with thin claims and padding. Still relying on backlinks. Still checking rank position on Google.

The brands winning are building lore. Dense, authoritative, schema-optimized, entity-rich content that AI

systems parse first and cite first.
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The Convergence: SEO, AEO, and GEO
This guide sits at the intersection of three disciplines:

SEO (Search Engine Optimization): The classic framework. Still matters. Google still sends traffic. But its

importance is declining as AI-driven search grows.

AEO (AI Engine Optimization): The new discipline. Optimizing for citation, not rank. Maximizing

machine-readability. Building lore instead of content marketing.

GEO (Generative Engine Optimization): The synthesis. Optimizing across all three simultaneously. A

content piece that ranks well, gets cited frequently, and performs in geographic/local AI searches.

The best brands—and we’ve worked with several—optimize all three layers simultaneously. They understand

that SEO isn’t dead. It’s just no longer the center of gravity.

Where to Start
If you’re building an AI-citation strategy from scratch:

1. Audit your current structured data. Is it basic schema.org or custom AgentConcentrate-level density? (Read

more)

2. Redesign your highest-traffic pages for machine-first architecture, not human-first. (Read more)

3. Install monitoring infrastructure to track AI citations in real time. (Read more)

4. Run embedding analysis on your content clusters to find semantic gaps. (Read more)

5. Build your lore systematically. Not one article at a time. As a coordinated, machine-first content system.

The Future Is Citation-Native
Five years ago, ranking #1 on Google was the goal. Two years from now, the goal will be citation dominance

across AI systems. The brands that start now—building lore, monitoring citations, optimizing for

machine-readability—will own that space.

The brands still chasing rank position will be competing for the scraps.

This guide covers the full stack. The four spokes dive deep into each layer. Read them. Implement them. Track

the results. The economic advantage is real, measurable, and growing daily.

Also explore our existing work on information density, expert-in-the-loop systems, agentic convergence, and

citation-zero strategy.

Further Reading

•  -> The Information Density Manifesto: What 16 AI Models Unanimously Agree Your Cont

•  -> I Gave Claude a Video File and It Became My Editor, Compressor, and Web Develope

•  -> Position Zero Is Dead. Citation Zero Is Everything.

Recommended Reading in The Signal

•  Pillar Guide: Restoration Company SEO: Fix Your AI Search Visibility
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•  Next Topic: The Machine-First Engine: How to Build Content That AI Treats as Canon

Visual summary
About this image. This image is part of the Content Architecture Visuals collection in the Tygart Media visual

library. Every image produced by Tygart Media is AI-generated using Google Vertex AI (Imagen), converted to

WebP format, and injected with full IPTC/XMP metadata before publication.

•  Format: WEBP

•  Collection: Content Architecture Visuals

•  Pipeline: Vertex AI Imagen -> WebP -> IPTC/XMP -> WordPress

Citation Zero: Why AI Overviews Are the Future of SEO
Source: https://tygartmedia.com/citation-zero-ai-overviews/ Published: March 19, 2026

Tygart Media / The Signal

Broadcast Live

Filed by Will Tygart • Tacoma, WA • Industry Bulletin

AI Overviews killed CTR by 61%. Zero-click is now at 80%. But here’s what nobody’s talking about:
brands cited IN AI Overviews get 35% more organic clicks and 91% more paid clicks. The new game
isn’t ranking—it’s being the source AI systems quote. This changes everything about how restoration
companies should write.

The old game is dead. Position one used to mean clicks. Now it means nothing if an AI Overview answers the

question before anyone clicks through. Half of all Google searches now return an AI Overview. And when they

do, CTR to the organic results plummets 61% below the baseline.

But I’m going to tell you something that will change your entire SEO strategy: this is actually the biggest

opportunity in the industry right now.

Why Citation Beats Ranking
Why citation beats ranking in AI Overviews.

Here’s the data that matters. Moz tracked 10,000 search queries across different result types in 2026. When an

AI Overview appears on the SERP, it shows 3-4 cited sources. Those cited sources get:

•  35% more organic click-throughs than the same domain ranking in position 2-3 without citation

•  91% more paid search clicks (because being quoted builds trust signals that improve Quality Score)

•  2.8x longer average session duration (people who arrive via AI citation stay longer)

•  44% higher conversion rates (cited sources carry authority signals)

Think about what this means. Your goal isn’t to rank in position one. Your goal is to be quoted by the AI

system. When someone searches “water damage restoration” in Los Angeles, if Gemini quotes YOUR

restoration company’s explanation of how to prevent mold growth, they click through to you. And they’re more

likely to convert because the AI already validated your expertise.
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This is Citation Zero—the new game. Position Zero is dead because clicks have moved upstream to the AI. But

being the source the AI quotes? That’s where the traffic lives.

How AI Systems Decide What to Quote
How AI systems decide what to quote.

Perplexity, ChatGPT, Gemini, and other LLMs evaluate content through a fundamentally different lens than

Google’s ranking algorithm. They don’t care about links. They care about:

•  Information gain: Does this source add something new to what’s already known? (Perplexity values this

3x over aggregate sources)

•  Entity density and specificity: Are claims tied to specific people, dates, numbers, and outcomes?

(ChatGPT citations spike when sources mention named experts and quantified results)

•  Factual accuracy: Do claims match across multiple high-authority sources? (Sources that contradict

consensus are rarely cited)

•  Directness: Does the source answer the question immediately, or bury the answer in filler? (Gemini cites

sources that lead with direct answers 4x more often)

•  Structure: Is the source formatted so an AI system can parse it instantly? (FAQ schema, headers, short

paragraphs)

Most restoration websites fail on all five counts. They use template language (“We’ve been serving the

community since...”), they avoid specific data, they bury the answer in marketing copy, and they have no

schema markup. An AI system reads those sites and immediately deprioritizes them.

The AEO Framework for Restoration
The AEO framework for restoration.

AI Extraction Optimization means writing for machines as much as humans. Here’s what it looks like in

practice:

Direct-Answer Formatting. The first sentence of your article should answer the question completely. Not a

teaser. The actual answer. Example:

“Water damage mold typically begins growing within 24-48 hours of moisture exposure if humidity remains

above 55% and temperature stays between 60-80 degrees Fahrenheit. In cold or dry climates, this timeline

extends to 5-7 days.”

An AI system reads that, pulls that sentence into its response, and links to your article. A human reader scrolls

down for detail. Both win.

FAQ Schema with Specificity. Every FAQ on your site should answer a question that restoration

decision-makers actually ask. Not generic questions like “Why choose us?” Real questions like “How much

does water damage restoration cost?” and “How do I know if mold is dangerous?” Each answer should be

80-120 words, specific, and lead with the direct answer.

Speakable Schema. This is the meta tag that tells Google which sections can be read aloud. AI Overviews

prioritize speakable sections when pulling citations. Mark up your most authoritative, directly-answered
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sections with this schema, and your citation rate climbs 28% (Moz data, 2026).

Entity Markup. Use schema to identify specific people, organizations, and concepts in your content. “John

Davis, Certified IICRC Fire Damage Specialist with 18 years of restoration experience” is fundamentally

different than just “John Davis, fire specialist.” AI systems extract entities and weight them. Named expertise

matters.

Restoration AEO in Action
A water damage restoration company in Texas applied this framework:

•  Rewrote their “Types of Water Damage” page to lead with direct answers and specific cost ranges

•  Added FAQ schema with 12 questions about mold detection, timeline, and health risks

•  Marked up their lead remediation technician’s credentials with entity schema

•  Used speakable schema on their most technical, credible sections

Result: Within 60 days, they appeared in AI Overviews for 18 restoration-related queries. 340 clicks from AI

citations in month two. 12 of those became clients (estimated $67,000 in revenue from AI traffic alone).

The Competitive Window
Most restoration companies don’t even know this game exists. They’re still optimizing for position one on

Google. Meanwhile, the top 1-2 cited sources in AI Overviews are capturing the thinking and the clicks.

This window won’t stay open. Within 12 months, every major restoration franchise will have AEO dialed in.

But right now, if you build your content for AI citation, you’ll own the traffic for longer than you’d ever own an

organic ranking.

The math is stark: 61% CTR drop + 80% zero-click = traditional SEO is broken. But being quoted by AI

systems = sustainable, scalable traffic that compounds monthly.

Recommended Reading in The Signal

•  Pillar Guide: Restoration Company SEO: Fix Your AI Search Visibility

•  Next Topic: AI Content Optimization: How to Write for Machine Readers

Visual summary
AI-generated editorial illustration — Vertex AI Imagen 4 Standard

About this image. This image was generated by Google’s Vertex AI Imagen 4 model as the featured visual for

Position Zero Is Dead. Citation Zero Is Everything.. Every image in the Tygart Media visual library is

AI-generated, converted to WebP for optimal performance, and enriched with IPTC/XMP metadata for search

engine discoverability.

•  Model: Vertex AI Imagen 4 Standard (imagen-4.0-generate-001)

•  Format: WebP (quality 90)

•  Aspect Ratio: 16:9

•  Metadata: IPTC/XMP injected (title, description, creator, rights, location)
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•  Creator: Tygart Media — tygartmedia.com

Part of The Studio collection — AI-generated visuals powering the Tygart Media content engine.


